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We consider the recurrence and transience problem for a time-homogeneous Markov chain on the real
line with transition kernel p(x,dy) = fx(y — x)dy, where the density functions fy(y), for large |y|,
have a power-law decay with exponent «(x) + 1, where a(x) € (0,2). In this paper, under a unifor-
mity condition on the density functions fy(y) and an additional mild drift condition, we prove that when
liminf|y| oo @(x) > 1, the chain is recurrent. Similarly, under the same uniformity condition on the den-
sity functions fx(y) and some mild technical conditions, we prove that when limsupy|__, oo @(x) < 1, the
chain is transient. As a special case of these results, we give a new proof for the recurrence and transience
property of a symmetric «-stable random walk on R with the index of stability « € (0, 1) U (1, 2).

Keywords: Foster—Lyapunov drift criterion; Harris recurrence; petite set; recurrence; stable distribution;
T-chain; transience

1. Introduction

Let (2, F, P) be a probability space and let {Z, },,en be a sequence of i.i.d. random variables on
(2, F, P) taking values in R4, d > 1. Let us define X, = Z?:l Z; and X¢ := 0. The sequence
{Xn}n>o0 is called a random walk with jumps {Z,},eN. The random walk {X,},>0 is said to be
recurrent if

P(]iminf|Xn| =0) —1,

n—-o0

and transient if
IP’( lim | X,| =oo) —1.
n—-oo

It is well known that every random walk is either recurrent or transient (see [3], Theorem 4.2.1).
Recall that a random walk {X,},>0 in R is called truly d-dimensional if P((Zy, x) # 0) > 0
holds for all x € R4\ {0}. It is also well known that every truly d-dimensional random walk is
transient if d > 3 (see [3], Theorem 4.2.13). An R¢-valued random variable Z is said to have
stable distribution if, for any n € N, there are a, > 0 and b, € R4, such that

Zl+"'+ananZ+bns

where Z1, ..., Z, are independent copies of Z and 4 denotes equality in distribution. It turns out
that a,, = n'/® for some o € (0, 2] which is called the index of stability (see [11], Definition 1.1.4
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and Corollary 2.1.3). The case o = 2 corresponds to the Gaussian random variable. A random
walk {X,},>0 is said to be stable if the random variable Z; has stable distribution. In the class
of truly two-dimensional stable random walks in R2, by [3], Theorem 4.2.9, the only recurrent
case is the case when {X,,},>0 is a truly two-dimensional random walk with zero mean Gaussian
jumps. In the case d = 1, every stable distribution is characterized by four parameters: the sta-
bility parameter « € (0, 2], the skewness parameter 8 € [—1, 1], the scale parameter y € (0, c0)
and the shift parameter 6 € R (see [11], Definition 1.1.6). Using the notation from [11], we de-
note one-dimensional stable distributions by S, (8, ¥, §). For symmetric stable distributions, that
is, for S, (0, v, 0) (see [11], Property 1.2.5), we write SaS. A SaS random walk is recurrent if
and only if & > 1 (see the discussion after [3], Lemma 4.2.12). In this paper, we generalize the
SaS random walk in the way that the index of stability of the jump distribution depends on the
current position and study the transience and recurrence property of the generalization.

Actually, we will not need the stability property of transition jumps. All we will need is a tail
behavior of transition jumps. Let us introduce the notation f(y) ~ g(y), when y — yp, for
limy_,y, f(y)/g(y) =1, where yg € [-00, oo]. Recall that if f(y) is the density function of
a SaS distribution with o € (0, 2) and y € (0, oo) (for the existence of densities of S, (8, y, §)
distributions see [11], Definition 1.1.6 and [3], Theorem 3.3.5), then

FO) ~calyl ™,

when |y| — oo, where ¢; = § and ¢y = £T(a + 1) sin(%), for a # 1, see [11], Prop-
erty 1.2.15. Now, let «:R — (0,2) and c:R — (0, 00) be arbitrary functions and let
{fx: x € R} be a family of density functions on R such that

(C1) x —> fx(y) is a Borel measurable function for all y € R and
(C2) fr(y) ~c(x)|y|~*®=1 when |y| — oo, for all x € R.

Let us define a Markov chain {X,},>0 on R by the following transition kernel

p(x,dy) == fi(y —x)dy. (L.1)

The chain {X,,},>0 jumps from the state x with transition density f,(y — x), with the power-law
decay with exponent «(x) + 1, and this jump distribution depends only on the current state x.
Transition densities { f,: x € R} are asymptotically equivalent to the densities of SaS distribu-
tions, and we call such chain a stable-like chain. The aim of this paper is to find conditions for
the recurrence and transience property of the stable-like chain {X,},>0 in terms of the function
o(x).

To the best of our knowledge, all methods used in establishing conditions for recurrence and
transience in the random walk case are based on the i.i.d. property of random walk jumps, that is,
laws of large numbers (Chung—Fuchs theorem), central limit theorems, characteristic functions
approach (Stone—Ornstein formula) etc. (see [3], Theorems 4.2.7, 4.2.8 and 4.2.9). Although we
deal with distributions similar to SaS distributions, it is not clear if these methods can be used in
the case of the non-constant function a (x).

Special cases of this problem have been considered in [2,4-6] and [10]. In [6] and [10], the
authors consider the countable state space Z and the function «(x) is a two-valued step function
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which takes one value on negative integers and the other one on nonnegative integers. The pro-
cesses considered in [2] and [4] run in continuous time. The function a(x) considered in [2] is
a two-valued step function which takes one value on negative reals and the other one on non-
negative reals, while in [4] the author considers the case when the function «(x) is periodic and
continuously differentiable. The methods used in [2,6,10] and [4], actually reduce the process
to random walks and Lévy processes. Also, it is not clear if these methods can be used in the
general case, that is, when the function «(x) is an arbitrary function. In this paper, under certain
assumptions on the functions «(x), c(x) and on the family of density functions { fy: x € R},
we give sufficient conditions for the recurrence and transience property of the stable-like chain
{X1}n>0 in terms of the function a(x).

Let us denote by B(R) the Borel o -algebra on R, by A the Lebesgue measure on B(R) and for
arbitrary B € B(R) and x € R we define B — x :={y — x: y € B}. Assume that the family of
probability densities { fy: x € R} satisfies additional three conditions:

(C3) there exists k > 0 such that

|y|a(x)+1

e ——— -1

0;
c(x)

lim sup
[YI—>00 xe[—k,k]¢

(C4) inficc c(x) > 0 for every compact set C C [—k, k];
(C5) there exists [ > 0 such that for every compact set C C [—/, []¢ with A(C) > 0, we have

inf dy > 0.
L cffo(y) y>

Condition (C3) ensures that out of some compact set all jump densities of the stable-like chain
{X1}n>0 can be replaced by their tail behavior uniformly. This condition is crucial in proving
certain structural properties of the chain {X,},>0 and in finding sufficient conditions for the
recurrence and transience. Another essential property of the chain {X,},>0 is that every compact
set is a petite set. A petite set is a set which assumes a role of a singleton for Markov chains
on general state space (for the exact definition of the petite set see Definition 2.2). This is the
reason why compact sets are important in conditions (C3), (C4) and (C5). Besides ensuring that
all compact sets are petite sets (singletons), conditions (C4) and (C5) ensure also that the chain is
irreducible. Condition (C4) ensures that the scaling function c¢(x) does not vanish on petite sets,
and condition (C5) ensures that the petite set [—k, k] communicates with the rest of the state
space.

Remark 1.1. Note that condition (C3) implies

sup  c(x) < oo. (1.2)
xe[—k,k]¢

Indeed, let 0 < & < 1 be arbitrary. Then there exists y, > 1 such that for all |y| > y, we have

|y|a(x)+l

fX(y)W -1 <e¢
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for all x € [k, k]°. Therefore, upon integrating over y we get

1 o) -1 1 00 -1 y2
c(x) < —— (2/ ye-1 dy) < —<2/ y3 dy) =_-¢
1—¢ e 1—¢ Ve l1—¢

for every x € [—k, k]°.

An example of a stable-like chain which satisfies conditions (C3)—(C5) is the chain which has
exactly Sg(x)(0, ¥ (x), 8(x)) jumps at each location x, where the functions «(x), y (x) and 6(x)
are Borel measurable and take finitely many values (see Proposition 5.5 for details).

Before stating the main results of this paper we recall relevant definitions of recurrence and
transience.

