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This paper studies the effect of jump-diffusion random environmental perturbations on the asymptotic behaviour and extinction of
Lotka-Volterra population dynamics with delays. The contributions of this paper lie in the following: (a) to consider delay stochastic
differential equation with jumps, we introduce a proper initial data space, in which the initial data may be discontinuous function
with downward jumps; (b) we show that the delay stochastic differential equation with jumps associated with our model has a
unique global positive solution and give sufficient conditions that ensure stochastically ultimate boundedness, moment average
boundedness in time, and asymptotic polynomial growth of our model; (¢) the sufficient conditions for the extinction of the system
are obtained, which generalized the former results and showed that the sufficiently large random jump magnitudes and intensity
(average rate of jump events arrival) may lead to extinction of the population.

1. Introduction

Populations of biological species in some regions are often
subject to sudden environmental shocks, for example, earth-
quakes, floods, tsunami, hurricanes, and so forth. As it is well
known, occurrence of these disasters has the properties of
random unpredictability and great destruction. To illustrate
our mathematical results in terms of their ecological impli-
cations, we consider the protection of wildlife rare species, in
the southwest region Sichuan in China, best-preserved panda
habitat on earth, which belongs to Longmen Shan active
fault zone. Both the 2008 M8.0 Wenchuan and the 2013 M7.0
Ya’an earthquakes occurred in this region. Earthquakes and
secondary disasters caused by the earthquake such as mud-
slides, landslides, barrier lake, and other geological disasters
may destroy natural habitat of wildlife and even may lead to
extinction of endangered wildlife. Thus, it is very interesting
to reveal how these sudden environmental shocks have an
effect on the populations through stochastic analysis of the
underlying dynamic systems.

The classical deterministic Lotka-Volterra model with
delays is generally described by the integrodifferential equa-
tion

dt;t(t) =x;(t) | b+ Zaijxj () + Zbijxj (t - Tij)
=1 =1

nooc0 @

which is used to describe the population dynamics of n-
species with interactions, where x;(t) represents the popula-
tion size of the ith species; b;, a;;, b, and ¢; (i, j = 1,2,...,n)
are constant parameters; b, is the inherent net birth rate
of the ith species; a;;, b, and ¢; represent the interaction
rates; 7;; > 0 and y,-j(-) is a probability measure on (—00, 0]
that may be any function defined on (—00,0] of bounded
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variations. There is an extensive literature concerned with the
dynamics of model (1) or systems similar to (1), regarding
attractivity, persistence, global stabilities of equilibrium, and
other dynamics, and we here only mention Gopalsamy [1],
Kuang and Smith [2], Bereketoglu and Gy®éri [3], He [4], Teng
and Chen [5], Faria [6], and Chen [7] among many others.
In particular, the books by Gopalsamy [8] and Kuang [9] are
good references in this area.

The model mentioned above is a deterministic model,
which assumes that parameters in the model are all deter-
ministic irrespective of environmental fluctuations. However,
population systems in the real word are often inevitably
affected by environmental noises, which are important factors
in an ecosystem (see, e.g., [10-12]). It is therefore useful to
reveal how the noise affects the delay population systems.
In most previously studied stochastic population models, it
was assumed that populations change size continuously, as,
for example, in diffusion processes which considered small
environmental noise, namely, the white noise. The noise
arises from a nearly continuous series of small or moderate
perturbations that similarly affect the birth and death rates of
all individuals (within each age or stage class) in a population
[13]. Recall that b, is the inherent net birth rate of the ith
species. In practice we usually estimate it by an average value
plus an error which follows a normal distribution. If we still
use b; to denote the inherent net birth rate, then

by — b+ B, (1), (2)

where w, () is a white noise and f3; is used to measure the
intensity of the white noise imposed on the inherent net birth
rate of the ith species. By the same way, every interaction
parameter g;; is stochastically perturbed, with

aij l] + azjwz (t) (3)

where w,(#) is another white noise and o;; measures the
intensity of the noise imposed on the interaction rates ajj.
Then (1) takes the stochastic form

m—xu>b+2%1ﬂ+2u1( 7;)

n 0
+j;cijj_ooxj(t+0)d‘uij(6) @

+ Bix; (£) dw, (£) + Y 0%; (1) x; (£) dw, (£)

i1
i=1,2...,n

where w; (t) and w,(t) are mutually independent Brownian
motions with w;(0) = 0,7 = 1,2, defined on a complete
probability space (Q), #, P) with a filtration {F, } ., satisfying
the usual conditions (i.e., it is right continuous and increasing
while %, contains all P-null sets). In recent years, several
authors introduced white noises into deterministic systems
with delays to reveal the effect of environmental variability
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on the population dynamics (see, e.g., [14-18]). Particularly,
it has also been revealed by Bahar and Mao [14] and Wu and
Yin [17] that the environmental noise can suppress a poten-
tial population explosion of the Lotka-Volterra model with
delays. These indicate clearly that environmental noise may
change the properties of population systems significantly.

However, all real populations experience sudden catas-
trophic disasters of various magnitudes, ranging in size from
very small to large. These adverse phenomena can have many
causes: earthquakes, volcanoes, floods, tsunami, hurricanes,
severe weather, fire, epidemics, and so forth. Stochastic
dynamic system (4) is pure diffusion-type stochastic process
and its population density change continuously, which cannot
explain such large, occasional catastrophic disturbances. To
explain these phenomena, introducing a jump process into
the underlying population dynamics provides a feasible and
more realistic model. Hanson and Tuckwell [19-21] have
analyzed the impacts of such random disasters on persistence
time of population by employing a stochastic differential
equation which consists of a simple continuous deterministic
model and a pure Poisson jump component. Bao et al.
[22, 23] suggested that these phenomena can be described
by a Lévy jump process and they considered stochastic
Lotka-Volterra population systems with jumps for the first
time. Campillo et al. [24] considered the stochastic model
with jump perturbations in the chemostat circumstance. In
[25], Liu and Wang studied the dynamics of a Leslie-Gower
Holling-type II predator-prey system with Lévy jumps. We
also refer the readers to [12, 21] and the references therein
for more reasons why the disasters should be considered in
population dynamics modeling.

