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Limit theorems for the volumes of excursion sets of weakly and strongly dependent heavy-tailed random
fields are proved. Some generalizations to sojourn measures above moving levels and for cross-correlated
scenarios are presented. Special attention is paid to Student and Fisher—Snedecor random fields. Some
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1. Introduction

Geometric characteristics of random surfaces play a crucial role in areas such as geoscience, en-
vironmetrics, astrophysics, and medical imaging, just to mention a few examples. Numerous real
data have been modelled as Gaussian random processes or fields and studying of their excursion
sets is now a well developed subject. Sojourn measures provide a classical approach to address-
ing various applied problems within this framework. There is a very rich literature on the topic,
therefore below we cite only some key publications related to our approach. Good introductory
references to some applications can be found in [2,6,14,36,38].

Sojourn measures of stochastic processes were studied extensively in a number of contexts and
explicit formulae for their statistical characteristics were obtained for various scenarios, see, for
example, [12,25,26], results for Gaussian stochastic processes with long range dependence in [8,
9], and also numerous references therein. Unfortunately, one cannot expect that the same will
occur for the multidimensional situation. For random fields explicit formulae for the excursion
distributions are rarely known, see [2,11]. Most published papers concern only first two moments
of sojourn measures. However, it turned out that there are some interesting asymptotic results
in this area. Such results are usually the main tools for statistical applications. It is natural to
consider the volume of excursion sets in a bounded observation window and to study its limit
behaviour as the window size grows. Some progress in this direction has been made in [1,14,29,
30,32,33,37].

The approach taken in the paper continues this line of investigations. The paper [14] studied
central limit theorems for the volumes of excursion sets of stationary quasi-associated random
fields and suggested two open problems: the extension of the results to different classes of ran-
dom fields and the investigation of asymptotics for strongly dependent structures.
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Figure 1. Two-dimensional excursion sets and normal Q-Q plots of their areas. The columns correspond
to short-range and long-range dependent models (from left to right).

In example Figure 1 the first row shows two-dimensional excursion sets for realizations of two
types of random fields (from left to right): short-range dependent normal scale mixture model
and long-range dependent Cauchy model, consults Section 9. The excursion sets are shown in
black colour. The Q—Q plots in the second row, which correspond to the models shown above,
suggest that the limit law of the short-range dependent model is normal, while for the long-range
dependent model the data are not normally distributed. Additional details about Figure 1 are
provided in Section 9.

The paper has three aims. One is to provide explicit, albeit asymptotic, formulae for the distri-
bution of the volume of excursion sets of a class of strongly dependent random fields. The second
one is to derive asymptotic results for heavy-tailed random fields. Finally, the third aim is to gen-
eralize the previous findings to sojourn measures above moving levels and for cross-correlated
scenarios.

There is, therefore, a need for models that are able to display strongly dependent heavy-
tailed behaviour and yet are sufficiently simple to allow analysis. To obtain explicit results
we detail the underlying structure of random fields. Namely, a basic assumption of the analy-
sis is that we examine functionals of vector Gaussian random fields, in particular, Student and
Fisher—Snedecor random fields. Consult [3,15,16,47] on excursion sets of chi-square, Student
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and Fisher—Snedecor random fields and their importance for image analysis and studies of brain
function. Other results on sojourn measures of chi-square random fields can be found in [23,27,
29,30].

Minkowski functionals are widely used to characterise geometric properties of random fields,
in particular in the analysis of cosmic microwave background radiation, see [36,38]. In this paper
we investigate the first Minkowski functional of random fields and its expansions into multidi-
mensional Hermite polynomials, see some one-dimensional/discrete counterparts in [18,20]. To
have a complete account of results on asymptotic distributions of sojourn measures for functions
of vector random fields, we also prove corresponding theorems for weakly dependent scenarios.

The remainder of the paper is structured as follows. In Sections 2—4, we introduce the nec-
essary background from the theory of random fields and briefly review some definitions and
notation on the first Minkowski functional, multidimensional Hermite expansions, and Student
and Fisher—Snedecor random fields. We start Sections 5 and 7 with generalizations and correc-
tions of some classical asymptotic results to arbitrary sets and vector fields. With this in hand,
we continue Sections 5 and 7 by new results for the first Minkowski functional of Student and
Fisher—Snedecor random fields. In Section 7, we also show how to lift these results to sojourn
measures above moving levels and for cross-correlated underlying vector fields. Sections 6 and 8
provide the proofs of all theorems and lemmata in the article. Simulation results on the limit
distributions of areas of excursion sets for two types of images are given in Section 9. Short
conclusions are made in Section 10.

In this paper, we only consider real-valued random fields. | - | and | - || denote the Lebesgue
measure and the distance in R?, respectively. In what follows, we use the symbol C to denote
constants which are not important for our discussion. Moreover, the same symbol C may be used
for different constants appearing in the same proof.

2. First Minkowski functional

In this section, we review the definition of the first Minkowski functional and its relevant proper-
ties. More information about stochastic Minkowski functionals and their links with the expected
Euler characteristics of excursion sets can be found in [2].

We consider a measurable mean square continuous homogeneous isotropic random field
S(x), x € R9, (see [23,27]) with ES(x) = m, and the covariance function

B(r) := Cov(S(x), $(»)) =f0 Ye(rz)d®(z),  x,yeR,

where r := ||x — y||, (-) is the isotropic spectral measure, Y4(-) is the spherical Bessel function
given by

Y1(z) :=cosz,

n
Y, (z) := 2(”_2)/21"<§)J(n_2)/z(z)z(2_")/2, z>0,n>2,

Jy(+) is the Bessel function of the first kind of order v > —1/2.
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We define the marginal c.d.f. H(-) and p.d.f. i(-) of the field S(x) as follows:

H(u) =P{S(x) <ul, H(u):/u h@dz  uek.

—00

Definition 1. S(x), x € R?, is a homogeneous isotropic random field possessing an absolutely
continuous spectrum, if there exists a function f(-) such that

Z
®(z) =279*171d)2) f w N faydu,  w?f) e LiRy).
0
The function f(-) is called the isotropic spectral density function of the field S(x).

Consider a Jordan-measurable convex bounded set A € R?, such that |A| > 0 and A contains
the origin in its interior. Let A(r), r > 0, be the homothetic image of the set A, with the centre
of homothety in the origin and the coefficient r > 0, that is, |A(r)| = rd|A|.

Definition 2. The first Minkowski functional is defined as

M (S} = |{x € A(r): S(x)>a(r)}| =f x(S(x) >a(r))dx,

A(r)

where x (-) is an indicator function and a(r) is a continuous non-decreasing function.