Definition 1.2. Let {Y,}n>0 be a Markov chain on (R, B(R)).

(i) The chain {Y,}n>0 is @-irreducible if there exists a probability measure ¢ on B(R) such
that for every x € R there exists n € N such that ¢(B) > 0 implies P(Y, € B|Yp =x) > 0.
(i1) The chain {Y,}n>0 is recurrent if it is @-irreducible and ifZZO:O P(Y, € B|Yp=x) =00
holds for all x € R and all B € B(R), such that ¢(B) > 0.
(iii) The chain {Y,}n>0 is transient if it is @-irreducible and if there exists a countable cover of
R with sets {B;};en € B(R), such that for each j € N there is a finite constant M; > 0
such that Yo P(Y, € Bj|Yo = x) < M, holds for all x € R.

The following two constants will appear in the statements of the main results: For « € (1, 2),

let
oS (5 +(3)
—~ i(2i — ) o 20 2 2

and forax €[0,1) and B € (0, 1 — @) let

T(a,B) =2F1(—a, 8,1 —a; )+ BB(l;a+B,1 —a) —aB(l;a+ 6,1 —p),

where W(z) is the Digamma function, » Fi(a, b, c; z) is the Gauss hypergeometric function and
B(x; z, w) is the incomplete Beta function (see Section 3 for the definition of these functions).
The constants R(«) and T («, B) are strictly positive (see proofs of Theorems 1.3 and 1.4). Fur-
thermore, it is not hard to see that the constant R(«), as a function of & € (1, 2), is strictly increas-
ing, R(1) =0 and limy_,7 R(«) = 0o. The constant T («, B), as a function of 8 € (0, 1 — &) for
fixed o € (0, 1), is strictly positive and 7T (¢, 0) = T (o, 1 — ) = 0, while considered as a function
of a € [0, 1 — B) for fixed g € (0, 1), it is strictly decreasing, T(0, 8) =2 and T(1 — 8, B) =0.

Theorem 1.3. Let o :R — (1, 2) be an arbitrary function such that

o = liminf a(x) > 1.
|x|—>00
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Furthermore, let c:R —> (0, 00) be an arbitrary function and let {fy: x € R} be a family of
density functions on R which satisfies conditions (C1)—(C5) and such that
xla(x)—l
limsup sgn(x) —E[X| — Xo|Xo =x] < R(x) (1.3)
[x|—> 00 C()C)

when a < 2, and the left-hand side in (1.3) is finite when o = 2. Then the stable-like Markov
chain {X,}»>0 given by the transition kernel

p(x,dy) = fr(y —x)dy,

is recurrent.

Theorem 1.4. Let o : R — (0, 1) be an arbitrary function such that

o :=limsupa(x) <1
[x|—>00

and let B € (0,1 — «) be arbitrary. Furthermore, let c:R — (0, 00) be an arbitrary function
and let { fy: x € R} be a family of density functions which satisfies conditions (C1)—(C5) and
there exists ag > 0, such that

a0 ra
liminf ——— 1 —{1+sgn(x)

|x]—>00 c(x) —a

-8
T M) )fx(y)dy > —T(a, p) (1.4)

for all a > ag. Then the stable-like Markov chain {X, },>0 given by the transition kernel
plx,dy) = fr(y —x)dy,

is transient.

Actually, instead of condition (1.3), in the proof of Theorem 1.3, we use the following more
technical but equivalent condition

(1+ |x|)a(x) S(14|x]) y
lim sup lim sup 7/ ln<l + sgn(x) )fx (y)dy < R(@) (1.5)
50 lxl—o0  €(X) —5(1+1x]) 1+ |x|

(see Section 5 for details). Conditions (1.3) (i.e., (1.5)) and (1.4) are needed to control the be-
havior of the family of density functions { f5: x € R} on sets symmetric around the origin. Con-
dition (1.3) actually says that when the chain {X,},>0 has moved far away from the origin,
since R(«) > 0, it cannot have strong tendency to move further from the origin. Since R(«) > 0,
it is clear that condition (1.3) is satisfied if a(x) € (1,2) and if f;(y) = fx(—y) holds for all
y € R and for all |x| large enough. For a non-symmetric example, one can take fy(y) to be
the density function of a S,_ (0, y—, §_) distribution, when x < 0, and the density function of a
Say (0, ¥4, 64) distribution, when x > 0, where o, oy € (1,2), y—, 4+ € (0,00), 6— > 0 and
5+ <0.
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Using the concavity property of the function x —> x#, for g € (0,1 — «), condition (1.4)
follows from the condition

lim sup &x))pd‘"(x)*1 < T p) (1.6)

|x]—>00 CX apf

(see Section 5 for details). Note that condition (1.6) actually says that the function c(x) cannot
decrease too fast. Since T' (o, 8) > 0 and «(x) € (0, 1), a simple example which satisfies con-
dition (1.6) is the case when c(x) > d|x|*®)~1+€ for some d > 0 and for all |x| large enough,
where 0 < € < 1 — o is arbitrary. Furthermore, one can prove that the function 8 — T'(«, 8)/8
is strictly decreasing on (0, 1 — «). Hence, according to the condition (1.6), we choose 8 close
to 0.

In the random walk case, that is, when the family of density functions { fy: x € R} is reduced
to a single density function f(y) such that f(y) ~ c|y|_"‘_l, when |y| — oo, where o € (0, 2)
and ¢ € (0, 00), conditions (C1)—(C5) are trivially satisfied. Hence, by Theorem 1.3 and the
condition (1.3), if « > 1 and if

/ yf(y)dy =0,
R

the random walk with the jump density f(y) is recurrent, and if « < 1, by Theorem 1.4 and
the condition (1.6), the random walk with the jump density f(y) is transient. This result can
be strengthened. If we assume that f(y) = f(—y) for all y € R, from the discussion in [12],
page 88, the random walk with the jump density f(y) is recurrent if and only if « > 1. As a
simple consequence of Theorems 1.3 and 1.4, we get the following well-known recurrence and
transience conditions for the SaS random walk case.

Corollary 1.5. A SaS, 1 < o < 2, random walk is recurrent. A S,(0, y,8), 0 < @ < 1, random
walk with arbitrary shift is transient.

The previous corollary can be generalized. If the functions «(x), y(x) and &(x) are Borel
measurable and take finitely many values, then the stable-like chain with Sa(x)S jumps is recur-
rent if a(x) € (1,2) for all x e R. If a(x) € (0, 1) for all x € R, then the stable-like chain with
Sax)(0, y(x), 8(x)) jumps is transient.

Remark 1.6. Conditions in Theorems 1.3 and 1.4 are only sufficient conditions for recurrence
and transience of the stable-like chain {X,},>0. On the countable state space Z, when

o, 1 <0,

a(i):{ﬁ’ i>0

for a, B € (0, 2), in [6,10] it is proved that if # > 1, the associated chain is recurrent, and if

# < 1, the associated chain is transient. A similar result, with

o, x <0,

a(x):{ﬁ, x>0
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for a, B € (0, 2), is proved in the continuous time case in [2], that is, a stable-like process with
the symbol |& |°‘(x) is recurrent if and only if # > 1. In [4], in the case when the function
«(x) is periodic and continuously differentiable function, it is proved that all that matters is the
minimum of the function «(x). If A({x: a(x) = ¢ :=inf{a(y): y € R}}) > 0, then a stable-like
process with the symbol |&|*) is recurrent if and only if g > 1.

Now we explain our strategy of proving the main results. The proof of Theorems 1.3 and 1.4
is based on the Foster—Lyapunov drift criterion for recurrence and transience of Markov chains
(see [9], Theorems 8.4.2 and 8.4.3). This criterion is based on finding an appropriate test function
V (x) (positive and unbounded in the recurrence case and positive and bounded in the transience
case), and an appropriate set C € B(R) (petite set) such that fR px,dy)V(y) —V(x) <0, in the
recurrence case, and fR p(x,dy)V(y) — V(x) = 0, in the transience case, for every x € C¢. The
idea is to find test functions V (x) such that the associated level sets Cy (r) :={y: V(y) <r} are
compact sets, that is, petite sets, and that Cy (r) 1 R, when r — 00, in the case of recurrence and
Cy(r) 1 R, when r — 1, in the case of transience. In the recurrence case for the test function,
we take V (x) = In(1 + |x|), and in the transience case we take V (x) = 1 — (1 + |x|)~#, where
0 < B <1—a (recall that o =limsup,|_, ,, @(x) < 1). Now, by proving that

X |a(x)
lim sup

(/ px,dy)V(y) — V(X)) <0,
|x]—>00 c(x) R

in the recurrence case, and

L a(x)[x [P
liminf

v re— </ px,dy)V(y) — V(X)) >0,
[x|—> 00 c(x) R

in the transience case, since compact sets are petite sets, the proofs of Theorems 1.3 and 1.4 are
accomplished.