To the best of our knowledge, no results related to delay
Lotka-Volterra model with jumps have been reported. In this
paper, we thus study possible superpositions of jump and
diffusion processes, namely, what is called jump-diffusion
processes. Jump-diffusion models have also some intuitive
appeal in that they let population change continuously most
of the time, but they also take into account the fact that
from time to time larger jumps may occur that cannot
be adequately modeled by pure diffusion-type processes of
system (4). Motivated by these, let us now take a further step;
in this paper we focus on stochastic population dynamics (4)
which suffer occasional catastrophic disturbances; that is,

dx(t)—x(f) b+zaz] ](t)+ZU ]( )
+§3@J x; (¢ +6) dya; (6) | i

+ Bix; (£ dw, () + ) 0%, (£) x; (1) dw, (£)
j=1

—J y, t,u) x; ()N (dt,du), i=12,...,n,
v
(5)
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where x;(t7), i = 1,2,...,n, are the left limit of x;(t) and
b» a;j, by, > Tij Hij» P> and oy are defined as in model
(4). Let w;(t), i = 1,2, be mutually independent Brownian
motion defined on the probability space (Q, #, P) with the
filtration {F,}., satisfying the usual condition; let N(dt, du)
be the Poisson random measure and independent of w;(¢),
while compensated Poisson random measure is denoted by
N(dt,du) = N(dt, du) — v(du)dt, where v is a characteristic
measure on a measurable bounded below subset Y of R \ 0
with »(Y) < co0. 9y, : R, xY — R being a measurable
function, and 0 < y;(t,u) < 1, y,(t,u), u € Y is continuous
periodic function of time ¢t € [0,+00) with a period @ >
0. The symbol N(dt,du) counts the number of jumps of a
compound Poisson process with amplitude x;(t")y;(¢, u) of
the ith species generated in the mark interval (u,u + du)
during the time interval (¢, + dt).

When the effect of a disaster is proportional to population
size, the disaster is said to be density independent, because
the relative disaster size is independent of the population size
[21]. The density independent disaster is usually due to abiotic
causes which affect the population as a whole, whereas bio-
logical causes due to species interactions, such as epizootics,
may lead to nonlinear or other density independent disasters
[26]. In this paper, we only consider abiotic catastrophes such
as earthquakes, tsunami, hurricanes, floods, and fire. Under
this assumption, each catastrophe reduces instantaneously
the population by a proportion y;(, u); that is, a population
of size x;(t”) just prior to a catastrophe is reduced to size
(1 — y,(t,u))x;(t7) just after the catastrophe. Note that any
disaster greater than the population size has the same effect
as a disaster wiping out the whole population. Consequently,
our assumption that the loss magnitude of catastrophes in
the last term of system (5) is represented by x;(t")y;(t, u)
and 0 < y;(t,u) < 1 is reasonable in abiotic catastrophic
circumstances.

In reference to the existing results, our contributions are
as follows.

(i) We use jump-diffusion process to model Lotka-
Volterra systems with delays which suffer sudden
catastrophic disturbances and introduce a proper
initial data space, in which the initial data may be
discontinuous function with downward jumps.

(ii) Using the Khasminskii-Mao theorem and appropriate
Lyapunov functions, we show that the delay stochastic
differential equation with jumps associated with the
model has a unique global positive solution.

(iii) We give sufficient conditions that ensure stochasti-
cally ultimate boundedness, moment average bound-
edness in time, and asymptotic polynomial growth of
our model.

(iv) We show that the sufficiently large random jump
magnitudes and intensity (average rate of jump events
arrival) may lead to extinction of the population.

This paper is organized as follows. In the next section,
we provide some notations and show that there exists a
unique positive global solution with any initial positive data.

In Sections 3 and 4, we discuss the asymptotic moment
estimation and asymptotic pathwise estimation, respectively.
We obtain the sufficient conditions for the extinction of
the population in Section 5, and we try to interpret our
mathematical results in terms of their ecological implications
compared with the former results in the final section.

2. Global Positive Solution

As the dynamics of system (5) are associated with the biolog-
ical species, it should be nonnegative. Moreover, in order to
guarantee that (5) has a unique global (i.e., no explosion in a
finite time) solution for any given initial data, the coeflicients
of the equation are generally required to satisfy the linear
growth and local Lipschitz conditions (cf. [27]). However,
the drift coefficient of (5) does not satisfy the linear growth
condition, though it is locally Lipschitz continuous, so the
solution of (5) may explode in a finite time. It is therefore
necessary to provide some conditions under which the
solution of (5) not only is positive but also does not explode
to infinity in any finite time. Khasminskii [28, Theorem 4.1]
and Mao [29] gave the Lyapunov function argument, which
is a powerful test for nonexplosion of solutions without the
linear growth condition and is referred to as the Khasminskii-
Mao theorem. In this section, we will apply the Khasminskii-
Mao approach to show that white noise of the interactions
among biological species can suppress the explosion to our
new model.

Throughout this paper, unless otherwise specified, we use
the following notations. x denotes a vector of Euclidean space
R"; that is, x = (x;,%,,...,%,). Let b = (b, b,,....b,), B =
(Bi> B>+ > Bu)» 0 = [0i],xn» and | - | denotes the Euclidean
norm of a vector x € R" If A is a vector or matrix, its
transpose is denoted by A’. If A is a matrix, its trace norm
is denoted by |A| = +/trace(A’A). Let R} = {x e R" : x; > 0
forall1 < i < n}. For any x € R, denote x™ = x V 0.
If x(¢) is an R"-valued stochastic process on t € R, we let
x, = {x(t+0):0 € (-00,0]} fort > 0.

