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In this paper, we consider the Gibbs measure associated to a logarithmi-
cally correlated random potential (including two-dimensional free fields) at
low temperature. We prove that the energy landscape freezes and enters in
the so-called glassy phase. The limiting Gibbs weights are integrated atomic
random measures with random intensity expressed in terms of the critical
Gaussian multiplicative chaos constructed in [Ann. Probab. 42 (2014) 1769—
1808 and Comm. Math. Phys. (2013) To appear]. This could be seen as a first
rigorous step in the renormalization theory of super-critical Gaussian multi-
plicative chaos.

1. Introduction. Consider a log-correlated random distribution (X (x)),cgd
on (a subdomain of) RY and apply a cut-off regularization procedure to get a field
(Xt (x))cre With variance of order ¢, that is, E[ X; (x)%]~t as t — oo. One may,
for instance, think of the convolution of X with a mollifying sequence, the projec-
tion of X onto a finite-dimensional set of functions or a white noise decomposition
of X. We will be interested in the study of the behaviour of the random measure
on the Borel sets of RY:

M, (dx) = e? X1 dx,

where y > 0 is a parameter that stands for the inverse temperature. The high tem-
perature phase is well known since the original work of Kahane [14] where it is
proved that for y? < 2d the renormalized measure

e /2 ML (dx)

almost surely weakly converges toward a nontrivial measure M, (dx), which is
diffuse. At the critical temperature y > = 2d, the renormalized measure

Ve % M, (dx)

Received May 2014; revised September 2014.
1Supported in part by Grant ANR-11-JCJC CHAMU.
MSC2010 subject classifications. 60G57, 60G15.
Key words and phrases. Gaussian multiplicative chaos, supercritical, renormalization, freezing,
glassy phase.

643


http://www.imstat.org/aap/
http://dx.doi.org/10.1214/14-AAP1071
http://www.imstat.org
http://www.ams.org/mathscinet/msc/msc2010.html

644 T. MADAULE, R. RHODES AND V. VARGAS

weakly converges in probability toward a nontrivial diffuse measure M’(dx),
which is called derivative multiplicative chaos [10, 11]. The purpose of this pa-
per is to study the supercritical/low temperature phase ¥ > 2d and to prove that
the renormalized measure

(11) t3y/(2“/E)e(ym_d)tM,(dx)

weakly converges in law toward a purely atomic stable random measure S, with
(random intensity) M’, up to a deterministic multiplicative constant; call it C(y)
(see Section 2 for a rigorous statement).

This is a longstanding problem, which has received much attention by physi-
cists. It was first raised in [9, 18] on dyadic trees, and then followed by [8, 12, 13]
for log-correlated Gaussian random fields. Following our notation, these papers es-
sentially derived the statistics of the size ordered atoms of the measure %,
the so-called Poisson—Dirichlet statistics characteristic of stable Lévy processes.
However, these papers did not investigate the problem of the localization of these
atoms.

A few years later, the mathematical community caught up on this problem. In
the context of branching random walks, convergence of the measures (1.1) is in-
vestigated in [16, 24]. Built on these works, the limit is identified in [5] and is ex-
pressed as a stable transform of the so-called derivative martingale. In the context
of log-correlated Gaussian potentials, the authors in [4] conjecture that results sim-
ilar to branching random walks should hold. The first rigorous and important result
for log-correlated Gaussian fields appeared in [2] where the authors established the
Poisson—Dirichlet statistics of the limiting measure in dimension 1 (renormalized
by its total mass) via spin glass techniques, hence confirming the prediction of [8]
(these results were recently extended by the same authors in [3] to cover the case
of the discrete GFF in a bounded domain).

Roughly speaking, the terminology freezing comes from the linearization of the
free energy of the measure M; beyond the value )/2 =2d (see [8, 9, 12, 13] for
further comments). The terminology glassy phase comes from the fact that for
¥? > 2d, the measure M, is essentially dominated by a few points, the local ex-
treme values of the field X; (along with the neighborhood of these extreme values).
Therefore, this paper possesses strong connections with the study of the extreme
values of the field X;. This was conjectured in [11] and important advances on this
topic have recently appeared in [6, 7] in the context of the discrete GFF and in
[17] for a large class of log-correlated fields. However, the description of the local
maxima obtained in [6] is not sufficient to obtain the so-called freezing theorems
that will be established in this paper.

Finally, we would like to stress that we will only deal with the case of white
noise cut-off of the Gaussian distribution X, building on techniques developed in
[17]. We will then extend our results to two-dimensional free fields. It is natural to
wonder whether the nature of the cut-off may affect the structure of the limiting
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measure. We will prove that the freezing theorem does not depend on the chosen
cutoff family provided the cutoff is not too far from a white noise decomposition.
From a more general angle, we believe that the glassy phase does not depend on the
chosen cut-off, except at the level of the multiplicative constant C (y). For instance,
given a smooth mollifier 8 and setting 6, = ;—dé(;), similar theorems should hold
for measures built on approximations of the form 6, % X: in this setting, one would
obtain an analog of Theorem 2.2 where the constant C(y) is replaced by a constant
C(8, y) depending on 6, y.

2. Setup and main results.

2.1. Star scale invariant fields. We denote by B}, (RY) the Borel subsets of RY.
Let us introduce a canonical family of log-correlated Gaussian distributions, called
star scale invariant, and their cut-off approximations, which we will work with in
the first part of the paper. Let us consider a continuous covariance kernel k on R?
such that we have the following.

ASSUMPTION (A). The kernel & satisfies the following assumptions, for some
constant C independent of x € RY:

Al. kis of class C!, nonnegative and normalized by the condition k(0) = I,
A2. k has compact support,
A3. |k(x) —k(0)| < C|x| for some constant C := Cy independent of x € RY.

We set for £ > 0 and x € RY

2.1 K, (x) = /1 kw4

u

We consider a family of centered Gaussian processes (X;(x)),cprd ;>0 With covari-
ance kernel given by

2.2) Vi,5 =0, E[X;(0)X;(0)] = Kins(y — %),

where t A s := min(¢, s). The construction of such fields is possible via a white
noise decomposition as explained in Section 4 (page 762) of [1]. We set

Fr=0{X,(x);x € RY u < t}.

We stress that, for s > ¢, the field (X;(x) — X;(x)),cre is independent from F;.
We introduce for r > 0 and y > 0, the random measures M, (dx) and M,y (dx)

M;(A) Z:/ (\/2—d[ — Xt(x))emxr(x)—dl‘ dX,
(2.3) A 2
M (A) ;=/ XA g A € By(RY).
A

Recall that (see [11]) we have the following.
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THEOREM 2.1. For each bounded open set A C RY, the martingale
(M](A));>0 converges almost surely toward a positive random variable denoted
by M'(A).

Furthermore, the family of random signed measures (M[(dx));>o almost surely
weakly converges toward a random measure M'(dx), which is atom-free and has
full support.

2.2. Results for star scale invariant fields. The main purpose of this paper is
to establish the following result which was conjectured in [11].