A similar approach, by using similar test functions V (x), can be found in [7] and [8]. In [7], the
author considers a Markov chain on the nonnegative real line with uniformly bounded transition
jumps, while in [8] the authors generalize this result to the case of uniformly bounded 2 + §p-
moments of transition jumps, for some §p > 0. If we allow that «(x) € (0, 00) and assume the
following additional assumption: sup, .- @(x) < 0o, for every compact set C C [—k, k]¢ (recall
that the constant & is defined in condition (C3)), one can prove all nice structural properties of the
chain {X,},>0, given by (1.1), proved in Section 2. Hence, since the chain {X,},>¢ is recurrent
if and only if the chain {|X},|},>¢ is recurrent, [8] covers the case when liminf|y|_, o a(x) > 2.

The paper is organized as follows. In Section 2, we give several structural properties of the
stable-like chain { X, },>0 which will be crucial in finding sufficient conditions for the recurrence
and transience property. In Sections 3 and 4, using Foster—Lyapunov drift criterion for recurrence
and transience of Markov chains, we prove Theorems 1.3 and 1.4. In Section 5, we extend our
model from the model of asymptotically symmetric transition jumps to the model of asymptot-
ically non-symmetric transition jumps. Further, we prove that the change of the chain {X,},>0
on bounded sets will not affect the recurrence and transience property.

Throughout the paper, we use the following notation. We write Z and Z_ for nonnegative
and nonpositive integers, respectively. For x, y € R let x A y = min{x, y} and x V y = max{x, y}.
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Furthermore, {X,},>0 will denote the stable-like Markov chain on R given by (1.1) with tran-
sition densities satisfying conditions (C1)—(C5), while {Y,},>0 will denote an arbitrary Markov
chain on (R, B(R)) given by the transition kernel p(x, B), for x € R and B € B(R). For x € R,
B e B(R) and n € Nlet p"(x, B) :=P(Y, € B|Yp=x) and tg :=min{n > 1: Y, € B}.

2. Structural properties of the model

In this section, we discuss several structural properties of stable-like Markov chains. In Def-
inition 1.2, we defined irreducibility of a Markov chain on the state space (R, B(R)). In [9],
Proposition 4.2.1, it is shown that the irreducibility measure can always be maximized, that is,
if {Y,}u>0 is a g-irreducible Markov chain, then there exists a probability measure ¢ on B(R)
such that the chain {Y,},>0 is ¥-irreducible and ¢’ < ¥, for every irreducibility measure ¢’
on B(R) of the chain {¥,},>0. The measure v is called the maximal irreducibility measure
and from now on, when we refer to irreducibility measure we actually refer to the maximal
irreducibility measure. For the -irreducible Markov chain {Y,},>0 on (R, B(R)), let us set
BTR) ={B € BR): ¥(B) > 0}.

Proposition 2.1. Under conditions (C1)—(C4), the maximal irreducibility measure for the chain
{Xn}n>0 is equivalent, in the absolutely continuous sense, with the Lebesgue measure. Therefore,
the chain {Xp}n>0 is A-irreducible.

Proof. First, we prove that under conditions (C1)-(C4), the chain {X,},>0 is ¢-irreducible for
all measures @, such that ¢ <« 1. We prove that for every x € R and for every B € B(R), such that
A(B) > 0, there exists n € N, such that p” (x, B) > 0. It is enough to prove the claim in the case
of bounded sets. Let B € B(R), A(B) > 0, be an arbitrary bounded set. Let x e Rand 0 < ¢ < 1
be arbitrary. Then, by (C2), there exists y¢ x > 1 such that for all |y| > y, » we have

|y|a(X)+1

fX(y)W -1

<Eé&.

Furthermore, by (C3), there exists k > 0 such that for given ¢ there exists y, > 1, such that for
all |y| > y, and all z € [k, k]°, we have

|y|0t(z)+1

fz(Y)W -1

Leta :=sup B and yo := (Ye.x V ¥e V k) + |x| 4 |a| + 1. Finally, by (C4) we have

<é.

P2(x, B) = fR p(x.dy)p(y. B) = /R fFo-0 [ f@ddy

B—y

2yo

> fx(y —x) Sy(z)dzdy
0 B—y
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2y0
>(1—ecx) [ (—x)®@ ey |z|7* =T dzdy
Yo B—y

2y0
> (1— 8)2c(x)< inf c(y)) / (y— x)_3/1;a |z|_3 dzdy >0,
M -y

Yo<y=<2yo 0

since B —y C (—00, —y¢), for y > yp.

Now, we show the maximality of the Lebesgue measure. Let ¢ be the maximal irreducibility
measure of the chain {X,},>0. Hence, A <« . Let us show that ¢y < A. If that would not be
the case, that is, if there would exist B € B(R) such that A(B) = 0 and ¥ (B) > 0, then by
irreducibility of the chain {X},},>0, for every x € R there would exist n € N such that

pn(va)Z/ p(-xvdxl)/ P(xlsde)"'/P(xn—Z»dxn—l) fxnfl(xn)dxn>0-
R R R

B—x;—1

But, since fB_x fx(y)dy =0, for every x € R, because A(B) =0, we have p"(x, B) =0. O

Definition 2.2. Let {Y,}n>0 be a Markov chain on (R, B(R)).

(i) A set C € B(R) is called a v,-small set if there exist n € N and a nontrivial measure vy,
on B(R) such that for every B € B(R) and for every x € C we have

p"(x, B) = v, (B). (2.1

(i1) The -irreducible Markov chain {Y, },>0 is called aperiodic if for some small set C with
Y (C) > 0, 1 is the greatest common divisor of all values m € N for which (2.1) holds for
Vm = 8V, where n € N is such that C is v,-small set with v,,(C) > 0 and §,, > 0.

(iii) Let C € B(R). If there exist a probability measure a = {a(n)},>0 on Z4+ and a nontrivial
measure v, on B(R) such that

Y a(m)p"(x, B) = va(B)

n=0

holds for every x € C and every B € B(R), then the set C is called v,-petite set.

Proposition 2.3. Conditions (C1)-(C4) imply that for the chain {X,},>0 every bounded Borel
set C C [—k, k] is a vo-small set for some nontrivial measure v;.

Proof. By (C3), there exists k > 0, such that for all 0 < ¢ < 1 there exists y; > k V 1, such that
for all |y| > y. we have

|y|ot(x)+l

fX(y)W -1 <e¢
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for all x € [k, k]¢. Let C C (—oo, —k] be a bounded Borel set. Let x € C and B € B(R) be
arbitrary. Similarly as in Proposition 2.1, we have

2)’6
P2(x, B) = / fo-0 [ f@ddy s / Fely =) f fy(2)dzdy
R e (B=y)N(—00,—Yye)

B—y

2y,
>(1—s)2(xig£c(x))( inf c(y))/ (y—a)*/ 12173 dzdy,

YeSy=2ye Ye (B—y)N(—00,~ )

where a :=inf C. Now, by condition (C4), the measure

) 2ye 3 3
B)— (1 o inf R ~7dzd
v2(B) == (1 —¢) (xlIEICC(X))(yESI}I}SZyEC(y)) AE (y—a) /(B—y)n(—oo,—yg) |z| 77 dzdy

is a nontrivial measure. Therefore, the set C is a vo-small set. Similarly, we deduce that a bounded
Borel set C C [k, o0) is a vy-small for some nontrivial measure v,. O

Proposition 2.4. Under conditions (C1)—(C4), the chain { X, }n>0 is an aperiodic chain.

Proof. From the previous proposition, we know that every bounded Borel set C C [—k, k]€ is a
va-small set. Let us show that there exists a vy-small set C C [—k, k] which is also a v3-small
set with v3 = §3v;, for some §3 > 0. Let C =[—4y, — k, —k], where ¢ and y, are given as in the
previous proposition. The set C is a vp-small set. Let us show that

inf p(x,C) > 0.
xeC

Then, by [9], Proposition 5.2.4, C is a v3-small set, where v3 is a multiple of v,. Similarly as in
Proposition 2.1, we have

PO = [ fidy= / fe)dy
C—x (s

—X)N(—=00,—ye)U(C—x)N(ye,00)

> (1 —g)(xiggc(x)) inf ly|~3dy > 0.

xeC /<C—xm<—oo,—ys>U(C—x)n<ys,oo)

The following result is a consequence of [9], Proposition 5.5.2 and Theorem 5.5.7.