To consider delay stochastic differential equation with
jumps, we here also need to introduce an initial data space.
Let & denote the family of functions that map (-0, 0] into
R’ satisfying the following.

(i) For every ¢(t) € of, ¢;(t) is right-continuous on
(—00,0] with finite left-hand limits and has only
finitely many downward jumps over any finite time
interval,i = 1,2,...,n.

(ii) For every ¢(t) € o,

sup ¢; (s) < 0o,
s<0

i=1,2,...,n. (6)

In addition, we impose the following assumption on the
probability measure ;.

Assumption 1. There exists a sufficiently small constant A > 0
such that

0
i, J e, 0) <o ij=1,2..n ()



Clearly, the above assumption may be satisfied when
M,-j(G) =™ (k > 1) for 6 < 0, so there exist a large number
of these probability measures. Clearly, the smaller A makes
Assumption 1 easier to satisfy since Jfoo dp;; =1 < co.

To carry out the analysis, we also need the following
simple assumptions on the interaction noise intensity and the
jump-diffusion coefhicient.

Assumption 2. (H1) 0;; > 0if 1 <i < nwhilstoj; > 0if i # j.
(H2) There exists a function § : R, x Y — (0,1) such
that for each t € [0, +00)

Yy (tu) <6(t,u), ueY,i=12,...,n,

sup {L [In (1 =6 (t,u))| v(du)} < 00 ®)

t>0

For convenience of reference, we recall two fundamental
inequalities stated as a lemma.

Lemma 3. The following inequalities hold:

X <l+r(x-1), x20, 12720, 9)
-0/ Z": 1PV
i=1 (10)
Vp>0, xeR].

Then the following theorem on the global positive solu-
tion follows.

Theorem 4. Under Assumption 2, for any initial data & € of,
there is a unique positive solution x(t, &) of system (5), and the
solution will remain in R} with probability I; namely, x(t,&) €
R forallt > 0 a.s.

Proof. Since the drift coefficient does not satisty the linear
growth condition, the general theorems of existence and
uniqueness cannot be implemented for system (5). However,
it is locally Lipschitz continuous; therefore, for any given
initial data £(0) € o/, there is a unique maximal local solution
x(t, &) for t € [0,7,), where 7, is the explosion time. For the
sake of simplicity, we write x(,&) = x(t) thereafter. To show
that the solution is global, we only need to prove that 7, = co
a.s. Note that |£(0)| < co. Let k, be a sufficiently large positive

number such that 1/k, < £;(0) < k, foralli = 1,2,...,n. For
each integer k > k,, define the stopping time
. 1
7, = inf {t €l0,7,):x;(t) ¢ <E’k)
(11)

for somei=1,2,...,n

with the traditional convention inf @ = co, where 0 denotes
the empty set. Clearly, 7, is increasing ask — ocoand 7, —
Ty, < 7, as. If we can show that 7., = oo, then 7, = 00
a.s., which implies the desired result. This is also equivalent

to proving that, forany t > 0, P(r, <t) — Oask — oo.
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To prove this statement, let us define a C*-function U : R} —
R, by

n

U(x) =) [va-1-05Inx]. (12)

i=1

It is easy to see that U(x) > 0 for all x € R’. Applying It&’s
formula to (5) yields

[ S Samte-n)

n 0
+ ZCij J_OO x; (t +0) du (9)] at

Jj=1

2
+ 0.25i (-05x)° +1) | B7 + (ioijxj> dt
i=1 j=1

+ O.Siﬁi (x?'5 - 1) dw; (t)
i=1
- 0-5ii (2 = 1) 0yx;dw, (1)

i=1j=1

+ijv[1—y,(t u) —l]xOSN(dt du)
i=1

-y L 051 (1 -y, (6 w)) N (dt, du).
i=1
(13)

Compute

1( )<b+ZaU ]>

n n n n n
< [Bl (7 1)+ 3 faylxs + 2D |ay| i,
i=1

i=1j=1 i=1j=1

M:

n n
ZZ |“ij| Xj

i=1j=1

<Y bl (2 4 1) +
i=1
n n
+ Y 205 ay| (x,+ )

i=1j=1

Il
™M=

|b|( 1)+Z |a'+05'a,1| X;

Jj=1

Il
—

n
2
+ O.SZ 'aﬁ| x|
j=1
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Zn: (x?.s B 1) Zbijxj ( ‘ Tij) The above inequalities imply
i=1 j= du (x)
n n P 05 2 n n ) n
<05) > by (" 1) +05) 3 ] (1 - 7y) <y <| ~0.12502x%° + [0 252 || +0.25/0] ]
i=1j=1 i=1j=1 i =t
n n
5 [osEhr e S cosr o[osE ot o255 o
i= j=1 j=1 j=
n n ) n n
+ O.SZ;Z;x]. (t - Tij) , + 0.2SZ|bij'2 + 0.2SZ|C,-]-|2:| X;
i=1j= j=1 j=1
i(x‘?-5 -1) Zc JO x; (t +6) dy; (6) — SR e R os
2\ £5) ij +10.5]b| + O.SZ;|bij' + O.SZ;|C,-]-| x;
| J= j=
< O.5ii|c~'2(x9'5 - 1)2 [ S 2
i=1j=1 T +10.5]b| + 0.252|bijj
n om0 2 - =
0.5 . 0)du.. (0
+ ;J; j_ooxj (t +6)du; (0) +0-25i|cij|2+ﬁi2]}dt
=

n
$ [osgn e Sl O S S

i=1j=1
n n 0
+0. 52| i ] +0.25;]Zl Loxj (t +0) dy; (6) dt
S 0.5
5) Bi(x7-1)d
+OSZZJ x° S (t+0)dp; (0). +05;ﬁ1 (% = 1) dw, ()
i=1j=1 Y
(14) +05) 3 () = 1) 0yyx,dw, (¢)
i=1j=1