THEOREM 2.2 (Freezing theorem).  For any y > +/2d, there exists a constant
C(y) > 0 such that for any smooth nonnegative function f on [0, 119

tlim E<exp<—t3y/(2‘/E)et(y/ﬁ‘/a)zf f(x)Mf(dx)))
— 00 [071]d

- E<exp<—C(y) /[O’Hd f(x)mh’M/(dx))).

As a consequence, we deduce the following.

(2.4)

COROLLARY 2.3. For any y > +/2d, the family of random measures
3/ @v2d) 1 (v/ ﬁ_ﬁ)2M2/ (dx))i=0 weakly converges in law toward a purely
atomic random measure denoted by S, (dx). The law of S, can be described as
follows: conditionally on M', S, is an independently scattered random measure
such that

2.5) E(exp(—0S, (A))) = E(exp(—6Y2YY C(y)M'(4)))
for all © > 0 and all Borelian subsets A of RY.

In other words, S, is an integrated a-stable Poisson random measure of spatial
intensity given by the derivative martingale M’. Indeed, the law of S, may be
described as follows. Conditionally on M’, consider a Poisson random measure

n, on RY x R, with intensity
dz
M'(d —_—.
0@ Ay

Then the law of S, is the same as the purely atomic measure (I" stands for the
function gamma)

J2d )V/m

yT'(1—+2d/y) '

From Theorem 2.1, we observe that M’(©) > 0 almost surely for any nonempt
y y pty

open set. By considering this together with Corollary 2.3, it is plain to deduce the
following.

Sy (A) :c/A/Ooo zny, (dx, dz) with ¢ = (C(y)
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COROLLARY 2.4. For each bounded open set O, the family of random mea-
sures (%) ¢ converges in law in the sense of weak convergence of measures

Sy, (dx)
t d L .
owar 3,(0)

We point out that the size reordered atoms of the measure % form the
Y

Poisson—Dirichlet process studied in [2, 3]. The interesting point here is that we
keep track of the spatial localization of the atoms whereas all this information is
lost in the Poisson—Dirichlet approach. Yet, we stress that the methods used in
[2, 3] rely on spin glass technics and remain thus quite interesting since far differ-
ent from those used here.

REMARK 2.5. We stress that Corollary 2.4 also holds for all the examples
described below but we will refrain from stating it anymore.

2.3. Massive free field. In this section, we extend our results (Theorem 2.2) to
kernels with long range correlations, and in particular, we will be interested in the
whole plane Massive Free Field (MFF).

The whole plane MFF is a centered Gaussian distribution with covariance kernel
given by the Green function of the operator 27t (m*> — A)~! on R?, that is, by

2u

The real m > 0 is called the mass. This kernel is of o -positive type in the sense of
Kahane [14] since we integrate a continuous function of positive type with respect
to a positive measure. It is furthermore a star-scale invariant kernel (see [1]): it can
be rewritten as

@.7) Gm(x.y) = /1

(2.6) Vx,yeR?*  Gulx,y)= / % ety 4
0

0 ki (u(x — y)) du
u

’

. . 2 2_
for some continuous covariance kernel k,,(z) = % foooe m*/Q)zI"=v/2 gy We
consider a family of centered Gaussian processes (X;(x)),cprd ;>0 With covariance
kernel given by

IS ke (u(x — y)).

@8 Visz0.  EXX0)] =Gy =0 = [ .

One can construct the derivative martingale M’ associated to (X;);>0 as pre-
scribed in Section D of [10]. Now we claim that our result holds in the case of the
MFF for any cut-off family of the MFF uniformly close to (G, ;);-

DEFINITION 2.6. A cut-off family of the MFF is said uniformly close to
(Gt if it is a family of stochastically continuous centered Gaussian processes
(X0 (X)) e xer2 With respective covariance kernels (K, ), satisfying:
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— we can find a subsequence (#,), such that lim,,—, o #,;, = 400,
— the family (K, — G 1,)» uniformly converges toward O over the compact sub-
sets of R,

Then we claim the following.

THEOREM 2.7 (Freezing theorem for MFF).  Forany y > 2, there exists a con-
stant C(y) > 0 such that for every cut-off family (X,,), of the MFF uniformly close
to (Gp.t):, the family of random measures (t,g3)’)/4e’"(y/ﬁ_ﬁ)2Mﬁf (dx))n>0,
where

MY (dx) = ¥ X1 @)= 2EXa(0)?] g

weakly converges in law toward a purely atomic random measure denoted by S, .
The law of S, can be described as follows:

@9 Blexp(-S,(1) =E(exp(-C() [ fm'an) )

for all nonnegative continuous function f with compact support.

The above theorem is a bit flexible in the sense that there is some robustness with
respect to the chosen cutoff approximation: among the class of cut-off families of
the MFF uniformly close to (G, ;);, the freezing phenomena related to the MFF
do not depend on the structure of the chosen cutoff.

2.4. Gaussian free field on planar bounded domains. Consider a bounded
open domain D of R?. Formally, a GFF on D is a Gaussian distribution with co-
variance kernel given by the Green function of the Laplacian on D with prescribed
boundary conditions (see [23] for further details). We describe here the case of
Dirichlet boundary conditions. The Green function is then given by the formula

x0
(2.10) Gp(x.y)=n /O po(t,x, y)dt,

where pp is the (sub-Markovian) semi-group of a Brownian motion B killed upon
touching the boundary of D, namely the Radon—Nykodim derivative

pp(t,x,y)=P*(B; €dy, Tp >1)/dy

with Tp = inf{r > 0, B; ¢ D}. Note the factor v, which makes sure that Gp(x, y)
takes on the form

Gp(x,y)=Iny +g(x,y),

lx — yl
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where In; = max(In, 0) and for some continuous function g on D x D. The most
direct way to construct a cutoff family of the GFF on D is then to consider a white
noise W distributed on D x R and define

X(x)=ﬁ/D N pD<%,x,y)W(dy,dS)-

One can check that E[X (x)X (x)] =7 [3° pp(s, x,x")ds = Gp(x, x"). The cor-
responding cut-off approximations are given by

s

@.11) X,(x) = V7T pu(—,x, y)W(dy,ds>,
Dx[e~2 oo[ 2

which has covariance kernel
o0
GD’[(X, y) :T[/ 2 pD(",Xay)dr-
o

We define the approximating measures

M2 (dx) = e2X1 )= 2EX %] g

and
M (dx) = (2E[X;(x)2] — X, (x)) XX )= 2EIX: (0]
Let us stress that Theorem 2.1 holds for this family (X;); (see Section D of [10]).

THEOREM 2.8 (Freezing theorem for GFF on planar domains). Forany y > 2
and every bounded planar domain D C R?, there exists a constant C(y) > 0 such
that for every cut-off family (Xp,), of the GFF uniformly close to (Gp;);, the

family of random measures (t,?y/‘te"’(”/ﬁ*ﬁ)zM},/ (dx))i>0, where
MY (dx) = " Xn@)=y*/2n g

weakly converges in law toward a purely atomic random measure denoted by S, .
The law of Sy, can be described as follows:

(2.12)  E(exp(=S,(f))) :E(exp(—C(y)/Rzf(x)z/VC(x, D)ZM/(dx)))

for all nonnegative continuous function f with compact support, where C(x, D)
stands for the conformal radius at x € D.

