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Invariant measure of the
stochastic Allen-Cahn equation: the

regime of small noise and large system size

Felix Otto *  Hendrik Weber! =~ Maria G. Westdickenberg?

Abstract

We study the invariant measure of the one-dimensional stochastic Allen-Cahn equa-
tion for a small noise strength and a large but finite system with so-called Dobrushin
boundary conditions, i.e., inhomogeneous +1 Dirichlet boundary conditions, which
enforce at least one transition layer from —1 to 1. (Our methods can be applied to
other boundary conditions as well.) We are interested in the competition between the
“energy” that should be minimized due to the small noise strength and the “entropy”
that is induced by the large system size.

Specifically, in the context of system sizes that are exponential with respect to
the inverse noise strength—up to the “critical” exponential size predicted by the
heuristics—we study the extremely strained large deviation event of seeing more
than the one transition layer between 41 that is forced by the boundary conditions.
We capture the competition between energy and entropy through upper and lower
bounds on the probability of these unlikely extra transition layers. Our bounds are
sharp on the exponential scale and imply in particular that the probability of having
one and only one transition from —1 to 41 is exponentially close to one. Our second
result then studies the distribution of the transition layer. In particular, we establish
that, on a super-logarithmic scale, the position of the transition layer is approximately
uniformly distributed.

In our arguments we use local large deviation bounds, the strong Markov property,
the symmetry of the potential, and measure-preserving reflections.
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1 Introduction

In this paper we study the unique invariant measure of the stochastically perturbed
Allen-Cahn equation

Owuc(t,x) = Pu(t,x) — V' (uc(t,x)) + V2en(t, x), (1.1)
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Invariant measure on large systems

where u, is a one-dimensional order parameter defined for all non-negative times ¢ € R
and z € (—L,, L.). Here 7 is a formal expression denoting space-time white noise and
V is a symmetric double-well potential. The canonical choice for V is

1 2\2

V(u) = 7(1_u ) )

4
although more general choices are possible (see Assumption 1.1 below). We are inter-
ested in the properties of the invariant measure for large system sizes,

L.> 1.

It is well-known that for € | 0 and fixed system size L, the invariant measure of the
Allen-Cahn equation concentrates on minimizers of the energy

/_LL (;(af,gu)2 + V(u)) de.

This follows from large deviation theory. In fact, even for system sizes L. that grow
with ¢, the same is true. Indeed, in [23] the second author proved this fact for L, ~ ™
for any o < % See also the discussion in Subsection 1.4 about the analysis in [2] of the
layer location for L. = |loge|/4.

Our main goal in the current paper is to study the emergence of competition between
energy and entropy in the setting of large systems. Specifically, we are interested,
on the one hand, in large deviation estimates for the very unlikely event of multiple
transition layers in interval sizes that are exponential with respect to ¢~!. On the other
hand, we are interested in the distribution of the layer location for super-logarithmic
interval sizes. We now sketch the heuristic picture for each question.

The effect of energy on the measure is well-known. The intuition is that the invariant
measure can be viewed as a Gibbs measure with respect to the given energy, i.e., that
it is in some sense proportional to

exp <i /LL (;(amu)Z + V(u)> dx) .

The heuristic picture then says that, because of the potential term in the energy, func-
tions u supported on this measure are most likely to be close to one or the other mini-
mum of V on most of [-L., L.|. On the other hand, because of the gradient term in the
energy, there is an energetic “cost” ¢y for each transition between these two preferred
states. In the setting of inhomogeneous +1 Dirichlet boundary conditions, one transi-
tion layer is forced by the boundary conditions, and the above considerations imply that
having say n + 1 transition layers is exponentially unlikely with weight

On bounded systems, this is the end of the story.

Now let us consider the competing effect of entropy on the measure that emerges
due to the system size. Namely, the probability of finding a transition between the min-
ima of V is increased by the fact that it is possible for the transition to occur anyplace in
the system. Similarly, the combinatorial factor associated to n extra transitions scales
like (L.)™. Hence, the folklore is that the probability of finding » transition layers scales
like

(L)"™ exp (f@) (1.2)
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This heuristic picture is captured (on the exponential level) in our first theorem, Theo-
rem 1.5 below. Notice that if L. is exponentially large, then the entropic factor changes
the exponential factor in the probability of finding n extra transitions. See Remark 1.6
below.

The second issue in which we are interested is the distribution of the transition layer.
From the above discussion, the (exponentially) most likely scenario is that the system
has only one transition layer. Where is the layer most likely to be found? As we discuss
in more detail in Subsection 1.4, the recent work [2] shows that on systems with L. =
|log ¢]/4, the transition layer is localized in a bounded interval around the origin. On the
real line, however, the infinite volume Gibbs measure is translation invariant. Hence,
the localized picture captured in [2] must break down for sufficiently large systems.
Intuitively, one understands that there is again an entropic effect associated with large
systems that gives weight to paths with transition layers located away from the origin.
Our second result, Theorem 1.9, establishes this breakdown of the localization due to
entropy: It shows that on super-logarithmic intervals (up to critical scale), the transition
layer is approximately uniformly distributed.

To obtain our results, we use the simple idea that one can decompose the mea-
sure into conditional measures and the corresponding marginals in order to reduce to
order-one intervals on which one can apply large deviation theory. Along the way, it
is important for us to use measure-preserving reflection arguments that allow us to
transform the underlying Brownian paths. The detailed structure of the (deterministic)
energy functional is also critical in our proofs. There are at least two alternative ap-
proaches that one may consider; we comment more on these alternatives in the context
of our literature discussion in Subsection 1.4.

We will state our results in detail in Subsection 1.2 after first explaining our set-up
and notation.

1.1 Set-up and notation

For the potential V in (1.1), we need a symmetric double-well potential with at least
superlinear growth at infinity. For simplicity, we assume that the two minima of V are
normalized to be at +£1 and that the minimum value of the potential is zero. To be
precise, our assumptions are:

Assumption 1.1. V is a smooth, even potential such that, on (0,00), V satisfies

V(u)>0 and V(u)=0 iff u=1,

V'(u) =0 ifandonlyif u=1,

V(1) > 0,

V(u) >u'*?/C for uw>C forsome C < oo and 3 > 0. (1.3)
Remark 1.2. If we assume superquadratic growth on V at infinity (recall that we have
quartic growth of the standard double well potential V (u) = (1 — u?)?/4), some of our

technical lemmas simplify slightly. In particular, one can remove the dependence of the
minimal system size ¢, on M in Lemmas 2.3 and 2.5.

Because of the normalization of our potential, the transitions that we are interested
in are transitions between +1. We make the notion precise in the following definition.

Definition 1.3 (Up/down transition layers). We say that u has an up transition layer on
(x_,xq) if

u(zy)==+1 and J|u(z)| <1 forallx € (x_,zy).
We say that v has a down transition layer on (x_,x) if the same condition holds with
signs reversed, and that u has a transition layer if it has an up or down transition layer.
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For the boundary conditions on our PDE, we will work with so-called Dobrushin
boundary conditions or inhomogeneous +1 Dirichlet boundary conditions:

ue (t,£L.) = +1. (1.4)

Because of the boundary conditions, there is necessarily one up transition layer, and
our first question is whether there are additional transition layers. Notice that, if there
are additional layers, then they come as a pair of an up layer and a down layer. We
remark that our methods can also handle other boundary conditions, for instance peri-
odic boundary conditions or Dirichlet boundary conditions that do not force a transition
layer to be present.

We will denote the invariant measure of (1.1) subject to the boundary conditions (1.4)

by p_ ( L ) and the corresponding expectation by IE)?‘E’L’IL1 )() We will often use the

fact that the measure p_ I 1L 1) can be written as a Gaussian measure with density
[25]. Namely, one can express the expectation of any test function ® as

]EE/VL L)[@( exp( f V(u )]

Elta—l»l (@) — (1.5)
(_LsyLE) ) £ :
EE/VLE}L:) [exp ( — %f—Ls V(u) dx)}
Here Ez/v 1L ) denotes the expectation with respect to the measure VV8 “ L L) which

is the distribution of a Brownian bridge on (—L., L.) from —1 to +1 with variance pro-
portional to . Properties of Wg(lle L) will be discussed in detail in Section 3.
The deterministic Allen-Cahn equation (set n = 0 in (1.1)) is the L2-gradient flow of

the energy
L. /q
E(u) ::/ (2(8mu)2 + V(u)) dx. (1.6)
—L.

When we need to refer to the energy on all of R or the localized energy on a subinterval,
we will denote this with a subscript:

B ooy (0) = [ o; <;(8xu)2 + V(u)) dx,

E(_p0)(u) = /1Z (;(azu)Q +V(u)) de. (1.7)

—£

As mentioned above, the energy functional will be important for understanding the
invariant measure of the stochastic equation. In particular, the probability of finding
transition layers will depend on the energetic “cost” of a transition layer on R, that is:

co := inf {E(,Ooﬁoo)(u): u(+o0) = il}. (1.8)

It is well known [16] that this cost can be computed explicitly as

1 1
co = / V2V (u) du Ass 11 2/ V2V (u) du; (1.9)
-1 0

see the beginning of Section 2 for an explanation.
We will often refer to scaling regimes in our results. To this end, we define the
following notation.

Notation 1.4. e The well-established theory of large deviations applies on intervals

whose length is order-one with respect to €. A main point of this paper, however, is
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to obtain estimates on intervals that are exponentially large with respect to € and
for which, consequently, the established theory does not apply. We therefore use
a subscript of € in order to distinguish interval lengths that are large with respect
to € from quantities that are order-one with respect to .

e To specify bounds with respect to €, we sometimes make use of the shorthand
notation <, <, and 5. To explain: For A., B. > 0, we write

A. < B,

if for every C' < oo, we have A./B. < 1/C for ¢ sufficiently small.

We write
A S B

if there exists a universal constant C < oo such that A, < C B., and similarly for
A, 2 B.. If both inequalities hold, then we write A, ~ B-..

We write
AE é Bs

if for every a > 0 we have A. < B. + « for ¢ sufficiently small, and similarly for
A, Z B.. If both inequalities hold, then we write A, ~ B..

« We use numbered constants C, C5, et cetera, to denote specific constants that
we refer to later in the paper. On the other hand, we use C' to denote a generic
order-one constant whose value may change from place to place. Throughout the
article, C' or a numbered constant C; is a constant that is universal except for a
possible dependence on the potential V.

e In specifying our constants, we use the convention of specifying “the worst case
scenario,” in the sense that we use a lowercase letter and specify ¢ > 0 or an
uppercase letter and specify C' < oo when the power of the estimate would be lost
in the limit ¢ | 0 or C' 1 oo, respectively. When necessary, we specify C € (0, c0)
or write C' < oo “sufficiently large”; when we write only C < oo, it is clear from
the context either that only positive C' is possible or that negative C' gives an even
stronger result.

We are now ready to state our results.

1.2 Main results

Recall that the boundary conditions imply that there must be at least one up layer
and that any additional layers come in pairs. We will always consider the regime in
which the system size L. satisfies

/

1< Le Sexp (CO) for some ¢} < c. (1.10)
£

(Recall that ¢ is the energy cost defined in (1.8).) This is the regime in which one
expects the probability of extra transitions to go to zero and in particular to obey the
energetic and entropic scaling expressed in (1.2). Our first result captures this behavior
on the exponential level.

Theorem 1.5. Suppose that L. satisfies (1.10). Then for every n € IN and v > 0
sufficiently small, there exists £y > 0 such that for € < ¢y, one has the upper bound

—1,1

Pe(lr..1 )( u has (2n + 1) transition layers )

2 _
< (L)% exp (JW) ,

3
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and the lower bound

—1,1

fz (1. 1. (whas (2n+1) transition layers )

2
e )

Remark 1.6. One should note that because of the error term -, our result sees only
information on the exponential level. In particular, if one has an exponential system
size such that
e log L. = ¢ < ¢y,
then what our result says is that for any n € IN we have
elog “;szE LE)( u has (2n + 1) transition layers ) ~ —2n(co — cp).

Remark 1.7. Throughout the paper, when we say “u has 2n + 1 layers,” we mean that
u has at least 2n + 1 layers.

Remark 1.8. As mentioned above, our techniques can also handle different boundary
conditions, e.g., periodic boundary conditions or Dirichlet boundary conditions that do
not enforce a transition layer. For instance, for periodic boundary conditions or Dirich-
let conditions u(+L.) = 1, the probability of 2n transition layers is bounded above and
below by

” 2nco F
(L) exp (—067> :

respectively, while for homogeneous Dirichlet boundary conditions, the probability of n
transition layers is bounded above and below by

(L.)" exp (_W) ,

€
respectively.

Our second main result states that, on scales larger than logarithmic in 1/¢, the
layer location is uniformly distributed in the following sense.

Theorem 1.9. Consider u;g’_lLE L) in the regime

/

|loge| < L. < exp (io) for some ¢, < co. (1.11)

Let d. > 0 be such that
|loge| < d. < L..

Then uniformly for any = such that [x — d.,x + d.| C [-Le, L.|, we have

Le —-1,1

7 HeCron (there is an up layer contained in [x — d.,z + ds]) ~ 1. (1.12)

The theorem says that the probability of finding an up transition layer in a subinter-
val of length 2d. given a system size 2L, is approximately d./L. in the sense expressed
in (1.12), independent of the location of the subinterval. (The existence of an up transi-
tion layer somewhere in the system is forced by the boundary conditions.) In this sense,
the layer locations are approximately uniformly distributed. The theorem is strongest
when considering d. at the lower range of validity: It shows that the uniform distribu-
tion holds not only on macroscopic intervals but also down to the logarithmic scale.

As remarked above, the uniform distribution of the layer location in our regime is
in contrast to the characterization of the layer distribution in the case L. = |loge|/4
studied in [2]; see Subsection 1.4 below for more discussion.
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1.3 Methods: Markovianity, compact sets, and reflections

Our approach for Theorem 1.5 relies on a simple idea. Namely, while we cannot
use large deviation theory directly on (—L., L.), we can use the Markovianity of the
underlying reference measure to reduce to order-one subintervals on which we can. In
particular, by taking large (but order-one) subintervals and conditioning on the bound-
ary values of a larger, surrounding subinterval, we can take advantage of large devi-
ation bounds with a cost that is to leading order independent of the subinterval size.
This method is similar in spirit to Freidlin and Wentzell’s approach of calculating the
expected exit time from a metastable domain for a diffusion process with small noise
([11]), but there is a twist due to the two sided nature of our Markov property.

To illustrate our method, suppose that we want to estimate the probability that there
is a transition layer contained within [—/, ¢] for some ¢ large. (Transition layers are
introduced in Definition 1.3 above; roughly, they are layers connecting +1.) The Markov
property (Lemma 3.2) implies that this probability can be written as

u;(l’_lL&Le) (transition in(—¢, ¢))
- / / v(du_,duy) 2 ") o, (transition in(—¢, £)). (1.13)

Here v denotes the marginal distribution of the pair (u(—2¢),u(2¢)), and ugvz’_“;z?%) de-
notes the distribution of paths on (—2¢,2¢) with boundary conditions u. (see Section 3
for a precise definition of this measure).

In Subsection 3.2 we establish large deviation estimates for the measures ug’(_“;b 0
that hold locally uniformly in the boundary values u4. Hence for w4 in some large
compact set, we can integrate over these bounds in (1.13). On the other hand, the
probability that the boundary values uy fall outside of the compact set [-M, M| for
M > 1 decays exponentially with M (see Lemma 4.1 below).

For boundary values within the compact set [—M, M|, large deviation theory gives

the uniform estimate

uU_,u

He (— 22@( transition in(—¢, g))
= exp ( - %(AE(transition) + 0(1))).

Here AFE/(transition) denotes the difference between the minimal energy of paths that
satisfy the boundary conditions u(+2¢) = uy and perform a transition in (—¢, ¢) and the
minimal energy over all paths that satisfy the boundary conditions. (See Subsection 3.2
for a more complete discussion.)

Now we arrive at the second problem, which is more subtle. The issue is that the
energy difference AFE(transition) depends strongly on the boundary conditions. The
cost that we are expecting to recover is ¢y, defined in (1.8). However, if u_ ~ —1 and
uy ~ 1, for instance, then the energy difference is approximately zero! In this case, the
information about the probability of a transition is encoded in the distribution v.

Our idea to handle the problem of dependence on the boundary conditions relies on
Markovianity and the global symmetries of u;g_lL L) What we want to do is to trans-
form a transition event into an event that does not feel the influence of the boundary
conditions. Roughly, the new event will be that there are points z < y < z € (—¢,{)
such that u(x) ~ u(z) = —1 while u(y) = 0. (See Figure 1 for an illustration and Defini-
tions 2.4 and 2.7 for formal definitions of these “wasted excursions.”) The expected cost
for such an event is also ¢y, and a little thought reveals that this should be the energy
difference regardless of the boundary conditions at +2¢. (For a result in this direction,
see Lemma 2.5.)
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~~ ~
A

Figure 1: A vertical reflection turns a transition layer into a “wasted excursion” in which
(roughly speaking) the path goes from —1 to 0 and then back to —1. The probability of
a wasted excursion on (—/¢,¢) is approximately independent of the boundary conditions
at +2¢.

~ ~ ~ /
var WIS T NI e NS

AN
SN A N L N

Figure 2: A point reflection between a hitting point of —1 and a hitting point of +1
moves the transition from the interval J; into the interval J». As the point reflection
preserves the measure, both events have the same probability.

In order to transform transitions into wasted excursions, we use the strong Markov
property (see Lemma 3.3) and the symmetry of V. Specifically, we reflect paths verti-
cally between certain hitting points of zero in such a way that leaves u;(l_lL L) invari-
ant. For details, see for instance (4.22) and the subsequent calculations in the proof of
Theorem 1.5.

A different reflection operator turns out to be useful when we come to the proof of
the uniform distribution of the layer location in Theorem 1.9. Again the Markovianity
and the symmetry of ,u;(lfLs’ 1.) are crucial. Here the rough idea is to show that the
probability of finding the transition layer in any interval [y — d., y + d.| is approximately
the same as that of finding the layer in any other interval [z — d., z + d.|. In Section 5,
we construct a measure-preserving reflection operator that transforms paths with a
transition in [y — d.,y + d.| into paths with a transition in (or near) [z — d., z + d.]. We
build this reflection operator using certain hitting points of —1 and +1 to the left and
right of the transition layer. (This is illustrated in Figure 2.) Hence a key point is to
prove that, on the set of paths with a transition in [y —d., y+d.], such hitting points exist
with high probability. This fact is developed in Lemmas 5.1 and 5.2 using an iterated
rescaling argument and large deviation bounds.

Remark 1.10. Our reflection argument is similar in spirit to the classical Peierls argu-
ment [17], which shows that the Ising model admits a phase transition in dimensions
d>2.
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1.4 Background literature and related results

The dynamics of the stochastic Allen-Cahn equation (1.1) have been considered by
several authors. In particular, the groundbreaking works of Funaki [12] and Brassesco,
De Masi, and Presutti [5] study the dynamics of very similar equations. In [12], Funaki
studies the equation (1.1) on R with the noise term \/En multiplied by a function with
compact spatial support and boundary conditions that enforce one transition. In terms
of our notation, the noise acts on an interval L. of length polynomial in e~1. In [5], the
equation (1.1) is considered for L, = ¢! with Neumann boundary conditions. In both
articles, the initial condition is chosen close to the optimal profile of a single transition,
and it is shown that the solution stays close to an optimal profile on timescales that are
polynomial in e~!. The evolution of the midpoint of the transition layer is also charac-
terized: In [12], the interface dynamic is given by a stochastic differential equation that
reflects the spatially dependent noise strength. In [5], it is shown that the midpoint
performs a Brownian motion. The dynamic behavior observed in both of these articles
is consistent with—but does not contain—our results on the invariant measure. In par-
ticular, the Brownian motion of interfaces is consistent with the uniform distribution of
layer location that we observe in Theorem 1.9.

The theory of large deviations for diffusion processes was developed in the mathe-
matics literature in the 1970s in papers by Wentzell and Freidlin (see for instance [24])
and Kifer [15], and a landmark text is the book of Freidlin-Wentzell [11] (published
in Russian in 1979 and first published in English in 1984). The small noise problem
for stochastic partial differential equations appears more recently in the mathematics
community. A seminal paper in extending the Freidlin-Wentzell theory to spatially vary-
ing diffusions is the paper of Faris and Jona-Lasinio [8], which specifically established
and studied the action functional of the stochastic Allen-Cahn differential equation on
a bounded system [0, L]. The invariant measure of stochastically perturbed reaction
diffusion systems (including the Allen-Cahn equation) on a bounded domain is analyzed
by Freidlin in [10]. For issues related to invariant measures and uniqueness, see for
instance [3] and the references therein.

As we have emphasized in the beginning of the introduction, in this paper we are
concerned with the interplay between small noise and large domain size. Specifically,
we are interested in large deviation estimates for the invariant measure for system
sizes that are exponential with respect to the inverse noise strength. As we have also
mentioned in Subsection 1.3, we will use the idea of breaking our (large) system up
into order-one subsystems. The idea of understanding large deviation events on large
spatial systems via a decomposition into subintervals and the Markov property is clas-
sical and is similar in spirit to the method of Freidlin and Wenzell for calculating the
expected exit time from a metastable domain [11]. In the context of stochastic reaction
diffusion equations, it was used in the paper [21] to heuristically derive the nucleation
and propagation dynamics in the setting of an unequal-well potential.

In an analysis of the invariant measure for the equal-well case [23], the second au-
thor proved a concentration result for the measures M;%Ll,;& L) for system sizes that
are large but algebraically bounded: specifically, L. < e~ for @ < 2/3. The technique
used there is completely different from the one employed in the present article, how-
ever. In [23], the measure is discretized to make rigorous the heuristic intuition that
u;(l_lL L) is a Gibbs measure. Explicit bounds on the energy landscape and Gaussian
concentration inequalities are then used to derive bounds on this discretized measure.
This technique does not appear to be applicable for longer intervals because the dis-
cretization errors become too large.