In the simplest case a(r) = a is a constant. The functional M, {S} has an interpretation of the
sojourn measure of the random field S(x) above the constant level a, or the moving level a(r).
For the first Minkowski functional M, {S} we obtain:
EM, (S} = |Alr"P{S(x) > a(r)} = |Alr(1 - H(a(r)) (1)
and

Vaer{S}=/ / P{S(x)>a(r),S(y)>a(r)}dxdy—[EMr{S}]2,
A(r) JA(r)

or
varsg ()= [ [ cov(e. e axay,
A(r) JA(r)

where ¢ (x) := x(S(x) > a(r)), x € R%. Therefore, it is important to investigate the integrals

/ / G(lx — yll) dxdy
A(r) JA(r)

of various integrable Borel functions G (-).
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Consider the uniform distribution on A(r) with the p.d.f. given by

1

annx) =13 rd|A|’
0, if x ¢ A(r).

if x € A(r);

Let U and V be two independent and uniformly distributed inside the set A(r) random vectors.
We denote by YA (p), p = 0, the p.d.f. of the distance |U — V|| between U and V. Note that
Yae)(p) =01if p > diam{A(r)}. Using the above notation, we obtain the representation

[ f G(lx —yl)dxdy = |APrEG(|U - V)
A(r) JA(r)

s @)
5 iam{A(r)}
=|Alr A G(P)Yae)(p)do.
Example 1. If A(r) is the ball v(r) := {x e R?: ||x|| <r} then
1 — d+1 1
Yoy (p) = dp’'r dll—(p/2r)2<T’§>s 0<p=2rn
where
Lip+q) (", -1
I (pvq) = tp (1_I)q dtv ME(O, 1]7P>O»q>0, (3)
a T(p)I'(q) Jo

is the incomplete beta function, see [23].
Several expressions for ¥, (p), 0 < p < 2r, are given below:

d=1: Yy)(p) = 31— &),

d=2: Yyo(p) = %(arocos L -2 /1=,
2
d =3 Yoy (p) =5 (1 — £)2(1+ £).

If one considers the functional

F(8) = ()((X)dx,

then

Var £ 6) = | )f( Bl = vl dxdy = o0 PrEB(IU - VI)

4nd T s d+1 1
= Wd/z)r \/0 Z B(Z)Ili(z/zr)z (T, 5) dZ1

where B(-) is a covariance function of Z(x).
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For some random fields these formulae can be specified, however the asymptotic analysis is
difficult. Therefore, we will use an approach based on multidimensional Hermite expansions.

3. Multidimensional Hermite expansions

Let Hy(u), k > 0, u € R, be the Hermite polynomials, see [41].

Lemma 1. [41] Let (&1, ..., &) be 2p-dimensional zero mean Gaussian vector with
I, ifk=
E¢ ;& = rj, ifk=j+pandl <j<p;
0, otherwise.
Then

p p
E[] Hy € Hn, Gep) =8 kst

j=1 j=1
Let us denote
)4
ev(w) = [ | Hi; (w;).
j=1

wherew:(wl,...,w,,)/eRp, v=(ki,...,kp) €ZP,andallk; >0 for j=1,..., p.
The summation theorem for Hermite polynomials [21], formula (8.958.1) states that

k

Xiiajw; 3
Hk( = 2 )Z(Zpl 2yk/2 ) 1_[,% Hi; (w;j). )
= ]

jl] k1++kk]1j.

The polynomials {e, (w)}, form a complete orthogonal system in the Hilbert space
Lo(R”, ¢(llwl]) dw) = {G: fR G2 w)g(lwll) dw < oo},
P

1 2
¢(lwl) = 1’[¢(w,) Bl = ——=e i

An arbitrary function G(w) € Lo (R”, ¢ (Jw]|) dw) admits the mean-square convergent expan-
sion

o Cve
G =% # C = fR G(w)e, w)p([lwl]) dw, 5)
k=0 veNy

where Ny :={(k1, ..., kp) € ZP: Z;’zlkak, allk; >0for j=1,..., p}, vii=ki!- - kp!
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By Parseval’s identity

Z Z / G*(w)e(Ilw]]) dw (6)

k=0 VENk

Definition 3. Let G(w) € Lo(R?, ¢ (||w|) dw) and there exist an integer k > 1 such that C,, =0,
forallv e Ni,0<k <k —1, but C, #0 for at least one tuple v = (k1, ..., kp) € N,. Then k is
called the Hermite rank of G (-) and denoted by H rank G.

Let n(x) = [ (x),...,n p(x)]’ , x € R9, be a measurable mean-square continuous homoge-
neous isotropic vector Gaussian random field, see Section 5 in [27], Section 1.2. Suppose that
the components 71(-), ..., np(-) are independent, En;(0) =0, En? (0) =1, and En;(0)n;(x) =
BjillxD, 1 <j<p.

If G(w) € Lo(R?, ¢ (JJw]) dw) then the integral functional F(n) = fA(r) G(n(x))dx can be
represented as

F(y) = ch”f() (n(x))d

k=0 veNy

Therefore the expectation of F (1) is
EF(n) =|A(M)|Co....0), (N
while by Lemma 1 the variance is equal

C2
Var F (1)) = Z > = /A()/A ]_[B” lx = yl) dx dy. ®)

k=0ven; ” ) =1

4. Student and Fisher—Snedecor random fields

In this section, we introduce two main models investigated in the paper, namely, Student and
Fisher—Snedecor random fields proposed for studies of brain function in [47].
Let us consider the vector random field

N =[0Gy M (), N1 (), s T (0]

which consists of n + m independent copies of a measurable mean-square continuous homoge-
neous isotropic zero-mean and unit variance Gaussian random field 7 (x), x € R<.

Definition 4. The Fisher-Snedecor random field F, ,,(x), x € R4, is defined by

PRV CESSES: R
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The random field F, ,(x), x € R?, has the marginal Fisher—Snedecor distribution with the
p.d.f.

m™2n 2T ((m +n)/2) . um/2—-1
C(m/2)T(n/2) (n + mu)ntm)/2°

h(u) =

u €0, 00),

and the c.d.f.

m

n
H(”) = Imu/(n+mu) (3, 5) . (9)
By properties of the Fisher—Snedecor distribution

_ T((m +2k)/2)T ((n — 2k)/2)

r n\"
E[Fm’n(x)] = NCTOWRCTE) (Z) , n>2r.

Definition 5. The Student random field T, (x), x € RY, is defined by

T,(x) := n(o) , x e R

JA/MOE) + -+ 12, ()

It has the marginal Student #,-distribution with the p.d.f.