Moreover, by assumption (H1),

. . 2 ZJ 0.5In (1 -y, (t,u)) N (dt,du),
2. (-05x+1) [ﬁfz * <Zl%'xj> ] (16)
=

since (1 — y,(¢, u))** =1 < 0. Define

2
0.5
(;U’Jx’> U, (x,t) = U (x) +ozszzj X% (s)ds

i=1j=1

; 2 17)
+ B+ (Za,-jxj> ] +OZSZZJ Jtex§ (s)dsdu; (0).

j=1 im1j=1 t+

G : 2 Note that

n n n 0 e a

S—OSZx?'5< 0le1> +Z<Zaijxj> +Z[312 ;

SRS EAVE =1 ZJ 0510 (1 -y, (t, w)) N (dt, du)
n i=1 7Y
cosfain o $($afa ) S n
=1\ j=1 =1 i=1 = ZJ 0.5In (1 - y; (t,u)) N (dt, du) (18)
i=1 7Y

= [-050242 + lox? + .

171

part ) ZJ- 0.5In (1 -y (t,u)) v (du) dt.



By assumption (H2), we have

M:

J 0.51n (1 —y; (t,u)) v (du)

1

'M= i

Il
—

j 0.5 [In (1 - 3, (12 )| » (dw)

1

'M=

<

j 05 |In (1= 8 (£, )| » (du)

i=1

8

Then
dU, (x,t)

<
= i

-

I
—

«l—o 12502 %>
1

+ o.zsi |a| + 02501 + O.Sn] X
=1

[ n n
+ 0.5 |aj| +0.25) |ay|
. j=1
+ozsz|b,1| +0252| |]
+ 05|b|+osz|b,J| +o5Z| |]

+ 05|b|+ozsz| "

oasBloff s ”

+ O.Siﬁi (x?'5 - 1) dw; (t)
i=1
+ 0.52":2": (x?'s ) 0jj ]dwz ()

i=1j=1
- Z J 0.5In (1 —y; (t,u)) N (dt, du)
i=1 7Y

< Kdt + o.siﬁi (x° -

i=1

+ O.Sii (x?'s -

i=1j=1

1) dw, (1)
1) 0% ;jdw, (t)

-y L 0510 (1 -y, (t, w)) N (dt, du),
i=1

(19)

(20)
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where K is a positive constant. We therefore have

EU (x (t A1) < EU, (x (£ A7) £ A Ty)

AT (21)
<U, (£(0),0) +[EL Kds = K

Define for each u > 1

p(u) = inf{U(x) DX ¢ <l,u) for some i = 1,2,...,n}.
u
(22)

Due to the property of the function h(x) := v/x—1-0.5Inx,
x > 0, we see that

Jm e =eo lmp()=co @)
and hence
ulLI%oP (u) = c0. (24)

By the definition of 7, x;(;) > k or x;(1;) < 1/k for some

i=1,2,...,1m,50

P(re<t)pk) <P(r. <t)U(x(t A1)

<EU(x(tAT)) (25)
<K,
which implies that
limsupP (1, <t) < lim —% =0, 26
m sup (< t) e (1) (26)
as required. This completes the proof of Theorem 4. O

3. Asymptotic Moment Properties

Theorem 4 shows that the solution of system (5) remains in
the positive cone R’ with probability 1. This nice property
permits us to further examine how the solutions vary in R’}
in more detail. Compared with the nonexplosion property
of the solution, the moment properties are more interesting
from the biological point of view. In this section, we will show
that the solution of the system (5) is stochastically ultimate
boundedness, and the average in time of the moment of
the solution to (5) is also bounded. To discuss stochastically
ultimate boundedness, we first examine the pth moment
boundedness, which is also interesting.

Definition 5. Equation (5) is said to be stochastically ulti-
mately bounded, if for any ¢ € (0, 1), there exists a positive
constant y(= x(e)), such that, for any initial data & € &/, the
solution of (5) has the property that

limsup P {|x (t)| > x} <&, (27)

t — 00

where x(t) is the solution of (5) with any initial data & € /.
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Theorem 6. Let Assumption 1 hold. Under Assumption 2, for
any p € (0,1), there exists a positive constant K, independent

of the initial data & € of such that the global positive solution
x(t,&) of system (5) has the property that

lim sup E|x (£)|” < K,. (28)

t— 00

Proof. By Theorem 4, the solution of system (5) remains in
R” a.s. for all £. For any p € (0, 1), define a C*-function V,:
R — R, by

V,(x) = Y xf. (29)
i=1

For any ¢ € (0, 1), applying It&’s formula to esth(x) and
taking expectation yield

EV, (x (1) = e “EV, (£(0)) + &

x E Jte“ [3
0

where QVP is defined as

(30)
V, (x,) + &V, (x (s))] ds,

SfVP (x)

—pr |:b+Za,J]+Zb, (t-1)

1

e i)

+ Z J-v [(1 -yt ”))p - 1] xf?/(du).
i=1

0
+quj_mxj(t+e)duij(e)} -

By Young’s inequality,

St [ S+ S 1)

0
WY, LO X (t+0) dy, (0)}

> [p(a b +6)) o

1+P11]1

T+ + 1+p
+e fb +;4ﬂ ]l]

>3 b (x4 (- 7,) - )

1+Pl 1j=1
X! (4 0) iy (6) — i) T )
1+p;JZ;J’<j_ (t+0) .u]z() M],
(32)
Moreover, it is easy to show that
> J [(1=y, (w)” - 1] xPv (du) < 0,
i=1 7Y
n n 2
Zﬁ[ﬁ+<2%a>]
i=1 j=1
(33)