In the articles [1] and [2], the special case of intervals growing like L. = i\ logel is
studied. (The prefactor 1/4 depends on a specific choice of double-well potential.) Like
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us, the authors in [2] are interested in the strained setting of Dobrushin boundary condi-
tions in a setting in which there is a nontrivial effect coming from the system size. They
find that for L. = i| logel|, the location of the transition layer is random and nonuni-
form. Specifically, they derive a concentration result around the one-parameter family
of energy minimizers and characterize the asymptotic distribution of the position of the
interfacial layer, which is nonuniform and concentrated near the origin. The idea is that
the nonuniformity comes from the energetic repulsion from the boundary of the inter-
val, which survives at this logarithmic spatial scale. Incidentally, this result shows that
our lower bound d. > |loge| in Theorem 1.9—where we show that for super-logarithmic
scales the transition layer is approximately uniformly distributed—is optimal. Loosely
speaking, the results in [2] and ours are complementary. They obtain finer results on
logarithmic scales; we obtain coarser results on super-logarithmic scales.

On a technical level, the article [2] uses the fact that the measure u;(lfL 1.) can be
realized as the distribution of a diffusion process
du(z) = ac(u(z))dz + e 2dw(x) (1.14)
subject to u(—L.) = —1 and conditioned on the event u(L.) = 1. The drift term a.
satisfies the Riccati equation
e2a’ (u) + 2a’ (u)a.(u) = 2V (u). (1.15)

This equivalence between the invariant measure of an SPDE and the distribution of
the associated bridge process has been pointed out in [19]. The drift term a. is the
logarithmic derivative of the ground state of the Schrédinger operator —e?A + V, and
the relationship between (1.14) and the Schrodinger operator has been extensively ex-
ploited; see for instance [20] and the citing references. In this context, our model is
often referred to as the ¢] model and the limit ¢ | 0 corresponds to the semiclassical
limit in which the Planck constant 7 is sent to zero.

An alternative approach to the one that we pursue below would be to study the law
of the bridge process associated to (1.14) on super-logarithmic intervals. The behavior
of the solution a. of the Riccati equation (1.15) for small € was investigated already by
Jona-Lasinio, Martinelli, and Scoppola in [14]. Their analysis suggests that the invari-
ant measure on R concentrates on functions with u(x) ~ +1 with transitions between
plus and minus one exponentially distributed with parameter ¢y. Making this picture
rigorous is nontrivial, however, since it requires establishing large deviation estimates
for a stochastic differential equation with an e-dependent drift term a. whose ¢ — 0
limit ap contains a jump discontinuity. Although the method of [2] successfully uses the
corresponding bridge process on an e-dependent domain, they compare to a process
whose drift is e-independent and close the argument using careful error estimates that
seem, as they point out, to depend on the scaling L. ~ |loge]|.

Let us point out here that the symmetry of the potential is more than a technical
assumption. Indeed the behavior of solutions to the Riccati equation (1.15) (or equiva-
lently, the behavior of the ground state of the Schrédinger operator —e?A + V) changes
drastically as soon as the potential is only mildly asymmetric. Consider, for example,
the situation where V is a double-well potential with two wells of equal depth, but one
well is broader than the other, in the sense that (say) V”(1) > V" (—1). Then (under
some additional assumptions) the results from [14] imply that for small enough ¢ the a.
will be positive on all of (—1,1). Hence, the field v will typically never stay near —1 for
extended intervals.

There is also a wide body of literature on spin systems from the mathematical
physics community. A fundamental paper in this area is [6], in which a one-dimensional
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Ising model with ferromagnetic Kac potential is analyzed. Below we summarize their
results and then comment on the idea of applying their method in our setting.

The Ising model with ferromagnetic Kac potential is a spin model whose spins inter-
act not only with their nearest neighbors, but with all spins in a given range. In [6],
the authors study the limit in which this range diverges. This corresponds to the limit
e | 0 that we investigate. Just as symmetry of the potential V is critical in our work,
symmetry of the Kac potential is essential in [6]. Their main argument relies on a large
deviation statement for their measure on all of R, cf.[6, Theorem 2.7]. This large de-
viation result implies, for example, that the local spin averages concentrate around +1
and that probability to see a transition from —1 to +1 in any given compact interval is
exponentially small. The exponential rate is given by the energetic cost of a transition
(the analogue of the constant ¢y in this work). They use their large deviation bounds
to establish the convergence to the exponential distribution (suggested for our model
by [14]; see above).

The significant difference between the large deviation bounds of [6] and ours is the
dependence on the boundary condition. They obtain a large deviation principle on the
line (again, see [6, Theorem 2.7]). We use only large deviation bounds for the measure
conditioned on the boundary values of a given interval (see Propositions 3.4 and 3.5,
below). Interestingly, their large deviation principle also relies on a reflection (see for
instance [6, proof of Proposition 3.2, p. 70]), although they reflect outside a given
interval while we reflect inside a given interval.

Another alternative approach to the one that we pursue in this paper would be to try
to adapt the method of [6] to our setting. After establishing a large deviation principle
on R, one could move to a large deviation principle on the positive half-line and from
there use the Markov property to try to establish sharp scaling bounds on the extremely
rare event of multiple transitions, as in Theorem 1.5. This approach is interesting to
consider and seems to be feasible. However, it does not seem to be shorter or conceptu-
ally easier than the approach we pursue here; indeed, it will require many of the same
arguments (quantitative control on the probability of large boundary values, ruling out
of so-called “lazy transitions,” establishing the likelihood of boundary values in a small
neighborhood of £1, reflection). Establishing the uniform distribution (Theorem 1.9)
also goes beyond the scope of the tools developed in [6].

1.5 Organization

We begin with preliminaries: In Section 2 we collect some properties of the energy
functional, and in Section 3 we collect some probabilistic properties of H;%_IL L) and
of the underlying Gaussian measures. With these preliminaries in hand, we turn in Sec-
tion 4 to the proof of our first result, Theorem 1.5. In Section 5 we prove Theorem 1.9,
the uniform distribution of the layer location. Finally, in Section 6 we prove the various

technical lemmas that have been used in support of the main theorems.

2 Deterministic preliminaries

In this section we discuss some more details about the energy functional F (cf. (1.6)).
Our goal is to familiarize the reader with the common intuition about this energy, as well
as to present some facts that will guide our method and appear later in proofs.

As described above, the potential term in the energy favors the states +1 and the
gradient term in the energy leads to an energetic cost for transitions between these
states. Given our large system and the boundary conditions (1.4), it is natural to con-
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sider the problem
Inf{E(_ o 00y (1) : u(do0) = £1}.

As we mentioned, the minimum cost ¢y can be calculated explicitly (cf. (1.9)). The
calculations underlying this fact appear repeatedly in the proofs of our energy lemmas,
so we begin by recalling them. The so-called Modica-Mortola trick (cf. [16]) uses the
elementary inequality a? + b2 > 2ab to observe:

Hlf{E( 0o oo)( ) :|:].}

—int{ [ ( V() dos utor) = £1

> inf {/_DO V2V () (0pu) da: u(£00) = il}
=/_11JWdu7

which gives a lower bound on the energetic cost. For the matching upper bound, one
observes that the equality a? + b? = 2ab holds if and only if a = b, so that if the minimum
energetic cost is achieved, then there must hold

|0 u| = /2V (u). (2.1)

l\.’)\»—l

Moreover, minimality of the energy and our boundary conditions imply that the mini-
mum is achieved for the strictly increasing function that satisfies

Oz = /2V (u). (2.2)

We denote by m the minimizer that is normalized so that m(0) = 0. This function m is
then the unique, centered, stationary solution of the Allen-Cahn equation on R subject
to the given boundary conditions, i.e., the solution of

PZm—V'(m)=0 m(0)=0 and m(£oo)==+1.

In the case of the standard double-well potential V (u) = (1 — u?)?/4, one has m(z) =
tanh(z/v/2).

For general potentials satisfying Assumption 1.1, the energy minimizer has similar
qualitative properties to the hyperbolic tangent. In particular, what will be important
for us is that the minimizer converges exponentially to +1 as x — +o0.

Lemma 2.1 (Exponential decay of minimizer). Under Assumption 1.1 on the potential
V, there exists C < oo such that the global energy minimizer m satisfies

|m(z) — sign(z)] < C exp (— %(1) x) .

The exponential convergence to +1 follows directly from (2.2) and the quadratic
behavior of V' near the minima (cf., Assumption 1.1).

In addition to the exponential convergence to +1, we see from (2.2) and Assump-
tion 1.1 that, outside of a neighborhood of £1, the slope of m is bounded away from
zero. Consequently, there is a characteristic length-scale associated to a transition
layer. We will use this length-scale in an essential way. That is, since we cannot apply
large deviation theory on the full system scale L., we will decompose into subsystems
of bounded size, typically called 2¢ or 4¢. We will choose the subsystem size so that
(with very large probability) a typical transition layer fits inside, which requires ¢ to
be large. In order to make these ideas precise, we begin by introducing the idea of a
6~ transition layer. Simply put, instead of connecting +1, it connects —1 + ¢ with 1 — .
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Definition 2.2 (§~ transition layer). Fix § € (0,1/2) and suppose z_ < x,. We say that
uw has a 0~ up transition layer between x_ and x if

u(rze)=%x(1-96) and |u(z)|<1—-9 forallz € (z_,x4).

We say that u has a 6~ down transition layer on (x_,x, ) if the same condition holds
true with signs reversed, and that u has a ¢~ transition layer if it has a 6~ up ora ¢~
down transition layer.

Since it is of course true that

—1,1
M€7(7L5,La)
-1,1
S 'LLE,(—LE,LE)

(whas (2n + 1) transition layers )
(whas (2n + 1) 6 transition layers ),
the proof of the upper bound in Theorem 1.5 will be established if we can show that for

any v > 0 and for sufficiently small § > 0, there is an g > 0 such that, for all € < ¢, we
have

~1,1

2 (7LE_L€)( uhas (2n+ 1) 6~ transition layers )
Inco —
S (L) exp (—’T) . (2.3)

The main ingredient for establishing (2.3) is the uniform large deviation estimate from
Proposition 3.4, below, which essentially reduces the problem to one of energy esti-
mates. We will control the energy of suitable classes of functions up to a small ¢-
dependence and ultimately absorb this error term into the large deviation error v from
the proposition.

One of the first steps will be to understand the length-scale associated to 6~ transi-
tion layers. For any § € (0,1/2), the optimal transition layer is captured by the energy
minimizer m that goes from —1 + § to 1 — § over a finite length-scale, and “typical lay-
ers” perform the transition on a similar length-scale. A question that we will have to
address is how likely it is for a transition to take unusually long to complete a §~ tran-
sition. In the following lemma, we show that the difference of energies expressed in
Proposition 3.4 is large for functions that perform unusually long transitions (uniformly
with respect to the boundary values).

Lemma 2.3 (Long transitions). There exists a Cy < oo (depending only on V') such
that, for any M € (0,00) and any § € (0,1/2), there exists an ¢, < oo with the following
property. For any { > {, and uy € [-M, M], set

AP = {u € O([-2¢,20)): u(—2¢) = u_ and u(2() = u,},
ApC = {u e AP: forallz € [£, 0], u(z) € [-1+ 6,1 —d]}.

Then we have

. . 252/
inf E(_gp00(u) — inf E_gg 00 (u) >

. (2.4)
uE.Agc ue Abc Cl

The proof of Lemma 2.3 is given in Subsection 6.1. This lemma together with the
large deviation bound from Proposition 3.4 will imply that for v small with respect to
42¢, the probability of finding such a layer is bounded above by

2 _ 2
p (FZHCT) oy (2.
€ Cie
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which we can make negligible by choosing /¢ sufficiently large.
Now we would like to show that the exponential factor in the probability of finding
a 0~ layer is close to ¢, defined in (1.8). Specifically, we expect it to be approximately
1-6

V2V (s) ds.

—1+46
The problem, which we already alluded to at the end of Subsection 1.3, is that the
boundary values (for instance u(—2¢) ~ —1, u(2¢) ~ 1) may make it likely to find a layer.
Hence, we will employ reflection operators to transform §~ transition layers into events
that are unlikely regardless of the boundary conditions. We will call such events wasted
0~ excursions:

Definition 2.4 (Wasted 6~ excursion). For any 6 € (0,1/2), we will say that u has a
wasted 6~ excursion on (—¢, /) if there exist points

A <z_<zg <y <Y/

such that
u(zo)| <0

and
either |u(zy)—1]<d or |u(zy)+1] <o.

As described above for long transitions, we will estimate the probability of such
events using the large deviation estimate from Proposition 3.4. We note that the propo-
sition requires minimizing energy over a ball (in the space of continuous functions)
around the set of interest. Because of the way we have defined wasted excursions, a
ball of radius ¢ around the set of functions with a ~ excursion in a given interval is
equal to the set of functions with a (2)~ excursion in that interval. Hence, our large
deviation estimate together with an energetic estimate will bound the probability that
we are after. The following lemma contains the necessary energetic estimate: namely,
that the difference of energies described in our large deviation estimate is bounded
below by ¢y plus a small term.

Lemma 2.5. There exists a constant C < oo such that for every M € (0,00) and ¢ €
(0,1/2), there exists a constant ¢, < oo with the following property. For any ¢ > {, and
any boundary conditions uy € [—M, M], set

AP = Ly € O([-20,20)): u(£20) = us},

Ab© = {u € A"°: u has a wasted 6~ excursion in (—(,¢)}.

Define the optimal cost

.= inf E_ —inf B _ : 2.5
cy 34%6 (—20,20) (1) mf B 2¢,20) () (2.5)

Then we have
cp —cg > —Co. (2.6)

The proof of Lemma 2.5 is given in Subsection 6.1. It gives us the exponential factor
in the desired estimate (2.3), above.

For the lower bound in Theorem 1.5, we will work with so-called 6T transition layers
between —1 — § and 1 + 6.
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Definition 2.6 (6T transition layer). Fix § € (0,1/2). We say that u has a §* up transi-
tion layer within the interval (—¢, ¢) if there exist points
A <z_<zy <Vt
such that
u(zy) = £(1+9).

We say that u has a 67 down transition layer on (—¢, () if the same condition holds true
with signs reversed, and that u has a 6+ transition layer if it has a T up or a 6+ down
transition layer.

In analogy with the §~ transition layers that we use for the upper bound, §* tran-
sition layers will be convenient for the lower bound. Since the probability of having
(2n + 1) transition layers is greater than the probability of having (2n + 1) § transition
layers, it will suffice to show that

-1,1 + iys
#o "y . (whas (2n+1) 67 transition layers )
2 —
> (L) exp (_ncog 7) .

We will establish this bound by reflecting in order to transform the §* transition layers
into some kind of “wasted excursions” whose probability we can bound, independently
of the boundary conditions.

Definition 2.7 (Wasted §* excursion). For any § € (0,1/2), we will say that u has a
wasted d1 excursion on (—¢, £) if there exist points

A <z_<zog<wy <Y
such that
u(ry) < =1-10, wu(zg)=0.

(We will use only the wasted 5 excursions that come from below, but of course it
would be straightforward to define the analogue with u(z+) > 1 + §, and they would
obey the same energetic and probabilistic bounds.)

As in the case of the upper bound, we need an energetic lemma that will control
the contribution to the large deviation estimate for wasted 6+ excursions. Because of
the form of the large deviation estimate that we will develop in Section 3 (see Propo-
sition 3.5 below), it will be convenient for us to introduce the energy bound on the
following set of functions:

Agcpre = {u € AP°: there exist points — (< z_ <zo <z </

with u(z_) < —1 — 20, u(zy) < —1 — 20, u(zo) > 5}. 2.7)
It is easy to see that a ¢ ball (with respect to the sup norm) around AE,‘;T,E is equal to
the set of functions with wasted §* excursions on (—/,¢). This fact is what will later
be useful for the lower bound. For now, we record the following energetic fact, which
plays the role for the lower bound that Lemma 2.5 played for the upper bound.
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Lemma 2.8. There exists a constant C' < oo such that for every M € (0,00) and ¢ €
(0,1/2), there exists a constant ¢, < oo with the following property. For any { > {, and
uy € [-M,0], set

AP = {u € O([-26,20)): u(£20) = uy}

and Algi;m as above in (2.7).

Define the optimal cost

co = Iinf E _ w) — inf F_ u).
¢i= nf B 2¢,26) () — Inf E_2¢,2¢) (1)
Then we have
ce —cg < C.

We will need to consider some additional properties of the energy as we prove the
main theorems, but we defer their discussion to a later time when their motivation and
hypotheses will be clearer. With the central facts about the energy in hand, we now
turn to the probabilistic background for our paper.

3 Probabilistic preliminaries

In this section, we collect some probabilistic facts about the Gaussian measures

fifm and the measures ”gf;ﬁu) After stating a precise definition and some el-

ementary symmetry properties, we will discuss Markov properties satisfied by these
measures in Subsection 3.1 and large deviation bounds in Subsection 3.2.

For every z_ < x;, we denote by Wg)’(omﬂﬂ) the distribution of a Brownian bridge
with homogeneous boundary conditions on [z_, 2:; ] whose variance is proportional to .
To be more precise, Wg,’(om,,u) is the unique centered Gaussian measure on the space
of continuous functions C([z_,z4]) such that, for all z1, 22 € [x_,z4], one has

Egiowi) (u(acl) u(xg))
€

_ H((xl_x,)(m—xQ)A(mg—x,)m—xl)). (3.1)

Equivalently, one can say that Wg’(ou o) is the centered Gaussian measure whose
Cameron-Martin space is given by the Sobolev space H{ ([z_, z]) with vanishing bound-

ary conditions equipped with the homogeneous scalar product
1 [
- / Opu Ozv dx.
€ X —

Indeed, the right-hand side of (3.1) is the Green’s function for %33 with Dirichlet
boundary conditions.
In the sequel, we often use the notation

1 [ 2
I o (u):= 3 ((%u) dx (3.2)
to denote the Gaussian part of the energy of a function u on the interval (z_,x).
It is common to think of Wf’&, s, asa Gibbs measure
woo L d 3.3
o ay) XX~ Lo oy (u) )du (3.3)
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with energy I, ., and noise strength o« ¢. Of course, (3.3) does not make rigorous
sense because there is no “flat measure" du on path space, and I,,_ .. (u) is almost surely
infinite under Wg’(()x_@r). The heuristic formula (3.3) is motivated by finite dimensional
approximations and it gives the right intuition for the large deviation bounds.

For more general boundary conditions u_,uy € R, we can define WE (:;uz” as the
image measure of W& (@ zs) under the shift map

u(@) = ule) + hE (),

where h is the affine function interpolating the boundary conditions:

rT—x_ Ty —T
Byt = Sk SV 3.4
(z_m+)() x+—x_u++m+—m_u (3.4)

Similarly to (1.5), for any choice of boundary condition v+ and on any interval (z_, x4 ),
we denote by p. (:;ufr ) the probability measure whose density with respect to W"’ e

—74)
can be expressed as ’
dpg o 1 1o
(z—,zy)
e ’u++ (u) = o exp ( - /Ii Vu) dx). (3.5)
g,(z—,74) e (z—,z4)

Here we have introduced the notation

U — EVeru-ut (eX ( ! o V(u) dx))
s(eoas) T aowy) P\ )
for the normalization constant that ensures that p_ (ﬂi*u) is indeed a probability mea-
sure.

As we have indicated in the introduction, there are symmetry properties of the mea-

sures W ’J’ *H) and ua (; Z ) that will play an important role in our argument. Observe
for example that both Wg (Ox L.y and g’ are invariant under the vertical reflection
(z—,wy) &, (z—,z4)

u — Ru and the horizontal reflection u +— Su where
Ru(x) = —u(w) and Su(a:) = u(xy + - — ).

Furthermore, the measures 1/\/6 (I
flection u — RSu.

m)and,u

N z,) are invariant under the point re-

5(1:

3.1 Markov properties

U_ Ut
(3’* 77+)

and "7 ’“TM), which states that for any fixed points x_ < 2_ < &, < x, and for u dis-

e,(z
tributed according to W* "+

e(z_,xy)
[#_,%4]), given all the information about u( Yforz € [z_,zy]\ (2-,24), is Wu(gL )’“(;*)

(_,24+
(or u“ (Z )I+) ). Then in Lemma 3.3, we give the strong Markov property, which states
that the same statement holds true when the deterministic points Z1 are replaced by
left and right stopping points y+. The proofs of these statements are quite standard.
For completeness, we have included them in Subsection 6.2.
In the case of the measures W“”“*f ) the Markov property can be stated in the
following way. For 2_ < 2., we define the piecewise linearization u;f
and z, as

We first present a two-sided version of the Markov property for the measures W,

(or p_ ” o +,)» the conditional distribution of (u(z),x €

of u between 7 _

u(®_),u(Z4),, . N N
uﬁ* (2) = hi (@) ifrxe(@_,24) (3.6)
- u(x) else.
Recall the definition (3.4) of h u; ) Then the following holds.
EJP 19 (2014), paper 23. ejp.ejpecp.org
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Lemma 3.1. Suppose z_ < Z_ < :17+ g x4 are fixed, non-random points. Then under

W:(’L’“*i )therandom functions u— u andu aremdependent Furthermore, u— u

is zero outside of (z_,%) and is d1str1buted according to WE (5 .54) between the two
points.

Due to the lack of spatial homogeneity, the corresponding property for the measures

U—, U

Pelo oy) has to be stated in a different way. For I C [z_,z.], we denote by F; the
sigma-algebra generated by u(x) for = € I, completed with respect to W“ u+m+).

We also introduce the following notation that extends the measures to paths on a
larger domain by prescribing the values outside of an interval. Suppose that [&_, %] C
[z—,2+] and that u € C([z_,z4]) is a fixed path. We say that v is distributed according
to W2 s,y Tresp. i, ;. ), if it almost surely coincides with u outside of the interval

[#_,4,] and is distributed according to W;Ei:);:() +). resp. 1o ((9; )x‘:()*) on [&_,4].

Then the Markov property takes the following form.