_T((n+1)/2) u\ "2
=T ()R
and the c.d.f.
11 n o1
H(M)Z §+ E(l —In/(n+u2) (5, 5)) -Sgn(u), (10)

where sgn(-) is the signum function.
The rth moments of 7, (x) exist when n > r and for k € N we have

0, ifr=2k—1<n;
E{T,(x)) =] T + D/)T((n = r)/ 20"

, if r =2k <n.
JaT ()2 if r <n

Note that [T}, (x)]*> = F}.,(x),x € R%.

Remark 1. The right-hand tail of the p.d.f. of the F, ,-distribution decreases as x~+D/2 The
left and the right-hand tails of the p.d.f. of the z-distribution decrease as |x|™*~!. Thus, both
Student and Fisher—Snedecor random fields have heavy-tailed marginal distributions.
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5. Central limit theorem for functionals of weakly dependent
vector random fields

In this section we present some analogues of results in [4,5,13,22] for the case of integrals of

weakly dependent vector random fields. Then, we apply these results to Fisher—Snedecor and

Student random fields.

Let n(x) =[n1(x),...,np(x)], x € R4, be a measurable mean-square continuous homoge-
neous isotropic vector Gaussian random field with En(x) = 0 and covariance matrix

B(lx 1)) =En©On() = (B (Ix1)),-; - -
First, we need an auxiliary statement which is similar to Theorem 1 in [13]. Let O, ,(r) :=

{x e R4: ru; < x; <rvj,i =1,...,d}, where u,veR? and u; <v; forall 1 <i <d. We will
use the notation

P
Y ) = max 3 [By (1x)]-

Lemma 2. Suppose that the function G(-) has Hermite rank k > 1, the covariance matrix of the
vector field n(x) satisfies the conditions (-) € Ly (R and Y(x) <lforallx e RY, and

o= [ EGO0)G ()] ax 0.
Then
r_d/zf G(]’](x))dxg YDL{U’ r— 00,
Du,v(r) Y

where |y o (DI7V2Y0, , ~ N0, 02), Do (D] =TT, (vi — up).
IfDu(l)’U(l) (l)ﬂDua))v(z) (1) =2, uD D cRY i =1,2, then the random variables Yo
and YQ ,, ,, are independent.

u@) ()

The proof of the lemma is based on Lemma 1, the diagram formula and ideas in [13], see
also [4,5] for vector processes, and the application of the diagram technique for random fields
in [23]. The assumption ¥ (-) € Ly (Rd) can be weakened, consult, for example, the condi-
tions (1.4") and (1.4”) in Theorem 1’ [13]. The most recent results can be found in [7,24,39,
41].

The following result generalizes Theorem 4 in [4] to the case of integrals of weakly dependent
vector random fields.

Theorem 1. If the conditions of Lemma 2 are satisfied, then

rid/Z/ G(n(x))dxg Ya, r — 00,
A(r)

where |A|~12Y A ~ N(0, 02).
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Remark 2. The central limit theorems for the volumes of excursion sets of stationary quasi-
associated random fields were proved in [14,37]. The approach used in the papers did not require
the isotropy of Gaussian fields. However, it was assumed that the continuous covariance function
is O(J|x]|7%), @ > d, when | x| — oo. We obtain the central limit theorems for homogeneous
isotropic random fields but under different conditions. Namely, it follows from (11) that only the
integrability of the covariance functions is required.

In the next two theorems we consider sojourn measures of Fisher—Snedecor and Student ran-
dom fields above the constant level a(r) = a. In the notation of Sections 2 and 4, for the Fisher—
Snedecor random field p = m + n and the first Minkowski functional takes the form

M{Fpn} = |{x € AGr): Fpupn) >a}|=/A( )X(Fm,n(x)>a)dx.

Theorem 2. If the covariance matrix of the Fisher—Snedecor random field F,, ,(x), x € R4,
satisfies the two conditions: sup, cpa ¥ (x) <1 and y(-) € Ly (RY), then

_ m n D
r d/zMr{Fm,n} - |A|rd/2<1 - Ima/(n—&-ma)(g: E)) — Ya, r — 09,

where |A|7V2YA ~ N(0, 02 (a)), 1.(p, q) is defined by (3),

U%(a) = /]Rd E[X (Fm,n(O) > a)x(Fm,,,(x) > a)]dx.

For the Student, random field p = n + 1 and the first Minkowski functional for the constant
level a is

MAT,} = |{xeA(r): T,,(x)>a}| :A( )X(Tn(x)>a)dx.

Theorem 3. If the covariance matrix of the Student random field T, (x), x € R?, satisfies the two
conditions: SUp,cpa ¥ (x) <1 and ¥ () € L1 (RY), then

_ 1 1 n 1 D ~
rrPMATY = AP - = (1= 1 ean (505 ) ) sen@ ) > Vo, r— oo,
2 2 2°2
where |A|7V2YA ~ N(0,02),

of = fRd E[x(7:,(0) > a) x (T (x) > a)] dx.
6. Proofs of the results of Section 5

Proof of Lemma 2. The lemma can be proved by a modification of the proof of Theorem 1
[13] using vector results in [4,5]. To avoid lengthy repetitions, we only state required changes to
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Theorem 1 [13].

The first step is the replacement of the function of a single variable H (¢) in Theorem 1 by
the function of multiple variables G (x) and use vector notation and conditions on the covari-
ance matrix presented in [5]. Then, it is straightforward to replace the summation over the sets
B(n,N):={s=(s1,...,8q) € 74: Nnj<si <N@m;+1),i=1,.. .,d}, by the integration over
the multidimensional parallelepipeds [, ,,(r) :={x € RY: ruj <xj <rvj,i =1,...,d}. Finally,
using integrals instead of sums in Theorem 4 [4] we obtain lim, _, r~4 Var( fDu o) G(n(x))dx)
and the expression for o2

The condition ¥ (-) € L, (R%) guarantees that cross-correlation functions of all components of
n(x) are also in L, (RY). O

Proof of Theorem 1. Let us consider a coverage of A(r) by the finite union U, (r) :=
U jes Du(_,‘)’v(_/) (r) of the disjoint multidimensional parallelepipeds {Du(_,‘),v(_/) (r), j € J}, with
the following properties:

1. Oy (r) is a decreasing nested sequence of sets when r is fixed and |J| — oo;
2. AcUOy(l;
3. 14d;()\ Al = 0, when |J| — oo.

The existence of such [1; (1) follows form the fact that A is a Jordan-measurable set.
By Lemma 2, we obtain

r_d/2/ G(n(x))deYDJ, r— 00,
0,

where |0, (1)|71/2Y, ~ N(0,02).