23,

i=1j=1k=1

n

2 2+p
Z 11 1 :
i=1

zkx XXk

I
‘\TM: IIM:

As a result, we obtain
LV, (x,) + €V, (x (1))

S p
< DR (x;)+
l.; 1+p

n n

b (< (1) -4

i=1j=1

n n 0
L P ch; <J N xi”p (t+0)du;; (0) - pﬁxilﬂv))

1+pl.:1j:1 -
(34)
where
1_
R (x)= _P( _ P)alzl 24p
+ P Z[p(a +b +c,J)+aJ +ef J‘bﬂ

1+p].:1 (35)

) x

+ pb,-+p(p )[3 +¢&

Noting that 0;; > 0 and p € (0,1), by the boundedness
property of polynomial functions, there exists a positive
constant K(= K(p,¢)) such that Y, Ri(x;) < K, which
implies that

EV, (x (1))

<eEV,(EO)+e ' K(1-¢)



e xin (s)) ds]

ZZC;[E “0‘ ¢ “000 x; 77 (5+6) duj; (6)
9 ) d].
(36)

It is easy to show that

t
1+
J e‘“(x‘ p(s—r ) iy
0 ! !

t—7; t
_ j J es(s+rj,-)xi1+P (s) ds — j e£(5+7ji)x}+P (s) ds (37)
0

~Tj;

P (s))ds

< g tei supfil P ().

u<0

Using a similar argument as Theorem 3.1 in [16], by Fubini’s
Theorem, we may estimate that

t 0
J essj xin (s+0)du;; (0)ds

0

t =S
- | evas “ X (s + ) duy, 0)

0

0
. j X (s + 0) du, 0)

S

t —s
< J e“dsj xl.1+P (s+0) eih(ﬁg)d‘uﬁ C)
0 -0

, T o)
+ J duj; (0) J essxiHP (s+0)ds
—t -0
0
< supf P (u)J ~(A-e Sdsj e_’wdptﬁ C)
u<0 0
0
" J du; (6) J -0, 1P () d
< ﬁ 5 1+p ! ss l+p d
A- silig )+ ‘MJ’ X (s)ds,
which implies
t 0
L e [J xin (s+0)du; (0) - Hjx 1+p (s)]
_ (39)

<

" supt! ™ (u).

—&u<0
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Hence

EV, (x (1))

<eEV, (E(0)+e 'K (1-¢)

1+p + £T); ji
+ su u i€ !+ c ,
1-1—}712‘1']2114}))E ) Ly
(40)
which implies
lifn sup EV, (x (1)) < ¢ 'K. (41)

Since p € (0, 1), by inequality (10), we obtain that

lim suplE|x (t)|F < hm sup[EV (x () <e 'K, (42)

t— 00
and the assertion (28) follows by setting K, = e 'K. O

Theorem 7. Let Assumption 1 hold. Under Assumption 2, the
solution of (5) is stochastically ultimately bounded.

The proof of Theorem 7 is a simple application of the
Chebyshev inequality and Theorem 6.

The following result shows that the average in time of the
moment of the solution to system (5) will be bounded.

Theorem 8. Let Assumption 1 hold. Under Assumption 2, for
any p € (0, 1), there exists a positive constant K; independent

of the initial data & € of such that the global positive solution
x(t,&) of (5) has the property that

[Lt Y (9 ds] <KL )
i=1

s formula to Vp(x) defined by (29) yields

1
lim sup—E
t— oo

Proof. Applying It6

t
EV, (x (1)) = EV, EOH+E L EZVP (x,)ds, (44)
where SfVP is defined as

EVP (x,)

75t [+ Ban + S 1)

n 0
+j:zlc'7 Lo x; (t +0) dy, (e)] s

2 ()

n

) L (1= (&))" = 1] <P (du).

i=1
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By a similar computation to (34), we have

v, () + 202 P)Z "

lll

<)+ S e (-

11]1

)-+")

n n 0
+ P ch; <J xiHP (t+0) dyji ) - xin),
L+ pisiA -0
(46)
where
¥ (x) = - p(1 ‘P)02x2+p L P

4 1+p

X

Z[p(a;;+bi;+ci )+a +b++c ]pr (47)
=1

* [pmwﬁf]x”-

Noting that p € (0,1), the polynomial Y ¥;(x;) has an
upper positive bound, say R,; inequality (46) yields

EV, (x () + @ZGE[E [J: X (s) dS]
< EV, (£(0) + L R,ds
2SS [ (7 (s ) -7 ) ]

1+pi=1j=1
e (], (5 oo

—xin (s)) ds] ,
since (1 - y;(t,u))f =1 <0, for 0 < y,(t,u) < 1. Compute
t
1
L (6" (s - 730) -

t—‘rji
= J HP (s)ds — J P (s)ds (49)

ji

LSS

1+P1 1j=1

(48)

xl.“‘o (s)) ds

< Tjisup£i1+P (u),
u<0
0
H X (5 +0) dy (0) ds
=j ds“ "X (54 6) du (6)

0
. J X (5 +0) dy (0)

9
t =S 1
< | ds| s ero e O, @)
0 -0
0 £
+ J dyj,» (G)J xi+P (s+0)ds
-t -6
t 0
< supE p(u)J AsdsJ e_wd‘uﬁ C)
u<0 —00
0 t
+ J dptﬁ (G)J xin (s)ds
-0 0
!_’lji 1+p ! I+p
< —=-supg; T (u) + | x; 7 (s)ds,
A u<0 0
(50)
which implies
t /00
L (J xiHP (s+0) dyﬁ 0) - xl.Hp (s)> ds
_ (51)
luji 1+p
< —supg; " (u).
A u<0
Hence
P) ! 2+p
EV, (x (t))+ Z o X7 (s)ds
t
<EV, (§(0)) + Jo R,ds
(52)
i Tji supf P (y)
pl 1j=1 u<0
1 ZZ it supd; ™ (u):
1 1j=1
this implies
t 2 4R
lim sup— [E J xi2+p (s) ds] <—7r (53)
t— 00 [ 0 ,Zl: op (1 - P)
where
6:min{(7i2i,lsi§n}. (54)
The required assertion (43) follows immediately. O

4. Asymptotic Pathwise Estimation

In Section 3 we have discussed how the solutions vary in the
R’ in probability or in moment. In this section, we continue
to examine the pathwise properties of the solutions to system
(5). The following result shows that this stochastic population
system will grow at most polynomially.