Proposition 2.5. Conditions (C1)—(C4) imply that for the chain {X,}n,>0, a Borel set is a small
set if and only if it is a petite set.

Since conditions (C3), (C4) and (C5) consider compact sets, we get the following result which
is essential in proving Theorems 1.3 and 1.4.

Proposition 2.6. Conditions (C1)—(CS) imply that for the chain {X,},>0, every bounded Borel
set is a small set.
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Proof. From Proposition 2.3, we know that every bounded Borel set C € [—k, k]¢ is a small set.
By [9], Proposition 5.5.5, it is enough to show that [k, k] is a small set. Let C C (—oo, —k] be
a bounded Borel set, that is, a small set. Let 0 < ¢ < 1 be arbitrary and let y, > (k VIV 1) (recall
that / is defined in condition (C5)) be such that for all |y| > y. we have
a(x)+1
f 2
c(x)

for all x € [—k, k]¢. Then, similarly as in Proposition 2.1, for every x € [—k, k], we have

<é

2ye

p2<x,c>=/ -0 fodds [ fo-» £,(2)dzdy
R C—y Ve (C—=y)N(—00,—Ye)

>(1—¢ inf ¢ inf d z _3dz>.
(- inf ‘”)m[_k,k]< /[yg’zys]_x £ y) ( /C LK

Now, using condition (C5), we have that pz(x, C) > 0. Therefore, by [9], Proposition 5.2.4, the
set [—k, k] is a small set, that is, every bounded Borel set is a small set. U

3. Proof of Theorem 1.3

In this section, we give a proof of Theorem 1.3. Before the proof we recall several special

functions we need. The Digamma function is a function defined by W (z) := 1;((;)) , for z € C,
Re(z) > 0, where I'(z) is the Gamma function.
Lemma 3.1. Let a > 0 be an arbitrary real number. Then
| s ma(e(5) ()
1 Y4y 2 2 2
Proof. From [1], formula 6.3.22, we have
1 -1
1 —x*
‘IJ(Z)=/ ——dx—vy,
0 1—x
for Re(z) > 0, where y is Euler’s constant. Then
a+1 a 1 xa/2—1 _x(a+1)/2—1
v -V - )= / dx.
2 2 0 1—x
The claim follows by change of variables x = y 2. [
The Gauss hypergeometric function is defined by the formula
o0
(@)n(b)n 2"
Fi(a,b,c;2):= —_— 3.1
2Fi(a,b,c;2) =) o 3.1)

n=0
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fora,b,c,z€C, c¢Z_, where forw e Candn € Z,, (w), is defined by
(w)yo=1 and (W, =ww+1)---(w+n-—1).

The series (3.1) absolutely converges on |z| < 1, absolutely converges on |z] < 1 when Re(c —
a — b) > 0, conditionally converges on |z| < 1, except for z =1, when —1 <Re(c —b —a) <0
and diverges when Re(c — b — a) < —1. In the case when Re(c) > Re(db) > 0, it can be analyti-
cally continued on C \ (1, oo) by the formula

Co) — ) e c—b—1 —a
2F1(a,b, C; Z) = m/(; 1 (1 — l) (] —lZ) dr. (32)

The incomplete Beta function is defined by the formula
X
B(x; z, w) ::/ N - de (3.3)
0

for x € [0, 1], Re(z) > 0 and Re(w) > 0. When x = 1, the function B(1; z, w) is called the Beta
function and

RGN

B(l;Z, w)— m

(3.4)
We need the following technical lemma.

Lemma 3.2. Let o :R — (1, 2) be an arbitrary function. Then for every R > 0 we have

1 |x| 2—a(x)
lim 1— =0.
x|—>002—()[(x)< <|x|+R) )

Proof. Let 0 < & < 1 be arbitrary. Since

1 X
;(1—(1 —e))<—In(l —¢)

for all x € (0, 1], we have

‘ 1 VTN L 1= (=)W
0<limsup —— (1 — <limsup ———— < —1In(1 —¢).
|x|—>ooz_05(x) lx| + R [x|—>00 2 —a(x)

By letting ¢ —> 0, we have the claim. (]

Proof of Theorem 1.3. The proof is divided in four steps.
Step 1. In the first step, we explain our strategy of the proof. Let us define the function
V:R — R, by the formula

V(x) :=1In(1+ |x]).
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From Proposition 2.6, the set Cy (r) = {y: V(y) <r} is a petite set for all < co. We will show
that there exists ro > 0, big enough, such that fR px,dy)V(y) — V(x) <0 forall x € C€, (ro).
Then, the desired result will follow from [9], Theorem 8.4.2. Since Cy (r) 1 R, when r — 00,
it is enough to show that

a(x)

lim sup m(/ px,dy)V(y) — V(x)) <0
t—o0  C(x) R

We have

/p(x,dy)V(y)=/fx(y—x)V(y)dy=/fx(y)V(erX)dy
R R R 3.5)

=/ 1n(1+x+y>fx<y>dy+f_ In(l - x — ) £ () dy.

—X

Step 2. In the second step, we find an appropriate upper bound for the first summand in (3.5).
For any x > 0, we have

/ In(l 4 x + ) £ () dy = In(1 + x) fx<y>dy+/ 1n(1+?)fx<y>dy

Let 0 < § < 1 be arbitrary. By restricting In(1 + ¢) to intervals (—1, —§), [—§, 6], (6, 1) and
[1, 00), and using the Taylor expansion of the function In(1 + ¢), that is,

l+l
1n<1+t>_z< D

for r € (—1, 1], we get

/ In(1+x +y) fx(y)dy < In(I 4 x) Jx(y)dy

—X —X

=
_Zi(l+x)i

/ Dl fe(y)dy
=1 {—1—x<y<—=8(4+x)}N{y+x>0}

y
1+ ?)fx(y) dy

1r1<
/{5(1+x><y<5(1+x)}n{y+x>0} 1
Z ( 1)l+1

i(14x)! /B(l+x)<y<l+x}ﬂ{y+x>0}

+/ ln(l + L)fxm dy.
{y=1+x}N{y+x>0} 14+x

_|_
- Y fe()dy
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Furthermore, by taking x > % we get
) 0 S 1 —38(14+x) )
/ In(I+x +y) fx(y)dy < In(1 +x) fx(y)dy—zm/ Iyl fx (v) dy
—x el B L

§(1+x) y
+/ ln(l + —)fx(y) dy

—8(14x) I+x

00 (_1)i+l 1+x .
el I L

;l(l—i‘x)’ 8(1+x) *

o y
In(1+-——)7 .
+/1+x n< +1+X)f(y)dy

Let us put

s 1 X 1 14+x
Ul(x) :=— dy + —— dy,
1) 1+x/5(1+x)yfx( y)dy — )yfx(y) y

x 1+x
Ug(x) = —m fé - Y2 fe(=y)dy — e /8 . ¥ fe () dy,
s 00 1 X ( 1)l+1 14+x ;
U3 (x) = —gm/mﬂ Y (= y)dy+2 T /mﬂ)y fe()dy,
s §(14x) y
Uj(x) := /5(1+x) ln<1 + m)fx(y)dy and
Us(x) = /m ln(l + ﬁ)fxmdy

forO<é§ <1andx > 18T5 Hence, we find

/ In(1+x+y) fx(y)dy

(3.6)

o0

<In(l +x) L) dy + U (x) + U3 (x) + US (x) 4+ U2 (x) + Us(x).