By the properties of L1, (r), we get Y1, 2) YA, |J| = oo.
As ¥ (x) <1, then by Lemma 1 [4]

E[G@)Gn(xD)][ v (Jx =+ P NEG (n©@).  xxPeRLan

It follows from inequality (11) that

r_dVar</ G(n(x))dx—/ G(n(x))dx)
Uy A(r)
_ / / EG (n())G (n(x")) dx dx®
Oy (M\AE) SOy (MA@

_EG’ 009
<—

(12)
[ (= aras
Oy rN\A@E) JO;\AF)
< |0, A .EGz(n(O))/Rd ¥ (Il .

Finally, by property 3 of [;(r) the upper bound in (12) approaches 0 when |J| — oo, which
completes the proof. (]
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Proof of Theorem 2. Note that by (9)

E(X (Fyun(x) > @) = P(Fpn(¥) > @) = 1 = Lna/tnima) (% %)

Then it follows from (1) that

_ m n
E(r d/2/ X(Fm,n(x) > Cl) dx) = |A|rd/2<1 - zna/(n+ma)<_, _>>
A(r) 22

and we obtain the following representation

r_d/zf (X (Fm,n (x) > a) — E()( (Fm,,,(x) > a))) dx = r_d/2/ G(n(x)) dx,
A@r) A(r)

where

202
G(w):x( (A/m) W} 4+ w) )>a>+lma/(n+ma)(%,%)—l. (13)

2 2
A/my(wy g+ Wiy

G (-) is a symmetric function with respect to the origin. Hence, C,, = 0 for all v € N;. How-

ever, C,, # 0 for such tuples v = (k1, ..., ku4n) € N> that exactly one k; = 2 (expressions for
coefficients C\,, v € Np, will be given in Theorem 7).
Therefore, H rank G =2 and we can apply Theorem 1 which completes the proof. U

Proof of Theorem 3. It is easy to obtain the statement of the theorem following steps analogous
to the proof of Theorem 2.
Using (10), we conclude that

1 1 1
E(X (T”(x) > a)) = 2 5(1 o ]’1/(n+a2)<%’ E)) -sgn(a).

Therefore,

r_d/zf (x (T (x) > a) — E(x (T (x) >a)))dx=r_d/2/ G(£(x))dx,
A(r) A(r)

G(w) ( w )+1<1 I (” 1)) sen(@) — +. (14)
w)=Xx >da = - ”/(n+a2) -, = . a) — —.
\/(1/n)(w§+---+wg+l) 2 22 2

For G(-) the coefficient C(10,...0) #0, (1,0, ...,0) € Ny, (expressions for coefficients C,, v €
Ni, will be given in Theorem 6). Therefore, H rank G = 1 and the application of Theorem 1
completes the proof. (]
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7. Non-central limit theorem for functionals of strongly
dependent vector random fields

In this section, we first present corrections and generalizations to arbitrary sets of some results
for random fields in [23], Section 2.10, [27], Sections 2.4 and 3.4, and [31]. Consult also the
pioneering papers [19,44,45] and the book [9] on non-central limit theorems and the Hermite
polynomials approach. In the rest of this section, we apply the developed technique to Fisher—
Snedecor and Student random fields.

Assumption 1. Let n(x) = [n1(x),...,n,(0)], x € RY, be a vector homogeneous isotropic
Gaussian random field with En(x) = 0 and covariance matrix

B(0)=17, B(lIxll) =En©)n(x) =T - IxII"*L(lxl), o >0,
where T is the unit matrix of size p, L(|| - ||) is a function slowly varying at infinity.

We investigate the random variables

Cu()

v Jae

K, = / G (1) dx and Kpci= 3 ey (n()) dx,
A(r)

VEN,

where C,, (r) are coefficients of the Hermite series (5) of the function G, (-) for fixed r.

Theorem 4. Suppose that n(x) satisfies Assumption 1 for a € (0,d/«), for each sufficiently
larger Hrank G, (-) =« > 1, and

C2r)\~! o
(299)' . S99

VEN, ’ I>k+1veN;

where y € (0, min(a, d — ak)).
If there exists the limit distribution for at least one of the random variables

K, Kr,fc

— and ———,
V/ Var K, v Var K,

then the limit distribution of the other random variable exists too and the limit distributions
coincide when r — 00.

Remark 3. If G.(w) € Lp(RP, ¢(||w]]) dw) does not depend on r and has Hermitian rank «,
then (15) is satisfied.

Remark 4. In many cases it is much easier to compute Var K, . than Var K. Using the property
lim,—~ Var K, /Var K, , = 1, we can change the statement of Theorem 4 as follows: under
the assumptions of Theorem 4 limit distributions of the random variables K,/,/Var K, , and

K, //Var K, coincide when r — oo.
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Assumption 2. n1(x) has a spectral density f(|A]), 2 € RY, such that

1
F>IA) ~ ea(d, oz)||/\||"“dL<m>, Al — O, (16)
where 0 < a < d and
_ T(d-a)/2)
2d @) = AT (@)2)

Remark 5. 1If f(-) is decreasing in a neighbourhood of zero and continuous for all A # 0, then
by Tauberian Theorem 4 [28] the statement B(||x||) = En1(0)n1(x) = |[x|[|7*L(||x||) implies
Assumption 2. A much more detailed discussion of relations between Assumption 1 and 2 can
be found in [28,40].

Note that then the field possesses the spectral representation

me = [ wan,

where W (-) is the complex Gaussian white noise random measure on R4,
Let

K(x) :=f el o) gy, xeR9. 17)
A
Theorem 5. Let 1(x), x € RY, be a homogeneous isotropic Gaussian random field with

Eni(x) = 0. If Assumptions 1 and 2 hold, a € (0,d/x), and k > 1, then for r — oo the finite-
dimensional distributions of

Xy i=rCOPTALTR ey | He(m () dx
Ar)

converge weakly to the finite-dimensional distributions of

Xe = d.a) R;K ST ||V<Zl(flak>2 Kiﬁlﬁ(ﬁa)/z’ (18)
where f I/edK denotes the multiple Wiener—Ito integral.
The following result shows that X, is correctly defined and EX,% < 00.
Lemma 3. Ifty,..., 7, k > 1, are such positive constants, that Z;‘Zl T; <d, then
fﬂw KO+ -+ 20| ”M”i’\nl ::ﬁtud*fk <0 (19)
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Ifti=---=1t=0a,a € (0,d/k), then we will use the following notation

diq---die
(S Ry PV Lol

c3(k,d,a) ::/1 |’C(Al+"'+)w)|2
R{K

Remark 6. 1t is not difficult to adapt Theorem 5 for the case of stochastic processes and obtain
self-similar limit processes, consults [23,27,31,37]. For x = 2, the limit random variable X, in
Theorem 5 plays an analogous role to the Rosenblatt distribution, see [44].