Lemma 3.2. Suppose x_ < z_ < 24 < z, are fixed, non-random points. Then for any
bounded measurable test function ®: C([z_,z+]) — R, we get the following identity:
B (@ F ey V Fieya) = B, (@) (3.7)

(x—z4) (&—,24)

Here F;_ 3 1V Flz, . denotes the smallest sigma-algebra that contains all sets in
Flo—,a-1 ad Flz, o).
We will typically use (3.7) in the following way: For given points x_ < z; < 29 <
. < x2, < x4 and given events A; € F| we can write

T2i—1,T2i)”
B (T La,) (3.8)
= / Vgy,...wom (AU, . . ., dUgp) Eé‘;“mlz’;z (1A1) . ]Eé‘;“:—;zui (1An)~
RQn
Here vy, .. ., denotes the distribution of the random vector (u(z1),...,u(z2,)) under

8_%;7 o) Formula (3.8) follows directly by applying (3.7) n times.

To state the strong Markov property, we additionally need the notion of left and right
stopping points. These are defined analogously to stopping times for Markov processes.
A random variable y_ taking values in [z_, 2] will be called a left stopping point if for
all z € [z_,z] the event {x_ < x} is contained in F|, ). In the same way a random
variable x. is called a right stopping point if for all x the event {x > z} is contained in
Flz,z,]- In all of our applications the stopping points .+ are going to be left or rightmost
hitting points of a closed set. It is easy to check that these random points are indeed
left and right stopping points as defined above.

For given left and right stopping points ., we define the sigma-algebra F|,_,_; of
events that occur left of x_ and the sigma-algebra F[, , .. of events that happen to the
right of x4 by

Flo_x_] = {.A € f[x_7m+] Ve AN{x- <a}e f[x_@]},
Fixpay] = {AE}"[L,M]: Ve AN{xy >z}¢€ .7:[1’“]}.
The strong Markov property can be stated in an analogous way to (3.7).

Lemma 3.3. Suppose x_ and x, are left and right stopping points with xy_ < x4+
almost surely. Suppose that ®: C([x_,z]) — R is measurable and bounded. Then for
any u+ € R, we get the following identities

By (B Fm )V Fieen) = B (2) (3.9)

(x—,zy) (x—x+)
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and
B (B F )V P ) = B (@), 310

(x—,x4) (X—>x+)

The strong Markov property is a crucial ingredient in the proofs of both Theorem 1.5
and Theorem 1.9. Let us illustrate how it is used in the proof of Theorem 1.5. Let y_ be
the leftmost hitting of zero to the right of a given point x_ and x4 the rightmost hitting
of zero to the left of a given point x. The values u () in the formulas (3.9) and (3.10)
are almost surely 0. Then we can use the invariance of Wg:(oxﬂm) and ,ug:O ) under
vertical reflection R to conclude that the whole right-hand side of (3.9) and (3.10) is
invariant under vertical reflection on [y_, x+]. In Section 4, we will use this observation
to reduce the problem of calculating the probability of transition layers to computing
the probability of wasted excursions (see Definition 2.4).

3.2 Large deviations

Large deviation estimates for the measures ,u:&“*“) constitute an important ingre-

dient for our argument. Large deviation bounds for Gaussian measures with a small
variance, e.g., for Wfiaélf*m' are well-known (see e.g. [4, Sec. 4.9]). They can be ex-

tended to the measures ugzj’i*m !

or [7, p.34] ) in a standard way. Let APe represent the set of continuous paths u on
[x_,z4] that satisfy u(zy) = us. The estimates then state that for every closed set
A C AP¢ and every v > 0, there exists €y > 0 such that, for € < gy, we have

with an “exponential tilting" argument (see e.g. [22],

H ) < e (- LABA - 7)), 311

Pe(a_ ey

Similarly, for every open set A C AP® and v > 0 there exists ¢y > 0 such that, for ¢ < ¢,
we have

u_,u 1
B (A) 2 exp (= 2 (AB(A) +9)). (3.12)

Here the energy difference AFE(A) is defined as
AFE = inf E(u) — inf E(u). 3.13
()= 1nf, B) = 1ol E() G19

Here and in the sequel, all topological notions like open and closed refer to the uniform
topology, i.e., the topology generated by

ulloc == sup |u(z)]. (3.14)
z€[x_,x4]
Although we will not make use of it here, we remark that the bounds (3.11) and (3.12)
are also true for different choices of topology. The Gaussian large deviation bounds
hold for any separable Banach space that supports the Gaussian measure, and the “ex-
ponential tilting" works as soon as the exponential density is continuous.

A priori, the choice of ¢y depends not only on v but also on the interval length ¢ :=
x4 — x_, the boundary data u4, and even the set A itself. As pointed out in Subsection
1.3, however, our argument requires integrating probabilities for different boundary
conditions. Therefore, we need to know that we can choose the same ¢; for these
different boundary conditions simultaneously. Moreover, in Lemma 5.1 we will need
uniform estimates for measures with different potentials. Hence, we require uniform
large deviation estimates, which is the content of the following two propositions. They
deliver local uniformity with respect to ¢, u+,.4, and even with respect to the potential
function V. To state the result, it is convenient to introduce the notation

2

U_,u 1 (u+ - u—)
U R YU+ —
Lt =1I(h ") = T (3.15)
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for the minimal Gaussian energy with the given boundary conditions. We will also write
B(A,6) ={u: v e A, |lv—ullo <5}
for the § neighborhood of a set A.

Proposition 3.4 (Large deviation upper bound). Fix constants 1 < M,R < oo and
0</{l_< /¥y <oo. Foranyzy € Rwithxy —xz_ € [{_,{;] and any uy € [—-M,M], let
A be a measurable subset of C([x_,z]) consisting of paths u that satisfy the boundary
conditions u(x+) = uy. Additionally, assume that

inf B(u) ~ I < R. (3.16)

Then for any 6,y > 0 there exists an £y > 0 such that for all ¢ < ¢g we have

U— ,u 1
B (A) < exp (= Z(AB(B(A,9) =), (3.17)

where AFE is defined in (3.13). This ¢g depends on M, R,{.,d, and v but not on the
particular choice of x4,uy. It only depends on the set A through the choice of R in
condition (3.16). Furthermore, ¢y depends on V only through the local Lipschitz norm

sup V' (v)].
|| <M++/271 (€4 R+1)+1

In particular, the same bounds hold for the same ¢, if V varies over a set of potentials
with uniformly bounded local C'-norm. This uniformity of (3.17) with respect to V will
be used in Subsection 6.6. There, it will be applied to the family {4*V (27 % (u—1)+1): k €
]N} of rescaled versions of V.

We also get the corresponding lower bounds without a condition on the minimal
energy of E(u) for u € A.

Proposition 3.5 (Large deviation lower bound). Fix constants M and0 < {_ < {4 < co.
Suppose that ¢ = zy —x_ € [{_,{.] and ux € [—M, M]. Assume that there exists an
energy minimizer
u, = argmin E(u)
ueA
satisfying u.. € [-M, M]. Then, for any v > 0 and 6 > 0 small enough, there exists ey > 0
such that for all ¢ < ¢ there holds

e (z—,z4)

B (BALG) = exp (- %(AE (4) +9)), (3.18)

where AFE is defined in (3.13). As above, ¢g depends on M, (.0, and ~, but not on the
particular choice of r4,u4 or the set A.

The same remark about the uniform dependence on V holds for the lower bounds.

Remark 3.6. The existence of energy minimizers u, in A satisfying u, € [—M, M] is
not necessary and it can be replaced by an approximation. Actually, we will show the
Proposition under the slightly weaker assumption that for every v > 0 there exists a
profile u, € A with u,(x) € [-M,M] for all z € [x_,z| and such that

E(u,) < uneli‘E(u) +7. (3.19)
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The proofs of these Propositions are essentially a careful copy of the classical proofs
and can be found in Subsection 6.3. Let us remark here that we do not expect the
bounds (3.11) and (3.12) to hold uniformly for all open or closed sets. In fact, the argu-
ment for the classical statements makes use of qualitative properties such as existence
of coverings by finitely many open sets. One sums over this finite number and uses the
fact that, for € small enough, only the largest summand matters. For different open or
closed sets, this finite number will in general be different, and the choice of ¢y will also
be different. We can resolve this issue by taking the § neighborhood of A in the bounds
(3.17) and (3.18) as a uniform version of the topological assumptions on .A.

4 Proofs of Theorem 1.5: Domination by single transition layer
of minimal energy

In this section we prove Theorem 1.5. This theorem estimates the exponentially
small probability of having more than one layer (with the correct entropic effect and
exponential factor). One consequence is that the most likely functions are those with
only one transition layer.

As outlined in Subsection 1.3, at the heart of the method is the idea of decomposing
the invariant measure into conditional measures and the corresponding marginals, so
that we can reduce to estimating the probability of transition layers on order-one subin-
tervals. When the boundary data of the subinterval falls within a compact set [- M, M],
large deviation theory will allow us to estimate probabilities in the spirit of

M M
/ / v(du—,duy) p; "5, o, (there is a transition layer in (£, ()).
-MJ-M ' '

On the other hand, the probability that |u(£2¢)| > M is uniformly small. Before turning
to the proofs of the main theorems, we introduce this fact about the decay of the one-
point distribution.

Lemma 4.1. There exist My € (0,00), Cy € (0,00) (depending only on V) such that the
following holds. For any M > M, there exists ¢y > 0 such that for all ¢ < ¢y and any xg
in (=L, L.) there holds

- M
ME,(l’_lLE,LE)<|u(JJ0)| > M) < exp (—502> . 4.1)

The proof of the lemma is given in Subsection 6.4. With this preliminary estimate in
hand, we turn now to the proof of Theorem 1.5. We consider separately the upper and
lower bounds.

Proof of Theorem 1.5. Fix v > 0. Fix a corresponding § > 0 sufficiently small. Let /¢
and M be large constants to be specified later. To begin with, let ¢ be large enough so
that (2.4) and (2.6) hold for the given 6. We will divide the system into 2NV, intervals
with

N. = {J , (4.2)

labelling the endpoints:

(4.3)

+kl, k=0,...,(N.—1),
T =
+L., k==+N..
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We will work with this grid for the rest of this paper.
Then we consider the (overlapping) intervals

I = [wp—1,2641], for k=—(N.—1),—(N.—2),...,(N.—1). (4.4)

Notice that x4y, is separated from z (y__1) by up to length 2/, while the rest of the
points are separated by length ¢. Since our energetic estimates will all hold uniformly
for subsystems that are sufficiently large, and our large deviation bounds will all hold
uniformly for subsystems whose length vary within a compact set, it will not matter
that the boundary points may be up to 2¢ away from the neighboring points and we will
ignore this issue for the rest of the proof.

Upper bound.

Here we will prove the upper bound, i.e., that

u;sza LE)( u has (2n + 1) transition layers )

2 _
S (Lo op (- 07T,

As explained in Section 2, for the upper bound we will work with §~ transition layers,
and it will be sufficient to show that for any sufficiently small v > 0 and some sufficiently
small § > 0, there is an ¢5 > 0 such that for all ¢ < ¢y we have

u;(lfLE LE)( uhas (2n+ 1) 6 transition layers )
Inco —
< (Lo)* exp (”COE 7) . 4.5)

Since the probability of transition layers is less than the probability of ~ transition
layers, the proof of the upper bound follows immediately.

The subtle part of the proof will be estimating the probability of a transition layer
on a subsystem. Recall from Subsection 1.3 that we cannot get the expected cost ¢y by
estimating the probability

Ty, 2@)( uwhas a §~ transition layer in (—/,¢))
because of the nontrivial dependence of this probability on the boundary conditions u..
To avoid this problem, we will use reflection operators to transform §— transition layers
into wasted 0~ excursions (see Definition 2.4 and the accompanying discussion).
With this scheme in mind, let us now begin our estimates.

Step 1. Fix v > 0. Let 6 > 0 be a small constant and M < oo be a large constant
to be chosen below. Our first step will be to decompose the set of functions in which
we are interested. Namely, we notice that the set of continuous paths v : [—L., L.] —
R satisfying the boundary conditions u(£L.) = =1 and exhibiting at least (2n + 1)
6~ transition layers is contained in the union of the following three sets:

e The set of paths that exhibit an atypically large value at one of the x;:

A = {u: She{—(Ne—1),...,(N. = D)} Ju(a)| > M } (4.6)

e The complementary set intersected with the set of paths that are bounded away
from +1 on all of [z, xx1] for some k:

Ay = EAm{u: Jke {—(N.—1),...,(N.—2)} : 4.7)
u € [-1+9d,1—0] onall of [xk7xk+1]}.
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e The complement of 4; intersected with the set of paths performing (2n + 1) §—
transitions, each of which is completely contained in (at least) one of the overlapping
intervals I;,. We denote this set

Az :=C0A; N {u: there exist 2n integers
—N.+1<ki <ky<---<ky, <N, —1suchthat

in each interval I}, thereisa 6~ layer}.

Note that there might be more than one layer in a single interval; the 2n-tuple (k1, ..., kay)
allows for a possible higher multiplicity. There may also be more than 2n layers; the
statement is that there are at least 2n layers.

Above, we have made use of the boundary conditions. Indeed, for A;, we have
omitted the points x4y, since u(+L.) = £1. For A, we have omitted the boxes at the
boundary since the boundary conditions make it impossible that u(z) € [-1 4 §,1 — §]
for all z in the box. For A5 we have recalled that the boundary conditions force there to
be at least one transition. Even though u has 2n + 1 layers, we can expect an additional
cost only for the 2n “extra” layers and hence only keep track of 2n layers.

Because the set of interest is contained within the above-mentioned sets, it suffices
to bound

P (A) s (Cppy (A2) s (As). (4.8)

Step 2. We first give a bound on the probability of A;. This bound follows directly
from Lemma 4.1. In fact, we get

N.—1
—1,1 —1,1
/”La,(fLE,LE)<‘A1) < (2: )Ms,(fLE,LE)(W(ka > M)
=—(N.—1
(et M
= n P eCy
M
< L. - — . 4.9
< exp ( 502> (4.9)

In particular, we can choose M large enough so that M/Cs > 2ncy and

- 2nc
ME,%LILE,LE)(Al) < L.exp <_ 0)'

€

Hence, the probability of A; is of higher order with respect to the right-hand side
of (4.5).
We remark that it is here where M (and therefore also () acquires a dependence on

n.
Step 3. To bound the second probability in (4.8), we write
—1,1
He (—L.,L.) (A2)
N.—2
< Z ,ua_(l’_lLE L) (u €[-1+446,1 6] on all of [z, xk41]
k=—(N.—1)
and u(mk,l),u(ack+2) € [—M, M]) (4.10)
EJP 19 (2014), paper 23. ejp.ejpecp.org
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Using the Markov property (3.8), we can write for any &

6—(1 1LE L) (u €[-146,1— 6] on all of [z, xk41]

and u(zy_1), u(zps2) € [ M, M})

M M
= / / Vi—1,k+2(du—, duy )
-M J-M
u u

Y (u €[-1+4,1— 6] on all of [, xk+1]), (4.11)
where vy_1 +2 denotes the marginal distribution of the pair (u(zx—1), u(zr+2)). We now
want to invoke the large deviation bound (3.17) and the energy bound from Lemma 2.3
for the measures p_ (m;l oriz)’ To this end, we observe that a §/2 ball around functions
contained in [—-1+4, 1—4] consists of functions contained in [-1+4§/2,1—4§/2]. Redefining
C1 by up to a factor of 8 to account for the parameter /2 and interval length (here ¢
rather than 2/), we have that, for any v > 0 and § > 0, there exists an g3 > 0 such that,

foralle <epand all u_,uy € [—M, M], there holds

N?,E:;Ztl}mu) (u(x) € [-1+6,1 -] on all of [z, l’k+1])
Sexp( (ngé )) (4.12)

(Here we have used the fact that L. > 1, so that we can choose ¢ > /, to sat-
isfy Lemma 2.3.) Letting v = 1 and choosing ¢ so that §2¢ > (), the combination
of (4.10), (4.11), and (4.12) gives

520 )

1,1
por. .y (A2) < Leexp ( e

(4.13)

where we have trivially bounded the integral of v by 1. In particular, for ¢ large but
order-one (and depending on n, ¢), we have that the probability of 45 is also of higher
order with respect to the right-hand side of (4.5).

Step 4. Finally, we arrive at the subtler part, in which we will need the reflection

operators. To begin with, let & = (ki, ..., ks,,) and write
1,1 1,1 AE
He(“L. < DM (Cre o (A5): (4.14)
kez

where 7 is the set of nondecreasing 2n-tuples, i.e.,

= {E: (k)l,kg,...,kgn) S {— (NE— 1),...,(N5— 1)}2n
Withki,1 Skl},

and
A§ =04, N {in each I, thereisa 6~ layer}. (4.15)

The right-hand side of (4.15) is slightly ambiguous if several indices coincide or in the
case of overlapping intervals, i.e. if k;;1 = k; + 1 for some :. If j subsequent indices
coincide, the right-hand side of (4.15) has to be interpreted as saying that there are at
least j §~ transitions in the corresponding interval. In the case of overlapping intervals,
for instance if k; 11 = k; + 1, the right-hand side of (4.15) should be interpreted to mean
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that there are at least two transitions in the interval [(k; — 1)¢, (k; + 2)¢] and, moreover,
one is fully contained in [(k; — 1), (k; + 1)¢] and one is fully contained in [k;¢, (k; + 2)¢].
The index set satisfies

7| S N2 < (L) (4.16)

(Recall our convention for the use of the symbol < introduced in Notation 1.4.) Hence,
to complete the proof of (4.5), it suffices to show that for fixed k € Z, we have

- % 2ncy — vy
TR (A§) < exp <—€> . (4.17)

As explained above, the main step is to reduce the problem of estimating the prob-
ability of §— layers to estimating the probability of wasted 6~ excursions. This will be
achieved through suitable reflections.

Let us at first assume that the I are well-separated in the sense that

k; > k;_1 +4 for all 4.
Let us also assume that we are away from the boundary, i.e., that
klZ_N5+27 k2n§N€_2~

We will consider the possibilities of (a) intervals that overlap or are nearby, (b) intervals
that are the same (k; = k;41), and (c) boundary intervals at the end of Step 5.

We start by defining n left stopping points xi,..., x» in the following manner. For
1=1,...,nweset

i i=inf {y > ap,_1: u(y) =0and |u(z)| =1-46

for some z € (zr,—1,9) }. (4.18)
Here we set x; = L. if the corresponding set is empty. It is easy to see that these
random points are all left stopping points. In a similar fashion, fori =n+1,...,2n we
set

Xi :=sup {y < zp,41: u(y) = 0and |u(z)| =1-46
for some z € (y, zp,41) }- (4.19)

Here we set x; = —L. if the corresponding set is empty. Then y; is a right stopping
point forallt =n+1,...2n. For any u in A’g, all the left and right stopping points y; are
contained in the corresponding intervals I}, and, furthermore, we have

X1 <X2 <ot < Xn < Xnt1 < oo < Xon- (4.20)

Finally, note that as soon as x; # L., we have that u(y;) = 0.

For any left stopping point x; € {xi,...-X»} and any right stopping point y, €
{Xn+1,---,Xon}, we now define the reflection operator RYr. If xu < X (which is the
case for any u € A§ as remarked above), we set

—u(x) for x € [x1, xr),

RXru(x) == {U(I) for = ¢ [xu, xr]-

If xi > x» we set R{ru := u. We clearly have RYr RXr = Id; hence, R} is injective
and onto. In order to show that RY: preserves ”;szs,Lg)' we observe that for any
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Figure 3: A typical path in A3. The reflection operator R turns the up and down transi-
tions in the intervals I}, into wasted excursions in the same intervals.

measurable and bounded test function ®: C([—L., L.]) — R, we have

B (@0 RY)

= EHE o 1 (1{X1<Xr}(I) °© RXT) IEl(h’L i )(l{Xl>Xr}(I) ° RQ.)

= Bl —Le,xi1] V]:[XT,LE]))

= (—Le,Le )(1{><z<xr}E( L..L. )(‘I’O
IE"I(JEL L. (l{Xl>Xr}q))
= El(LLll} )(1{XZ<XT}]E(X o )((I)OR%Z‘))
+ETH (Lo @)

Now we can use the fact that on the set {x; < x,} we have almost surely that u(y;) =
u(x,-) = 0 and the invariance of the measure ug () under the reflection R: u — —u.
Note that the latter property relies on the symmetry of the double-well potential V. We

get
£ =D " e, —1,1
]E;(L L.,L E)(l{xKxT}Elel;.)(q’OR%)) +E7 L.,L a)(l{x»xr} q))

= E?EglL )(1{X1<X7} EC )(‘I’)) B 3 1)Ly @)

(3.10) e, —1,1
= B (). (4.21)

Now we are finally ready to define the reflection operator as the composition
R:=R}" o -0 RY"*2 o RYm+. (4.22)

We have again that R? = Id. For any profile u € AL the operator R acts in the following
way: In intervals of the form (x;, x;+1) for i odd, u is replaced by —u, and on the rest
of the system, u is left invariant. The action of the operator R on a typical path in Aj is
illustrated in Figure 3.

Finally, define the reflection of a set A as

RA = {v:v=Ruforsomeuec A}.

As a composition of measure-preserving transformations, the operator R preserves

ue_(l_lL L) as well. Hence, we have in particular that

“;(1’—1L5,L5)(A§) - “;(1¥1L5,L5)<RA§>' (4.23)

This is useful because for u € .A§ the profile Ru has a wasted 6~ excursion on each
interval I}, (as is easy to check). In other words, we note that RA’§ is a (proper) subset
of the functions with wasted §~ excursions in the given intervals.
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Step 5. It remains to bound the probability of the sets RA§. Again, let us at first as-
sume that the I} are well-separated and away from the boundary in the sense described
above. We consider the more general case at the end of this step.

Using the Markov property again, we have

-1,1 k
u€7(7L€ 7LE) (RAS)

< u;(lfLs,LE) (u € CA; and in each I, there is a wasted §~ excursion)

M M
= / e / l/kl—2,k1+2,k2—2,...,k2n+2 (dukl_g, duk1+2, dukz_g, e ,d?Lk2n+2)
-M -M
2n
Uk, _2,Uk, . _ . .
H ikt (there is a wasted §~ excursion in Ik.), (4.24)
e (Th; —2,Th; +2) i

=1

where vi, 2k, +2.ky—2,... kon+2 denotes the distribution of the 4n-dimensional marginal
u(mkl_g),u(a:k1+2),u(:rk2_2), N ,u(l’k%/_._g).