—X

Here comes the crucial step where condition (C3) is needed. In the above terms, by (C3), we can
replace all the density functions f (y) by the functions c(x)|y|~*®)~! and find a more operable
upper bound in (3.6). Let 0 < ¢ < 1 be arbitrary. Then, by (C3), there exists y, > 1, such that for
all |y| = ye

|y|a(x)+1

feOW)——— e, —li<e
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for all x € [k, k]¢. Let x > (k v 2 65_ LV 1675)- By a straightforward calculation, we have

U (x) < — (1 —e)ex) (8—01()()-',-1 _ <L>—a(w+1>
1 (a(x) — D1+ x)2®@ —

(1+8)c(x) §— s
(a(x) = D +x)*®)  se@)

U (x) < — (1—2¢e)e(x) 1 (( x 2w e
2 (14 x)2® 22 —a(x) \\1+x

(I —a)ex) 1 s _ 52
(1+x)2® 22 —a(x)) &2

s (1—oel) & 1 x \Tw i—a(x))
i< <1+x>a<x>gia—a(x))((ux) ’

c(x) (D)L 4 (=Ditle) 890 — T\
(1+x)°‘(">2< i —a() 5a0) )—'Us (x) and

= Uy (),

= Uy (v),

1
Us(x) < (1 +s)c<x>fl+ (1 - r)Wdy: US ).

Hence, from (3.6), we get

/ In(l 4+ x + ) £y () dy

- o 3.7)
<n(+x) [ fe)dy +UPF(x) 4+ UDF(0) + UPE(x) + UL (x) + U (x).

—X

Step 3. In the third step, we find an appropriate upper bound for the second summand in (3.5).
We have

—X —X

f In(l — x — y) fi (y) dy = In(x — 1)/

oo o0

Fey)dy + /

o0

1n(—1— L)fx(y)dy.
x—1

Letx > (kv ysg's \% 1‘%5). Then, again by (C3),
—x —X
[ ma—r-nnmay<ime- [ Ao
o

2x— 2 dy
+c(x)(1 — 8)/ < 1+ —) 7|y|a(x)+l

I “ (-1 _Y
+cx)(1+¢) s n +x_1 T
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—X

=lIn(x — 1) fe(y)dy

e ¢]

o0
y dy
+c(x)(1 —8)/x ln(—l + 1 1>7|y|a(x)+l

o
d
+2ec(x) 1n<—1 + L) )

202 x =1/ [yttt
Let us put
o
eon B B y dy
Ug(x) :=c(x)1 s)/x ln( 1+ 1 1>7|y|a(x)+l
o
y dy
+ 28C(X) - 11’1(-1 + xj) W.
We have
—x —X
/ In(1 —x —y) fx(y)dy <In(x — 1)/ fr(y)dy + Ug (x). (3.8)
o0 (0.¢]
Step 4. In the fourth step, we prove
. (1 +x)*
lim sup ——— px,dy)V(y) —V(x) ) <0.
xX—>00 C(X) R

By combining (3.5), (3.7) and (3.8), we have

/1;”()“’ ANV () < Up(x) + Up* () + Uy () + U3 (x)
+ U (x) + UE (x) + UE (x),

where

oo —X

Up(x) =In(1 + x) feO)dy +In(x — 1) Sx(y)dy

—X —

—x —X

=In(l+x)—1In(l+x) fr()dy +1In(x — 1) fr(y)dy

<In(14+x)=V(x).

Hence, we have

/ P, AV () = V(x) < UPF(x) + USE(0) + UDF (x) + UL (x) + UE(x) + UE (). (3.9)
R
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In the rest of the fourth step, we prove

a(x)
lim sup %(/ plx,dy)V(y) — V(x))
R

XxX—>00 c(x)
1 a(x) 1 a(x)
< lim sup lim sup lim sup %U]S’S(x) + lim sup lim sup lim sup %Ug’s(x)
§—0 e—0 x—0 c(x) §—0 eg—0 x—0 c(x)
1 a(x) 1 a(x)

+ lim sup lim sup lim sup %Ug’s(x) + lim sup lim sup a7 Us (x)

§—0 eg—0 x—>00 c(x) g—>0 x—>00 c(x)

1 a(x)

4+ lim SL(l)p l)icm sgg %Ug (x)+ R(x) <0.

e—0 x—>

Recall that o = liminfj,| o0 (x) > 1,
o

1 In2 1 a+1 o
RO=2 6 —g _7_%@( 2 >_\p(5))

i=1

and

1 a(x)
lim sup lim sup %U‘s(x) < R(a)
5—0 x—o0  C(x) 4

when « < 2, and the above limit is finite when o = 2 (assumption (1.3)). We have
(1 4 x)*™

limsuplimsuplimsup4U18’8(x)
§—>0 eg—0 x—>00 c(x)

1—¢ X —a(x)+1
= lim sup lim sup lim sup[—i (8_“()“)“ - (_) )

§—0 &—0 x—>00 a(x)—1 1 +x

l+e &—52W
alx) —1 §*®

1—¢ §— Sa(x) X —a(x)+1
= limsup lim sup lim sup| — +1— (3.10)
5—0 s—>0 x—oo| a(x)—1 §o(x) 1+x

l+e §—8%W
a(x)—1 &2

2¢e § — s2() 1—¢ X —a(x)+1
= lim sup lim sup lim sup - 1 -
5—0 e—0 x—soo [ a(x)—1 §ex) ax)—1 1+x

1 X —a(x)+1
= lim sup —1)[=0.
x—o0 L 0(x) — 1 x+1
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In the last two equalities, we use the assumption liminfjy|— o a(x) > 1. From Lemma 3.2, we
have

1 a(x)
lim sup lim sup lim sup %Ug’g(x)
§—0 &—0 x—>00 c(x)

1—¢ x 2—a(x)
= limsuplimsup lim sup|:— (( ) - 52—“()6))
550 s—s0 x—ool 22 —a(x)) 14+x
l—e 8% 452
22 —a(x) 8@ }
1 x 2—a(x) sax) _ 52
=1l li — — -1 3.11
pi irifgf[ 22 —alx) <<1 +x> T @ ) G.1D)

1 8a(x) _ 52
C2Q-a(x) 8@ ]

1 aa(x) _ 52
= lim sup lim sup| —
5—>op x—>o<l>)|: 2—a(x) &0 }

1
<{—2 , o <2,
= —o

—00, o =2.

Using the dominated convergence theorem, we have

1 a(x)
lim sup lim sup lim sup A+ Uéﬁ,s (x)

§—0 e—0 x— c(x)

i 1 X i—a(x) .
= limsup limsup limsup| —(1 — &) — << ) — 5o )
i:3l(l—0l(x)) 1+x

§—0 &g—0 x—0©

o0

Z (8 + (_1)i+1) 5a(x) _81'
i(i —a(x)) 8o ()

= lim sup lim sup lim sup
§—0 &—0 x—>00

i —(x/(1 4 x))meW) o gi—a@) ()it (it gima®)
ii —a(x))

= (3.12)

> ()C/(l + x))i—a(x) — gi—al) +1-— si—a)
> T

—(x /(1 4 x))i 2@ 4 gimal) L (yitl — (—)itlgiza)
i(i —alx))

oo
= lim sup lim sup Z

§—>0 x—>00 i—3
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00 , . . , .
_ 1 i—a(x) —1 i+1 8z—a(x) — (=1 t+181—a(x)
zlimsuplimsupz< (/¢ —}—.x.)) D + ; .( ) )
5—0 x—>00 i(i —a(x)) i —ax))
00 00
2 1
< — _— = — _
- ;21‘(21’—&) ;i(Zi—a)

Therefore, by combining (3.10), (3.11) and (3.12) we get

1 a(x)
lim sup lim sup lim sup &(Uf’g(x) + Ug’s(x) + U?’g(x))
§—0 e—0 x—> c(x) (3 13)

o0

1
- 77 2’

< ;i(Zi—a) “=

—00, oa=2.