Theorem 9. Let Assumption 1 hold. Under Assumption 2, for
any initial data & € of, the solution of (5) satisfies

: In |x (#)]
lim sup
t— 00 In

<1l as. (55)

That is, x(t) grows with at most polynomial speed.
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Proof. By Theorem 4, the solution of (5) remains in R’} a.s.
for all . Define a C*>-function V; : R” — R, by

Vi (x (D) = ) x;. (56)

i=1
Applying Itd’s formula yields

dVl(x(t))_Zx {“Z% Xj Z 1% J( )

j=1
n 0
+Zcij J x; (t +0) dyy; (6)] dt
j=1 e (57)

+ Zﬁ,x dw, (t) + ZZ%X sdw, (¢)

i=1j=1

)y, (t,u) N (dt, du).

Then, applying It6’s formula to In V; (x) yields

dlnVy (x)

n 0
ys LO x; (¢ +0) dy, (9)>

(58)
- %zf (t) - %Zﬁ t) } dt
+Zy (t) dw, (t) + Z, (t) dw, (t)

(i

Vi X () y, (8 1)
Vi (x(t7))

) N (dt,du),
where

Z,(t) =

V& )Zﬁ"‘ ©:

(59)

Z0 =5 )ZZG,,x (£)x; (1)

i=1j=1

Hence, for any ¢ € (0, 1), applying It6’s product formula to
e InV,(x) gives

InV; (x ()

=e " InV, (£(0))

Journal of Applied Mathematics

1
Vi (x)

elnV, (x(s)) - %zf (s) - %zﬁ (s) +

t
+ e—st J ess
0

S (0 B+ Eo e-)

i=1

n 0
+Zcij J xj(s+ 0) d‘uij (6)) ] ds
e
t t
+e J e*Z, (s)dw, (s) +e J e Z, (s) dw, (s)
0 0

+ e—et jt ess J 11’1(1 _ Zi:l Xi (S_) Yi (S, u) ) N(dS, du) .
0 Y

Vi (x(s7))
By virtue of the exponential martingale inequality, for any T,
«, 3 > 0, we have

(60)

P { sup “ e“Z, (s)dwy (s) + J €7, (s) dw, (s)

0<t<T
__2 J B (Zl ( ) Zl (S))ds > ﬁ} ( )
0

<e P,

Choose T = ke, o = pe ¢, and § = p~'0e* Ink, when k € N,
0 < p < 1,and 6 > 1 in the above equation. Since Y -, k<

00, we can deduce from the Borel-Cantelli lemma [30, 2.2.4]
that there exists an Q; € Q with P(Q) = 1 such that, for any

w € Q, an integer k = k(w, p) can be found such that
I e“Z, (s)dw, (s) + I e Z, (s) dw, (s)
pe—ks t
< p 0 Ink + - J (23 () + Z3 (s))ds  (62)
0
< -1 ke p ! es 2 2
<p Oe"Ink+=| e (Z1 (s)+2Z; (s))ds
2 Jo

whenever k > E,_O <t < ke. Thus, for w € Qy and (k — 1)e <
t < ke with k > k + 1, we have

InV; (x (1))

Int
_ Vv, €0) plOnk 1 J -0
T eftlnt ekDeln((k-1)e) Int Jo

x | elnV; (x(s))+p_lZ§(s)

i (e S S o)

+Z J x(s+6)dy1](9)>]
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Ty % (s)yi(s,u) )

1 ! c(s—t)
— l 1-
T nt L ¢ L " V, (x(s7))

X N (ds, du) .
(63)

Note that In u < 2+/u for any u > 0. Hence, by inequality (10)
we have

InV, (x) < 24V, (x) < 2n**|x|"/2. (64)
Clearly,
V. (x) be {rgg b (65)

It is easy to show that

Vl (x)ZZa xx

Pyt
=V (x);;“vx i%j —JE,‘};{ aitvix) (60
< max {aj} Valx|,
Vl(x);;bxx (t-;)
V (x) ;leb;x,x]( ) (67)
‘1133?§n{ ”}J:zl (t-1),
Vi (x)lzljz1 Jﬁ x;j (¢ +6) dp; (0)
=V (x);; i Jﬁ x;(t+0)du; (6)  (68)

n

0
< max {c:;} Z J_OO x;(t+0)du;(0).

<i,j<
1<i,j<n =

By inequality (10), it is also easy to see that

Z2(t) >

2
Yo <t>] > m—{}l 0)F.

(69)

Vl()

Note that

Lvl-tee(sft)J- 1n<1_ Zz 1 z( )Vz(s u))
Int 0 Y Vl (x (S )) (70)

x N (ds,du) < 0;

1

this, together with (64)-(69), implies
InV; (x (1))

Int
_ Vv, €0) p 0 Ink
T eftlnt ekDeln ((k-1)e)

;max {b)}

1 e(s—t) 1
l t,[ ‘I’(x(s))ds+l

nooot
’ J:ZI Jo e [xy (s - ) -

1 +
R E—
Inti<ij<n Y

eix; (s)] ds

n t 0
y Z J ) “ x; (s+6) dyij ) —ﬁijxj (s)] ds,
j:I 0 —00
(71)

where

l-p . 20112 +
¥(x)= - min {aﬁ} |x|” + lrsr})?icn {ai].} Vn x|

2n 1<isn

+ max {b+} Ze Yx;+ max {:]'} iﬁijxj (72)
=1

1<i,j<n 1<i,j<n

1/4 1/2

+
+2n x| + max {6'}.