Now we would like to apply the large deviation bound (3.17) and the energy bound
from Lemma 2.5. We observe that a § ball around paths with a wasted d~ excursion is
equal to the set of paths with a wasted (2)~ excursion. As a result, we get that for any
v > 0 and § > 0 there exists an ¢ > 0 such that for all € < ¢y and for all boundary data
contained in [— M, M], the probability of a wasted 6~ excursion is bounded by

Uk —2,Uk;+2

He (zp, -2 ox, +2) (there is a wasted 0~ excursion in Iki)

<exp (- é(co—wé—y)). (4.25)

Choosing 4 sufficiently small with respect to v and estimating the integral of v by 1 as
usual, we have from the combination of (4.23), (4.24), and (4.25) that (4.17) holds (up
to a redefinition of v). Thus, finally, (4.14), (4.16), and (4.17) imply

o n 2ncy — vy
Metsza,La)(A‘g) S (L6)2 exp (—6> ,

which concludes the proof of the upper bound in the well-separated case.

It remains to consider the three special cases: (a) intervals that overlap or are
nearby, (b) intervals that are the same (k; = k;11), (c) intervals that are boundary inter-
vals.

Case (a) If two or more intervals overlap (i.e., if k; = k;_1 + 1) or are nearby (i.e.,
ifk;_1+2 <k <ki_1+3), then we lump them together into a single, larger interval
and proceed as in (b), below. The size of the largest possible interval formed in this
way is (4 4+ 3(2n — 1))¢. Our energy estimates require only that the interval length be
sufficiently large and our large deviation estimates are uniform as long as the interval
length falls within a compact set. (Here we rely on the fact that n is order-one with
respect to €.)

Case (b) If a multi-index %k has repeated indices so that there is more than one
6~ transition layer in a single interval, then we will use large deviation estimates for
the event of having more than one wasted §~ excursion in a single interval.

Assume that we have k; = k; 11 = ... kj; for some j < 2n and some 1 < m < 2n.
Furthermore, assume that the set of m + 1 indices is maximal in the sense that either
j=1ork;_; <k;—4 and similarly that either j +m = 2n or k41 > kj1m +4. In this
case, we define the m + 1 stopping points xj, ... X;+m in the following way.
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Consider any index ¢ € {j,...,j + m} that satisfies ¢ < n. For i = j, we define yx; as
in (4.18). On the other hand, for i > j, we define

xi :=inf {y > 2}, _1: u(y) = 0 and there are (i — j) 6~ layers in (zx,-1,¥)}.

As usual, we define y; = L. if the set above is empty.
Now consider any index ¢ € {j,...,j + m} that satisfies ¢ > n. For i = j + m, we
define x1m as in (4.19). On the other hand, for i < j + m, we define

Xi = sup {y < g, 41 u(y) =0
and there are (m — (i — j)) 6 layers in (y, zy,+1) }-

Again, we take the usual definition x; = —L. if the set above is empty.

As above these random points x; are left stopping points for < < n and right stopping
points for ¢ > n + 1. Furthermore, we still have that (4.20) holds for all u € A’?f . The
measure preserving reflection operator R can be defined as above in (4.22), and R maps
each u € A% to a path that has m + 1 wasted §~ excursions in [ k;- (Specifically, we mean
m + 1 wasted 6~ excursions on intervals (z* 2" ) C Iy, for i € {j,...,j + m} that are
mutually disjoint except for possibly the endpoints.)

We leave it to the reader to verify that a generalization of Lemma 2.5 is:

Lemma 4.2. There exists C < oo such that, for every M € (0,00) and § € (0,1/2), there
exists £, < oo with the following property. For any system sizes (1, {5 > ¢, and boundary
conditions uy € [-M, M], set

AP = {u € O([—y — lo, by + Lo]): u(—by — o) = u_,u(ly + lo) = u, },

AL° = {u € AP°: u has m disjoint wasted = excursions in (—{1,¢;)}.

Define the optimal cost
1 /. .
coi= i&f Byt tr402) () = I By 0,400) (1) | -
Then we have

ce— ¢cg > —Co6.

Case (c) Suppose for instance that there is a transition layer in (z_n_,2_n_11).
Then we know the boundary value u(x_x.) = u(—L.) = —1, while the boundary value
u(zn.—2) at the other end of the subinterval is unknown. This is easily handled by a
suitable “one-sided” generalization of Lemma 2.5, which is easy to prove.

Using the facts from above, the proof of the upper bound is completed by decompos-
ing A’§ into the various cases and recovering the correct (and identical) bounds in each
case.

Lower bound.

We turn now to the matching lower bound, i.e., that

~1,1

Pe(“r..1 )( u has (2n + 1) transition layers )
2
> (L) exp (onﬂ) _
€
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As explained in Subsection 2, for the lower bound we will work with §* transition
layers (cf. Definition 2.6). Because of the boundary conditions and the definition of §+
layers, it will be sufficient to show that, for some 6 € (0,1/2), we have

~1,1

Ko (5.1 (whas (2n) 67 transition layers )
2
2 (Le)*" exp (—W> : (4.26)
€

Indeed, in analogy with the upper bound, the probability of 6 layers is bounded above
by the probability of transition layers, and because of the boundary conditions there
must be an odd number of transitions.

Step 1. Once again, we will use the gridpoints z; defined in (4.3). Our first step is to
get some control on the values of u at the gridpoints. The following lemma, used below,
is established via techniques similar to those used for the upper bound.

Lemma 4.3. For any M < oo sufficiently large, there exists ¢, < oo and €9 > 0 such
that, for ¢ > ¢, and ¢ < ¢y, we have for any L. satisfying (1.10) that

P L) (“ € CAy: u(z) <0 forallz € [-Le, —26]) > (4.27)

W =

Recall the definition of A, in (4.6).

The proof is similar to the proof of the upper bound, and is deferred to Subsec-
tion 6.5. The main idea is that while the boundary conditions force there to be a transi-
tion layer, with high probability, there is only one transition layer. Moreover, by symme-
try, this layer is as likely to appear on [0, L.] as it is on [— L., 0] (hence neither probability
can be more than 1/2). On the other hand, for u to hit zero away from the transition
layer is energetically unlikely, by arguments similar to those used for the upper bound.

Step 2. With Lemma 4.3 in hand, we turn to the basic set-up for the lower bound. In
this case, we will not want to use overlapping subintervals. We will also not work with
the full system, but only with intervals on the left-hand side. Specifically, we will work
with

Iy = [25_1,2141] for k€ {—(N.—4),~(N.—8),..., -4} = E.

We have assumed without loss of generality that 4 divides N.. (If not, then N. = 45 +r
for some j € IN and r € {1, 2, 3}. Replace N, by N, — r throughout.)

We remark that, as usual, for an event falling in the interval I;,, we will condition on
the boundary values on a larger interval. Specifically, we will use a Markov decomposi-
tion in which we condition on the boundary values of the enlarged interval

I:k = [$k72, $k+2]~

Notice that for all £ € E, the enlarged intervals I, are nonintersecting. For future
reference, let us denote the set of boundary indices

Ey = {7(N€ - 2)7 7(N€ - 6)a ) 72}'

The rough idea is to consider sets of functions having 2n layers with a layer in one
of the intervals I}, for 2n distinct values of £ € E. Unfortunately, because we work with
functions u that have at least 2n + 1 transitions rather than exactly 2n + 1 transitions,
a given function v may have more than 2n + 1 layers and belong to more than one of
the sets we have just described. Hence we cannot translate the probability of the union
into the sum of the probabilities. In order to work around this, we will work with more
restrictive sets.
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Analogous to the set A; defined in (4.6) above, we define the following set. Rather
than keeping track of all the boundary values, it will be convenient to track only the
boundary values for the extended intervals described above. That is, we consider

A= {u: |u(zg)| > M for some k € E, }

We now introduce a set that is analogous to the set A§ defined above in (4.15) (but
more restrictive, for the reason we have explained). For ease of notation, we do not
introduce a new label. Let k = (ky, ..., ka,,) and consider the set

Ab=CA; N {in each I}, with i odd there exists a 6+ up layer
and in each I, with i even there exists a 6+ down layer and

for k € E\ {k;, 1 <i < 2n} u does not have a §* layer in I}, }
Clearly, we have the following inclusion of sets of paths:

{ whas (2n) 6* transition layers } D U Ag, (4.28)
kez
where 7 is the following set of well-separated indices on the negative x-axis:

= {E — (K1, ko, ... kap) € B2 forall i, ki_; < k}

Moreover, the sets A§ for k € T are disjoint, so that (4.28) implies

;(1 L..1.)(whas (2n) 67 transition layers ) Z /,Ls_(l 1L L (A5). (4.29)
keT

The set on the right-hand side of (4.28) is certainly smaller than the set on the left-
hand side, but the bound will be good enough on the level of scaling since

IZ| > N2 > (L.)*™. (4.30)

Step 3. Given (4.29) and (4.30), we will be done if we can establish that forany v > 0
and for € > 0 sufficiently small, we have

—11 k 2nco + 7y
ooy (A5) ZeXp(—f). (4.31)

To this end, fix any multi-index k& € Z. We will now bound the probability of A§ using
reflections, as we did for the upper bound. Indeed, let

X2i—1 = inf{y €y, ,:uly) =0, u(x)=—-1-94
for some = € (i, -1, y)},

X2i 1= Sup{y €y, u(y) =0, ulx)=-1-90
for some x € (y,kaﬂ)}.

Then we define the reflection operator R as

R=Rg" o---RE.

X2n—1
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By the same argument as above in (4.21) it can be seen that this operator preserves the
measure u;%’_lLE 1.)- Notice that R creates §* wasted excursions in the intervals I, and
cannot create layers in any interval I, for k € E'\ {k;, 1 <1i < 2n}. We recover

-1,1 k
'usv(_La’Ls) (A3>
—1,1 E
= M‘Ev(_LsaLE) (RA?))

M M
= / - / V_(N.=2),—(No—6),....—2 (du_(n.—2), du_(n. ), - - - , du_s)
—M —M
2n

U, —2,Uk . . . .
| I i there is a wasted §* excursion in I,
5’(Eki—2,$ki+2) g

i=1

Uk —2,Uk+2 . + .
H e (2 ronsa) ( there is no 6™ layer in Ik>
keE\{k;,1<i<2n}

0 0

> / / y_(NE_2)7_(N6_6)_’_“7_2(d’u,_(NE_Q),du_(Ns_6)7...,du72)
-M -M
2n

Uk, —2,Uk, . . .
H it there is a wasted §* excursion in Iy,
e, (Th;—2,Tk; +2) ’

i=1
H T ( there is no §* layer in Ik>. (4.32)
ke E\{k;,1<i<2n}

As usual, v denotes the distribution of boundary values, here at the boundary points of
each extended interval I, for k¥ € E. Note that the second equality follows from the
definition of wasted 6 excursions. The definition of wasted §~ excursions is different
and led to an inequality in the analogous estimate, cf. (4.24).

We remark that we do not actually need to condition on the boundary values for
every k € E—it would be enough to consider the intervals I, for k € k and the comple-
mentary intervals—but doing it this way keeps notation simple and because of (1.10), it
does not affect our bound by more than an exponentially small amount.

We now turn to the lower large deviation bound (3.18) and the energy bound from
Lemma 2.8 (where we use that the boundary values are in [—M, 0]). We recall that the
set A‘gc from (2.7) was defined precisely so that

,pre

B(Agfpre, §) = {u: u has a wasted § excursion in [/, ¢]}.

Therefore, applying the large deviation estimate to (4.32), we conclude that for any
v > 0 and § > 0 small enough, there exists an 9 > 0 such that for any k£ € 7 and any
e < egg, we have

_ i 2ncy + 7y _ Z
1,1 k 0 1,1 k
T (AR > exp (_6 ) W (AR, (4.33)

where
Ak ::{u: u(zy) € [-M,0] for all k € E}, and
uw has no layerin I forany k € £\ {k;,1 <i < Zn}}.
At the same time, for any k € T we have

A¥ D {u e CA;: u(z) <0 forall z € [L., -2},
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where A; includes all the gridpoints, as defined in (4.6). Hence by the estimate (4.27)
from Lemma 4.3, the lower bound (4.33) improves to

1,1 % 1 2nco + 7y
Mev(_LsyLs) (Alg) 2 g eXp ( - f)7 (4.34)

which establishes (4.31) and completes the proof of the lower bound.

5 Proof of Theorem 1.9: The uniform distribution of the layer
location

As pointed out in Subsection 1.3, the proof of Theorem 1.9 relies on the construction
of a measure-preserving operator R, .. This operator maps paths that exhibit a transi-
tion near y to paths that exhibit a transition near z. It is constructed by performing a
point reflection between hitting points of +1 near y and z.

The main difficulty of the proof is to show that these hitting points exist with very
high probability on the set of paths that perform a transition near y. The argument for
this is provided in the following two lemmas.

The first lemma states, roughly speaking, that in the “bulk,” fluctuations around +1
are of order £'/2. The system needs O(|log¢|) space to relax to this scale. For simplicity,
we state the lemma for paths that stay close to 1. By symmetry, the analogous statement
holds near —1.

Lemma 5.1. There exists C' € (0,00) with the following property. For every {y < oo
sufficiently large, there exists €, > 0 such that the following holds. For every ¢ and ¢
with e < eg < ¢, there exists K. € IN with

K. ~log (,/60>
€

le = (2K€ + 1)&)

such that for

and all uy € [1/2,3/2], we have

[e
Ut sup Ju(x) —1| >,/ —
'us,(—fs.[g) <x€[lo,l0} | ( ) ‘ €0

1
Ju(E(2k —1)lo) =1/ < 5 k=1,2,... K)

We present the proof in Subsection 6.6. Next we need a lemma that says that with
positive probability, the path actually hits +1. Again, we state the result for hitting
points of +1. By symmetry, the analogous statement holds for hitting points of —1.

Lemma 5.2. For any {, < oo sufficiently large, there exist ey > 0 and A € (0,1) such
that the following holds. For any uy € [1/2,3/2], any e < g, and K, {. as in Lemma 5.1,
we get

B (E!x € [—4o, £o] such that u(z) =1
1
’|u(i(2k ~ Db -1 < 5 k= 1,2,...,K5> >1- A\
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The proof of this lemma, also presented in Subsection 6.6, follows as a corollary to
the previous result by a rescaling argument.

Proof of Theorem 1.9. We will show that for some § € (0,1/2) and any « > 0, we have
for ¢ sufficiently small that

L. _
l-—a< (f K, (1_1L o) (at least one 6~ up layer of length < 2/

infy—de,y+d]) <1+ (5.1)

At the end of the proof, it will not be hard to improve from a §~ up layer of length less
than or equal to 2/ to a full up transition layer.

Notation 5.3. For brevity, we will often say “a transition layer < 2{” as shorthand for
“a transition layer of length less than or equal to 2¢.”

For ¢ small enough we consider intervals of type J, . = [y —d.,y +d.| C [L., L.]. The
main step of our argument consists of proving that the probabilities of transitions in
these intervals J, . for different values of y are roughly the same. Hence fix two points
y, z such that J, ., J. . C [-L., L.]. Without loss of generality, assume that y < z.

As above in the proof of Theorem 1.5, let / and M be large constants to be fixed later,
and let N, and x4 be as defined in (4.2) and (4.3). Moreover, consider the overlapping
intervals I, = [zk—1,2k+1] as in (4.4). Finally, define as in (4.6) the “bad set” A; of
functions that have boundary values larger than M in magnitude. In (4.9) above, we
have already established that there is a universal constant C5 € (0, c0) such that

M
—-1,1
Ma,(fLEA,LE)(Al) < L. exp (_ ng-:)

Hence, for the system sizes L. that we consider, the probability of .4; can be made
arbitrarily small by choosing M large.
We now define the set of functions

Jye :={uelA;: uhasad uplayer <2/in J,}. (5.2)

The set J, . is defined analogously. In Steps 1-3 below, we will establish that the prob-
abilities of the J, . and J. . are roughly the same. The bounds that we obtain will be
uniform with respect to y and z. Finally, in Step 4 we will show how this implies (5.1),
and in Step 5 we will improve to the statement of Theorem 1.9.

Step 1. The first step consists of proving that on the set J, ., with high probability,
the profile u is close to —1 on a sufficiently large interval J; _ just to the left of J, . and
close to +1 on a sufficiently large interval J7 | just to the fight of J, .

The length h. of each of these auxiliary intervals J; _ and J; , will be chosen below
such that

|[loge| < he < d..

We first fix the “inner" boundary points of J; _ and J  : In units of /, we set

k;+ ::max{k: T §y—d€} -2,
kS :zmin{k: T > z—i—da} + 2.

Let K. be as in the statement of Lemma 5.1. The idea is to make the probability of
hitting +1 on the auxiliary intervals large by concatenating many subintervals of length
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€
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The _ Tge |
%/—/
he 2d.

Figure 4: The interval J, . and the auxiliary interval J; _ to its left.

K ¢ and applying Lemma 5.2 on each subinterval. With this end in mind, we fix integers
K. such that

K.>1 and he = 02K, + K. < d.. (5.3)

Then we set
ki =kj, —(2K.+1)K. and ki, =k +(2K.+1)K.,

and finally
Sy = kg Lk ] and Jo o= (kS kS L.
(See Figure 4 for an illustration of J, . and Jyj_f.)
We also define the following sets of indices

2 ={k:k; <k<kj,}, I7:={k:ki_ <k<ki,}.

For later use in (6.81) in the proof of Lemma 5.5, we will make the additional growth
assumption
|Z5| = K. + 1)K + 1 < exp(cy /4e), (5.4)

where ¢; > 0 is defined in (6.86), below. This is not a strong condition; we will typically
think of h. as being much smaller.

Finally, we define another set of “unlikely" paths, paths that have extra §~ layers to
the left of J, . or to the right of .J, .:

Ay 5= {u € J,.: there exists z < (kj , + 1) £ with u(z) > 1 -4},
Af 5= {u € J,.: there exists x > (ki _ — 1) £ with u(z) < -1+ 6},
Ays = A, 3 UAS . (5.5)
We now introduce two lemmas. The proofs of both lemmas are given in Subsection
6.6. The first lemma is an extension of the upper bound in Theorem 1.5 and states

roughly speaking that conditioned on having a transition in a given interval, the proba-
bility of extra layers somewhere else is small.

Lemma 5.4. LetY be a subinterval of [—L., L.] and letx_ = k_¢ and z = k. ¢ be two
gridpoints (cf. (4.3)) to the left and to the right of Y respectively with distance > ¢ from
Y. We denote by Jy and Ay 3 the sets

Jy :={u e lCAy: whasad™ uplayerinY},

Ay, :={u € Jy and u has another §~ layer outside of [x_,z]}.

Fix any v > 0 and any M < oo sufficiently large. For any § > 0 sufficiently small and
{ < oo sufficiently large, there exists ¢y > 0 such that, for all € < ¢y, we have

/U';(L_lLE_’LE) (-AY,3) /S Le exp ( - © ; ’Y>‘u;(17—lstLs) (jY) (56)
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We now apply Lemma 5.4 for Y = J, . and for x_ = (k; , +1)fand x4 = (k; _ —1)¢.
Because of the boundary conditions, the absence of layers to the left of x_ and the right
of x implies in particular that v < 1—4 to the left of x_ and that v > —1+ 4 to the right
of . Hence we deduce that

—1,1 Co— 7\ —-1,1
Pe (~L.,Lc) (Ay3) S Leexp ( B )Hg,(_LE,LE) (Ty.e)- (5.7)

The second lemma establishes that, on the other hand, when there are no extra lay-
ers, there is only a small probability of making an excursion from —1 at some gridpoint
in J; _ (respectively, an excursion from 1 at some gridpoint in JZ ). The result from
the second lemma is exactly the necessary ingredient that we need in Step 2 in order
to invoke Lemma 5.2.

Lemma 5.5. Fix any M < oo sufficiently large. For any 6 > 0 sufficiently small and
{ < oo sufficiently large, there exists ¢y > 0 such that for all ¢ < ¢y we have

'u’e_,(lfLE,Ls)(u € Jye NCA, 5+ |u(zg) + 1] > % for some k € I° )
< exp (_ ;i-)p’a_,(lfLE,LE) (Jy.e)s (5.8)
and, similarly,
M;(l’,lLa,LE)(u € JTyeN EA;F,:),: lu(zy) — 1] > % for some k € T )
s exp ( B ;)M&(lfLs,LE) (Tu.e), (5.9)

where c; is defined in (6.86), below.

Step 2. The second step of the proof consists of showing that paths in the set 7, .
have hitting points of —1 in J7 _ and hitting points of +1 in JZ | with large probability.
This is captured by the following lemma, which is also proved in Subsection 6.6.

Lemma 5.6. There exists C' € (0,00) with the following property. Fix any v > 0 and any
M < oo sufficiently large. For any § > 0 sufficiently small and ¢ < oo sufficiently large,
there exists ¢y > 0 and 0 < A < 1 such that, for all € < gy, we have

u;(l’_lLE L) (u € Jy,-: no hitting of —1 in J;ﬁ)
< 1 11
S5 EE N Cpnn(Tue), (5.10)
,u;éfLa roylue Jy,e: no hitting of +1 in JZE,JF)
1 ~-11
< §E(5) 'UJe,(—LE,LE)(j%E)’ (5.11)

where the error term satisfies

E(e) :C(/\K€+Lgexp(w> Jrexp(;l)), (5.12)
€ €
and c; is defined in (6.86), below.

Step 3. Now we are ready to define the reflection operator R, .. First, we define the
following left and right stopping points

x- =inf{z e J5 :u(x)=-1},
X+ =sup{z e J; :u(z)=1}.
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Figure 5: The reflection operator R, . performs a point reflection of the path between
the left and right hitting points x . In this way the ¢~ transition in J, . is mapped into
JS ..

Here we use the convention that x_ = L. if there is no hitting point of —1 in J; _ and
similarly x4+ = —L. if there is no hitting point of 1 in J . We use these hitting points
to define the reflection operator

u(x) forx < x_,
Ry-u(z) := ¢ —u(x_ + x4y —x) fory_ <z < x4, (5.13)
u(x) for x > x4,

if x- < x4+. We set R, to be the identity otherwise. In other words the operator R, .
performs a point reflection of the graphs of u between the left and right stopping points
X+. As in Step 4 of the proof of the upper bound in Theorem 1.5, one argues that the
strong Markov property (3.10) implies that R, . leaves the measure u; (1_1L L) invariant.
The action of the reflection operator is illustrated in Figure 5.