Now, let us calculate

1 a(x)
lim sup lim sup A+ Us (x).
e—>0 x—>©0 C(X)

Using integration by parts formula, we get

1 a(x)
lim sup lim sup a+07 Us (x)
g—>0 Xx—>00 c(x)

o0 1
= lim sup(1 “(”/ m(1+—2-)— 4
i og( +x) . +l+x TR y

) ( In2 1 /‘Oo dy )
= limsup + .
r—oo \@(X) ax) S y* (1 4y)

Furthermore, from Lemma 3.1 and the fact that the function

—v(5)-4(5)

is decreasing on (0, co) (Lemma 3.1) we have

. , 1 +x)7®
lim sup lim sup ¢U§ (x)
g—>0 x—>00 c(x)

L In2 1 a(x)+1 a(x)
—‘;33525(0[@) METTES (‘p( 2 >_W<T))> G119
L) +(9)

o 2a 2 2
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At the end, using integration by parts formula, we have
(1+ x)a(X)

lim sup lim sup
e—>0 x—>00 ( )

1
= lim sup limsup(1 4 x)*® [ —é) / ( ) [y [+ dy
y

e—>0 x—>00
2 In{ -1+ —— 71 d
e 2x-2 ! + |yle)+1 Y

= timsuplimsup(1 +x*@ [ L (1 _j —14 = /oo dy
= 11m Sup 1um Su X e —_—
Py (o) \xe® 1)) &G —x+D

e—>0 x—>00
2¢ © dy i|
a(x) Jox—p ¥ (y —x+1)

] ) 1—¢ (1 +x)ot(x) 1 (1 +x)a(x) (x—1)/x ya(x)—l
= lim sup lim sup In + dy
a(x) xa() x—1 (x — D)™ Jg 1—y

e—>0 x—>00

U (x)

2¢e (1 +x)ot(x)
20 = e 21 e@, a@, o) +1; _1)}

where in the last equality we use (3.2). From (3.2), we get

1
2Fi(a(x), a(x), a(x) + 1; —1) < 2/ (1+1)~'dt =1n4,
0

and
(x=D/x ya(x)—1 x=D/x g
/ Y dy < / .
0 I—y 0 -y
Hence,
x)ot(x)
lim sup lim sup Ug (x)
g—>0 Xx—>00 c(x)

1 (1 +x)2™ X (x + e
<limsup ( In{ -1+ + = 1) Inx (3.15)

x—s00 O(X) x%) x—1

1 2 \?
§limsupm<l ( 1+—1>+<1+m> 1nx>=0.

X—>00

By combining (3.9), (3.13), (3.14) and (3.15), we have

a(x)
limsup&(/ p(x,dy)V(y) — V(x)) <0
R

xX—>00 C(X)

The case when x < 0 is treated in the same way. Therefore, we have proved the desired result. [J
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4. Proof of Theorem 1.4

Let us first list some properties of the Gauss hypergeometric function which will be needed in
the proof of Theorem 1.4:

@) fora,b,c,z€C,c¢Z_,
2F1(0,b,¢;2) =2F1(a,0,¢;2) =1 4.1

(ii) forRe(c—a—b)>0,c ¢ Z_,

Felc—a—->b)

2F1(a,b,c;1)=m, (42)

(iii) forz e C\ (1, 00)
2Fia,b,c;2) =(1—2) " Fi(c—a,c—b,c; 2); (4.3)

(@iv) forz € C\ (0, 00)

2Fi(a,b,c;2) = w(—z)_“zﬂ (a, l—c+a,l—b+a, 1)
T (c —a) z
“4.4)
I'(c)'(a — b)

1
—b
—_— (- Filb,1—c+b,1—a+b,-]).
F(a)F(c—b)( D 1(’ ¢ ’ a z)

For further properties of the hypergeometric functions, the incomplete Beta functions and the
Beta function (see [1], Chapters 6 and 15).

Proof of Theorem 1.4. The proof is divided in three steps.
Step 1. In the first step, we explain our strategy of the proof. Let us define the function
V:R — Ry by the formula

Vx):=1—(1+x)7P,

where 0 < 8 < 1 — « is arbitrary (recall that « = lim sup|x‘_)ooa(x) < 1). It is clear that
Cy(r) € BF(R) and C§,(r) € BY(R), for every 0 < r < 1. By [9], Theorem 8.4.3, we have to
show that there exists 0 < rg < 1 such that AV (x) > 0, for every x € CY,(ro). Since Cy (r) 1 R,
when r 1 1, it is enough to show that

iminf —(f px,dy)V(y) — V(x)> > 0.
|x|—>00 c(x) R

We have

/Rp(x,dy)V(y) - V)

_ /R V(43 (0 dy — V) @.5)
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:/ (1—(1+y+x)—f’)fx(y)dy+f7 (1= =y=07)fe(ydy

—X

—X

—(=+)P) [ A d-0=+xD)) [ Ay

—X —00

= (1+1x)) " [/_00(1 - (%)Smww
o[ (- () o]

Step 2. In the second step, by use of condition (C3), we find an operable lower bound for (4.5).
First, let us take a look at the case when x > 0. Let 0 < ¢ < 1 be arbitrary. Then, by (C3), there
exists y. > ap Vv 1 (the constant ag > 0 is defined in (1.3)), such that for all |y| > y,

|y|oz(x)+1

" -1
Jr ) ——— e

for all x € [—k, k]¢. Let x > k V y.. Then we have

/m(l <1+L>_ﬁ>f(}’)dy>6(x)(l+s) ( (1 ) ) dy
. 1+ ! 1+x ya@)+l
Ye
O () e
—Ye
- o= 1+2) )

[ (-(2) Jnwe
C(x)(l €) ©/ 14+x \ dy
a(x)xa(x) —c(x)(l—i—s)/; (1—x+y> A

Note that this was the crucial step where we needed condition (C3). For given 0 < & < 1 and
x >k V yg,letus put

&€ . ) y _/3 dy
Ui (x) :=c(x)(1 +8)/y€ (1 - <1 - 1+x> )ya(x)+l’

US (x) /yé(l (1 Y >_5>f()d
£(x) 1= (14— () dy,
2 —Ye 1+

<€

and
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) e ool (1. P\ dy
050 = el =) [ ( —( +1+x) )m

c(x)(1—¢)

Uff(x) = W and

14+x )ﬂ dy

U (x) :=c(x)(1 +8)[ <l—x+y yer()+1°

Hence, we have
'/Rp(x, dy)V(y) = V(x) > Uj (x) + U; (x) + Uz (x) + Ug (x) — U5 (x).

Step 3. In the third step, we prove

L a(x)xOth
hmmf—([l;p(x, dy)V(y) — V(X)>

xX—>00 c(x)
4.6)
. . . . . . a(x)xa(X) & £ € &
> liminf liminf 11m1nf7(U1 X)) +U3(x)+U;(x) —Us (x)) —T(a,B) =0.
g—>0 ye—>00x—00  ¢(x)
Recall that
T(,B)=2Fi(—a,8,1—y; D)+ B8B(l;a+ 8,1 —a)—aB(l;x+ 8,1 —-78)
and
a(x)
liminf liminf liminf “2X U (x) > T (@, B)
g—>0 ye—>00x—>00  ¢(x)
(assumption (1.4)). By straightforward calculations, using (3.2), (4.3) and (3.3), we have
a(x)xe® (1+e)x*® (14 e)x*Wy Fi(—a(x), B, 1 — a(x); ye /(1 + x))
c(x) Uy = o (x) - yoz(X)
&€ &
—(A+e)+ A +e)nF <—ot(X), B, 1 —ax); L)
14+x
o (x)x®®
WU:(X):(I—S) and
a(x)xe® (1 +&)a(x)x*D A +x)PB((x — 1)/x;a(x) + B, 1= B)
——Us(x) = .
c(x) (x — 1)a)+p

It is easy to check that

0 (_2F1(—0t(x),,3,1—Ol(x);—y/(1+x))) 1

ay a(x)y*@ (1 + x)P T (L4 x 4 y)fye@tn
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and from (4.4) and
['z+1)=zI(2), z€C\Z_, 4.7)
we have
2Fi (), B L —a(x); —y/(L+x) _ 2F1(Ba() + B, 1 +a@)+ B —(1+x)/y)
() y*@ (1 +x)P (c(x) + p)y* 0tk
' —a@)(a@) +4)
a(x) (1 +x)2@+Pr ()
Therefore,
dy __2hBa@+ B 1+a@)+ B (1 +x)/y)
(1+x + y)PyeH (a(x) + pyye)+h ’
that is,
_ 1 —ex® (—e)a@x*@ A+ 02 F (B a() +B. 1 +a() + B —( +2)/ye)
yew YEO (@(x) + B) '

Furthermore, from (4.1), (4.4) and (4.7), we have

ot(x)x"‘(x)
Ué‘
c(x) 3(0)
(1 —e)x¥® (1 —g)x%™ y
- o(x) - a(x) 2B B —a(x), 1 —a(x); — 81
Ye Ye X+

(=T (@@) + BT (—a(x)a(x)x*™
T(B)(1 +x)«®
(1 —e)x®™ - £)x?™)

yg(X) yg(X)

2 Fy (a(x) 45,0, 1+ a(x); —xﬁf 1)

2 Fy (ﬂ, —a(x), 1 —a(x); —xyj 1)

(=9l @) + AT (—a(@)a(x)x*™
L(B)(1 +x)*™ '