Recalling that p € (0, 1), by the boundedness of polynomial
functions, there exists a positive constant K such that ¥(x) <
K. In addition, noting that ¢ € (0,1), using a similar
argument as (37) and (39), we may estimate that

t
£S ET;; -1 et
Le [xj (s—Tij)—e ix; (S)]dSSS e ’Jili%)Ej (u),

t 0
L e “_ x; (s +0) dpy; (6) — by, (S)] ds (73)

<

Hij
il

Hence,

p 10 Ink
ekDeln ((k—1)¢€)

InV, (x(t)) - InV; (§(0)
Int T eftint

+ ﬁs_lf (1 - e_st)

1
’ e“lnt1<;1<n{ 11}28 e ‘fsupﬁ (u)

1 " ﬁ
Tt lntlrfi,??n {CI;} Z 1_ supf (u),

j=1 € u<o

(74)
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which implies that by inequality (10)

l &
lim supL(t)I < ei. (75)
t— 0o n P
Lettingp — 1,0 — 1,ande — 0 gives the desired result.
O

5. Extinction

Understanding the impacts of white noises and random
catastrophes on the extinction of the population is important
in both pure and applied ecology, and in the formulation of
effective conservation plans for threatened and endangered
species (Lande [31]; Gilpin and Hanski [32]). In this section,
the sufficient conditions for the extinction of the system
(5) are established. We show that if the intensity of white
noises, the magnitude of catastrophes, or the frequency of
disasters is sufficiently large, the solution to system (5) will
become extinct with probability 1, although the solution to
the original deterministic model (1) may be persistent.

For later applications, let us cite a strong law of large
number for local martingales (see, e.g., [33]) as the following
lemma.

Lemma 10. Let M(t), t > 0, be a local martingale vanishing
at time 0 and define

pMU%=jégE!2

e 120 (76)

where (M)(t) := (M, M)(t) is Meyer’s angle bracket process.
Then

lim M@ =0
t— 00 (77)
provided that tlim pup () <00 as.
Remark 11. Suppose that
‘I’loc = {‘I’ (t,z) | Y (¢, z) is predictable,
, (78)
J J ¥ (s, 2)|*v (du) ds < oo}
0 Jy
and for ¥ ¢ ‘I’lic,
t —_—
M (t) := J J Y (s,z) N (ds,du). (79)
0 Jy
Then, by, for example, Kunita [34, Proposition 2.4],
t
(M) () = J J ¥ (s, 2)[*» (du) ds. (80)
0 Jy
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Theorem 12. Let Assumptions 1 and 2 hold. Assume moreover
that the following conditions are satisfied:

(i) there exists a function y; : R, XY — (0, 1) such that
foreach t € [0, +00)

Ya (t’ u) < Yi (t’u) < é (t: u) >
(81)

ueY, i=12,...,n

(ii) there exists a constant 0 < p < 1 such that
K
—+T
2n
2 +1)?
n (maxlsi’js,l { U} +max,; i, {bg} + Max, g i<, {6 { ij})

g 2(1- p)min,__, {02}

(82)

Then, for any initial data & € gf, the solution of (5) satisfies

lim suplrl lt 0l <-1 as, (83)

t— 0o

where 1] is a positive constant, and

k=min{BB;—b-b, 1<i, j<n} >0,  (84)

I = - max {L{ln(l—yd(t,u))v(du)}; (85)

te[0,w]

namely, the population will decay exponentially with probabil-
ity 1.

Proof. Recall from (58) that
dInV; (x)

[ (e S + S 6-m)

+Z J x(t+0)d/4,](9)>

1 1
-SZ0-3Z0 (86)
+ J ln(l - M)v(du) dt
Y Vi (%)
+Z, (t) dw, (t) + Z, (t) dw, ()
_Zzl 1( )Yz(t )"‘
+Lln<1 S ) N ),
where
Z0)= 5 )Zﬁ,x, ®),
(87)
Zy(t) = v G )Zz%x, (t)x; ().

i=1j=1
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Integrating both sides of this equality yields
InV; (x)
=InV, (£(0))

J Vl(x)zx <b+2%1+2h i(s—)

Xict %, (5, 1)
+ Lln(l - W) v(du)

+Z J x(s+0)d;4,1(0)>

1 1
- Ezf (s) — Ezg (s) | ds

+ M, (£) + M, () + M5 (1),
(88)

where M;(t), i = 1,2,3, are local martingales defined,
respectively, as follows:

M, (1) = L Z,(s)dw, (s) = j 3 s (5) dw (),

Vi) G5

t

. Z, (s)dw, (s),

J
o= (s
y

OJ In(1-H(x(s"),su)) N (ds,du)

M, (t) =

i % (sT) yi (s w)
Vi (x(s7))

) N (ds, du)

(89)
with M;(0) = 0,i = 1,2, 3, where H is defined by
Yoy %Y, (tu)
H(x,t,u) = ==——— =, (90)
4 (x)

The quadratic variation of the continuous local martingale
M, () is

t
(M,, M,) (t) = L 75 (s)ds. (91)

For any 6 > 1 and each integer k >
exponential martingale inequality yields

L0 < p < 1, the

Oink] _ 1o
p )oK

Since Y22, k™ < 00, by the Borel-Cantelli lemma [30, 2.2.4],
there exists an Q, < Q with P(Q,) = 1 such that, for any

w € Q, there exists an integer k(w), when k > k(w), and
k-1<t<k,

P { sup [Mz (t) - g (M, M,) (t)] 2

1<t<k

-0

Oln(t+1)