Assume that u € J, . is a path that admits a hitting point of —1 in J; _ and a hitting
point of +1in JZ ,. Recall that if u € J, ., then v has a 6~ up transition layer of length
<2¢in J,.. Under R, , the 0~ up transition layer is mapped from J, . to near J, . and
we would like to conclude that the reflected path is contained within 7, ..

Unfortunately, the layer does not necessarily fall within J, .. What is true is that

there is a 6~ up layer of length less than 2/ in the extended interval
Ji o=z —de = 30— he,z+d: + 30+ hel. (5.14)

(Recall that h., the length of the auxiliary intervals, was defined above in (5.3).)
Let us denote by 7. the set of functions with a §~ up transition layer of length less
than 2/ in J7 _:
J¢.:={u: uwhasad~ uplayer <20in JS_}.

In Step 2, we had established that

—-1,1

Pe(“r.p.) (u € Jy.e: no hitting of —1in J; _ or no hitting of +1 in J§7+)

-1,1
< E(e) He (~L.,L.) (jy@)'
Hence, as R, . leaves u;(lfLE 1.) invariant, we can conclude that

N;gfLE,LE)(st) > (1 - E(s)) ﬂ;éng,Ls)(jyvs)' (5.15)

An analogous construction to turn transitions in J, . into transitions near J,. can be
performed to obtain the same bound with J, . and J, . interchanged.
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Step 4. In this step, we establish the bound (5.1). For notational convenience we will
establish the bound in the case of the center interval [—d., d.], but our argument does
not depend on this. More precisely, what we show is that for some § > 0 and any a > 0,
there exists an ¢y > 0 such that, for ¢ < ¢y, we have

Ls —1,1

R “s,(—LE,LE)(“ € CA;: at least one §~ up layer

oflength < 2¢in [—d.,d.]) —1| < a. (5.16)

The main ingredient will be the estimate (5.15). We will also make use of Lemma
5.4 but except for that, the argument is completely elementary and only consists of
choosing the right intervals and sets of paths.

We first split up the system into smaller blocks. Actually, it will useful to define two
different partitions {Jy .,k = —M,,..., M. — 1} and {J;, ,,m = —M.,...,M. — 1} of
[-L., L.]. The lengths of the intervals J; . will be chosen small relative to d. but still
large relative to |loge|. These intervals will be overlapping and play the role of J, .
when we apply (5.15). The intervals J, . will be slightly larger than the intervals Jj .
and will be of distance 2¢ away from each other. They will be used as J7 . when applying
(5.15).

We fix integers M, and k. such that

|loge| < M7 'L. < d.,
and k.M 'L. <d. < (k. +1)M'L.. (5.17)

Then we set Je := L. /M, and define the overlapping intervals
Jee = [kd. — 20, (k+1)d. +20], k=—(M.—-1),..., M. —2.
The boundary intervals are defined as

J e i=|—Le,—(M. —1)d. +2¢] and
Iato—1,e =[(M. —1)d. —2¢, L.].

As above in (5.2), we then define the associated sets of paths as
Tr,e :={u € CA;: whas 6~ up layer of length < 2¢in J . }. (5.18)

In order to define the slightly longer intervals, in analogy to the parameters h. and
K from Steps 1-3, we choose parameters h. and K. such that

I:(E >1 and h.:= (2K, + 1)[:(5 < min {ci, exp (Z;) } . (5.19)

These parameters then define the error term (as for E(¢) in (5.12), above). We now
define the integers M. and m. such that

1 ~ 1
M() _1 <L < M<)
1+ (heM)L1! 1+ (heM)L™1
and m.M 'L, <d. < (m.+1)M'L.. (5.20)
As above, we define the intervals

JE o= [mM 'L +2¢,(m + 1)M'L. — 2], m=—M,,..., M. —1.
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Each of these intervals J7, . is of length

Le LE 7
= = + he — 44, (5.21)
£ €
and in particular these intervals are long enough to use them as J; . in (5.15). Actually,

when comparing (5.21) to (5.14),~one notices a discrepancy in the length of 104 but this
can easily be treated by making h. a bit larger.
We define the associated sets of paths

Te :={u: uhasad” uplayer <2¢in J; _},
Tile ::{u € Iyt uwhasnod~ up layer in any J; . for any n # m}
After these preliminary definitions, we are now ready to proceed to the proof of
(5.16).
As mentioned above, the intervals J;, . are overlapping. In particular, every 6~ layer
< 2¢in [—d.,d.] must be contained in at least one of the Jj .. This implies that
ue_(l L.L. )(u € CAy: 6~ up layer < 20 in [—d., d.])
]fs

< Z M;(lfLE,Ls)(jk,s)~ (5.22)

k=—(ko+1)
In the same way we see that every possible path on [—L., .| must be either

* in one of the unlikely sets A; or A, defined above in (4.6) and (4.7)
* orin at least one of the sets Jj ..

This implies that

M.—1

Z /“Li(l lL L) jk 6) - - /”L;%ELE,LE) (Al U A2)7 (523)

k=—M.
and hence we have

171”57(11L 1) (AU A)

—1,1
méixlu’aa(—L@La)(jkvE) 2 2]\4‘S (5.24)
On the other hand, applying (5.15) gives that for any £ and m
—1,1 1 11 e
p’s,(fLE,LE)(jkaE) <(1-E@) » (—Le,Le )(jm e)- (5.25)
Then, applying Lemma 5.4 with Y = J7, _, we have for every m that
-1,1 e —1,1 e,%
(1-E(e))n He (~L. L. )(jm,s) Sy R )(jm,s)- (5.26)
Finally, the sets J7,. are all disjoint and in particular, we have
M.—1
-1,1 e,*
Z Pe(Zr..Lo) jm,s) <1,
m——]b[e
which implies that
. —-1,1 e,x
’ 3 < — .
mingis My () < g (5:27)
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We now collect ingredients to deduce the upper bound

N;szs,Ls) u € CA;: uwhasad™ uplayer < 20in [—d.,d.] )

k
(5.22) : 11

< Ma,(fLE,LE)(jkﬁ)

k:_(ks+1)

< (2k.+2) max “;éfLs,Ls) (Tr.c)
(5.25) _

< (1—-E@E) M2k +2) min ,u&(lfLs’La) (Te)
(5.26) . — e,

< (1-E() %2k +2) min ua(l’_lLE’LE) (Jm’ﬁ)
(5.27) k 1

< (1-E@E)? (ke 1) (5.28)

M.

The proof of the lower bound now follows along similar lines:

u;g’_lLE,LE) (ue€CA;: whasad™ uplayer < 2¢in [—d.,d.] )

iz (Cp, g (A1)

me—1
D DR ARG
> memint, L (50)
P (- BE) 2memingi M, (T5)
e (1— E(e))” 2m. mgxuj’_lLE,LE>(~7k,e)
egr (1-E@)°(1- o (Cp (AL U A2)) ]7:146 ' (5-29)

€

Now, fror~n the assumptions (5.17) on k. and M, as well as the assumptions (5.20) on
me and M_, we have that

an
2|3

and 1< —
M.

QA

1. (5.30)

il
A
a

ke +1Lc
de

Moreover, if we choose for instance M > 4 (5 ¢y in the bound (4.9) on A;, we recover
~1,1
Lepig (Cp, 1A <1< de. (5.31)

Combining (5.28), (5.29), (4.13), (5.30), and (5.31) establishes (5.16), as desired.

Step 5. It remains to remove the restriction on the length of the layer and improve
from a 6~ up layer to a full up layer.
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The upper bound is immediate, since

u;%fLE L) (u € LA, and there exists an up layer in [y — d.,y + d.])

< u;?_lL&LE) (u € CA; and there exists a 6~ up layerin [y — d., y + d.])
< u;(lfLE,LE) (u € CA; and there exists a 6~ up layer < 2/in
[y —de,y+ da])

+u_ . 1y (weCAyand w € [~146,1— 6] on

all of [z, 441] for some k)

(5.1),(4.13) d. 520
< e _ -
(1+a)L5 —|—L€eXp( Cls)
de
< 1+ 2a)—
< (1+2a) .

for / large enough with respect to 1/6°.

For the lower bound, on the other hand, we use Step 2 once more. To this end, we
will consider layers falling strictly interior to .J, . on the subset JZS?E = [y —de + he +
3¢,y + d. — he — 3{]. Then, according to Step 2, there is a high probability of hitting +1
on J, .\ J... More precisely, notice that we can estimate

u;(l’_lLE,LE) (u € CA; and there exists an up layer in [y — d., y + d.])
> “;ELE,LE) (u € CA; and there exists a 6~ up layer < 2/ in J,
and v hits —1in (y — d.,y — de + h. + 3()
and v hits +1 in (y + d. — h. — 30,y + d.))
> (1 — E(s)) u;(l’_lLE’LE) (u e CA; and
there exists a § up layer < 2¢ in JE’E), (5.32)
where in the last line, we have applied Lemma 5.6. On the other hand the probability
on the last line can be estimated

,u;éfLE’LE) (u€CAy and 6~ up layer < 2/in JJ,)

> u;%’_leLE) (u € CAy and 6~ up layer < 2¢in J, )
- u;;fLE’LE) (u € CA; and 6~ up layer < 2¢
in (y_dsay_ds+h€+5£))
_ M;szE’LE)(u € CA; and 6~ up layer < 2/
in (y+d€ _hs —5E,Z/+de))~ (533)

Applying the bound (5.1) to each term in (5.33) and substituting into (5.32) completes
the lower bound.

Finally, recalling the bound (4.9) on the probability of .A; completes the proof of
Theorem 1.9.

O

6 Proofs of the Lemmas

6.1 Proofs of preliminary energy lemmas

The energy lemmas rely on upper bounds and lower bounds for the energy over var-
ious sets. The upper bounds are derived based on constructions. (The minimum value
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of the energy is necessarily less than or equal to the value that we can achieve with any
given construction.) The lower bound, on the other hand, describes the best possible
value for any function and is based on the so-called Modica-Mortola trick discussed in
Section 2. Before we begin, we make a remark about our constructions.

Remark 6.1. In addition to giving us an ODE for the energy minimizer on R, equa-
tion (2.1) serves as the backbone for the constructions that are used to establish upper
bounds for energy minimization problems on finite systems. For instance, suppose we
want to minimize the energy on (—/,{) subject to u(+¢) = +1. For { large, we can
build a construction that almost achieves the cost cy. Specifically, consider the cen-
tered solution of (2.2) on (—¢ + a,¢ — a) for a = 1/¢. Linearly interpolate from its value
at —{ + a to —1 at —/, and symmetrically at the other end. Because of the exponential
convergence of the minimizer to +1 (cf, Lemma 2.1), the energy on (—¢,—{ + a) and
(¢ —a,l) is o(1) as £ 1 co. Similarly, if we minimize the energy over functions satisfying
u(xfl) = £M for M large, we can build a piecewise-defined construction that goes from
—M at —¢ to a neighborhood of —1 at —{/2, goes from a neighborhood of —1 at —{/2+a
to a neighborhood of 1 at //2 — a, and goes from a neighborhood of 1 at (/2 to M at ¢,
with linear interpolation near +{/2 to make the function continuous. The cost of such a
construction is

-1 1 M
/4\4 \/QV(zL)du+[l V2V (u) du + : V2V (u) du + 0(1) ¢,

where we write the integrals separately to emphasize the additivity of the energy over
the three subintervals described above. Because according to (2.1) we can get a good
bound using increasing or decreasing functions, the analogous bounds hold for u(+{) =
FM, u(+l) = M, et cetera.

If M is very large, the constant {, in the energy lemmas may also need to be very
large in order to make the o(1) term small. The idea in all of the following proofs is to
make this term small enough so that it can be absorbed into a 6-dependent term, so the
ordering of the constants is important: We fix M (large) and § (small) and then choose
¢, large enough so that the term(s) that are o(1) with respect to ¢ can be absorbed.

In what follows, it will be convenient to introduce the notation:

ot =| [ VaVGias [ Vv

Proof of Lemma 2.3. We will establish (2.4) via an upper bound on the energy over Abe
and a lower bound on the energy over A§°. Because of the extra condition in .A5¢, the
energy on (—/, () is large (of order §2/), and we do not have to be as careful about the
boundary conditions as usual. A rough bound will suffice.

Step 1. As explained in Remark 6.1, the upper bound relies on a construction. Given
any u_ € [—M, M], we can use the solution of (2.1) to connect to a neighborhood of 1
or —1, and similarly for u,. If the optimal connection for w_ is to —1 and the optimal
connection for uw, is to +1, then in order to build a continuous construction, we incur
the additional cost ¢_1(1) = ¢y, where we have used the notation introduced above
and recalled the value of ¢y from (1.9). (If the optimal connection for u_ and u, is
to the same value, then the construction does not incur this extra cost, but the upper
bound is still valid.) Putting together these three pieces of the construction and the
small correction terms for continuity (see Remark 6.1), we can express the upper bound
derived in this way as:

) py1(u) =

inf E(_2¢,2¢)(u) < min{e_1(u-), p41(u-)}
u€ Abe

+ min{y_q(uq), pr1(us)} +co + 0o(1) - (6.1)
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Note that Assumption 1.1 allows that o(1)¢1., may depend on M: If u_ is very large, the
(near) optimal connection from u_ to 1 requires a lot of space. This explains why /, in
the statement of the lemma depends on M.

Step 2. Now we turn to the lower bound over ABC. On the one hand, on (—¢,¢), the
condition in A5¢ implies that the integral of V over (—/,) cannot be too small. Using
the quadratic behavior of V' near +1 (see Assumption 1.1), we have for § small enough

¥4 " 2
V(1) L6
B(t)(u) 2 / Viw)de > oL

(6.2)
To integrate over the rest of the interval, we recall the trick of Modica and Mortola
that was explained in Section 2. Consider first (—2¢, —¢). We divide into two cases:
|u—| > 1 and the complement.
If u € AS° and |u_| > 1, then there is a point z_ € (—2¢, —¢) such that |u(z_)| = 1. In
this case, the Modica-Mortola trick on (—2¢,z_) gives

E(_a0,—0)(u) = E(—20,_y(u) = min{p_1(u_), p41(u_)}. (6.3)
On the other hand if |u_| < 1, then for ¢ large enough, we have

V(1) £6°

3 (6.4)

min{¢_1(u_),p41(u_)} <

If Ju_| > 1, then adding the contributions from (6.2) and (6.3) and subtracting the
contribution from (6.1) gives
inf E_ u)— inf E/_ U
A 20,20 (1) — b Ei_p20) (1)
V(1) 52 .
> VI winfoa(us), @i (i)} — co -+ o1t
On the other hand if |u_| < 1, then the contributions from (6.2) and (6.1) together with
the bound from (6.4) imply
inf E/_ w) — inf E/ _ U
A B 20,20) () Jnf B 20,20) ()
3V (1) 52 .
> WL info (), 0610} — 0 + o1
Since this is a weaker bound, it holds in either case.
Repeating the identical argument on (¢, 2¢) and in addition absorbing ¢ by V" (1)£52 /8
gives

inf E(,%%)(u)— inf E(72Z,2€)(u)

uEApe ugAbe
V(1) 462
> VIO 4 1)y,
8
which completes the proof of Lemma 2.3. O

Proof of Lemma 2.5. We rewrite the set A}° as
APC = A_ U Ay,

where the AL are the sets of paths that perform a wasted excursion starting from a
neighborhood of +1. We will prove the bound on the energy difference for A,. The
corresponding bound for A_ follows in the same way.
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As usual, our task is to produce appropriate upper and lower bounds.
Step 1. The upper bound on inf 4ve E(_g/ 2¢) (u) is by construction. Consider the
function u that minimizes F(_y, /) subject to

w(£20) =uy, u(0)=1,
and notice that

0
E(_9,20) (@) = inf {/—22 %(&CU)Q + V(u)dz: uw(0) = 1,u(—20) = u_}

2¢
+ inf {/0 %(@Eu)? + V(u)dx: u(0) =1,u(2¢) = u+}

= ps1(u-) + p11(ut) + o(1) oo,

uniformly for uy € [—M, M]. (This can be established by building a construction by
hand, as we have explained in Remark 6.1 and the proof of Lemma 2.3.) Hence, since
@ € AP¢, we have the (not necessarily tight) upper bound

inf B_2,20) (1) < B(-2e,20)(@)=p11(u=) + @1(us) + 0(1)eroc- (6.5)
Step 2. We now turn to the lower bound on inf 4, F(_y/ 2, (u). Recall the points x
that follow from the definition of .4, and Definition 2.4. Because of the properties of the
potential, we may without loss of generality assume that u(z+) =1 — ¢ and u(xg) = 4.
We now use the Modica-Mortola trick on (—2¢,2_) U (x4, 2¢) to recover

B apa y(u) + B, 20)(u)

> ppi(us) + o (uy) — 08
(6.5)
> inf E(_aro0(u) — C6% — 0(1) 1o (6.6)

T ueAbe
On the other hand, applying the Modica-Mortola trick on (z_,xo) U (29, x4 ) gives

1-06

Elo o) (W) + Egy 0y (u) > 2 V2V () du = ¢ - C6. (6.7)
5
Combining (6.6) and (6.7) completes the proof of Lemma 2.5. O

Proof of Lemma 2.8. Step 1. For the upper bound over A‘g;re, we use the function @
that minimizes the energy subject to

w(£20) = uy, u(£l)=-1-20, u(0)=24.

bc

s pre and hence the construction

As in the proof of Lemma 2.5, we observe that u € A
gives an upper bound

Aiblgf Eopon(u) < ooi(u) + o 1(uy) +2041(0) + C6 + o(1) 100

5, pre
=" o q(u_)+p_1(uy) +co+ Co+ o(1) oo (6.8)

Step 2. For the lower bound over A¢, we observe that for any u € A"°, either there
is a point z_ € (—2¢,0) and a point 21 € (0,2¢) such that u(zy) is in a é neighborhood
of 1 or —1, or else the energy (by the same argument as in the proof of Lemma 2.3) is
bounded below by §2/V"'(1)/2 for § small enough. We can choose ¢ so large that this is
greater than ¢_;(u_) + ¢_1(u4+) and hence dominates the boundary terms in (6.8). On
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the other hand, if the points x4 exist, then by the usual trick of Modica and Mortola, we
recover
inf E(—a¢,2(u)
> min{p_1 (u_), o1 (us)} +minfio (uy), o (ug)} — O3
=¢-1(u-) + ¢-1(uy) — €9, (6.9)

where the second line follows by virtue of the boundary conditions uy € [—M, 0] and the
symmetry of the potential.

The combination of (6.8) and (6.9) completes the proof of Lemma 2.8. O

6.2 Proof of the strong Markov property

Proof of Lemma 3.1. By subtracting h?ﬂ;:“;+), we can reduce the problem to the case of
zero boundary conditions. Under Wg”?:vﬂm)’ U — uif and u;f are jointly Gaussian and

centered, because they are both linear images of u. So it is sufficient to calculate their
covariances. Using (3.1), it is easy to see that, for all z1, 22 € [x_,z ], one has

Egiii) ((u - uzf)(xl) uﬁf (m)) =0,

and for z1,x2 € [Z_,%], one has

This shows the claim. O

Proof of Lemma 3.2. We start by observing that the statement of Lemma 3.1 implies
that

We,u_,u We,u
E(x,,x+) i (‘b‘]:[wﬂfcf] v f[zhw]) = E(i,,m)(q))- (6.10)
In order to prove the desired statement (3.7), observe that the density of ;LZE;?M)

with respect to W7 "+

T be written as

1 [+
exp ( - g/ V(u) dm) =U_Uy0,,
where

U_ ::exp(—l/: V(u)dm), U, = exp(—i/;u V(u)dw),

€ +
1 %+
and Vg :=exp ( - 7/ V(u) dm)
€Ji_
are measurable with respect to F[,_ ; |, Fz_,3,), and Fjz, ,.].- Suppose that test func-
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tions =_ and =, are measurable with respect to F|,_ ;_j and F;, .- Then we get
He U— U4 = =
Bl ( @2 2y (6.11)

1 We,u—,u
- ﬁﬂﬂ(m_ C(E v eweE,wy)
e(z_, x4
6.10) 1 Weu_ ug
= Zrar P e) (

e (- ,z4)

1 u—,u - ,u —_
- ZLTEE/;}E—7@+)+(:_W EFX z+)(‘1’®) (r B (@):+‘I’+)

e (@)

(6.10) U U e —_
Al Bl (2B (9) 5 ).

This finishes the proof of Lemma 3.2. O

= WERY (9We)E )

We are now ready to give a proof of the strong Markov property.

Proof of Lemma 3.3: We treat only the Gaussian case (3.9). Equation (3.10) then follows
as in the proof of Lemma 3.2.

We start by proving (3.9) in the case in which y_ and x are left and right stopping
points that attain values in a finite set {x',...,x" }. Then we can write

EWE,u77u+ (‘I)}]:[x,,xf] V f[x+,x+])

(1— w+)

We,u_,u
ZE:,: at+)+((I)1{X =x"} 1= x"‘}|}—[¢ X — ]\/}-x+wﬂ+>

1m=1

N N
= Z Z =y Lo = B ((I)|]:[L,X"] V]:[X’"',w+]>
(6.10) 1; ];
= ZZ x—=x"}{xs= XW}E(X xm)(q))
Ws,u
= E(X X+)(q))

In the second equality, we have used the fact that the x4 are left and right stopping
points.
In order to see the general case, we approximate the stopping points by

Y o= inf {z = i27 N i€Z, x> x-},
Xf = sup{x = iZ*N:iGZ,x§X+}.

Then x* and xf are stopping points taking values in a finite set and, in particular, (3.9)
holds for them. We have

x¥lx-  and XY 1txy asN oo

Now, in order to conclude that (3.9) also holds for x4, we first observe that for any
continuous, bounded ®: C([z_,z4]) — R, we have for every path v that
We,u
E(X X+) ((I))
We,u
= lim E N)(CD)

N—o0 N

We,u_,u
= lim E + ‘I"}—[z_,xlf] V]:[xfmr})

Nooo (@—:24)
= ELU(OFaay V Pl ea)-

(z—,zy)
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In the first step, we have used that, due to the continuity of u, the measures Wg(x N ANy
N Xy

converge weakly to W;f (x_,xy) @S can easily be confirmed. In order to see the last line,
it suffices to check that the limit in the third line does indeed satisfy the characteristic
properties of a conditional expectation.