Let us put
Ve = 4 +6)x* (1 +e)x*, Fi(—a(x), B, 1 — a(x); y. /(14 x))
1 (x) = a(x) o a(x)
& Ye
(1 —e)x®® (1 —g)x¥W Ve
& . _ — — L—
Vy(x) = y;’(” yg(x) 2RI B, —a(x), 1 —a(x); P
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and

V;(x) = (1+4+¢e)F (—o{(x)’ B, 1 —a(x); f?)
_ (1=9)l (@) 4+ BT (—a(x))a(@)x*™
L(B)(1 + x)*™

(14 &) ()x*D (1 +x)PB((x — 1) /x; a(x) + B, 1 — )
- (x — l)a(x)+ﬁ :

Hence, (4.6) is reduced to

L a(n)xOh
hmlnf—(/Rp(x, dy)V(y) — V(x)>

xX—>00 c(x)
> liminf liminf lim inf Vf (x) + liminf liminf lim inf Vf (x) 4.8)
£—>0 ye—>00 X—>00 e—>0 ye—>00 Xx—>00

+ liminfliminf V5 (x) — T (e, B).
g—0 x—>00

By (3.1) and (3.2), we have

Ye
0<,Fi|— ,B.1— , — ) <1,
<2 1( a(x), B a(x) 1+x)
therefore
liminf lim inf lim inf Vf (x)>0. 4.9)

g—>0 Ye—>00 X—>00

Since 1 —a(x) — (—a(x)) — B =1— >0, from (3.1) and the dominated convergence theo-
rem, we have

liminf liminf liminf V; (x) = 0. (4.10)

g—>0 Ye—>00 x—>00
At the end, let us calculate
liminfliminf V5 (x).
g—>0 x—>00

From (3.1), we have
2 F (—a(x),ﬁ, 1 —a(); 1%) >, Fi (—a(x), B, 1 — a(x); 1),

and from (3.3) we have

x—1

ot(x)B( ;a(x)+,3,1—,3) Sa(x)B(l;a(x)+/3,l—ﬂ).
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Hence, we have
liminfliminf V5 (x)
g—>0 x—>00
> liminfliminf[(l + s)zFl(—oc(x), B, 1 —a(x); 1)
g—>0 x—>00

(L =8a@)T @) + AT (—a@x)x*™
C(B)(1 + x)*®)

(14 &)a(x)B(l; a(x) + B, 1 — Bx®® (1 4+ x)#
B (1 _x)oz(x)Jrﬂ ’

that is, since all terms are bounded,

liminfliminf V5 (x)

g—>0 Xx—>00

> liminf[ Fi (—a(x), B, 1 —a(x); 1) + BB(L; a(x) + B, 1 —a(x))
X—> 00
—a@)B(Lax)+B,1-p)].
One can prove that the function
y—> Ty, B):=2F1(=y, B, 1 =y; D+ BB(L;y+ B, 1—-y)—yB(l;y+,1—-p)

is strictly decreasing on [0, 1 — ), and it easy to see that 7 (1 — 8, B) = 0. Hence, since 0 < o <
1 — B, we have

liminfliminf V3 (x) > T (e, B). 4.11)
g—>0 x—>00
By combining (4.8), (4.9), (4.10) and (4.11), we have

O[(x)xot(X)-HS

liminf7</ plx,dy)V(y) — V(x)) > 0.
R

xX—>00 c(x)

The case when x < 0 is treated in the same way. Therefore, by [9], Theorem 8.4.3, the chain
{X,}n>0 18 transient. U

5. Some remarks and generalizations of the model

We start this section with the proof of equivalence of conditions (1.3) and (1.5), and the proof of
relaxation of condition (1.4) to condition (1.6).
(i) Recall that condition (1.5) is given by

Y
I+ x|

(14 x| poQ+IxD
limsup limsup ———— /

ln<1 + sgn(x)
§—0 |x|—>00 c(x) —8(1+]x])

)fx(y) dy < R(a).
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Using In(1 4 7) < t, condition (1.5) follows from the condition

(1+|x|)a(x)—l f5(1+x|)

—8(1+|x])

lim sup lim sup sgn(x)
§—0 |x|]—>00 (x)

yfx(y)dy < R(@). (.1

In fact, under condition (C3), conditions (1.5) and (5.1) are equivalent, but the proof of this
statement is rather elementary and technical and we omit it here. Furthermore, by (C3) and since
a(x) € (1, 2), condition (5.1) is equivalent with

. (1 + x0Tt
lim sup sgn(x)T yfx(y)dy < R(a),
R

[x]—>00 ( )

that is, with condition (1.3). Indeed, let § > 0 and 0 < € < 1 be arbitrary. Then, by (C3), there
exists y, > 0 such that for all |y| > y,

|yt

\ —1
) ——— pesy

for all x € [—k, k]°. By taking |x| > 2 — 1, we have (recall that a(x) € (1, 2))

<¢&

=SUHXD ¢ (x) 8(1+x)
d / yfx(y)dy

|y|ee —5(1+1x])

e c(x)
+1- 8)/8 e dy

/ vidy > —(1 +s>f

(e 1Y
_/5<1+|x|) () d 2ec(x)
= s T @) - DT xpe-T
In the same way, we get
JRCE /MHX) fe(dy + )
< .
RS e T T e = e T (1 4 e

By taking limsup,,|__, o, limsup,__,, and limsups__,, we get the desired result.
(i) From the concavity of the function x +—> xB, for B € (0,1 —a), wehave

L a@)lx]e® e y 7’
&“ﬂ%ﬂTL(l_(1+Sgn(x)1+|x|> )f*(y)dy

o) (1 + x| — a)f — (1 + |x])?
> liminf
xl—oo  c(x) 1+ |x| —a)?

a(x)
> 1iminf(_M) —a,masup (())| |ot(x) 1

oo\ c)(1+ x| —a) x| —o0 €(x

fx (y)dy
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In the sequel, we give several generalizations of the stable-like chain {X,},>0. Recall that a
function f:R —> R is called lower semicontinuous if liminf,__,, f(y) > f(x) for all x € R.

Definition 5.1. Let {Y,}n,>0 be a Markov chain on (R, B(R)).

(1) The chain {Y,},>0 is called a T-chain if for some probability measure a = {a(n)},>0 on
Z there exists a kernel T (x, B) on (R, B(R)) with T (x, R) > 0 for all x € R, such that
the function x —> T (x, B) is lower semicontinuous for all B € B(R), and

Y a(m)p"(x, B) = T(x, B)

n=0

holds for all x € R and all B € B(R).

(i1) The chain {Y};},>0 is Harris recurrent, or H-recurrent, if it is vy -irreducible and if P(tp <
0o|Yy = x) =1 holds for all x € R and all B € BT (R).

(iii) A state x € R is called a topologically recurrent state if Zzio p"(x, Oy) = o0 holds for
all open neighborhoods O, around x. Otherwise we call state x a topologically transient
State.

From Proposition 2.6 and [9], Theorem 6.2.5, we have the following.
Proposition 5.2. The chain {X,},>0 is a T-chain.

It is well known that the recurrence and H-recurrence properties of a Markov chain on the gen-
eral state space are not equivalent (see [9], Section 9.1.2). Now, let us prove that these properties
are equivalent for the stable-like chain {X},},>0.

Proposition 5.3. The chain {X, },>0 is recurrent if and only if it is H-recurrent.

Proof. We have to prove that recurrence property implies H-recurrence property, since the op-
posite claim is trivial. Since the Markov chain {X,},>¢ is a T-chain, by [9], Theorem 9.3.6,
it is enough to prove that every state is a topologically recurrent state. That follows from [9],
Lemma 6.1.4 and Theorem 9.3.3. ]

If we change the chain {X,},>0 on a set of Lebesgue measure zero, it can happen that its
recurrence and H-recurrence properties are not equivalent anymore. Let A € B(R) be such that
A(A) = 0. Note that A can be unbounded. Let {X,, }n>0 be a Markov chain on (R, B(R)) given
by the transition kernel

plx,dy) = fi(y —x)dy,

where { fi: x € R} is the family of density functions on R such that f, = f,, for every x € R\ A.
It is to easy see that the chain (X,,) is A-irreducible and aperiodic. Therefore, a Borel set is a small
set for {)_(,,}nzo if and only if it is a petite set for {)_(n}nzo- But we cannot conclude that every
bounded Borel set is a petite set. The most we can get is that every bounded set B € B(R\ A) is a
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petite set. As a consequence of this fact, we do not know if the chain {}_( nn>0 1s a T-chain, so we
cannot deduce equivalence between recurrence and H-recurrence property of the chain {X,,},0.
But, since the chains {X,},>0 and {)_( nin>0 are A-irreducible and since they differ on the set with
zero Lebesgue measure, it is easy to see that the recurrence property of the chain {X,},>0 is
equivalent with the recurrence property of the chain {X,},>0, and the H-recurrence property of
the chain {X,},>0 is equivalent with the H-recurrence property of the chain {X,},>o. Hence, the
chain {)_( nn>0 is recurrent if and only if it is H-recurrent.