Example 2. If A is the ball v(1), then

2 Jay2(llx1D)

d
, e R%,
llx14/2

K(x)= / ™ gy = 2m)¢
v(l)

and we obtain the result from [23], Section 2.10, with r = 1, that is,

Jap (A 4+ XD W(dAry)--- W(dA,)
Rac A4 A 192 A @2 |02

X, = Q)2 d, @)

Example 3. Let us consider n(x) with uncorrelated identically distributed components possess-
ing covariance functions of the form

Bii(lxl)=(1+1x1°)", 0€(0,21,6>0,j=1,...,p.

The above is known as the generalized Linnik covariance function. Cauchy field in the simulation
results of Section 9 is an important particular case of this model.

If 06k > d, k > 1, then n(x) is a weakly dependent random field which satisfies the assump-
tions of Section 5, that is, ¥ (x) = By (||x]]) € Ly (R9) and Y(x)<l1forall x € R, If 66 < d,
then we have the strongly dependent case and Assumptions 1 and 2 hold, see [28] and references
therein.

In the next two theorems, we apply the general results to study the sojourn measure of strongly
dependent Fisher—Snedecor and Student random fields above a constant level, that is, a(r) = a.
The following theorem demonstrates that for Student random fields, even in the case of strong
dependence, we have a normal limit law. However, for the strongly dependent case the normal-
ization is different from r~%/2 in Theorem 3.

Theorem 6. Let n(x) = [n1(x),...,0,01(x)], x € R4, satisfy Assumption 1 for a € (0,d), and
Assumption 2 hold for the spectral density of each component 1;(-). Then the random variable

w2 MATY = AP (12 = 1/2(1 = L 402y (/2. 1/2)) - sgn(@))
rd=e/2L1/2(r) /e (d, @) c3 (1, d, )

Ur(n, @) :=2m(1 +a*/n)

is asymptotically N (0, 1), as r — oo.
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Contrary to the Student case, for strongly dependent Fisher—Snedecor random fields we obtain
a non-normal limit law.

Theorem 7. Let n(x) = [n1(x), ..., uam(x)], x € R, satisfy Assumption 1 for o € (0,d/2),
and Assumption 2 hold for the spectral density of each component 1;(-). Then, for r — o0, the
distribution of the random variable

M AFpn} = |AIr (= Lya/gritma) (m/2,1n/2))
cala,n,m)rd=—L(r)

U.(m,n,a) =

converges to the distribution of the random variable

X014+ Xom  Xomp1 4+ Xomn
m n ’

R(m,n) =
where X5 j, j =1, ..., m+n, are independent copies of the random variable X, defined by (18),

(ma/n)"T" ((m +n)/2)

cala,n, m) = (L5 ma/m) @ 02T (a2 EGn )2

Now we generalize the previous results to the increasing level a(r) — 400, as r — +00.

Theorem 8. Let n(x) = [m(x), ..., npr1(x)]), x € R4, satisfy Assumption 1 for a € (0,d), and
Assumption 2 hold for the spectral density of each component n;(-). If a(r) = o(r?/™), y €
(0, min(et, d — @)), r — 00, then the random variable

n/2 MV{Tn} - |A|rd1n/(n+a2(r))(l’l/2, 1/2)
rd=e2L\2(r)\/ey(d, e)c3(1,d, a)

\/ﬂ(l +a(r)*/n)

is asymptotically N (0, 1).

Theorem 9. Let 1(x) = [71(X), ..., Naim ()], x € RY, satisfy Assumption 1 for a € (0,d/2),
and Assumption 2 hold for the spectral density of each component n;(-). If a(r) = o(rv/m,
y € (0, min(e, d — @), r — 00, then the distribution of the random variable

Mr{Fm,n} - |A|rd(1 - ]ma(r)/(n+ma(r))(m/2’ n/2))
cala(r), n, m)rd=L(r)

converges to the distribution of the random variable R(m, n) defined in Theorem 7.

The following theorems illustrate how to extend the obtained results to long range dependent
vector fields which components may be cross-correlated, consult the pioneering papers [34,35,
46] on similar vector Gaussian process results. Such cross-correlated random fields may be use-
ful in positron emission tomography studies to identify brain activated regions. In many cases,
the activation is so small that the experiment must be repeated several times and the scan re-
sults are averaged to improve the signal-to-noise ratio. The cross-correlated components 7; (x),
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j=1,..., p, can be interpreted as repeated imaged slices in scans of the same subject. If the
stationarity assumption is in doubt, Student and Fisher—Snedecor random fields were proposed
to test regional changes, consult [15,47].

We use the previous notation M,{7,} and M,{F, .}, but replace independent components
of n(-) in the definitions 4 and 5 by components of cross-correlated random fields. Note, that
the functional M, {T,,} (M,{F »}) takes the same value on the class of fields {Cn(x), C > 0}.
Therefore, we study only the cases where det(En(0)n(0)) = 1.

Assumption 3. Let n(x) =[ni1(x),...,n,(x)], x € RY, be a vector homogeneous isotropic zero
mean Gaussian random field such that

B(llxll) =EnOn) = A- Ix|I"“L(lIxll),  @€©,d/k), k=1,

where A is a p x p positive-semidefinite symmetric orthogonal matrix, and Assumption 2 hold
for the spectral density of each component of the field i := A~1/?y.

Note that, by the definition of A, there exists the square root of A=Y that is, the positive-
semidefinite orthogonal matrix A~V2 suchthat A~1/2A~1/2 = A= In what follows, we denote
ATV = (@ip)1<ij<p-

Theorem 10. If n(x) = [n1(x),..., npr1(x)], x € R, satisfies Assumption 3 for k = 1, then
U, (n, a) defined in Theorem 6 is asymptotically N'(0, 1), as r — oo.

For the Fisher-Snedecor random field, we only consider the case of a block diagonal matrix .A.
It is also possible to derive similar results for arbitrary A, but for such cases we need a generaliza-
tion of Theorem 5 about the asymptotic behaviour of the bivariate functionals f IO () (x)dx
(consult [46] for d = 1), which is beyond the scope of this paper.

Theorem 11. Let n(x) = [91(x), ..., Naem ()], x € RY, satisfy Assumption 3 for k =2 and
A= [“g‘ /(‘)2], where Aj and Ay are m x m and n x n matrices, respectively. Then, for r — 00,
the distribution of the random variable U,(m, n, o) converges to the distribution of the random
variable R(m,n), where U, (m,n, «) and R(m, n) are defined in Theorem 7.