M(t)<—JZ()d (93)

13
Clearly,
@2 | 2A
G 2v2( &
1 >
= —— (Zx'blx - x'ﬁﬁ'x)
2VE (x) (94)
= W+m (x' (bT + T'b') X - x'ﬁ[a"x)
1
_ 1 ’K
Vi)

where T = (1,1,...,1)and K = BB’ — bl - 1'b’. Note that the
ijth element of the matrix K is 3;3; = b, — b; > x > 0 by (84).
By the inequality (10), for x € R, it is easy to find that

x'Kx > x|x|* > EVl2 (x). (95)
n

Hence

1 & B
Vl (x); 71_2V2(x)<2ﬁ1 1) —__. (96)

By (81) and Jensen’s inequality, we may obtain that

J ln<1 - Zi—l\fiz’i gs’ ”)_> v (du)
Y e 97)

< J In(1-7y;(s,u)v(du).
Y

This, together with (93), (96), and (66)-(69), gives from (88)
that

InV; (x)
<InV; (£(0)) + Jo D (x(s))ds

+M+M1(t)+M3(t)

" 53 {b’j} Z J [xj (5 - Tij) - X; (S)] ds

+ max {c;.} Zn: Lt [JOOO xj(s+ 0) d‘uij ) - x; (s)] ds,

1<i,j<n

=1
(98)
where
_ p )
DO(x)= - > 1mgllgn{ u} |x|

{e;}) VAl

CF o ax {L/ln(l . (t,u))v(du)}.

2n  te[ow]

+ ( max {a;} + max {b;} + max

1<i,j<n 1<i,j<n 1<i,j<n

(99)
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Let

1- .
A== Fmin (o7},

B= ( max {a;;} + max {bf’} + max {cJ}) Vn,  (100)

1<i,j<n 1<ijj<n C M 1<ijjsn

C=2 _ max {Lln(l -y (t,u))v(du)}.

2n  te[o,w)

Then, ®(x) is denoted by
® (x) = Alx|* + B|x| - C. (101)

Recall that 0 < p < 1,50 A < 0. Since B > 0 and C > 0, by
(82), we may obtain that the discriminant A = B> +4AC < 0.
Hence, there exists a positive constant # > 0 such that

O (x)<-n, xeR] (102)

Therefore, we obtain from (98) that
InV; (x)

<InV, € (0) g + 22D

" iy {bg} Z J [xj (5 - Tij) - X; (S)] ds
n t 0
J U x;(s+0)du; (9)—xj(s)] ds

+ max {¢f}
0 —

1<i, j<n <

j=1

+ M, (t) + M, (t).
(103)
By (81) and the definition of H, for x € R/, we obtain that
H(x,t,u) <6 (t,u). (104)
This implies that
In(1-H (x,t,u))| < —-1In(1 -6 (t,u)). (105)

Then, by (H2), there exists a positive constant K, such that

(M5, M;) (t) = Jo L (In (1= H (x(s),s u)]*v(du)ds

< Jt L (n (1 - & (¢, w))]>» (du) ds

0

< Kot.
(106)
On the other hand,
t
(M,, M) (t) = L 72 (s)ds
(107)

2

< Jt —(Z’il |/31| a (5))2 ds < max {ﬁ } t.

0 V12 (x) 1<i<n
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Hence, by Lemma 10, we have

. M; (@)
lim =

t— 00 t

(108)

0 as. i=1,3.

In addition, we may estimate that from (49) and (51)

L [xj (s - Tij) - X; (s)] ds <7 suu<% £ (),

tr 0 u..
L “ x; (s +0)dp; (0) - x; (s)]dss %supfj (u),

- u<0
(109)
which, together with (108), imply
lim supM <-n (110)
t— 00

Consequently, by inequality (10) we complete the proof of this
Theorem. O

6. Discussion

Traditionally, the population dynamics are modeled by the
deterministic models, which assume that parameters in the
model are all deterministic irrespective of environmental
fluctuations. However, population systems in the real word
are often inevitably affected by environmental noises, which
are important factors in an ecosystem. In particular, the
population may suffer sudden abiotic catastrophes such
as earthquakes, tsunami, hurricanes, floods, and fire. It is
therefore useful to reveal how the environmental noises affect
the population systems.

In this paper, we consider the effect of jump-diffusion
random environmental perturbations on the asymptotic
properties and extinction of delay Lotka-Volterra popula-
tion dynamics. From condition (82) in Theorem 12, we can
observe that if intensities f3;, 0;; of white noises, the random
downward jump magnitude y;(¢, u), or intensity v (average
rate of jump events arrival) is sufficiently large, the species will
be extinct. Compared with the former results [17], this result
gives an interesting and important condition under which the
frequent nature disasters can force the population to become
extinct.

Recalling protection of wildlife rare species, the southwest
region Sichuan in China, is best-preserved panda habitat
on earth, which belongs to Longmen Shan active fault
zone. Both the 2008 M8.0 Wenchuan and the 2013 M7.0
Ya'an earthquakes occurred in this region. Earthquakes and
secondary disasters caused by the earthquake such as mud-
slides, landslides, barrier lake, and other geological disasters
may destroy a lot of woods and bamboo, which is natural
habitat of endangered wildlife species. Because the popula-
tion does not have enough time to adjust to these sudden
and severe environmental perturbations, the death rate of
these endangered wildlife species may increase suddenly and
greatly. In this circumstance, (¢, u) represents random loss
magnitude of the ith species caused by earthquake and »
stands for the intensity of occurrence of earthquake (average
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rate of earthquake arrival). By Theorem 12, if the earthquake
destruction and the frequency of occurrence are large enough
such that condition (82) is satisfied, then the wildlife species
face extinction and we should do something to avoid its
extinction.
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