This equality can then be extended to arbitrary test functions ¢ with a standard
monotone class argument (see e.g. [18, Ch. 0, Thm 2.2]).

O

6.3 Proof of large deviation bounds

The large deviation bounds (3.17) and (3.18) are statements about the quotient of
expectations of the form

T4
IEE/ZE_Z;;““ (lA(u) exp ( - é /$ V(u) d:r)),
see (1.5). Consequently, the results will follow as soon as we establish upper and lower
bounds on these expectations. Throughout this subsection, .4 will always denote a set
of continuous paths w on [z_,z] that satisfy the boundary conditions u(zy) = ug,
and topological notions like open or closed will always refer to the topology of uniform
convergence. We will frequently use I,_ .. (u), the Gaussian energy of a path (defined
in (3.2)), and I,;¥, the minimal Gaussian energy given the boundary conditions (defined
in (3.15)).
The upper bound for the Gaussian expectation can then be stated as follows.

Lemma 6.2 (Upper bound). Fix constants M < oo, 0 < {_ < {; < oo and R < oo.
Suppose that ¢ = (x4 —x_) € [{_,¢4] and uy € [-M, M]. Then for any ¢,y > 0, there
exists an ¢y > 0 such that for any measurable set A satisfying

inf E(u)— L <R (6.12)
u€B(A,H)

and for any € < €y, we have

B (e (<2 [TV )

1, . .,
< exp(—g(ueg&,é)E(u)—Izit —'y)). (6.13)

Here ¢y depends on M, €i7sup|u |[V'(v)|,d, and v but not on the par-

|<M++/2-1(L R+1)+1
ticular choice of x4, u+, and it depends on A only through condition (6.12).

As usual in large deviation theory, the derivation of lower bounds for integrals is
reduced to the case of a ball

B(uy,d) := {u: lu — ts]loo < 5}
around a suitably chosen profile u..

Lemma 6.3 (Lower bound). Fix constants M and ¢, < co. Suppose thatl{ =z, —x_ <
0y, uy € [—M, M]. Then for any profile u, with

sup  |ux(z)| < M (6.14)

rze(r_,x4)
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and any 6, > 0, there exists an g > 0 such that fore < ¢
We,u_, 1 [t
B (oo e (4 [ Vi)

1
> exp (- = (B(u) — 1% +7)). (6.15)

Here ¢ depends on sup|, <41 |V’ (v)|, 4,9, and v but not on the particular choice of
r+,u+ and it depends on u, only through the condition (6.14).

Now we give the proofs of Lemmas 6.2 and 6.3. The proofs of Propositions 3.4 and
3.5 are given afterwards.

In order to prove the upper bound, we will invoke the known upper bound for Gaus-
sian large deviations. In the current context, this can be stated as follows.

Proposition 6.4 (Gaussian large deviation, see e.g. [4, Cor. 4.9.3 ]). For every closed
set A and for any v > 0, there exists an g > 0 such that for every ¢ < ¢y we have

L.
W01y (A) < exp ( — = (juf Toa(w) - 7)). (6.16)

The argument for Lemma 6.2 is an adaptation of the proof of [7, p. 34].

Proof of Lemma 6.2. Step 1. We start by reducing the general problem to the case of
homogeneous boundary conditions on [0,1]. To this end, we introduce the following
affine transformation. We define the transformation 7" : u — 4, where for a given path
u: [z—,z4+] — R we denote by & € C([0,1]) the function

a(z) = u(z_ 4+ lz) — hgfl’u* (z). (6.17)

Recall from (3.4) that hg " () = zuy+(1—x)u_. Itis clear that T'is a bijection between
the set of continuous paths w on [z_, 2] with boundary conditions u(zy) = uy and
C([0,1]), the space of continuous paths on [0, 1] with homogeneous boundary conditions.
Furthermore, if u is distributed according to W' '“* | then @ is distributed according

e (z—,x4)’
to Wgé?(0,1)' Note that the variance changes due to the rescaling by /.

The expectation that we want to bound can be expressed in terms of @ as
We,u_,u 1 o+
E(m_7x+) + (1A(u) exp ( - Z /z, V(u) dx))

e
Wee ,0, ~ ~ U_,u
= E(Ofl)oo(lA(u) exp ( - EA V(u + ho 1 +) dx)), (6.18)
where A := {Tu: u € A}. On the other hand, the condition (6.12) and the right-hand
side of the desired bound (6.13) can also be expressed in terms of 4, as we will now do.
We have for every u that

E(u) = E}fi (@) + I+

T4

where, for convenience, we have introduced the notation
u ! 1 2 U_ U
Eﬁ(ﬂ) ::/ ﬁ(aza) +£V(ﬁ—|—h03’ +) dr.
0

(Note that we have not included Iffii in the definition of the rescaled energy E;i, be-
cause this way E;Li will appear as the natural rate functional.) Condition (6.12) can
now be expressed as

inf  E/*(a) < R, (6.19)
uwEB(A,S)
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and for the right-hand side of (6.13), we get

1 .
exp ( - E(ueér(li,(s)E(“) —IE - v))

_ 1 . U n
_exp<f g(ﬂ6;?276)EZ (@) ,7))_

Relabelling A as A and 4 as u, we conclude that it suffices to show that for every set
A C C([0,1)]) satisfying
inf E,*(u) <R, (6.20)
u€B(A,5)

we have for ¢ < ¢y that

Ez/&gf),o,o(lA(u) exp ( — § /01 V(u+ het) dw))

1 X
<o (=10, g, 500 -)
This bound will be established in Steps 2-4.

Step 2.The strategy to prove (6.21) consists of decomposing C([0,1]) into a set of
paths with high Gaussian energy and a finite number of small balls with lower Gaussian
energy. One can use the Gaussian large deviation bound (6.16) to bound the probability
of the set of high Gaussian energy, which we will make to be a term of higher expo-
nential order by choosing the Gaussian energy high enough. Then for the balls with
lower Gaussian energy, the expectation over a given ball can be estimated by bounding
an exponential factor by its supremum on that ball, and then bounding the Gaussian
probability of the set using (6.16) again. Finally, one has to sum over all the balls. As
the total number of balls is finite and the bounds decay exponentially, the largest of the
summands determines the behavior.

The main difference with respect to the classical argument in [7] is that we choose
a partition of C([0,1]) into sets that do not depend on .A. This is necessary to ensure
that the number of balls is independent of A. The price we have to pay is that on the
right-hand side of (6.21) we take the infimum over the small neighborhood B(.A, §) of A
instead of taking it over A only, as in the classical argument.

Let us now give the details: First, fix a v < 1 and let

-1

< 1

d = fy<€+ sup |V’(v)> AGSA 3 (6.22)
lv|<\/2-1 (€3 RF1)+M+1

The sublevel set
Keyr = {u: Ipq < A.R}

is compact in C([0,1]), and we can cover it by a finite number N; R of open balls

B(ug, S) of radius J, where u € K¢, r for each k. Note that A does not enter here, so
both the profiles u;, and the number N 4R depend only on v, 4, ¢, R, and

sup V' (v)l,
[v|<4/27 (€4 RH1)+M+1

not on the set A or the specific choice of x4,u+. Actually, it can be checked using
the Holder gont'énuity of functions with bounded H'-norm that this number grows like
exp (C’(R€+§_1) )
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Using this covering and the positivity of /', we have for any set .4 that

E}/(\)/gf)o (l(lA(u) exp ( - f/ol V(u+ hgi) dx))

45 Z+R 1
J4
W €
< Z Efo)” O( Bluy 5)nalt) exp ( - g/o V(u+hok) dﬂ?))
+ W?g?m,l) (A \ Ui B (ug, 5))- (6.23)
Step 3. The last term in (6.23) can now easily be bounded:
WZE (0,1) (A\ UkB(uk’ 6)) < Wzg 0,1) (E Uk B(ulm 8)) . (6.24)

The set B := C U B(uy, 5) is closed and by definition inf,cp o1 (u) > ¢+ R. Hence, the
Gaussian large deviation bound (6.16) implies that there exists an €3 > 0 such that, for
e < &p, we have

1
W) (B) Sexp (= Z(GR=1)).
Now we choose g = 50&:1. Then, for ¢ < ¢y, we can conclude that

Wl ,(0,1) (A \ U B(ur, 6))

< oo~ Len)
1 gl
IS =)
(6.19) 1, s v
< exp < - g(ueggay&) E,*(u) — Z)) (6.25)

Step 4. It remains to bound the sum on the right-hand side of (6.23). Since the
number of summands N, 5, R remains constant as € | 0, the sum is dominated by the
largest summand. Specifically, after fixing v, 6, £ R and M, we can choose ¢y > 0
sufficiently small so that ¢ < g¢ implies

NS,AR = exp (i (5 log (NS,LrR))) < exp (g) . (6.26)

Hence, up to an extra factor of v, it is sufficient to obtain a good exponential bound on
the largest §ummand on the right-hand side of (6.23).
If B(ug,d) N A is empty, the largest summand is zero. Otherwise, we have

g 1
Wee,0,0 u
E(oa) <1B(Uk,5)ﬂ./4(u) exp ( - /0 V(u + hoﬁil) dx))
¢ [t —
< sup exp ( — 7/ V(u+ ho 1) dx) Wes ©0.1) (B(u,9)). (6.27)
u€B(u,0) €Jo
Due to the lower semi-continuity of Iy ;, we can choose iy € B(uy, 5) so that

1071(’[~Lk) S ll’lf Io,l(u) +’y (628)

u€B(uy,d)

Then the first factor in (6.27) can be bounded above by

1
exp ( . 3(5/ V(iig + hi Yo — 250, sup \v’(v)|)), (6.29)

€ 0 [v| <l oo +M +1
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and we need a bound on ||ix||«. First we recall that u, € K, g, which by definition
gives Iy 1(ux) < {1 R. Together with the definition of uy, this gives

_ . (6.28)
Io’l(uk) < A€+R + Y.

Recalling the homogeneous boundary conditions, this implies that

1/2

_ Lot I
laklloo < 5 [ |0stk|do < 5 ( |8xuk|2d1'> < V2 Yl R+1).
0 0

Hence, the definition (6.22) of & implies that the bound in (6.29) improves to

exp(i([/@lX/(ﬂkJrhgj)da:ny)). (6.30)

On the other hand, the Gaussian large deviation bound (6.16) and the definition (6.28)
of 4, imply that for every k there exists an £g > 0 such that for ;e < ¢y we have

— 1
Welon) (Blur.8)) < exp (= (Ioa (@) —29)). (6.31)

As there are only finitely many u; (the selection of which does not depend on A), we
can find an ¢y such that this bound holds for all 4; simultaneously and such that (6.25)
holds as well.

Substituting (6.30) and (6.31) into (6.27) gives for each k that

Wee,0,0 I
Eo.1) <1B(uk,8)mA exp ( - ¢ ; V(u+heh) dx))

op (- (e (24 2)9))
< en(- 2 gm0 1))

IN

€ \ueB(u,d)
(6.22) 1 2
< —=( it B - (247 )9)).
- exp ( £ (ueé?uk,ﬁ) ¢ (U) + l_ K

After relabelling v (for instance by a factor of 6), the above bound together with (6.23),
(6.25), and (6.26) finishes the proof of (6.21).
O

The proof of the lower bound (6.15) relies on the classical Cameron-Martin Theorem.
In the current context it can be stated as follows.

Theorem 6.5 (Cameron-Martin Thm. e.g.[13, Thm 3.41]). For a fixed f €
C(Jz—,z4]), define the shift map Ty: C([z—,z+]) = C([z—,z+]) by Ty(u) = u+ f. Then
the image measure TJ’?WS’(OL o1) is absolutely continuous with respect to Wg’(oﬂL o1) if

and only if f € H}(x_,z,). In that case the Radon-Nykodym derivative is given by

dT;WffLM) 1 1 (o
—dWO,(O ) (u) = exp ( - glx,,m(f) += /L Do f(x) du(x))). (6.32)
e,(r—, x4

Here, as in the case of Brownian motion, the stochastic integral term
1 [** 0, f(x)du(z) can be defined as the limit of Riemann sums in L2 (Wg;(owﬂu)). In
particular, it is a linear mapping in v defined for all » in a measurable subspace of
C([z—,x4]) of full measure (See e.g. [13, Sec. 3]).

Note that (6.32) can formally be derived by expanding the square in the non-

rigorous expression (3.3).
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Proof of Lemma 6.3 . We can assume that u, € H!, because otherwise the bound is
trivial. As in the proof of the upper bound, (6.15) only gets stronger when we take a
smaller §. Therefore, it is sufficient to show (6.15) with ¢ replaced by

—1
S:—’y( sup |V’(v)|€+> AG AT (6.33)
[v|[<M+1

We begin by stating the simplistic bound
We,u—_,u 1 *+
B (15 (0) e (- 7/ V(u)dr))
1 e -
> exp ( — —  sup / Viu dx ; (aj, . )(B(u*,5)). (6.34)
€ u€B(ux,0) o

Due to the assumption (6.14) on u, and the definition (6.33) of 5, we get that

T4 T4 -
sup / V(u)dx < / V(ug)dz+ sup |V'(v)]§ly
o)/ T_

wEB(ux,8 [v|<M+1
T4
< / Viug) dz + .
xr_

It only remains to derive a lower bound on W:(‘if“) (B(u.,0)) in terms of the Gaussian
energy. To this end, we again transform wu, to an interval of length one and shift it in
a way that it satisfies homogenous boundary conditions, as in the proof of Lemma 6.2.
To be more precise, we assume that u is distributed according to W“ “2 ) and ap-
ply the affine transformation 7' defined in (6.17). Then Tu = 4 is dlstrlbuted accord-
ing to WSEO(O 1 Therefore, we have to bound the probability Wgé?(o,l) (B(ﬁ*, 5)), where
Uy = TUs. ThlS can be obtained using the Cameron-Martin Theorem 6.5 with f := a,.
According to (6.32), we have

Lz 1 .
W?E’?(O,l) (B(u*,é)) =©eXp ( - EIO,I(U*))

E(vg@f)oo< (0.5 (11) exp (é /0 1 B, 11, () da(x))).

Now we will use the trick of sneaking in a cosh function. To this end, we remark that

the map 4 fol Oz li+(x) di(z) is linear in 4. Also, the measure W28 (0,1) Is invariant

under the mapping @& — —4 and this mapping leaves the ball B(0, 6) invariant. Hence,
the last expectation is equal to

EWzE,O 0

(©0.1) (13(05)( exp /au* ) da( )))

Therefore, we can write
Ez/gff),o,o(lB(o 5)( )exp / Ozl () da(z )))
= %E(ngf)w(lB(o 5) eXp g&;/ Ol (2 )>
+ exp ~ % /0 Ozl () dﬁ(x))D

X 1t )
- EE/(\)/ef)O 0( B(0,6) (1) cosh (E /0 Oyl () du(x)))
W01 (B(0.9)).

Y
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We claim that there exists an ¢y > 0 such that for all / < ¢/, and all ¢ < g this
probability is larger than exp ( —e~'v). Actually, (6.16) even implies that for any 7 > 0
there exists £y > 0 such that, for /= < &y, we have the stronger bound

-~ 1 . A ~
Pl 003 <0 (- (g, 1069-7))

Note that this ¢ also depends on sup), <41 |V'(v)| as we have potentially decreased
¢ in the first step. Then in order to conclude, it is sufficient to observe that

1

X 1 .
(i) = —(L o (u.) = [5).

O

Now the proofs of Propositions 3.4 and 3.5 are straightforward. We begin with the
upper bound, Proposition 3.4.

Proof of Proposition 3.4. We want to derive a bound on

Pl (A) _ Egi’i;;” (1A(u) exp ( - éf;f V(u) dw))
R (oo (S VO )

The assumptions on A in Proposition 3.4 are identical to those in Lemma 6.2, so we can
conclude from (6.13) that

By (e (<2 [TV )

1, . .
< exp(— g(ueg&mE(u) — I —v))

(6.35)

for € < gy. Also this ¢y depends on M, R,, ¢, ,d, and v but not on the particular choice
of x4, u+. It only depends on A through the condition (6.12) and on V through the local
Lipschitz constant.

To get a lower bound on the denominator in (6.35), we observe that for every set
of boundary conditions uy, there exists at least one minimizer u, of E given these
boundary conditions. Furthermore, this minimizer attains only values in [—M, M]. This
is clear because replacing u, by u. A M V (—M) only decreases the energy. Therefore,
for any 6 > 0, we get from (6.15) that

s (oo (-1 [ V)

We,u_uyq 1 T+
= E(r_,z+) (1B(u*,6)(u) exp ( - g V(’LL) dI))

T _—
1

> exp (= = (B(w) - [ +9))
for ¢ < gg, where ¢( satisfies the same uniformity assumptions as above. This finishes
the argument. O

The proof of the lower bound is similar.

EJP 19 (2014), paper 23. ejp.ejpecp.org
Page 52/76


http://dx.doi.org/10.1214/EJP.v19-2813
http://ejp.ejpecp.org/

Invariant measure on large systems

U—, U4

Proof of Proposition 3.5. To derive a lower bound on p_ (o s

choose u, as in (3.19). Then we can write using (6.15)

)(A) for a given v we

]Eé}_i;)%r (lB(A,(;) (u) exp ( _ % /w+ Vi dx))

= Egiﬁ;f‘* (13(%,5) (u) exp ( - i/jJr V(u) d:p))

1
o (- g - 5 +29)

for ¢ < g9 where ¢y can again be chosen uniformly.

To derive a uniform upper bound on the normalization constant we only need to
observe that for any M € (0, 00) there exists an R < oo such that for all uL € [—M, M],
we have

inf FE(u) <R.
u€.Abe

Then (6.13) implies that there exists ¢y > 0 such that uniformly for ¢ < ¢g

et (o (-2 [ Vo)

x

1
< exp ( - g(uéﬁfm E(u) — I;* +7)>.

This establishes (3.18).

6.4 Proof of the one-point distribution lemma

Proof of Lemma 4.1. First we remark that, heuristically, the “most difficult” point to
consider is g = 0. We present the following proof for precisely this case. The same
proof carries over for any point zg (with only trivial modifications), but we present it for
xo = 0 since it simplifies the notation slightly and makes the main ideas stand out.

Also notice that by the symmetry of the potential (cf. Assumption 1.1) and the rep-
resentation (1.5), it suffices to prove

-1,1 M
:us,(fLs,LE)(U(l'O) > M) < exp (_ng ‘

In fact, it will be convenient to establish the estimate in the form

- M
pott y (1(0) = 4M) < exp (_502) : (6.36)

which is of course equivalent for Cy := 4C,. Thus consider the set of functions

A:={ue C([—Le,Le]): u(—L:) = —1,u(L.) =1, and u(0) > 4M }. (6.37)

Define z3M as follows:

M = sup{z < 0: u(z) <3M} and 23" :=inf{z > 0:u(x) <3M}.

Notice that we may assume without loss of generality that M > 1, and hence, because
of the boundary conditions u(—L.) = —1 and u(L.) = 1, the points 3" < 0 < 23 are
well-defined for every u € A. The set A can then be divided into the following two sets:
Ay = {u € A: max{|z*M],23M} > 1},
As == {u € A: max{|23M|, 23} < 1}.
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(a) A path in A;. (b) A path in As.

Figure 6: The two different cases. To show that .4; has small probability, we reflect
between the 23M. This decreases the potential energy. The probability of A, can be

bounded using a large deviation argument.

To bound the probability of A;, we will use bounds on the potential and a reflection
argument. For A, we will use a rescaling argument and the large deviation bound
(3.17). The two cases are illustrated in Figure 6.

Step 1. We treat A, first. For u € A; we have

a3M — 3 > (6.38)

The idea is to introduce a reflection over the line ©v = 2M that preserves the Gaussian
measure, and use the decrease of the energy (1.6) under this reflection.

We begin by collecting some facts about the potential V. To begin with, according to
the growth estimate in (1.3), V grows superlinearly at infinity. Hence, we may choose
C3 sufficiently large so that the following two properties are satisfied. On the one
hand, V' grows at least linearly on [C3, ), i.e., there exists Cy € (0,00) such that for
uy > ug > Cs3, there holds

V(ur) = V(uz) = 1/Cy (u1 — uz). (6.39)
On the other hand, V(C3) > V(0), so that in particular

V(C3)= sup V(u). (6.40)
u€[0,C3]

We will use the fact that (6.39) and (6.40) together imply that as long as u; > Cj3, then

uy > |us| = V(uy) > V(Jual). (6.41)

Now we are ready to reflect. Define 22" analogously to 23" (noting as above that

they are well-defined for paths in the set of interest). Consider the reflection operator

2M
xr
Rx;M defined as

2M

Ri;’Mu(:r) = {

u(x) i ¢ (2,22 (6.42)
AM — u(z) if z € (22M, 22M)
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which for the purposes of this lemma we will abbreviate with R. In order to have R
well-defined for all continuous paths u, we define it to be the identity for those paths «
that never exceed the level 2M.

Notice that 22" is a right but not a left stopping point, and similarly 22" is a left
but not a right stopping point. In partlcular the strong Markov property (3.9) does

not directly imply that R leaves W L L) invariant. Indeed, it is not true that under

W;(l 1L 1.y the conditional dlstrlbutlon of u(z) for z € [22M,2%M], given the path outside
of this 1nterval is a Brownian bridge.
Still, it is true that the reflection operator R preserves W_

introduce auxiliary stopping points

( LmL ) To see this,

Mi=inf{z > —L.:u(z) =2M} and X3 :=sup{z < L.: u(x) = 2M}.