REMARK 2.9. The derivative martingale construction of Theorem 2.1 applies
to other cut-offs of the GFF than (2.11). For instance, one can consider the projec-
tion of the GFF on the triangular lattice with mesh going to 0 along powers of 2
(in this case, the law on the lattice points of this projection is nothing but the dis-
crete GFF on the triangular lattice). Then the derivative martingale construction of
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Theorem 2.1 holds in this context by the methods of [11] since the approximations
correspond to adding independent functions; see [23]. Unfortunately, the methods
of this paper do not enable to prove an analog of Theorem 2.8 in the context of
the projection on the triangular lattice. There are several difficulties to overcome
in this context. First, it would be interesting to prove that Seneta—Heyde renor-
malization of [10] yields the same limit as the derivative martingale in this setting
(this is not obvious from the techniques of [10]). By the universality results in [21]
(more precisely Theorem 5.13), this would imply that the approximation (2.11)
and the projection on the triangular lattice yield the same critical measure M’ (in
law). Proving an analog of Theorem 2.8 for the triangular lattice would then im-
ply by the above discussion that the renormalized supercritical measures with the
triangular lattice cut-off converge in law to the S, defined in (2.12) (up to some
multiplicative constant).

2.5. Further generalization. Our strategy of proofs apply to a more general
class of kernels, at least to some extent, in any dimension. There are two main
inputs to take care of.

First, we discuss the case of long range correlated star scale invariant kernels.
One has to adopt the same strategy as we do for the MFF. Basically, what one
really needs is assumptions (B.1) + (B.2) + (B.3) and the Seneta—Heyde norming,
whatever the dimension. However, further conditions on the kernel k are required
in order to make sure that the Seneta—Heyde norming holds (see [10], Remark 31).
One may, for instance, treat in this way the case of covariance kernel given by the
Green function of the operator (m> — A)%/? in RY provided that m > 0.

One may then wish to treat the case of nontranslation invariant fields, for in-
stance, with correlations given by the Green function of (—A)%?2 in a bounded
domain of RY with appropriate boundary conditions. Then one has to adopt the
strategy we use for the GFF on planar domains: just replace the conformal radius
by the function

F(x, D)= lim eE[Xt(x)2]—lnt.
t—00

3. Proofs for star scale invariant fields. In this section, we carry out the
main arguments of the proof of Theorem 2.2 with the help of auxiliary results
that are gathered in a toolbox in Appendix. Furthermore, from Assumption A2,
the covariance kernel k has compact support. Without loss of generality, we will
assume that the support of k is contained in the ball centered at O with radius 1.

3.1. Some further notations.

Processes and measures. Before proceeding with the proof, we introduce
some further notation. We define for all x € RY, 7 > 0, all Borelian subset A of RY:

(3.1) Y, (x) = X,(x) —+/2dt and Yy, (x):= Y (x) — Yy(x).
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We recall the following scaling property:

(3.2) ( s l(x))teR+ xeRd (ld_W) (Yt (xes))ze]R*',xe]Rd’
which can be checked with a straightforward computation of covariances. This
scaling property is related to the notion of star scale invariance and the reader is
referred to [1] for more on this.

The main purpose of Theorem 2.2 will be to establish the convergence of the
renormalized measure ¢37/ (V291 (v/ ﬁ_ﬁ)th)/ (dx) and it will thus be conve-
nient to shortcut this expression as

(3.3) MY (dx) = 37/ CV2D gt VN2V ¥ (g,

We will denote by |A| the Lebesgue measure of a measurable set A C RY.

Regularity, spaces of functions. We denote by C(D, R?) the space of continu-
ous functions from D (a subset of RY) into R?. B(x, r) stand for the ball centered
at x with radius r.

For any domain D C R, any continuous function f € C(D,R) and § > 0, we
consider the two following modulus of regularity of f:

wP @)= sup @) - f()
x,yeD,|x—y|<§
and
w;p,1/3)(8):: sup SO = FDI

x,yED,|x—y|<§ |x _y|1/3

When D = [0, R]? (R > 0), we will use w(R)(S) and w(R 1/3)(8) instead of re-
d

spectively wgp[O’R]d)(S) and w([O’R] ’1/3)(8) Similarly, when D = B(0, b) for some

b > 0, we denote w(o -b) ) := (B(O b))(é) For any a, b, t, R > 0, we define

CR(t,a,b) {f [0 R]d—>R w(R 1/3)( )_1,
34

min f(y) >a and max f(y) < b}
yel0,R19 yelO,R

Constants. We also set for z,t >0

3.5 Kg= —— and a;:=— Int.

3
24/2d
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Points a; (yellow)

Iwidth R

(Small squares A; (blue))

$width 1

Buffer zone (red)

m blue squares ——»

F1G. 1. Decomposition of the cube [0, et,]d.

3.2. A decomposition. Before proceeding with the proof of Theorem 2.2, we
first explain a decomposition of the cube [0, ¢"'19 with ¢’ > 0 that will be used
throughout the proof of Theorem 2.2. We will divide this cube into several smaller
cubes of size R > 0, all of these smaller cubes being at distance greater than 1
from each other. To understand more easily our notation, the reader may keep in
mind the picture of Figure 1. We assume that R, ¢" are such that

t 1
mi=—~ + e N*,
(R+1)

The integer m stands for the number of small squares of size R that one meets
along an edge of the cube. The basis of each small square will be indexed with a
d-uplet

i=G1,....0q) €{l,...,m}%
The basis of the square Aj; is then located at
ai:=R+D(G1—1,....G6s—1) €[0,¢']
in such a way that
Ai :=a; + [0, R]°.

One may observe on Figure 1 that all the squares A; are separated from each other
by a fishnet shaped buffer zone (red), which is precisely

BZg., =0, ef’]“\ U A

ie{l,...,m})d
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The terminology “buffer zone” is used because this is the minimal area needed
to make sure that the values taken by the process Y; inside each (blue square) Aj;
are independent of its values on all other Aj for j #i.

3.3. Main frame of the proof of Theorem 2.2. 'This subsection is devoted to the
proof of Theorem 2.2 up to admitting a few auxiliary results, which will be proved
later.

We have to study the Laplace transform of f[o,l]d f (x)Mty (dx) for all contin-

uous function f on [0, 119 It is not difficult to see that it is enough to prove the
result for all f that are continuous on [0, 1]9 and strictly positive. The proof that
we develop below works for all such functions but for the sake of clarity and sim-
plicity, we write the proof when f is the characteristic function of the set [0, 1]9.
The reader may check that the proof is easily adapted to the case f > 0 and con-
tinuous.

We fix ¢ > 0and 6 > 0. For R > 0 and ¢’ > 0 such that ¢ +1 € N*, we define

R+1
the set (recall the decomposition in Section 3.2)
. a3yl v 73
Vro(l') = {wY,m-) (;e t) =e'’,
(3.6) ly 0| MY (10, 11%) + | M), (e BZg )| < c0~Y27

Vx € [0, 119, —10+/2d¢’ < Y, (x) < —kq lnt’}.