8. Proofs of the results of Section 7

Proof of Theorem 4. Let

V, = Z Z C‘;(!r) ev(n(x))dx,

I=k+1veEN; Alr)

then by Lemma 1
Var K, =Var K, , 4+ Var V,.
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By (8) and (2)
C2 r
Vark = 3 20 [ [ ey - i axay
Vo INGRANG:
2 diam{A
= apy-e 3 GO (r) f L s e

VEN,
If « € (0,d/k), then by asymptotic properties of integrals of slowly varying functions (see
Theorem 2.7 [43]) we get
2 C\%(r) 2d—ko 7 Kk
Var K, = ci(c, o, M)A Y —Er L*(r) (1 +o(1)), r — 00,
’ v!
vEN

where

diam{A}
cllicsa, A) = / T (2) dz.
0

Similar to Var K, we obtain

2 r-diam{A
VarV, = |A]>r? Z Z G (r)/ _O’ZL (D) ¥a@(2)dz.

[>k+1veN;

It follows from z~*L(z) € [0, 1], z > 0, that

CZ(V) diam{A}
Var V, < |A|?r2d—(ctDe Z Z 7D L Gy (z) dz

I>k+1veN,

2 dlam{A} K
= |aprape )y 33 S (r) e LU L0 g

K o
I>k+1veN, L) (r2)

Let us split the above integral into two parts I and /> with the ranges of integration [0, r 7]
and (r—#, diam{A}], respectively, where 8 € (0, 1).
As z7%L(z) €10, 1], z > 0, we can estimate the first integral as follows

-8

T Lf(r2) SUPg<g<p1-p SSLE(s) (7
I 5/0 LK 0 Ya(z)dz < OSY}"S’SrLK(r) /0 Dy (2) dz

5 (20)

3k, K pr-
Sup0<s<r N (S) / 5 _—ak
< == , dz.
_( LG ) T Ya(z)dz

By Theorem 1.5.3 [10] and the definition of slowly varying functions

lim S 2Po<s<r sYfLGs) _
r—00 ro/kp, (r)
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By (2), we can estimate the integral in (20) as follows

-8

)
/0 z—ﬁz—“m<z>dz=|A|—2/A/Ax(nx—y||sr—ﬂ)||x—y||—<“”>dxdy

(21)
r# p—B(d—(+aK))
< |A|_1/ Iod—(1+8+aK)dIo= .
- d—(§+aKx)|A|
For the second integral, we obtain
] STk diam{A}
SUP,1-p<g<y. s°L*(s) L(s _
L < ——== dlﬁm{A} : sup —(a) : 77Oy (2) dz
r°L (r) rlfﬂg‘vgr-diam{A} s 0
Using Theorem 1.5.3 [10], we conclude that
lim SUP, 1 < < diam(a) S° L (5) < lim SUP)<y<rdiam{a} $° L (5)
r—00 réLK(r) ~ r—oo (r - diam{A})S L« (r - diam{A})
diam®{A}L¥ (r - diam{A
x lim fam’{AJL" (r - diam{A}) =diam5{A}.
r—00 L¥(r)
By Proposition 1.3.6 and Theorem 1.5.3 [10], it follows that
—a 1—
up L(s) _supyzyi-s 8~ *L(s) L(r'~F) 6=01=8) _ o (;6-01-P) (22

= pe(=B L (r1-B)  po(1-P)

o
rl=B<s<r.diam{a} S

We can choose 8 = 1/2 and make § arbitrary close to 0. Then by (21), (22), and condition (15)
we obtain

. VarV, . Var K,
lim =0 and Ilim ——=1.
r—oo Var K, r—oo Var K,
Thus,
. K, K \ .. EWV,+0-/Vark,/VarK, )K,)>
lim E — - = lim =0,
r-cc \/VarK, ,/VarK,, r—00 Var K,

which completes the proof. (]

Proof of Lemma 3. Definition (17) yields K(-) € Lo (R4) and by the Plancherel theorem K(-) €
L>(R?). Hence, the statement of the lemma is valid for x = 1. For k > 1, we can obtain (19) by
the recursive estimation routine and the change of variables A, 1 = A1/ |u]:

dig - dae
A= A |9

/de!lC(MJr--~+AK)|2

=f KO+ -+ hea + )|
RAk—1)
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/ dle_1 dAp---die_odu
RY A=t 19750 i — Aoy 7% Ag 97710 Ao || T2

_/ KO+ + Az +w)|>day - dhe
— Jraeen [T Ao |4 T2 a4 e

di,_q
X ¥ d = 7 du
R (A1 |47 5 u/ )] — Age—1 |47
d)‘l ce d)»,(_z du
AL 9T A || Te—2 ||ue ]| 4 —Fe—1 — T

50/ KO+ Az + )|
Rdk—1)

2 du
<C K - .
< /Rd| ()] T <00 0

Proof of Theorem 5. Using the self-similarity of Gaussian white noise, namely W (C di) D
C2W (d)), and the It6 formula [19]

HK(m(x))=/RdK HArtethe,x {]_[,/f(x }W(dkl) W (dAy)

we obtain

W(dAy) - -- W(dAre)
a2 @072

’
er—Cg/z(d»Ol)/Rd K+ +a)OQr (A, .oy Ak)

where

1/2
0 (.o ) 1= XL ey P, w[ﬂ a1 “f<“A “ﬂ .

j=1

By the isometry property of multiple stochastic integrals

_ElXe — X, / Ot 3)P(Qr O, ) = D2
T dde R A= e "
Using (16) and properties of slowly varying functions we conclude that Q, (A1, ..., A,) con-

verges pointwise to 1, when r — oco. Hence, by Lebesgue’s dominated convergence theorem the
integral converges to zero if there is some integrable function which dominates integrands for
all r.

Let us split R%¢ into the regions

Byi={0a, ..., k) €R™: 0l < 1, if gy =—1, and |A;]| > 1, ifp; =1, =1,...,x},
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where © = (g, ..., 1e) € {—1, 1} is a binary vector of length . Then we can represent the
integral R, as

dAg---dh,
[PST R VY Lo

Ro= | /|m1+ A 2P (Qr 2 — 1)

nef{—1,1}¢
If (A1,...,A¢) € B, we estimate the integrand as follows

KO+ + 2O (M, oo ) — D?
(SN Ky [V Cat

_ 2K0s +o 0P

S Y Con R [ Lo

2 wjd
21K ) (1—[ 1 H(r/nx SDPLE/ 1A )

(QF(M1, ... k) +1)

IR T T rriL(r)
SRR ETR 27 U o JPRTV S & i wl e TGN
R P (v By rii® L(r) ’

where § is an arbitrary positive number. By Theorem 1.5.3 [10]

supy <1 /112 DL/ 121D g SUPzzr z70L(2)
m = =
r—00 r=8L(r) r— 00 r=8L(r)