As above in (4.18), we use the convention that x3 = FL. if these sets are empty.
On A, these pomts are well-defined and we automatically have [z?M 22M] C [x*M 2/

The points x2 M are left and right stopping points. Therefore, (3.9) 1rnplies that the re-

2]\/1 2M 2M

flection operators RS, \2M R;C%’M, and RféM (defined in the same way as R ) preserve

WE_(1 ILE L) Observing that

21%

X+ -
R= RzMOR 2MOR 2M

we conclude that R also preserves W LE,LE)

We now develop a quantitative, p01ntw1se estimate of the effect of R on the “bulk
energy” V(u). By the definition of 23", we have that u(z) > 2M for all z € [z*M 2%M],
the set where R acts. Hence, it suffices to consider the effect of R when u(x) > 3M and
when u(x) € [2M,3M). We will first establish that on the set

{z € [a:z_M,ziM}: u(x) > 3M},

R decreases the bulk energy significantly. Indeed, on this set, < u—2M and
u—2M > M > Cs, so that
(6.41)
V(Ru|) < V(u-—2M), (6.43)
which together with (6.39) implies that for u(x) > 3M,
V(u(@)) = V(Ru(2)) = V(u(z)) - V(Ru()|)
(6.43)
> V(u(x)) —V(u(z) —2M)
(6.39)
> 2M/Cy, (6.44)
which holds in particular on all of [z3¥,z3"]. On the other hand, if instead u(z) €
[2M,3M), then the bulk energy still decreases under R. Indeed, we have for u(z) €
[2M,3M) that u(z) > Ru(z) > M, so that by (6.41) we know
V(u(z)) — V(Ru(z)) > 0. (6.45)
Combining (6.44) and (6.45) implies that for all © € A;, we have
/ (V(w) - V(Ru)) de
(7L57L5)
_ / (V(w) ~ V(Ru)) da
(mikf7riwf)
3M 3M (6.38)
> 2M(z3" —a2)/Cy > 2M/Cy. (6.46)
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We are now ready to estimate the probability of A;. Indeed, we have that

Loz o, (RA)

5 1 o 1
= RN [IR*“ (u) exp ( e / Vi dmﬂ
. 1 1
inv_of R = EE/XL—lLl) [1A1 () exp ( - / V(Ru) dx)}

= % EE/EEL:}J:) [1A1 (u) exp ( - % / (V(Ru) = V(u)) dx

(6.46) 2M N\ 1w, —11 1
2 e (G2) RN [t e (] [V a)

2M -1,1
= e (G ) uth ().
where Z = Z;(lfLm L) is the normalization constant for u;(l_lL L) and all of the inte-

grals are over [— L., L.|]. Moving the exponential to the other side of the inequality, we
get that
- 2M
“67(1;1L5,L5)(A1) < exp <_C> ) (6.47)

4 €&

which gives (6.36) for A; with Cy = Cy/2 .

Step 2. Now consider the set .A;. Here we will use a rescaling argument and the
large deviation bound (3.17). For u € A5, we can define

x— = inf{x € [-1,0]: u(z) =3M}, x4 :=sup{z € [0,1]: u(z) =3M},

with the understanding that y+ = 0 if these sets are empty. These random variables are
left and right stopping points. Hence, the strong Markov property (3.10) implies that

“e_,?’—lLE,La (A2)

- “;(1ng,1:5) (U(O) > 4M and x4 # 0)

e, —1, M,3M
- El(—Lel,Lls) ('ug,(x?:,xﬂ (u(O) Z 4M) 1{Xi750})' (6.48)
Therefore, if we can show that
M
3M,3M B
ME,(m_,x+) <u(0) > 4M) < exp < 025) (6.49)

for all e sufficiently small (uniformly for —z_, x4 € (0,1]), then the combination of (6.48)
and (6.49) concludes the proof of (6.36). We can see (6.49) by rescaling. Indeed, if we
transform (xz_,zy) into [—1,1] by applying the affine change of variables =z — % x +

2=1%+ where Az := x; — a_, we see that

u:aM,sM (u(O) > 4M)

E,(I_,I+)
L w.3M3Mm L[*
= EE(x77x+) (1{u(0)>4ﬂf} exp ( — g . V(u(az)) dx))
1 owesmam (Ax)? [+
=B (1{11(1,:“ -ty 5P ( = v (i(x)) dx)), (6.50)
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3M,3M

M3M . -
where Z = 233 .y is the normalization constant for s (o os

e (z_,x

we observe that the family of potentials
A 2
{%V: 0< Az < 2}

is locally uniformly Lipschitz. In particular, applying Proposition 3.4 for v and ¢ fixed to
say v = 6 = 1, there exists ¢y > 0 such that, for € < ¢y and uniformly in x4, we have

yand & := 1eAz. Now,

1
3M,3M | pbe 1 , N o
N57(_1,1)(B+ ) < exp ( - B ( ﬂeBl(an;_*’_C,l) Eng (u) ﬁle%f;)c Enx (u) 1))

Note that the choice of ¢y depends on M.
Here we use the notation

Eng(fl) := /11 <l(awa)2+ (AJ;)2V(12)> da

and
B = {u € C([-1,1]): a(*1) = 3M},
B = {a e C([-1,1]): a(+1) = 3M, a((z— +z4)/2) > AM}.

Hence, as € < ¢, to establish (6.49) it will be sufficient for us to show

M
inf FEa, —inf Ba, > —,
B(Bb°,1) Bbe Cy

and we will in fact establish the stronger bound

o, M>4 M?2
inf Ep, —inf Eap, > (M —-1)* >
B(B%e,1) Bbe
We will establish the first inequality by way of a variational argument. Notice that
we may assume that the infima are achieved (if not, a simple approximation argument
suffices), and so let

41 = argmin Fa,, U = argmin Fa,.
B(BY,1) Bbe

Observe that automatically @y ((z— + 4)/2) > 4M — 1.
We define the auxiliary function 43 := min{d;,3M}. Notice that according to the
growth assumption (1.3) (or see (6.39)):

V(ai(z)) > V(3M) on {4; > 3M}. (6.51)
On the other hand, since 15 € B°° and as - is the minimizer over B°°, we have
EAI (al) - EAz (ﬁ2)

EAI (ﬁl) - EAz (’&3)

[y (@i S v - vioany) s

Y

(6.51) 1
> /(&xmax{al—BM,O})de

-1

> sup max{d; — 3]\4,0})2
z€[—1,1]
> (M -1)>~
This concludes the proof of (6.36) for A, and establishes the lemma. O
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6.5 Proofs of lemmas from the lower bound of Theorem 1.5.

Proof of Lemma 4.3. Since the proof is similar to (and simpler than) the proof of the
upper bound in Theorem 1.5, we will be somewhat brief. Our goal is to bound above
by 2/3 the complementary event, namely that w(z) > 0 for some =z € [—L.,—2{ or
that |u(zg)] > M for some k in the index set. As in the proof of the upper bound, the
probability that |u(xy)| > M can be shown to be exponentially small in M/e, cf. (4.9).
It remains to bound above the probability that u(x) > 0 for some x € [—L.,—2¢] and
|u(zr)| < M for all k.

Now fix § > 0 sufficiently small so that the estimates from the upper bound of Theo-
rem 1.5 apply. The set {u € CA;: u(z) > 0 for some = € [—~L.,—2¢]} is contained within
the union of:

1. functions with more than one §~ layer (exponentially unlikely by the upper bound
of Theorem 1.5),

2. functions with a 6~ layer longer than 2/ (exponentially unlikely for §2¢ large, ac-
cording to the calculation in Step 3 of the proof of the upper bound, cf. (4.13)),

3. functions with one and only one 6~ layer, which is at most length 2/ and is con-
tained in [—L¢, 0],

4. functions with one and only one §~ layer, which is at most length 2/ and is con-
tained in [—2/, L.|, and such that u(x) > 0 for some z € [ L., —2/].

By symmetry properties of the measure, i.e. the symmetry with respect to point reflec-
tion of the graph at z = 0 and « = 0, the probability of a §~ layer contained in [—L., 0]
is equal to the probability of a 6~ layer contained in [0, L], hence neither can be more
than 1/2. Therefore, the probability of the event described in point (3) is less than or
equal to 1/2.

By the calculations referred to above, the sum of the probabilities of the sets de-
scribed in (1)-(3) is bounded by 1/2 plus exponentially small terms, so we are finished if
we can show that the probability of the set described in (4) is also exponentially small,
namely, the probability that: u(z) > 0 for some z € [—L., —2¢], |u(zy)] < M for all k,
and there is one and only one §~ layer, which is at most 2¢ and is contained in [—2¢, L.].
Note that the latter implies that u <1 —§ on [—L., —2/].

This bound is easy to obtain by breaking into subintervals (using conditioning) and
using the large deviation estimate (3.17). Indeed, we reduce to probabilities of the form

Uk —2,Uk+2

e (T 2.70s2) (u <1-¢and u(z) = 0 for some & € (xg_1, xk+1)),

where ug_o and wug4o are arbitrary boundary values in [-M,1 — §] and k € {—(N. —
2),—(N. — 3),...,—3}. (We also need to consider the boundary interval, where & €
(r_N.,T_(N.—2)). As usual, this is no more difficult than the bound for the interior
intervals.) After applying Proposition 3.4 (with §=146 /2), it remains only to introduce an
energetic bound. The bound from Lemma 6.6 below suffices.

Before stating the energy lemma, we explain the idea in words: If we take a §/2 ball
around the set of interest, then on [zy_1,x;+1], there is a point xy such that u(zg) >
—40/2. For { large, the energy minimizer needs to come very close to +1 someplace in
[k—2,zk—1] and [Tr41, Tkt2], (say within §/4), and since it cannot come this close to +1,
it is forced into a small neighborhood of —1. Consequently, the large excursion from —1
at x( costs almost ¢y energy. We give the precise statement below and prove the lemma
at the end of the subsection.
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Lemma 6.6. There exists C' < co with the following property. For any M large enough
and § > 0 small enough, consider the boundary conditions uy € [-M,1 — §] and define
the sets

AP = {u e O([-2¢,20)): u(—2¢) = u_ and u(2() = u,},
ALC = {u € AP°: u(z) <1—§/2 for all z € [—2(,2(] and
there is an xy € [—4, (] such that u(z¢) > —3/2}.

Then there exists ¢y = {y(M, ) such that for ¢ > {, there holds

inf E/_ uw)— inf E _ u) > co — C0.
wesie (—20,20) (1) e (—20,20) (1) > co

Proposition 3.4 and Lemma 6.6 together give

Uk —2,Uk+2

He (on smnsn) (u <1-6 and u(xg) > 0 for some zy € (xx_1, a:k+1))

< exp <_CO—CM> .
13

Finally, we now choose ~ and ¢ sufficiently small and sum over the order N, ~ L.
intervals. Bearing in mind the bound (1.10) on L., we observe that there is also an
exponentially small probability of the final set that we have studied. O

Proof of Lemma 6.6. We will be brief, since the proofis similar to the proof of Lemma 2.5.

First of all, fix M large and ¢ small. The infimum of the energy over A"° is less than
or equal to the minimum of the energy over functions with u(+£2¢) = vy and u(0) = —1.
By a standard construction, we have

Inf B(_pg20) () < -1 (u=) + @1(us) + 0(1)eroc
In particular, for ¢y large enough and ¢ > ¢y, one has

inf B(_s¢20)(4) < ¢o-1(u-) +9-1(us) +0. (6.52)

On the other hand, on A¢, either there exist z_ € [~2/, —/] and =, € [¢,2/] such that
lu(zs) + 1] <6/2

or we have u € [-1+§/2,1 — §/2] on an interval of length ¢. In the latter case, we get
easily

E(_o020)(u) 2 €5°.

Since this is higher order for ¢ large, we may assume that we are in the former case.

In the former case, we may assume without loss of generality that w(z+) = —1 4§
and u(zg) = —4/2. We then use the Modica-Mortola trick to connect the values (a) u_
and u(z_), () u(z_) and u(zg), (c) u(xp) and u(x, ), and (d) u(x) and u,. We conclude
in the usual way that

iﬁfa E(_gp20)(u) > p_1(u_) +@o_1(uy) +co — C6.
0

Together with (6.52), this completes the proof of Lemma 6.6. O
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—le zx T_(x-1) —ly Lo er-1 awx Le

U
U_

1/2

Figure 7: By iterated rescaling and application of the large deviation bounds we show
that the paths relax to a O(¢'/2) - neighbourhood of 1 within a distance of O|log(e)|.

6.6 Proof of lemmas related to the uniform distribution

Proof of Lemma 5.1. Our argument relies on an iterated rescaling, illustrated in Figure
7.

We will define K’ = K, > 1 below. We begin by enumerating the partition {xk}kKj_l(
of (—4., ¢.) with width 2/, so that

K+1)

Ti1 = igo, Tio = igfo, ey TR = i(QK — I)ZQ, -T:I:(K+1) = ifg.
For brevity of notation, let
1
A= {u: [u(a) = 1| < 5 for allk € {~(K +1),—K,....K + 1}}.

We will use the elementary facts from probability that for any sets A;, As, and As, we
have

P(A;NAy)
P(A;1 N AyN A;g)

< P(A1 N A3) + P(BA3 N Ag), (6.53)
< P(A; N Ay|As). (6.54)

We also use the Markov property from Lemma 3.2 to deduce the following property
for conditional measures. If A;, and A;,, are in F|_, ) and Ay isin Fj_y, 4]V F (s 0]
then

M:,E’—uet,eg) (.Am uw € Aip N Ayyr and u(dz) = vl € (a, b))

2 2
He,U_ U He,U_, U
Be i) <1A°ut1Ui6<a7b>E<—zz7mJ (14, 1Am>>

E/L5,1L_,1L+ 1 1 Ens,ui,ui 1
(_esvés) Aout uie(avb) (—.’152,.7)2) ( .Ain)

u? u? ~
< sup ’UIEZ;‘TJ; 2) (u S Ain|u € .Am). (6.55)
u? €(a,b) ’ ’

Keeping these preliminaries in mind, we now observe that we can make the following
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uEA)

653 ., . 1
< u sup  |u(z) —1] > and
&(Z“&)<xe[rhzﬂ 9K+1

decomposition:

U_ Uy

1
He (e, .00) ( sup  [u(z) — 1| = 9K+1

z€[—x1,21]

1
sup  Ju(z) — 1] < oK |U € A)
rE€[—z2,22]
1
—&—u(éme) [sup ]|u(x)—1|22— veAdl.
rE|—T2,T2

For the first term, we can now absorb the smallness condition in the boundary con-
ditions in the following way:

u_,u 1
e = [;Z )<w€[s—1§1)11] ‘U(x) - 1| - W and
u e A)

©50) 1
S Mo (lae we[s—lg)ml] lu(z) — 1] > SRTT and

1
sup  Ju(z) — 1] < oK

TE[—x2,2)

1
w fu(e) =11 < 5|

TE[—x2,22]

1
lu(z) — 1| < oK forz € {£x1,+20} and u € A)

(655 @ 1
< t sup He (— )(IE[SI;I? o u(z) — 1] = SR TT

and sup |u(z)—1] <

rE€[—z2,22]

u? ul ‘ 1

1
= |lu(Ez1) =1 < 5K )

IA
)
=
T

1
‘ (ia:l) — 1| < 2K)

We can iterate this argument to reduce the probability to the form:

uGA)

uk uk
Ma,(wJ(rKk+2)7IKk+2)( sup \u(m) - 1| 2

TE[T_ (K —k41)TK—k+1]

U_,u 1
“a(fi&)( sup fu(z) —1] = 9R+1

z€[—x1,21]

K
<Z sup
1 uk €[1—2-F 142-F]

ok+1

1
| (24 (K —kp2)) — 1] < 2k> (6.56)

Hence it remains to estimate the individual terms in the sum. The argument involves

three steps: a large deviation estimate, concatenation, and an iterated rescaling of the
deviation of v from 1.
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Step 1: Large deviation estimate. The first step is to derive a uniform large deviation
bound for the measures 1 "y} 4, . We show that there exists C € (0, 00) such that for
every ¢y < oo sufficiently large, there exists ¢, > 0 such that for any uy € [1/2,3/2] and

e < g, we get

u_,u 1 1
He (Zt,300) (ze[s_%) o lu(z) — 1] > 1 lu(£lo) — 1] < 2)

< exp <_Cl'€> . (6.57)

In the next steps, we will always assume ¢y < ¢ to be sufficiently small in this sense,
and this is the only restriction on ¢ in the proof of the lemma.

To bound the conditional probability in (6.57) it suffices to establish an upper bound
on

. 1 1
Fe (Z360,300) (me[s_ltljeo] u(z) =1 2 7 and |u(£bo) —1] < 2) (6.58)

and a lower bound on
U_,Ug 1
Fe (~300,3¢0) lu(£by) — 1| < 3 ) (6.59)

uniformly with respect to uy € [1/2,3/2]). To this end, we turn to the uniform large
deviation estimates from Propositions 3.4 and 3.5. In fact, we do not even need the
second condition in (6.58), and it suffices to bound the probability of the larger set

1
Ay = {u e O([=300,360)): u(£36) = uy, sup |u(z) —1] > f}.
z€[—Lo,Lo] 4

The estimate (3.17) gives that for any v, § > 0, we have for sufficiently small ¢ that

u_,u 1
P (“t0,360) (Ao) < €xP ( — < (AB(B(Ao,9)) - 7))7 (6.60)
where AF is defined in (3.13) and
A = {u € C([-300,300]): u(£3) = us}.

Consider now a small § > 0 to be fixed below and a function u € B(Ap, d). Because the
boundary conditions are in [1/2,3/2] and ¢, is large, the infimum of the energy must
take place over functions such that

2 €[—300,— o] " w€lbo,3¢40] Vo

(Indeed, u must be close to either 1 or —1 at some point in each of the intervals, and if
u were instead close to —1 on either interval, satisfying the boundary conditions would
lead to an even greater energetic cost than the one we will arrive at below.) Let us label
the minimizing points _ and x;. Moreover, let us define z, to be a point in (—¥¢y, ¢y)
such that

max{ min  Ju(z) —1|, min |u(x)— 1|} hS L (6.61)

1
1> - -
|u(xy) 1|_4 ]
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As above in Subsection 6.1, we now define p(u) := | ful \/2V (s) ds| and apply the “Modica-
Mortola trick” on (—34p,z_), (x_, ), (z+,z+), and (z4, 3¢y) to recover

E(w) = pu) = elu@-)) + eu(z.)) - pu(z-))

+o(u(z.)) — p(u(ry)) + ¢(uy) — p(u(zy))

inf
B(Ap,9)

P2 dp(u(ea)) + p(us) + plus) — o(Dgtoe
=z 2p12+ o(u-) + @(ug) = o(1)ggree — 0(1)sy0, (6.62)
where
p1/4 = min{p(3/4), p(5/4)}.

On the other hand, a standard construction gives

inf B(u) < p(u-) +¢(us) + oD estoc- (6.63)

Now fixing § > 0 and v > 0 sufficiently small, the combination of (6.60), (6.62), and (6.63)
gives for sufficiently small ¢ that

(6.64)
€

( 3/2 p1/4
Mg,(;ﬁx”(/lo) < exp (_/ .

We now remark that the lower bound on (6.59) follows easily from Proposition 3.5.
Indeed, for a fixed 0 < § < % the set of interest can be written as the ¢ ball around the
set A, defined as

Ay = {u: u(*3by) = ux, [u(+l) —1| < % - 6}.

We recover for any v > 0 and for € > 0 sufficiently small that

1
€

L (B(ALS) = exp (= Z(AB(A) +7)), (6.65)

where AF is defined in (3.13). The standard construction together with the usual
Modica-Mortola estimate gives

AE(A1) < o(1)get00-

Plugging back into (6.65) gives

U_,u 9
M57($77J:$+)(B(A1’ 6)) > exp ( — g)’

which together with (6.64) gives (6.57) with C' = 1/901/4 as long as v is chosen suffi-
ciently small.

Step 2: Concatenation. The next step is to prove for any K € IN that

1
U—, U4 _ -
/J‘e,(a:_(K+1),wK+1) (:ce[msufgc;(] |u(gc) 1| > 4 (S A)
1
< 2Kexp <> , (6.66)
Ce

uniformly for uy € (1/2,3/2). As usual, the idea is to break up the larger interval by
conditioning on the boundary values. The restriction of the boundary values on each
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subinterval to (1/2,3/2) because of u € A will allow us to apply the uniform estimate
from Step 1.
We will consider the non-overlapping subintervals [z, xg41] for k = —K,..., K — 1.
Decomposing the interval in this way gives
u € A)

2K 1
<Sour (sl -11= g
k=1

e,(x_ TR 41
(T (K +1),TK+1) w€lon,mhra]

u u 1
i ( sup u(w) 1] > &
€[ 4

&,(T_(K41),TK+1)
z€[T_K,TK]

u € A). (6.67)

Now the Markov property implies that for k € {—K,..., K — 1} we have

1
U, U4 _ -
MG e ercan) <me[§;{5k+1] ful) =1] = 7andu € A)
K
_ Me,U— U4
= EG e | 1 Luen) 113y Ysuppay oy, ) u(@)-1124)
j=—K
(6.55) ub 1
< sup  f ( sup  |u(z) — 1| > —
o elL2,3/2) e,(Th—1,Tpy2) fE[mk7$k+1]’ ’ 4

1 uU_,u
max{|u(zr) — 1|, [u(zprt) — 1|} < 5)“6&&“1),“«“) (A).
Hence, using the translational invariance of the measures u?gﬁ*uY we bound the right-
hand side of equation (6.67) by

s 1
2K sup  pl ( sup  |u(z) =1 > =
ws€l1/2,3/7] €,(—340,3¢0) 2E€[—Lo o] 4

(657 o I 1
2 e ().

which is what we wanted to show.
Step 3: Rescaling and iteration. In this step, we rescale the deviation of u from 1.
We fix k£ and consider the random variables

1
(o) — 1] < 2)

G:=2""1(u—1)+1.

For u distributed according to ugz’f[z),the profile 4 is distributed according to a rescaled

version of the measure. Indeed, the Radon-Nikodym density with respect to the Brow-
nian bridge measure with modified noise strength é := 4*~'¢ and rescaled boundary
conditions is proportional to

¢
exp (_; /Z 4k71V(27(k71)(ﬁ -1+ 1) dx) ) (6.68)

Let us give a name to the modified potential
V(a) =4 (@2 * DG —-1) + 1)

and the associated energy
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We now make a series of observations that will allow us to apply the same large devia-
tion bounds from Steps 1 and 2 to the rescaled random variables 1.