Now we consider 7, ¢’ such that ¢ > ¢’ ". We have
E(e—GM,}/([O,l]d); Vg O(t,))
(3.7) < E(e—QMry([O,l]d))
<E(e™M O Yo o (1)) + P(Vro(t')°).
‘We estimate now the left-hand side of this relation. Because
M (10,119 = M) (e 7"BZg.y/) + M) (7" U Ay),
we can use the relation uv > u + v — 1 for u, v € [0, 1] to get
oM/ (0.1

) > oM (" BZy ) _ _|_e—9M,y(e"/UAi)'

We deduce from (3.7)
E(e—GMty(e*’/BZRJ/) —L:Vro (t,)) + E(e—GMt}/(e*’/UAi); yR,G(t/))
(3.8) < E(e M/ (0.11%)
< E(e—GM,’/(e_[,UAi); yR,@ (t/)) + P(yR,g (ZI)C).

Now we claim:
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LEMMA 3.1. The following convergences hold for each t’ > 0:

(3.9)  limsupE[l — e 0/ ('BZg ), Vro(t)] <e,

t—00

lim sup E[e_eM’y (€U Yo ()]
—00

(3.10)
<E[exp(—(C(y) — )0V M'(10, 119 + 2 (C(y) — ¢))]

and a lower bound similar to (3.10) with a liminf,_, o in the left-hand side.

By taking the limsup,_, ,, in (3.8) and by using Lemma 3.1, we get

lim sup E[e‘esz([O, 1]"')]

t—00
< E[exp(—(C(y) — £)0¥2 M'(10, 11 + 2 (C(y) — &))] + P(Vr.o (£')°).
From Lemma A.2, we have limsup, _, . P(Vg.o(t')¢) < &. We deduce

lim sup E[e_thy ([0, I]d)]

< E[exp(—(C(y) —£)0¥27 M'(10, 11%) +2¢(C(y) — &))] +&.

We can proceed in the same way for the lower bound. Since ¢ can be chosen
arbitrarily close to 0, the proof of Theorem 2.2 follows, provided that we prove the
above lemma.

To prove Lemma 3.1, we need the following proposition, which can actu-
ally be seen as the key tool of this subsection. Its proof requires some addi-
tional material and is carried out in Section 5. In what follows, for any function
x () €Cr(t', kqInt’,Int), we set

I(x,e,y>=em”/

(X (x) — ﬁ)e—MX(X) dx
[0,R]d Y

(3.11)
[when 6 = 1 we will denote I(x) = I(x,1,7)].

PROPOSITION 3.2. Let y > +/2d. There exists a constant C(y) > 0 such that
forall R > 1,0 > 0and ¢ > 0, we can find ty > 0 such that for all t' > 1 satisfying

T,
e +1
R+1

€ N*, there exists T > 0, such that for anyt > T

'E[exp(_e '/[\0 R]d ey[Yt(x)_at_X(x)]“l‘dl‘ d.x) _ 1] + C()/)I(X, 0’ y)
(3.12) ’
<el(x,0,y).
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PROOF OF LEMMA 3.1. We first prove the first relation (3.9). By the Markov
property at time ¢ and the scaling property (3.2) applied on the set BZg ,» we get
that

E[l — e*WHe*/BZRJ’); Yro(t)]

— E[E[l _ exp(—@/ eV Y iy () —ar—x (x)]+dt dx)i| :
e "BZg X (==Y, ()

(3.13) y,w(t')}

_ E[E[l _ exp<_9 / oIV () —ar—x () (1) dx)] :
BZg v Ix()==Y,(-/e!")
y,w(r')]

We can find a finite collection of points in [0, et/]d, callit (y;) jes, such that:

— for any distinct ji, ..., jat2 € J, NST3 (v, +10,11%) = 2,
— the set Ujej()’j + [0, 119) is contained in the closure BZg  of BZg 1.

We do not detail the construction of these points but this is rather elementary:
basically, you have to cover the red area in Figure 1 with closed squares of side
length 1 (which corresponds to the width of the red strips). Of course, the squares
that you choose may overlap but if this covering is made efficiently enough, they
will not overlap too much in such a way that any intersection of d 4+ 2 such squares
will be empty.

By using in turn the elementary inequality 1 — [];c u; <3 je; 1 —u; for
(uj); €0, 1]/ and then invariance by translation, we get

E[l _ exp<_9 / 1Yy ()= x ()T —1') dx)}
BZgy Ix(==Yy (")

< E[l
G19) —[Lew(—6 [ ertrmamxomain )]
yj+0,1]9 Ix()=—Y, (")

jeJ

§ZE[1

jeJ

_eXp<—0 / oYy ()= —x )1+ —r') dx)] .
[0.11¢ X ==Y, (yj+e")
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Moreover, on Vg ¢(t'), the function x € [0, 19— =Yy (yj+e” /x) belongs to
Ci(t',kgqInt’,Int) as soon as Int > 10+/2dz’". So, by Proposition 3.2 with ¢ =1,

we can find 7y such that for any ¢’ > 7 satisfying eRLl € N* there exists 7 > 0
such that for any # > T and on Vg ¢ (1)

E[l _exp<_9 f Wi == (40— dx)]
[0.11¢ X O)==Yy (yj+e ")

1 /
SO+ /y.+[0 17¢ (__ Ing — ¥y (e™ )>

v
e«/ﬁ(y,/(xe—f’)ﬂl/y)lne)dx
for any j € J (notice that a; — a,_y — 0 when ¢ goes to infinity so that we can

replace a; by a;_, in the above expression in order to be in position to apply
Proposition 3.2). Plugging this estimate into (3.14) yields

E[l _ exp<_9 / oY () —ar—x () (1) dx)}
BZgv IX()==Yy (e

3.15) <Y (C+1)

jeJ

X / <_l Inf — Y,/(xe_t/)>€mw"(”t/)Hl/V)lne) dx.
yj+10,1]¢ 14

Now we may assume that kglnt’ > ;me in such a way that, on Vg (t),
we have (—llné — Yy (xe_’,)) > 0 for x € [0, e’/]d Furthermore, the relation

ﬂd+2(y i + 10, 119) = @ (valid for all families of distinct indices) entails that
2jesl (vj+0,119) = (d+ 2)ILBZ . Hence, on Vg (1)

E[l _ exp(_g / o Yi () —ar= ()41 dx)]
BZg v IX()==Yy (")

<d+2)(C(y)+1)

(3.16) x /—(‘l Ing — Y,f(xe"/)>em”f’<“'/>+<1/ Vo) gy
BZg,\ VY

<d+2)(C(y)+1)

x/ , (—llne — er(X))€m<Yf/(x)+(1/V)lne”dﬂ dx.
—! BZR t’ Y

The last inequality results from the change of variables xe ™" "> x. We recognize

the expressions of the martingales Mt‘,/ﬁ and Mt’/ as in (2.3). By gathering (3.13)
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and the above relation, we deduce
E[l - efGM,V(e*’/BZRJ/); Vro(t)]
(3.17) < (@d+2)(Cy) + DE[OYVYY (=~ oMY (e 'BZ 1)
+ M), (e”"BZg,1)); Yroo ()]

By using the definition (3.6) of Vg ¢(¢"), we see that this latter quantity is less than
e(d+2)(C(y) + 1). By choosing ¢ as small as we please, we complete the proof
of the first relation (3.9).