In Proposition 2.6, it is proved that every bounded Borel set is a petite set (singleton) for the
stable-like chain {X,},>0. Therefore, it is natural to expect that a change of the chain {X,},>0
on an arbitrary bounded Borel set will not affect its recurrence and transience property. Let
B € B(R) be bounded and let {X n}n>0 be a stable-like Markov chain on (R, B(R)) given by the
transition kernel

p(x,dy) = fi(y —x)dy,

where { fy: x € R} is a family of density functions on R such thathX = fy forall x e R\ B and
such that it satisfies conditions (C1)—(C5). Therefore, the chain {X,},>0 is either H-recurrent or
transient.

Proposition 5.4. The chain {Xn}n>0 is H-recurrent if and only if the chain {)?n},,zo is H-
recurrent. Hence, the chain {X,},>0 is recurrent if and only if the chain {X,},>0 is recurrent.

Proof. If A(B) =0, the claim follows from the above discussion. Let us suppose that A(B) > 0.
By Proposition 2.6, the set B is a petite set for both chains {X,},>0 and {Xn}nzo- Let us suppose
that the chain {X,},>0 is H-recurrent. Then, by [9], Theorem 9.1.4, we have P(tp < 00| Xo =
x) =1 for all x € R. Since

P(tp < 00| Xo = y) = P(Fp < 00| X = y)

for all y ¢ B, we have
P(fp < 00| Xo =x) = p(x, B) +/ plx, dy)P(ip < 00| Xo =)
BL‘

=px,B)+ p(x, BY) =1

for all x € R. Therefore, by [9], Proposition 9.1.7, the chain {f{ n}n>0 is H-recurrent. The proof
of the opposite direction is completely the same. (]

From the above discussions, we can weaken assumptions on function «(x) and conditions
(1.3) and (1.4) in Theorems 1.3 and 1.4. In Theorem 1.3, we assumed that o : R —> (1, 2) and

liminf a(x) > 1,
|x]—>00

but it is enough to request that « : R\ (AU B) — (1,2) and

liminf  «a(x)>1
xeR\A,|x|—00
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for some set A € B(R) with zero Lebesgue measure and some bounded set B € B(R). In condi-
tion (1.3) instead of using limsup),|__, o, we use imsup, .\ 4 |x|—»o0- AN analog modification
can be done in Theorem 1.4.

The transition densities of the stable-like chain {X},},>0, from the current state x, have the
power-law decay with exponent «(x) + 1. Let us take a look at the Markov chain with transition
densities with the power-law decay with exponent «_(x) + 1 on the left of the current state x
and with the power-law decay with exponent o4 (x) + 1 on the right of the current state x. Let
o4, 0 :R—>(0,2) and cy, c— : R —> (0, 00) be arbitrary functions and let (X),) be a Markov
chain on (R, B(R)) given by the transition kernel p’(x, dy) = f|(y — x) dy, where {f,:x € R}
is a family of density functions on R which satisfies:

(C1") x —> fl(y) is measurable, for every y € R;

(€C2) fi() ~ ex()y™ 71 when y — oo, and f{(y) ~ c—(x)(=y)"* @7, when
y —> —00;

(C3') there exists k€’ > 0 such that

ya+(x)+1
lim  sup |fi(y)——— — l‘ =0
YR ve[—k K] c+(x)
and
_y)o—(x0)+1
im osup |2 —1'=0;
y—>—ooxe[_k/’k/]c C_()C)

(C4') infrec(cr(x) A c—(x)) > O for every compact set C C [k, k']¢;
(C5') there exists I’ > 0 such that for every compact set C C [—1', ] with A(C) > 0, we have

inf "(y)dy > 0.
el o fr(y)dy
It is clear that the chain {X)},>0 has the same properties, discussed in Section 2, as the chain
{Xn}n>0. Itis A-irreducible and aperiodic and every bounded Borel set is a petite set. By assuming
certain additional conditions, Theorems 1.3 and 1.4 can be generalized in terms of the chain
{X!}n>0. The chain {X]},>0 will be recurrent if oy, @ : R —> (1, 2) are such that

ap(x)
|x|—o00 a_(x)

1 and o« := liminf a+(x)(: liminf ot_(x)) >1,
[x]—>00 [x]—>00
and ¢4, c_ :R — (0, 00) are such that

lim =9 e _

[x|—>00 C4 (x)
and such that condition (1.3) is satisfied with the constant R(«). In this case, for the test func-
tion V(x), we take V(x) = In(l + |x|) again. Similarly, the chain (X)) will be transient if
ay,a_:R—> (0, 1) are such that

of :=limsupay(x) <1 and o_ :=limsupa_(x) <1,
[x]—>00 |x]—> 00
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and ¢4, c— :R — (0, 00) are such that

GO 0 _
x| —>00 ¢4 (X)ar— (x)

=1

and such that condition (1.4) is satisfied with the constant T (¢, 8), where o := a— V a4 and
B € (0, 1 — ). In this case, for the test function V (x), we take V(x) =1 — (1 + |x|)~# again.

In the following proposition, we treat the case when the family of density functions { fy: x €
R} is exactly a family of Sg(x)(B(x), y(x),(x)) densities and we give sufficient conditions
on functions «(x), 8(x), y(x) and §(x) such that the family {f,:x € R} satisfies conditions
(C1)—~(C5’). From [11], Properties 1.2.2, 1.2.3, 1.2.4 and 1.2.15, [3], Theorem 3.3.5, and (1.2) it
follows:

Proposition 5.5. Let 0 <& <1, M > 0 and k' > 0 be arbitrary, and let F, C [1,2), Fg C
(=1,1) and F,, € (0, 00) be arbitrary and finite. Furthermore, let

(1) a:R—> (6,2 —¢)and a@:R — (0, 1) U Fy, such that infycc &(x) > 0 for all compact
sets C C R,
(i) B:R—> (=1 +e,1—¢)and B:R —> Fp,
(iii) y:R— (0,M), 7:R — F,, and y :R — (e, M), such that infycc y (x) > 0 for all
compact sets and C C R,
iv) §:R— (—M, M)

be arbitrary and Borel measurable. Define

_fa®), xe[—k/,k/],
M =600, xe[KKT
B(x), e[~k K],
= — ~ d
PEY=0 B0ty <11 () + B L oy ) (), e[~k k"
SOy = P (x), e[ Kk,
TPl pam <y + 7O yam=n &), x e[k, K]

Then, for any I’ > 0, the family of Sa)(B(x), y(x),8(x)), x € R, densities satisfies conditions
(C1")—~(C5").

Unfortunately, Proposition 5.5 does not cover the case when the function «(x) takes infinitely
many values in the interval [1, 2) since we do not know the series representation of stable densi-
ties for > 1, as for o < 1 (see [13], Theorems 2.4.2, 2.5.1 and 2.5.4).

At the end, note that all conclusions, methods and proofs given in this paper can also be carried
out in the discrete state space Z. Note that in this case conditions (C1)—(C5) are reduced just to
conditions (C2) and (C3), since compact sets are replaced by finite sets. Therefore, we deal with
a Markov chain {Xg},,zo on 7Z given by the transition kernel

pi,j=fi(j—1)
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for i, j € Z, where { f;: i € Z} is a family of probability functions which satisfies the following
conditions:

(CD1) fi(j) ~c(@)]jl~*D~1, when |j| — oo, for every i € Z;
(CD2) there exists k € N such that

|j|ot(i)+l

lim sup |fi(j)————1|=0
ljl—>00 je{—k,....k}c c(i)

Functions «:Z — (0,2) and c¢:Z —> (0, c0) are arbitrary given functions. Proofs and as-
sumptions of Theorems 1.3 and 1.4 in the discrete case remain the same as in the continuous
case because we can switch from sums to integrals due to the tail behavior of transition jumps.
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