First consider how the sets involved in (6.56) behave under the rescaling. Notice
that u satisfies

u(e) ~ 1> o

sup ulr) — 1 2 551
TE[X_ (K —k+2),TK —k+2] 2
precisely when

sup |a(z) — 1| >

TE[T_ (K —k42)TK—k+2]

NG

Similarly, for the set on which we condition, we have that u satisfies
1 .
lu(z;) — 1] < 2—kforj e{-(K—-k+3),....,. K —k+3}
precisely when 4 satisfies
1
la(z;) — 1] < 3 forje {—(K—-k+3),...,K —k+3}.

Hence each term in (6.56) can be bounded if we can establish that the bound from Step
2 also holds for the measure governing .

In order to show that the estimates from Step 1 and 2 hold uniformly for the mea-
sure of the rescaled random variables 4, we need to be able to invoke Propositions 3.4
and 3.5 (with uniform constants). This in turn requires uniform control on the bound-
ary values, the minimum energy E over the sets of interest, and the Lipschitz constant
of V. The boundary values are easy: On the sets of interest, the boundary values
ux € (1/2,3/2). On the other hand, the minimum of the energy E is bounded uniformly
with respect to k on the sets of interest. Indeed, consider

1
¢ = {u: ju(e;) =1] < 3 for j € {~(K —k+3)..... K —k+3}

1
and sup |lu(z) — 1| > W}

IG[I,(K7k+2) ,IK—k+2]

and let C denote the image of the set under the transformation v — @. By the usual
method (“Modical Mortola trick” for the lower bound and construction for the upper
bound), one can check that there exists R < oo such that, for every k € N, one has

inf E(2) = 4! inf E(u) <R.

aeC ueC
Finally, because of Assumption 1.1, we have a uniform bound on the Lipschitz constant

of V. Indeed, let C' := 3/2+2¢y R+ 1. Then uniformly with respect to k£ € IN, the potential
V satisfies

sup |V’(12)\ < sup 2811V (u)|
jal<c fu—1]<2-F+1(C41)

< sup [V'(n)|(C + 1),

where the supremum is taken over 7 € [1 — 2(C' +1),1 + 2(C 4+ 1)].
Hence, the potential satisfies the requirements of Propositions 3.4 and 3.5. The
remaining requirement in order to invoke large deviation theory is that

4=le < gy forallk < K,
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which is true if
gB-1g < ¢€p.

Therefore we choose K to be an integer satisfying

1 € 1
9K+1 < \/ g < 9K-1° (6.69)

With the restriction (6.69) on K, the arguments used in Step 1 and Step 2 carry over to
the rescaled measures governing the .
We are now ready to complete the argument. Indeed, recalling the decomposition
from (6.56), we have
u € A)
sup

[e
U_, Ut
o sup Ju(z) =1 >,/ —
87( émzs) <$E[—éo760] 50
u € A)
k—1 Ui €[1—27F 142-F]

(6.69) . 1
< el ( sup - fu(z) = 1] 2 5575
qu,,u+ ( sup \u(m) - 1| > W

z€[—4o,0o]
e (T (K—kt2)sTK—k
(@) Tr—k+2) TE[T_ (K —kt1) TR —k+1]

6.56) &
<

1

[u(T 4 (k—pt2)) — 1] < 2k> (6.70)

From the preceding argument, we can now apply the estimate (6.66) for the rescaled
measures to bound the k" summand above by

1

Substituting into the right-hand side of (6.70), we deduce

w o | s fu@) -1 > [
’ e x€[—4Lo,00] €o

u€A)

K
1
K—1 1 4Kk
k=0
K-1
(6.69) _ 1
< 2 (K — k;)r4K k, for r := exp (—)
CEO
k=0
s ’ 2T
kT
< 2;::1“ =Go1e <4r  forre (0,1/4].

O

Proof of Lemma 5.2. We start by defining some sets. We denote the set of paths that
we condition on by

A= {u € O—l, 0)): Ju(:(2k — 1)) — 1] < % k=12 K.}
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For €,¢¢ > 0 let us also fix the following subset of .4

A= {u € A: |u(£ly) — 1] < (;)W }

Then Lemma 5.1 implies in particular that, for a small but fixed ¢35 > 0 and for ¢ < g,
we have )
e Ll (Ae) 2 gz Cile (A): (6.71)
From now on, we fix an ¢y such that this identity holds. This will be the only restriction
on €gp.
Let us also introduce a notation for the set of paths that have a hitting point of 1 in

(Lo, 4ol
B :={u € C([—4e, L)) : Jx € [-4y, {o] such that u(z) = 1}.

As a slight abuse of notation we will use the same letter B to denote the set of paths
u € B restricted to [—/g, ).
Using the Markov property (3.7), we get for any u™* € [1/2,3/2] that

ug’zj;;[s) (ANB) > uZ,sz,m (A: N B) (6.72)

— e, U—,U u(_[ )7u(+5 )
B El(liea’fafr (1AE (u) 'U/Ev(*foo,lo) ’ (B) ) ’

Our main task is thus to derive a lower bound for the probabilities
Pt o) (B) (6.73)

that holds uniformly in the boundary conditions. In view of the definition of A, it is
sufficient to consider boundary conditions u. that are O(¢'/?) close to 1:

c 1/2 - 1/2
1-— () <wuysr <1+ () . (6.74)
€0 €0

As in the proof of Lemma 5.1, we rescale the random profile » around 1, this time by a
1

factor e~ =. More precisely, we consider the transformation
a(x) = e V2 (u(x) — 1) + 1.

According to its definition, a path w is in the set B if and only if @ is in B. Hence, we can
express the probability (6.73) in terms of .

The random variable « is distributed according to a rescaled version of ungz lo)"
The variance of the Gaussian reference measure becomes one and the rescaled bound-
ary values are

Gy = Y2 (uy — 1)+ 1.

Note that the condition (6.74) implies that these rescaled boundary conditions take val-
ues in an order-one interval around 1. More precisely, the distribution of 4 is absolutely

continuous with respect to Wf E_qz)r t) and the Radon Nikodym density of the rescaled

measure is proportional to exp ( - ffoeo V(a) d:r), where V(a) == 1V (e/2(a — 1) + 1).

)
Hence we can rewrite

uﬁ,{iueﬁ,eo) (B)
Bl (1) e (1%, V)
IE)E/X}’()@,ZO’){“r <eXp ( B ffoeo V(ﬁ) dx))

(6.75)
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The denominator of this expression can be trivially bounded above by 1. To get a lower
bound for the numerator, we can write for example

B (1@ e (-

N

Lo

V(a) d:c))

Lo R
i 0 o (- [ 01
Lo R
> Wi, (BY) g exp (- /4 V(@) dz). (6.76)

Here we have made the probability smaller by restricting the integration to the set

B*:{ﬁeB: sup |a(z)1|g3ggl/2}.

z€[—4£o,4o)

Using the translation invariance of the Gaussian measures, we can get a lower bound
on the Gaussian probabilities that holds uniformly in the boundary conditions. For
example, set

B :={aeC([~lo,lo]): sup a(z)€ (5,7 255",
:EG[*[O,&)]

and  inf a(z) € (=2, /%, —eg V).
o (z) € (229 o ')}

Then, on the one hand, for every path & € B** and for all u. 1+ € [1 — ¢, A 71/2]

u,,u+

the shifted paths o + h(f l0.£0) lies in B*. (Recall the definition (3.4) of the affine profile

h?_’éﬁo)) On the other hand, by definition, shifting by h?_’,ﬁo) transforms the measure

W?y’?_ to.t) 10O W " ?’ 1)+ This implies that

Wﬁ;ﬁ;eﬂ)(zﬁ*) > WP gy (B™) = ¢ > 0. (6.77)

Hence it remains to get a lower bound on the second term in (6.76). As above in the
proof of Lemma 5.1, Assumption 1.1 on V and Taylor’s formula imply that V" satisfies

sup sup e V(e (u—1)+1) = C < c0.
lu—1|<3e,'/? €€(0,1)

Plugging this into (6.76), we get

inf exp ( /40 V(a) d:c) > exp(—2CYy).

aueB* —£
Hence, summarizing this calculation, we get uniformly for all . satisfying (6.74) that

B2 10y (B) > cexp(=2C1).

Finally, plugging this back into (6.72), we get

pl o (ANB) > cexp(=2040) pl 1, ) (A

6.71) 1 U— Ut
> 5cexp(fQC'Eo) Foe (. ,00) (A)

Thus we get the desired conclusion for 1 — A := 1cexp(—2CYy). O
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Proof of Lemma 5.4. Step 1. We begin by ruling out long layers to the left and to the
right of Y. Once we know that layers are bounded in length, we can use a reflection
argument as in the proof of Theorem 1.5 to turn them into wasted excursions and esti-
mate their probability. To this end, we define the set Ay of functions that are bounded
away from +1 on a whole subinterval outside of Y:

Ay = {u € Jy: there exists a k with
k <k_ork>k;—1suchthat
u€[-14+6,1—¢]onall of [xg, xx4+1]}-

As usual, we note that Ay 3 is contained within Ay 5 U (Ay 3N []Ayg). Our first step is to
show that (5.6) holds for Ay. In fact, Ay is of higher order for M and §2¢ sufficiently
large.

The set Ay, can be written in the obvious way as the union of sets A’f/@ that have
bad behavior on a given subinterval [z, z1+1]. Without loss of generality, suppose that
kE<k_.

Then we introduce the following sets for a Markovian decomposition:

AP ={u: |u(z;)| < M forall j < k—1},
AP = {u: Ju(z;)| < M forall j >k + 2,
and at least one §~ up layer <2/in Y},
AP ={u: lu(z;)| < Mforj=k—1,....k+2},
ASp i ={ue AP ue[-146,1—-0]onall of [xg,x141]} -

We remark that

A° € .F[_L
while A® € F|

and A% ¢ Flaria,Le]s
and A?k S f[:l:k,l,.’ll‘kJrz]'

E7J;k71]’

Th_1,Th2]

Consequently, the decompositions A}, = AP NAF, N AP and Jy = A N AP N AL lend
themselves to an application of the Markov property from Lemma 3.2. We will often use
such decompositions in the proofs below.

In the proof at hand, the Markov property from Lemma 3.2 gives

;(ia’uﬂu+ )(1A® )

-1,1 k Tk—1,Tk+2 5k —1,1

He (L. L.) (Ayp) < sup Efe i (1 Me,(—LE,LE)(jY)'
ut€[—M,M] (a:k_l,zk,+2)( Ag)

It suffices to bound the ratio of expectations on the right-hand side. For the denomina-
tor, we observe that

. Me,U— ULt >
uiG[lEfW,M] E(xk—hl‘wz)(lf‘?) &1 (6.78)
for M sufficiently large. In fact, this bound follows immediately from the large deviation
bound (3.17) and a simple energy estimate applied to the complement.
Hence, it suffices to bound the numerator. Recalling the bound (4.12), the expecta-
tion in the numerator can be estimated by

o 1/8% 9 < ox 0% —1
xXp| —| = — — .
P € 01 v - P 601

For 62/ sufficiently large, this drops below the threshold expressed in the exponential
in (5.7). Hence, summing the probabilities of “4];/,2 over k, the probability of Ay is
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negligible in the sense that, in order to establish (5.7), it suffices to show that it holds
for fly,g := Ay \ Ay,2. For ease of notation, we drop the tildes for the remainder of the
proof of the lemma.

Step 2. We will now show the desired bound for Ay 3. That is, we will show that for
any v > 0 there exists an ¢ > 0 such that for all ¢ < ¢g we have

M;z’_leLE) (-AY73) S LE exXp ( - © [—:_ 7)”;27_1[/57[/5) (jY)

The proof uses a reflection argument very similar to the argument in the proof of the
upper bound in Theorem 1.5.
As above in (5.5) the set Ay 3 can be expressed as Ay 3 = A{,’E,, U A;g, where

Ay 3 = {u €0A; NCAy5: uhasad up layer
contained in [~ L.,k_/] and a 6~ up layer < 2{in Jy },
A3 ={ueCA NCAy,: uhasaé~ down layer
contained in [k, ¢, L] and a 6~ up layer < 2(in Jy }.
We will only give the bound for the set A{,ﬁ. The proof of the corresponding bound for
AY 5 follows in the same way. The set Ay ; is contained in the union of k from —(N. —1)
to k_ of the sets
—.k _
Ay = {uelA: uhasad~ up layer
contained in [z;_1,2k41] and a 6~ up layer < 20in Y } )

As in the proof of Theorem 1.5, we will transform the additional §~ transition layer
into a wasted §~ excursion to control the probability. We need to reflect in such a way
as to (a) create a wasted excursion in [zy_1,zr11] and (b) leave at least one 6~ up layer
in Y. To this end, we define the left stopping point capturing the additional 4~ up layer

x— =inf{z >xp_1:u(z) =0
and u(y;) = —1 + ¢ for some y; € (xx_1,2)}

and the right stopping point

X+ :=sup {z < y;: u(z) =0 and there exist y; < yo
both in (z,y,) with u(y;) = =1+ 6, u(y2) =1 -6},
where y, := supY is the right boundary of Y. As before we will use the convention
that x4 = FL. if these sets are empty. As in the proof of Theorem 1.5, the reflection
operator
R=RY*,
reflects the paths u between the stopping points x4+ while preserving p;(l’_lLE L) On the

other hand, it maps the set A;f into the set

A{,jif = {u € CA;: at least one wasted 6~ excursion in [Zr—1, Tk+1]

and at least one 6~ up layer < 2/ in Jy } .

Hence, the estimate (5.7) will follow if we can establish, uniformly in k, that

_1, Ak Co — 7 -1,
“s,g—lLs,LE) (Am) < exp (_ - ) “s,(l—lLs,LE)(jY)’ (6.79)
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which will follow from the Markov property and a large deviation estimate. Indeed, let
us define the following sets:

AD i={u: |u(z;)| < M forall j <k—2},
AP = {u: |u(z;)| < M forall j > k+ 2 and at least one §~ up layer < 2/in Y},
AP = {u: lu(z;)| < Mforj=Fk—2,...,k+2},

A5 o ={u € A7 : uhas a wasted §~ excursion in [zx_1, z11]} -

Then we can decompose /l;,?f = Ake N AS e N A? and Jy = Ake N .AS N A?, so that
applying the Markov property as in Lemma 3.2 gives

11 ik El(:kum;:rz)(l Sk) —-1,1
e (~Lc.Le) <AY73) S SWp iy (140) PeCre,p () (6.80)
u4 €[—M, M) (Tk—2,Tk+2) Ak®

It now remains to estimate the ratio of expectations. Recalling (6.78), it suffices to
bound the numerator. For this purpose, we remark that (4.25) yields that for any v > 0
and for § > 0 sufficiently small, we have

(Tr—2,Tk+2) w,k

1
]E,u‘57u—1u+ (1A® ) < exp ( _ g(CO _ ,.Y))

(where, as usual, we have redefined v by a factor of two). Substituting these upper and
lower bounds, (6.80) improves to (6.79), and the proof of Lemma 5.4 is complete. O

Proof of Lemma 5.5. We will show (5.8). The proof of (5.9) is similar. We can assume
that the interval J; _ is contained in [~L., Lc|; if it is not, the proof becomes even
simpler.

Given the bound (5.4) on |Z°
k € I¢, we have

, it is clearly sufficient to prove that for any fixed

- — 1
s (1 1L L )(u € Jye N0AZ,  |u(zy) + 1] > 2)

3e1\ —1a
< exp (— 45> e Coneny (Tye)- (6.81)

This in turn will follow trivially from
-1,1 . 1
TR KA Ty |u(zy) +1| > 50 U <l-—don[zg_1,2k41]

3c _
< exp< 4;) ne o (Jye). (6.82)

In order to establish (6.82), we again introduce a decomposition. This time we define
the sets

AL ={u: Ju(z;)| < M forall j <k — 2},
AP :={u: |u(z;)| < M forall j > k + 2,
at least one ¢~ up layer < 2/in J, .},
AY i={u: Ju(zj)| < Mforj=k—2,k—1,...,k+2,

u<l-=4don[ry_1,2Tkt+1]},

1
A1®/27k ::{u €AY |u(zy) + 1] > 2}.

=
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The set on the left-hand side of (6.82) can be written as A? N A1©/2 e A?, and we have
the containment

AP NAP N AP C T,

so that applying the Markov property from Lemma 3.2 leads to

1,1
Fe(~L.,L.) (A? N A?/z,k: N A?)

He,U— Ut
(Tr—2,Tk+2) (IA?/Q,;C (u))
< sup

fe it
ug €[—M,1-4] E(wk,z,z;:rg) (]IAk@ (u))

11
Ma,(;LE,LE)(Jy,s)-

Therefore, to show the desired estimate (6.82), it is sufficient to establish

Me ,U—,U
E(mk_2,1:+2) (1A?/2,k (u)) 361
sup T <exp| — 2 ) (6.83)
wi €[~ M,M] E(rk72,1k+2) (lAk@ (u)) €

To get a lower bound for the denominator, we will as usual use the large deviation
lower bound from Proposition 3.5. For this, we note that

AY = B(A,6)
where A = {u: |u(z;)| <M —-dforj=k—2,...,k+2,
u<l—20o0n[ry_1,2k41]}-

Therefore, the large deviation bound gives that for any v > 0 and for € small enough

u_,u 1
He (2 0.mnia) (AkQ) > exp (—s(AE(A) + v)) - (6.84)

To get an upper bound for the numerator of (6.83), on the other hand, we will use
the large deviation upper bound from Proposition 3.4. For this, we observe that the

closed §/2 ball around A?/Q . is the set

A;:{u; ‘u(xk”gM—‘r(S, forj=k—2,...,k+2,

1-4
u<l—4/2on [xr_1,2k11], |u(zr) + 1| > 2}7

so that the large deviation bound gives
1 -
U_,u ®
u&,(mkt2,$k+2) <A1/2,k> S eXp <E(AE(A) + 7)) . (6'85)
We substitute (6.84) and (6.85) into the ratio on the left-hand side of (6.83) and ob-

serve that there is a cancellation of the second factor in the energy difference (see
equation (3.13)):

uU—,u ®
NE,(Ikt2,wk:+2) <A1/2,k> 1
< exp (—( inf F(u)—

U g ® € ueAd
Msa(zk—2vxk+2) <Ak >

Hence, the final ingredient that we need is the following energetic fact.

inf B(u) —v))-
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Lemma 6.7. There exists C' < oo such that for any M large enough and § > 0 small
enough, there exists {,, < oo with the following property. Let { > {, and consider the
boundary conditions uy € [-M, M]|. Define the sets A and A as

A :={u: ju(z)| < M =6 forz = —20, —,...,20,
u<1-—20on[-¢/{]},

A ::{u: lu(z)| < M+ 06 forz = =20, —¢,...,2¢,
1—-96
u<1-6/2on[-¢/1], |u(0)+1] > 2}.

Then there holds

Jrelfi E(ﬂﬂkfz@/wrg)(u) - 1}2& E(Ik—27wk+2)(u) > ¢ — (9,

where

~1/2 -1
¢1 := 2min { V2V (s)ds, V2V (s) ds} . (6.86)
-1

—3/2

This lemma is virtually identical to Lemma 6.6. The principal difference is that here
the excursion from —1 is only of magnitude 1/2. This changes only the leading order
cost (from ¢y to ¢1). We omit the proof of the lemma. O

Proof of Lemma 5.6. We will prove only (5.10), the proof of (5.11) being essentially the
same. We will always assume that the left endpoint of the interval J; _ is greater than
or equal to —L. (since otherwise the boundary condition at — L. trivially implies the
result).

Notice that the set of paths v € J, . that do not hit —1 in J7 _ is contained in the
following two sets

e The set of paths (a) in A; 3 (extra 6~ layers: recall (5.5)) or (b) without extra layers
but more than 1/2 away from —1 at a gridpoint for some k in Z¢.

* The set A, of paths in J, . that are within 1/2 of —1 at all gridpoints with k € 7%
but do not hit —1in J; _.

Hence, because of the bounds already established in Lemmas 5.4 and 5.5, we will be
done as soon as we show

—1,1 _ K. —11
oo () SN2 (). (6.87)

We remark for reference below that we may assume M > 3/2 so that |u(xy) — 1| < 1/2
implies |u(zy)| < M.

The interval J; _ can naturally be divided up into K. subintervals of length /(2K +1).
We set

kj:=k; _+j(2K.+1) for j=0,...,K., and I; := [zf 25, ]| forj < K. —1.

We want to use the Markov property and then apply Lemma 5.2 on these subintervals.

EJP 19 (2014), paper 23. ejp.ejpecp.org
Page 73/76


http://dx.doi.org/10.1214/EJP.v19-2813
http://ejp.ejpecp.org/

Invariant measure on large systems

Therefore, as usual, we introduce some sets for a decomposition.
A® ={u: [u(xy)| < M for k <k _},
A ={u: |u(axy)| < M for k >k ,, 6~ up layer < 2(in J, .},

1 _
Ap={u: Ju(zg,) - 1] < 5 forj =0,...,K.},

IS

.A? ={
A9, ; :={u € AY: no hitting of —1 in I; }.

1 _
Su(zg) — 1] < 3 for zy, € I},

We now write A, , as the intersection
K.—1
AL, =ASNATNAD N < N A@Lj), (6.88)
§=0
and apply the Markov property (Lemma 3.2) K. times to deduce

Ko-1
1,1
He(~Le.L0) (Ae NATNAZ N ( M A@l}j))
=0

K.—1
S (1Ae () Lae (u) 1yo () ] B, (e, ) ) (6.89)
=0

According to Lemma 5.2, we have

Elet )(1A91,j (u)) < AEf™ )(1A® (u)),

Th T Th T ;
(k]7k7+1 (k]7k7+1 j

uniformly over all paths u that satisfy u(zy, ), u(zy,,,) € [-3/2,—1/2]. We insert this
bound into (6.89) and then use the Markov property once more to recover

K.-1
—1,1
TR (Ae NA®NAD N ( N A?Lj))
=0

K.—1
< A mres L <1Ae () Lo () g () T B, (Lo (w) )
j=0
) K.—1
=Mty (A0t n (N A7) (6.90)
j=0
Since
K.—1
AP NA®NAD N ( N A?) C Ty
j=0
the combination of (6.88) and (6.90) completes the proof of (6.87). O
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