Now we prove (3.10). As previously mentioned, we first apply the Markov prop-
erty at time ¢’ and the scaling property (3.2).

E[e*QMty(e*f/UAi); yR Q(t/)]

(3.18) :E[E[exp(—@/ eV[Yt—t/(x)_at_X(x>]+d(1—t/) dx>i| .
UA; X (==Y, (e

yR,e(z')].

The important point here is to see that for any ¢ > 0, the process (Y;(x)),cga is
decorrelated at distance 1 [recall that k has compact support in the ball B(0, 1)].
Therefore, the random variables (/ A eV iy () =ar—x (l+d(—1) gyy: appearing in
the latter expectation are independent since dist(Aj, Aj) > 1 for any i # j. We de-
duce that

E[e—GM,y(e*f/UAi); yR 9(2‘/)]

(3.19) = E[ I E[exp(—@

ie{l,...,m})d

" f 1Y)t —x () (e —1) dx)]
Aj

;yR,e(z’>].

IX()=—Y, (e=)

As previously mentioned, we can choose ¢ sufficiently large so that, on Vg ¢(#')
and for any j € J, the function x € [0, Rl > —Yt/(e_’/(x + aj)) belongs to
Cr(t',kgInt’,Inr). We can then apply Proposition 3.2 once again and get some

to > 0 such that for all ¢’ > o (with 61;:11 € N*) there exists 7 > 0 such that for all
t > T and all i,

‘E[CXP(—Q/A eV iy () —ar—x ()]+d(t—1) dx)} —14+CO)I(x,0,y)

<eI(x,0,vy),
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with x(x) = —Yt/(e*t/x). By plugging this estimate into (3.19) and by making

a change of variables xe™" — x, we obtain (once again by identifying Mt‘,/z—d
and M)))

E[e—GA;I[y(UAi); yR,Q (t/)]

SE[ [T (1-(Ccy) —eeY>r
ie{l,...,m)d

x [—y ' oMY (e A3) + M), (e A7)]); yR,g(z/)]
Onng(ﬂ) Vie(l,...,m) wehave [y~ Ino MY (e Ap)| + M) (e~ Ap)| <

([,)a <eforanya < K"‘/—
kglnt’' < =Y, (x), thus

and ¢’ large enough. Indeed, on Vg (¢'), Vx € [0, 119,

M/ ) <M ) = [ Yo s gy
e ! Aj

—/2du

< Rd sup ue
u>kqlInt’

Then, by using the inequality [[;o; (1 —u;) < e~ Lier Ui for u; € [0, 1], we obtain
E[e—Qll;I,V (UAi); yR,@ (t/)]

< E[exp<—(C(y) — &)V

e Yo ()]

Recall that, on Vg ¢ ('),
‘M;( — UA) (10, 11%) +‘y—11neMt,m<e—"UAi)

<y oMY ([0, 119)| + | M, (e BZg )| < £~ V27,

So  limsup,_, o E(e™ U4D; e 4(1)) < E(exp(—(C(y) — )0V x

M'([0, 119) + 2e(C(y) — €))). The lower bound of (3.10) can be derived in the
same way. [J

3.4. Proof of Corollary 2.3. Here, we assume that Theorem 2.2 holds and we
show that this implies convergence in law in the sense of weak convergence of
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measures. For a > 0, let us denote by C, the cube [—a, a]9. Since for all bounded
continuous function f compactly supported in Cr, we have

0< fc FEOMY (dx) < || flloo BT} (Ca)

and since the right-hand side is tight, this ensures that the family of random mea-
sures (1\71,7/ (dx)); is tight for the weak convergence of measures on C,. Since we
can find a sequence ( f;), of smooth strictly positive functions on C, that is dense
in the set of nonnegative continuous compactly supported functions in C, for the
uniform topology, uniqueness in law then results from Theorem 2.2. As it is rather
a standard argument of functional analysis, we let the reader check the details, if
need be.

4. Estimation on the tail of distribution of Mty ([0, R1%). In this section,
we will identify the path configurations ¢ + Y;(x) that really contribute to the
behaviour of the measure M/ . We will show that, for these paths, ¥;(x) typically
goes faster than a; = —23% Int.

To quantify the above rough claim, we will establish the following.

PROPOSITION 4.1. Let R, e > 0. There exists a constant A > 0 such that for
any t', T large enough we have

E[l - CXP<_ /[0 e T g 2 0-a) dx)}

“4.1)
<e / X (0)e~ Y2 g
[0, R]d

foranyt>T and x(-) € CR(t', kgInt’, Int).
Then we focus on the shape of the tail distribution of A;I,y ([0, R1%). For instance,
it is well known in Tauberian theory that an estimate of the type

(4.2) Clxe V2 < | [ MU (O.RD] < Oy V20
valid for x > 0 gives you a tail estimate for M,V ([0, R1%) of the type
P(M] ([0, R]?) > ") < xe V2

as x — oo. Basically, the following proposition is a functional version of (4.2),
meaning that we will replace the variable x by some function x. Hence, we will
establish the following.

PROPOSITION 4.2. There exist ci, ¢p, such that for any t' > 0 there exists
T > 0 such that for any R € [1,1nt']:
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o foranyt > T and any x(-) € Cr(t',kgInt’,Int),

E[l — exp(—/ eV Y1 () —ar—x (x)]+d dx)]
(0. R]¢

< cz/ X (x)e_m"(x) dx.
[0,R]®

o forany x(-) € Cr(t',kgInt’, +00)

cq f X(x)e_m’((x) dx
[0,R]¢

<liminfE[l —exp(- f oY) —a—x (014t dx)}
- [0. R

t—00

The two following subsections are devoted to the proofs of Propositions 4.1
and 4.2.

4.1. Proof of Proposition 4.1. Fix ¢ > 0. We consider ¢’ > 0 and R > 1 such

1
that eRjr'll e N*. We have for t > e’

E[l — exp(— ][0 a1 eV W =ar=x@Iaq )y )—A) dx)]

< E[l — exp(—/ eV Y1 () —ar—yx (x)]+dt
B [0, R]¢
(4.3)

X Lsup, cppnyt 1 Yo (<1 (). Ys (1) <ar+x (x)— A} dX)}

+P( sup sup Ys(x)zx(x)).

x€[0,R]9 se[Int’,00[

If x(-) € Cr(t',kqInt’,Int) (with ¢’ large enough so as to make «kgqIlnt’ > 10), we
can estimate the probability in the right-hand side with the help of Lemma A.3. If
t’ is again large enough, we have

€
(1nr')® 4+ x () < Sicaln’ + x (0 < ex (x)
in such a way that

4.4) P( sup sup  Yi(x) > X(x)) < 8/ X(x)e—mxm dox.
[0,R]°

x€[0,R]9s€[Int’,00[

So we need to bound the first term in the right-hand side of (4.3). To this purpose,
we will use Lemma A.4 as follows. First, observe that we can partition the whole
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space of events €2 as