)

supya =1 (/14 DL/ l13 1) [ S0 PL(z)
m = 1m —— s =
r—00 riL(r) r—oco  r8L(r)

Therefore, there exists g > 0 such that for all > rg and (A1, ..., ) € By

KO 4+ 4+ A P(Qr (M, .oy ) — 1)?
[N P
_ 2K0 +o 202
ST T

KO+ -+ A ?
[[Aglld=e—r18 .|| p [|d—e—Hd”

(23)

+2C

By Lemma 3, if we chose § € (0, min(«, d/k — «)), the upper bound in (23) is an integrable
function on each B, and hence on R4 too. By Lebesgue’s dominated convergence theorem
lim 5o E| X — X |2 = 0, which completes the proof. O
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Proof of Theorem 6. For the function G(-) given by (14) coefficients C, = 0 for v € Ny \
{(1,0,...,0)}. Ca.o0....,0) is given by the formula

Cao,..., 0)=/R+1 Gr(w)eqo,...0) e (lwll) dw

= X( > a)wl —dwj
R+l \/l/n(w§+"'+wr21+1) =1 27

2]1?"/2
~ o@D (@)2) J
1
NIRRT

24

OO Lo [ 22
o leP/ / wie 12 dw, dp
lalp//n

As Hrank G = 1 then by Theorem 4 for r — oo the limit distribution of the random variable

Mr{Tn} - EMr{Tn}

' Var M AT,}
is the same as that of
Cao..061)+--+Co,__onsns1(r) — c1(r)

VVar(Cao,...061(r) + -+ Ce,....0,1) Sn+1(r)) -~ JVarg ()’

where
§j(r)=/ Hl(nj(x))dx=/ n;j(x)dx.
A(r) A(r)

By Theorem 5 the random variable ¢1(r)/+/Var¢i(r) is asymptotically normal with zero
mean and unit variance. By Theorem 5 and Lemma 3 we get lim,_, oo Var¢; (r)/r?=*L(r) =
ca(d, a)c3(1,d, o). Finally, the application of Remark 4 concludes the proof of the theorem. [

Proof of Theorem 7. For the function G(-) given by (13) coefficients C,, = 0 when v € N; or

v € N\ {v: exactly one k; =2}. For v € N; with k; =2 for some j € {1,...,m},m >2,all C,
are equal and given below

C, = /R  Gweao...o@d(lwl)dw

ntm —w3/2

(A/m) (W} + -+ w2) ) 2 e
/%me((]/”)(wi-i-l+'“+w31+n)>a (U)l )/1:[1 N wj

m n 5 e wi/2 e w3/2 ntm—1
+(1m“/(”+’”“)<5’5> _1>/R(“" R d“”(fR NG dw2)
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2]‘["/2 2n(m—l)/2
~ @ F2T (n/2) T((m — 1)/2)

2
- P}~ le P12 dpy dp dwy

00 (wi+p?)/(ma)
x/(wz 1)efwf/2/ pmzepZ/z'/\/n wi+p?)/(ma
R 0 0
_ 2cq4(a,n, m)
= . .

It is easy to check that for m = 1 the above result is valid too, that is, C, = 2c4(a, n, 1).
For v € N, with k; =2forsome j e {m+1,...,m+n}all C, are equal to

C, = / Gweq,..o0n W) (lwll) dw
RrHrm

(1/m)(w? + -+ w?) ) 5
= X >al(w -1 ~  dw;
/ﬂ;nﬁ»m <(1/n)(w31+1 —|— e + w31+n) ( m+n ) l:[l \/H J
2 2
e Wntn/2 e~ wi/2 n+m—1 m n
+ /R(wiM - l)ﬁ dwp4n </R ﬁdwl) <1ma/(n+ma) <E’ E) — 1)

1/n)yw? ., +-- +w? 1 i v/
:/ <1—X<( / )( m+; m+n) >_>>(w’2n+n_l)HLdu}j
Rnt+m (l/m)(w] +---+ wyzn) a i=1 27

J

_ 2c4(1/a, m, n)
- n
. 2c4(a, n, m)

n

As H rank G = 2 then by Theorem 4 for r — oo the limit distribution of the random variable

Mr{Fm,n} - EMV{FHI,H}

v var M, {Fy, }

is the same as that of
Co.o,..0061() + -+ C,....0,2) Sntm (1)
VVar(Cpo,..0)S1(r) + -+ C,....0,2) Snm (1))
_ A/ m)(S1) + -+ S () — A/ n)((Snr1(F) + -+ S (1))
VVar((1/m) (G (r) + - + En () — /) (Gt (1) + -+ Emn (1))

where

&j(r) =/ H(n;(x)) dx =/ n;(x)dx — |A(r)].
A(r) A(r)
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By Theorem 5, we deduce that for r — oo the distributions of ¢&;(r) Jrd=L(r) converge to the
distributions of X5 ;, where X5 ; are independent copies of X>. The application of Remark 4
concludes the proof of the theorem. g

Proof of Theorem 8. It is sufficient to investigate the case a(r) > 0. First, we verify condi-
tion (15) for the function

w1
JUm@d 4wk

By (6) and (24) it is enough to check that

) 1 I
G, (w) = x< > a(r)> = Eln/(nﬂ(,)z)(%, 5). 25)

(n+a@r)?)" /Rw GEw)g(lwll) dw = o(r?/?), r— 00. (26)

It follows from (25) that

2
n+1 7wj/2

G w)g(wll) dw =/ x( it >a(r)) € 1w,
»/I;IH»] Rn+l1 \/(l/n)(wg + . + w’%+l) ]1:[1 \/ﬁ J

n 1 I 5 n 1
X 1_In/(n+a(r)2) E’E +Zln/(n+a(r)2) 5’5 :

For the incomplete beta function, we get

dt = O((n+a?)™""?).

I n ol T((n+1)/2) [Mo+a@? /21
/a2 2 ) T Tm/2)T(A/2) Jo T

Using the upper bound (7) in [17] for the complementary cumulative distribution function of
the standard normal distribution, we conclude

f wi n+1 e—w?/Z
X( > a(r)) H dw;
Rr+1 \/(l/l’l)(w%‘i“i‘wz_H) =1 V21
n/2
— 2’: . s p”‘le“)z”/ e U1/ dw dp
Qm)+L2rn/2) " Jo a(rp/Jn
—a*(r)p?/(2n)
- . 2«/5 c>olon_1 —p2/2 e—a (r)p n d
21/2 /7T (n/2) Jo a(r)p//n+/8/m+a%(r)p%/n

=0(a™"(r)), r — 00.