Qc| sup Y0 <a+x)+L]
sSE€[t/2,t]

x U | swp v —a—x@eli-1j1}
j>L+1 selt/2,t]

cf sup Y <a+x@)+L}
selt/2,t]

x sup Yo(x) —a; — x(x) €[j — 1, jl,
sz+1 Se[l/z,lfvj']

sup  Yy(1) <@+ x () + j

s€[t—vj,1]

< sup  Yo(x) <@+ x(x) + j,
j>L+1 Se[l/z,l‘fv]']

sup  Yo(x) —ar — x(x) elj— 1, jl
s€[t—vj,1]

for all family (v;); such that 0 <v; <7/2 for all j. We deduce the relation
Lisupscpiner o Yo =x 0. Y@ <artx ) =4y STt o+ 12 o H1g3

where the set E tl/ HEIR Etz/ HER Et3/ ,(x) are defined as follows: we consider the
constants c4, cs of Lemma A.4 and for any j > 1, we define v; := ¢®>/2/. Then
we set

E\ 0 i={ sup Yi() < x(),

s€(lnt’,t]

sup ¥,(x) <@ + x () + L, Y, (x) <a, + x(x) - A},
selt/2,1]

E; (0= U { sup Yy (x) < x (%),
j>L+1 s€(lnt’ 1]
sup  Yy(x)—ar—x(x)elj—1,/1,

s€(t/2,t—vj]

sup Y () S a4 X () + . Yi(0) S a + x(x) — A,

se[t—vj,t]

Ej ()= J | sup Y(x)<x()., sup Yi(x)<a+x(x)+j,
j>L+1 s€[lnt’ 1] se(t/2,t—v;]

sup Y, (r) —a, — x(x) €lj— 1, j1}.

SG[[—\)_I‘,I]
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According to Lemma A.4, there exists 7 > 0 such that for all # > T and () €
Cr(t', 10, 4+-00)

P( sup ]lE;’[(x) = 1)

xe[0,R]d
4.5) < Z ca(l —I—v,-)e_“j/ ( /1nt/+x(x))e—mx(x)dx
j=L+1 ' [0,R]d
< ce(¢s/DL /[0 R (VInt' 4+ X(X))e_mxm dx.

If we further impose x (-) € Cr(¢', kgInt’, +00) while choosing 7’ large enough so
as to make the term +/In#’ smaller than exqInt’ (and therefore less than ) as
well as choosing L large enough to have ce™(5/2L < ¢, we deduce

E|l1—exp(— YIh@W-—a—x@l+dig g )}
[ Xp( f[o,R]de Ey ) ¢

(4.6)
< 28] x (x)e™ V2 gy,
[0, R]d

Now we focus on E},’t(x). By partitioning the event {Y;(x) <a; + x(x) — A}
as

Yi(x) <a;+x(x) — A} = U Yi(x) —a, —x(x)+Ae[-p—1,-pl}
p>0

and by using the relation 1 — ™ < u for u > 0, we obtain

E 1—e _/ y[Yt(x)_at—X(X)]+dt1 d )}
|: Xp( [O,R]de Etl/’t(x) .

< y[Y;(x)—a;—x (x)]+dt
- E[/[O,R]d ¢ ﬂE},,,(x) dx

< e—yA Z e—ypedt

p=0

4.7)

X /[O R]dP(Ell,J(x), Yi(x) —a,— x(x)+Ae[—p—1,—pl)dx.
By Girsanov’s transform (with density eV/2dY: (0)+dr ), we obtain for any x € [0, R]
and p >0,
P(E) ,(x), Y (x) —a, — x(x) + Ae[-p—1,-pl])

(4.8) < emVlartx=A=p=li=dip_ (sup By <0,

s€[Int’ 1]

sup By <a;+L,B—a,+Ae[—p— 1,—p]>,
selt/2,1]
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where, under P_, (), the process B is a standard Brownian motion starting from
—x (x). At this step, we observe that similar quantities have been treated in [17].
More precisely, (A.9) shows that, for some constant ¢ > 0 (which does not depend
on relevant quantities)

P—)((x)( sup By <0, sup BsSaz—IrL,Bt—at—i-AE[—p—l,—P])
s€[Int’ 1] s€lt/2,t]
4.9)

<t72(L + A+ p)E[(Binr + XO)LB, 15 (0)=0}]-
Finally, by combining (4.7) 4+ (4.8) + (4.9), we get

E|l1—exp(— y 1Y () —a—x (1) ]+t g d )}
[ Xp( f[o,R]de E) (0@

4.10)  <e VAN G4 A4 p)e—<y—m>p/ d X (0)e V2@ g
[0,R]
p=0

<(L+ A)e—()/—\/%)AC/ | X(x)e—«/EX(X) dx,
[0,R]

where we took, for instance, ¢ = ¢ szo(l + p)e_(}’_m“’.
Finally, we treat the contribution of the term E tz/ ,(x). First, we can follow the
same argument as for Etl, ,(x) to get

E|l1—exp(— Y1 () =a; —x () 1+dt d )]
[ Xp( /[O,R]de Ey (0 @

4.11) < Z e_VAZe_ypedt

jzL+1 p=0
x /[0 o PR, Y =y = x() + A [=p — 1. ~pl)dx.
By Girsanov’s transform again (with density eV 2dYi()+di ), we can estimate the
probability in (4.11) by
P(Ej (x). Y,(x) —a; — x(x) + Ae[-p—1,—p])
<emVlartx@=A—p=ti=dp_ o ( sup B, <0,

s€[lnt’ ]

4.12)
sup  By—arelj—1,]],

s€lt/2,t—vj]

sup By <ai+j, B —a+Ael—p—1,-pl).

s€[t—vj,t]

Now we use (A.8) to see that this latter quantity is smaller than

(4.13) ce™UV2AATPED VIO (1 4 j 4 A4 pyvT Py ().
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By recalling that v; = ¢(°5/?/ and by combining (4.11) + (4.12) + (4.13), we get

— — yIYr (x)—a;—x (x)]+dt
E[l eXp< f[o,R]de o ]lEf/,,O‘)dx)]

< ce~(r—V204 S eI (14 LA+ pler—V2p
jzL+1 p=0

4.14)
X / e_mxmx(x) dx
[0,R]d

< ce™ (/DL go=(r—V20)A / ) e_JﬁX(x)X (x)dx.
[0,R]

Now recall that our purpose is to estimate the right-hand side in (4.3). The expec-
tation in this right-hand side is estimated by combining (4.6) + (4.10) + (4.14) in
such a way that

Yy (x)—a,— d
E[l —exp(— /[O,R]d eV W) =ar=xOIHA g oty ()—A) dx)]
(4.15) < c(e” VAL 4 A) 4+ e @/DLA] 4 2¢)

x/ e_mxmx(x)dx.
[0,R]®

So it suffices to choose A large enough such that ce_[V_‘/E]A[(L + A) +
e~ (/9L A] < ¢ to complete the proof of Proposition 4.1.

4.2. Proof of Proposition 4.2. The first relation of Proposition 4.2 is an easy
consequence of Lemma A.5 and (4.15). Indeed by using the relation 1 — e~ “+?) <
(1—e ™)+ (1—e7?) for u, v > 0 and by applying (4.15) with A = 1 and L chosen
with & = 1 [see the relation ce(¢5/2L < | just before (4.6)], we obtain

E[l _exp<_/ o Y0 —a—x (0)]+de dx)}
[0,R1¢

< E[l _ exp<_ /[0 oo W@y dx)]

+ E[l — exp(— /[0 a1 ey[Yt(x)_at_X(X)Hdt]l{Y,(x)saﬁx(x)—l} dx>i|

(4.16)
<P(@Ex€[0,R1%, Y;(x) > a, + x(x) — 1)

+e(e VAL 4 A) 4 e~/ A] 4 2) f ) X (x)e™2310) gy
[0,R]

s [ e ax,
[0, R
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with ¢/ := ¢ + c¢((L + 1) 4+ e~ (/YL 1 2) where ¢, is the constant appearing in
Lemma A.5.

Now we prove the second inequality. For each # > 0, we introduce a tiling pro-
cess Yttlllng as follows. We consider a partition of the cube [0, R1? with cubes
of edge size e~/. The amount of cubes in such a partition is of order (Re’)d.
For each point z € [0, R19, there exists a unique cube denoted C(z) in the par-
titign such that z € C(z). Let us consider the. center c; of such a cube. We define
Yttlllng (z) = Y;(cz). To sum up, the process Y, tnhng is constant over each cube in the
partition and takes the value of the process Y; at the center of this cube. Because
of assumption (A.3), it is plain to check that there is a fixed constant D such that
forall R > 0, all x,x" € [0, R]%, all >0

@17 Ki(x —x')— D <E[y/" )y "™ (x')] < K, (x — x) + D.

With the help of this covariance inequality, we can use Kahane’s convexity in-
equality (see Kahane’s original paper [14] or [21], Theorem 2.1, for an english
statement) to the concave function x > 1 — e~ to get

E[l — exp(_/ eV[Y[(X)-(h—X(X)]"‘dZ d.x)}
[0.R)
> E[l —~ exp(—eyz_yzD/z / V) =g () 1+l dx)}
[0. R}

for some centered Gaussian random variable Z with variance D independent of
everything.
Let us define the event

t

E(R.t,x)={3x [0, R1% ¥/ (x) > a, + x (x)).

According to the definition (4.65) of hgood in [17], it is clear that {hgooq > 1} C
E(R,t, x). Moreover, with the Paley—Zygmund inequality page 32 in [17], there
exists ¢ > 0 such that for any ' > 2, there exists T > 0 such that for any R €
[1,Int'Tand t > T,

4.18)  P(E(R,t, X)) = P(hgooda > 1) > Cz/ ) x (x)e™V2Ix ) gy
[0,R]

for any function y € Cg (t./,. kglnt’,Int). On E(R,¢t, x), let us choose any x( be-
longing to {x € [0, R1Y, Yttlllng (x) = a; + x(x)}. Then we observe that

0 () —a —x () 1+ g x)}

i

E[l - exp(—e”z_yzD/zf vl
[0,R]¢

. E[(l B exp(—eVZVZD/Q/ o1V )y — (o) et dx))]lE(R,t,X)]
[0,R1¢

. E[(l B eXp(—eyZ_yzD/Z/ @) = x ()1 dx))]lE(R z x)]
B C(x) -
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Now we use the fact that Ytt iling x)=7Y, ,tihng (xp) on C(x¢) and the relation Y;(xg) —
a; — x (xg) > 0 to deduce

E[l — exp(—/ eV Y1) —ar—yx (x)]+dt dx)}
[0,R]®

> E[(1 — exp(=e”? 77 PI2) L g 1 )]
= E[1 — exp(—e? 27V’ DI |P(E(R, 1., x)).

We complete the proof with (4.18).

5. Proof of Proposition 3.2. Our aim is to study for z, ¢’ large and x(-) €
CR(I/, K4 lnt/, lnt),

(5.1 E[exp<_/ e)’[Yr(X)—a;—X(x)H-dt dx)}
[0,R]¢

According to Proposition 4.1, for A large enough, we can restrain our study to the
expectation of

W (x(), 1)

(5.2)
= eXp(— /[ o€ T O g wz-a) dX)-

Throughout this section, keep in mind that the function A ( x(+), t) is bounded
by 1. We fix R, A,e > 0. We stick to the notation introduced in [17] page 33
relations (5.1), (5.2) and (5.3): we define

My = sup (Y;(»)—x (),

ye[0,R]d
(5.3)
O, =y el0, RI% Y, (») > ar + x(») — 1},
M, (x,b):= sup (Y:(y)—x (),
yeB(x,eb~1)
5.4)
O (x,b) := |y € B(x,e"™), Y;(y) > a; + x(y) — 1},
(5.5) R, :=[e"?,R—e /7]

Observe that on the set {M; ,_4 < a;}, we have 1 — &AW (x(-), 1) = 0. More-
over, for any ¢ > 0, because of the continuity of the function x — Y;(x) — x(x),
the random variables [O; ,_a| and |O; ,_a(x,b)| (recall that |B| stands for

the Lebesgue measure of the set B C RY) are strictly positive respectively on
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{M; y—a>a;}and {M; ,_a(x,b) > a;}. Therefore, for any L > 1,

E[l - eXP(—f ey[Y’(x)_“’_X(X)Hdt]l{y,(x)—a,—x(x)>—A}dx)]
[0.R]? -
=E[1 - ¢ (x(), )] M1 y-a = a/]

Limeo, ,- sy LiM, - a>ar)
:E/ 1= (x(), 1 Lt L dm]
[[O,R]d[ #(01)] 1O,y —al

(5.6)

=Esg).

Now we want to exclude the particles m € O, , 4 such that their paths Y.(m) are
unlikely. We set

D?’A’L = {(fs)x207 sup f(S) <a,

s€[0,1]
(5.7) sup f(s)ga,+a+L,f,za,+a—A—1}
selt/2,t]
VL,o,t > 0.
Observe that >*%F=:>%" which is introduced in (1.15) in [17].

LEMMA 5.1. Forany A, e > 0 there exists L > 0 such that for any ', T > 0
large enough we have for any t > T, x € Cr(t', kqInt’, Int),

P(Em e O, 4 N[0, RI%, Y.(m) ¢ ™) <e1(x),

(5.8)
P(3m € [0, R1%/r,,m € D, ,—a) <eI(x).

With Proposition 4.4 [17] and the arguments used to bound (3) and obtain (5.11)
in [17], the inequalities of (5.8) are proved for A = 0, but it does not make any
difficulties to extend for any fixed A > 0. Thus, we do not detail the proof of
Lemma 5.1.

Recalling (5.6), from Lemma 5.1, we deduce that, for any A, there exist L > 0,
fo > 0 such that for any ¢’ > fy there exists T > O such that Vi > T, x () €
Cr(t',kqInt’,Int),

’E[/ ﬂ{megt,x—A,YA (m)ebf((m)’A’L}E{M"X’Aza'}
R,

Oy y
(59) | t,x A|

<eI(x).