Therefore,

(n+a@)?)" fRM GEw)p(lwll) dw = O(a" (1)), r— 00,
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and condition (26) holds if a(r) = o(r?/?"), when r — 0c. The application of Theorems 4 and 5
yields the statement of the theorem. ]

Proof of Theorem 9. By (13), we obtain

/R+ G%(w)¢(||w||)dw=/n+mx< ] ; )>a(r)) e,

(1/n)(wm+l oot Wiy, j=1

m n
2Lna(ry/ (nrma(r)) 35 -1
2
m n
+ <Ima(r)/(n+ma(r))<2 5) - 1) .

The integral can be estimated as follows

/ ( 1/m(w%+...+w%1) ( )>zﬁ1 o5 /2
X >a(r
Retn "\ /(g wg ) «/_
_ 4y (ntm)/2 1 /oo pmflefpz/Z /«/n/(ma(r))p pn—lefplz/Z oy do
C(n/2)T(m/2) (2m)nt+m)/2 0 1

2 _
- n n/2 2=(ndm)/2 Oopn+m—1e—p2/2 dp
ma(r) nl'(n/2)"(m/2)

=(9(a_"/2(r)), r — 00.

By properties of the incomplete beta function, we get

m n n m )2
1— 1ma(r>/(n+ma(r>)< —> = n/(n+ma(r>)<2 2) =O((n+ma(r) "), r— 0o.

272
Therefore by (6)
C2(r) C? (r) c 5 _ n)2
;ZN - /XN: = Zammm g GO 0 = O 0),

and condition (15) holds if a(r) = o(r?/™), when r — oo. Steps similar to the proof of Theorem 7
yield the statement of the theorem. O

Proof of Theorem 10. Let G1(n(x)) := x(T,,(x) > a). By Assumption 3 we obtain

M,{Tn}=/ X(T,,(x) >a)dx=/ Gl(n(x))dx=/ Gl(ﬁ(x))dx
A(r) A(r)

A(r)
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where G (w) = G1(A2w). By (7) and the orthogonality of A!/? | we get

EM, (T} = \A(r>|fw+l G1(A2w)g(llwl) dw = [A)] /R G1 (W) (llw]) dw

a1 1 n 1
= |Alr E_E 1_In/(n+a2) E,E ~sgn(a) .

A2w is a linear transformation of w. Hence, for the function G(-) given by (14)
Hrank G(AY?w) = Hrank G(w) = 1 and to obtain the limit theorem we need only to find
the coefficients C,,, v € Ny, of the function G(Al/ 2w)

Due to the orthogonality of A~V2 it follows that Z:’Jr]l a2 = 1. Therefore, for v € N; such
that k; = 1, by (4) we obtain that

C, = / G (AP w)e, () (llwl]) dw
Rn+l1

N /R G (e, (A~ 2w (llwll) dw
n+1
ajl

= /R G(w)Za,,Hl(w,w(uwn) = At dim

=1

Hence, for r — oo and ¢;(r) defined in Theorem 6 the asymptotic distributions of the random
variables

M A{T,} — EM,{T,} and Z, 1a]1§](r)
vVar MoAT.) JVar(CiE ajigi()

coincide. Note that Z"H aj, = = 1. Then, similarly to the proof of Theorem 6, we get the state-
ment of the theorem. O

Proof of Theorem 11. Similar to Theorem 10 it is easy to show that

m n
EMr{Fm,n}=|A|rd<1_Ima/(n+ma)(2 2))

For the function G(-) given by (13) H rank G(A!/2w) = H rank G (w) = 2 and to obtain the
limit theorem we need only to find the coefficients C,,, v € N3, of the function G(.Al/ 2w).
By (4) and the orthogonality of both A and A3, for v € N, such that k j =2, we obtain

Cv=/ Gw)e, (A™2w)g(Jlw]) dw
Rn+m

n—+m

= /R Gw) Y a% Hy(w)(|lwl)) dw

i=1
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1 m 1 m+n
=ZC4(a,n,m)<;Z Z a?i)

l_m+l

1
— ifl <j<m,
=2cq4(a,n,m) - m’

—=, itm+1<j<m+n,
n

while forve Ny suchthatk; =k =1,1<j<l<m+n:

n+m
cu=fR+ Gw) Y ajiar HE(w)(lwl) dw
i=1

n+m

_ Zaﬂa,,»f G (w)(Ha(wi) + 1) (lw]) du
i=1

Rn+m

m+n
=ZC4(a,n,m)< Zaﬂall - — Z aj,al,) =0.

i=m+1

The rest of the proof is omitted as it follows from virtually identical arguments as in Theo-
rem 7. ]

9. Simulation results

To show different types of the limit behaviour for weakly and strongly dependent models we
present a simulation result based on the theoretical findings.

For d = 2, we chose two models of n(x): short-range dependent normal scale mixture field
with the covariance function B(||x||) =Z - exp(—||x %) and long-range dependent Cauchy field
which covariance function is B(||x||) = Z - (1 + [|x[|%)~'/4, consults [42]. We used three indepen-
dent copies of n;(x) to produce Fisher—Snedecor fields F1 2(x), x € R2, for each above model.
The first row of Figure 1 shows excursion sets above level 1 for realizations of these two Fisher—
Snedecor fields (from left to right). The excursion sets are shown in black colour. Images in each
column of Figure 1 correspond to the same model. The figure was generated by the R package
RANDOMFIELDS [42].

Further, we simulated 1000 realizations of each Fj 2(x) field and computed areas of the ex-
cursion set for each realisation. Applying the transformations given in Theorems 2 and 7 we
compared empirical distributions of the areas to the normal law. The second row of Figure 1
demonstrates normal Q-Q plots of 1000 realisations of the area of the excursion set. The obser-
vation window was chosen to be large enough to obtain results close to the asymptotic ones. The
Q-Q plots clearly manifest differences in two types of limit behaviour and support our findings.
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10. Conclusions

We have obtained limit distributions of the first Minkowski functional of both weakly and
strongly dependent vector random fields. In particular, special attention was devoted to Stu-
dent and Fisher-Snedecor random fields. The techniques developed in Sections 5 and 7 may be
applied to other problems, which deal with limit distributions of various functionals of vector
random fields. The analysis and the approach to the first Minkowski functional based on func-
tions of vector random fields are new and contribute to the investigations of excursion sets in the
former literature.

The results presented in the paper pose new problems and provide the theoretical framework
for studying more complex models. It would be interesting:

e to obtain similar results for other Minkowski functionals;

e to derive analogous results under different long-range assumptions on covariance functions
of vector random fields, consult [4,5,22];

o to study the rate of convergence to the limit distributions, consult [27].
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