% [1 =@ (x().1)] dm} “Egss

Now the constant L is also fixed.
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For any t > b > 0, let us introduce:

EX—A,l(bv m)
(5.10) d )
={3yel0,RI% |ly—m|>e""" Y, (y) >ar+ x(y) — A—1}.
On the complement of E,_4 ,(b, m), we have [just observe that everything hap-
pens inside the ball B(m, ¢?~")]

L, y_azay LM,y atm.b)zar)
1O, x—al |O¢,x—a(m, b)|

Also, still on the complement of E, _4 ;(b, m), the function [1 — oM (x (), 0] 1is
equal to

| exp<_ f i@ty dx)
B(m,eb=1)

=1-¢4P (x(),1,m).

Therefore, for any b > 1, m € R; we can write

(5.11)

LM, y—a>ar)

|DI,X7A|
1
4 My y—rar)
=[1-¢" )(X(')af)]iwftx A|t Nz, _p s 0y} + L{Ey_p, b.m)))
X

1{Mt,X7A(m,b)za,11{H -
D1 x—alm, b)| A

[1-¢™(x().1)]

= (1= (x().1.m))

1
A {My y—a>as}

+[1 =W (x(), t)]ﬁﬂ{EHAb,m)}
X

LM, 4 a(m,b)=a;}

— (1 — 64D (4 (.1,
(=@ O tm) s o b

LMy y—amb)zar) .
1O; 4_a(m, )|~ Fr-as b

1
A (M y—a=ar}
+[1— ¢ )(X(-),t)]i@x A|' Y&, (b))
X

— (1= ¢ P (x (). 1. m))

Following this decomposition, the first expectation in (5.9) is equal to the sum of

(we use the fact that {m € O; y_a} C {Y.(m) e XMLy

(Dappi= E[ [ =640, 1.m)

(5.12)

]l{Y.(m)eD;((’”)’A’L}jl{Mt,x—A(mab)Zdt} ]
m 9
|O¢,x—a(m, b)|
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Darpi= E[ [ 11=0@00.0)]

(5.13) X )
{Y.(m)ED;((m)'A'L} {Mt,x—AZﬂ;} i|
X ]lE _ b, a'm ,
x—A,t(b,m) |Dt,X—A|
S R
(5.14) ,

Ly myesx Ay L, aonb>ar)
X Lg, 4, bm) m

|94, —a(m, b)]

LEMMA 5.2. Forany A, L, e > 0, there exists by, ty large enough such that
for any t' > ty, b > by, AT > 0 such that for anyt > T, x € Cr(t’', kqInt’,Int) we
have

(5.15) | a6+ |3 aLp] <eI(0).

We do not detail the proof of Lemma 5.2 but, recalling that |1 — ¢“?) (x (),
t,m)| and |1 — ™ (x (), 1)| are bounded by 1, we just remark that the amounts
(2)a.L.» and (3) 4,1 p are very similar to (2)r p and (3)1 , defined in (5.15) and
(5.16) of [17]. Then Lemma 5.2 is a minor adaptation of the proofs of Lemmas 5.1
and 5.2 in [17] (in [17] A = 0, whereas here A is a fixed positive constant).

Thus, combining Lemma 5.2 and (5.9), we deduce that there exist b and
fo > 0, such that for any 7' > fo there exists T > O such that Vt > T, x(-) €
Cr(t',kqInt’,Int),

(5.16) Eso ~ (Daol <2 [ x(0e .
[0,R]

Therefore, we can restrain our study to (1)a4.r, (with A,L,b fixed).
The Markov property at time f, = ¢ — b and the invariance by translation of

(Y5 (¥))s=0,xera give

0 E[/ 1{Y.(m)e>;<(’”)’A’L,meD,,X,A}]l{Mt,fo(mvbBar}
ALb=
1 |Dt,X*A(m9b)|

(5.17) x [1 =D (x(),1, m)]dm]

A,L,b
= /R E[Lsup,ciq ) Y3 0m)<x m).50py ey 2,1 Ysm)<artx )+ L) D'y " ] dim,
1

where

ALb
Dm,t

o [ﬂ{supse[o‘b] Yy,.s (0)+2<0,Yy, 5(0)+7>—~L—A—1,3yeB(0,eb~). Y, »(»)+7=—L—A—g(y)}
' |BO,e"~)N{y:Yy,ps(0)+2=—-L—A—1—-g}
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y (1 _ exp{_ / oWy b () +E )+ L
B(0,eb-1)

x 1{Y,b,b<y>+zz—A—L—g<y)}dy})],
with
g() =Yy, (m+y) = Yy, (m) — (x (m + y) — x (m)),
z=Y,(m)—a; — x(m) — L.
In the following, we will denote
(5.18) Vm € Ry, Xm () = x(m+-)— x(m).
According to the scaling property

(d) _
(Ylb,s(y))sgb,yeB((),eb*’) = (Ys(yet b))ssb,yeB(O,e”*’)’

- AL
thus we can rewrite D,,’; > as

edzhE_[ﬂ{Supsem,m Y (0)<0,Y5(0)=—L—A-1) 1 (3yeB(0,1),7,(y)>—L—A—g(yeb—1))
‘ |IBO, D) N{y:Ys(y)>—L—A—1—g(yet=H}

Y, eb T+ L
x (1 —eXP<— /B(O l)ey[ PO ]]l{Yb(y)>—A—L—g(yeb")}dy)>j|’

where we have used the convention: for any z € R, (¥s(x))>0 xere under P; has
the law (z + Y;(x));>0.xerae under P. By applying Lemma A.1 to the process g(y)
and the Girsanov transformation to the process (Y;(m))s<y,, we get

_ +/2dY;, (m)—+dtp
(I)A,L,b = fl; E[e 173 :n'{supselo,tbj Y, (m)EX(m)*Supselt/Z,th] Ys(m)<a;+x(m)+L}
t
% e—\/ZdYtb(m)—dlbedthQ:{J,b]dm

_ [ Y2xm 32
R,

X Fa.rb(By, —ar — L, @f”g)]dm,

x (m) [ﬂ'{supselo,tbj By 507511]355[;/2,[}7] Bs<a;+L}

where B a standard Brownian motion and, for g € C(B(0, 1), R), z € R,

Fa,Lp(z,8)
. p—V2dG+L)
(5.19)

<E [ﬂ‘{supse[Qb] Y.Y(O)SQYb(O)Z—L—A—l}]]'{EIyeB(O,1),Yb(y)Z—L—A—g(yeh)}
) IBO, DN {y:Yp(y) > —L—A—1—g(ye)}|

Y, by4+ L
» (1 _exp<_ /3(0 l)ey[ 5 () +g(veh)+ ]Jl{y,,@)z_A_L_g(yeb)}dY)ﬂ»
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and for any ¥ € Cg(B(0, ¢*), R),

& B(0,e") >y
(5.20)

lb
> — / ")) dBs — &(ye™") + Z?b (ye™') — W(ye™).
For ¥ = 0, we denote th,b = &; ;. In passing, we define for any o € [0, 7],

B po:B(0,¢") 3
(5.21)

b
> — t U(l —k(e*'y)) (e y)dBs — &i(ye™") + Z?b (ye™)

—
and the processes ¢, Z are defined in Lemma A.1. Note that Zg)(-) is a centered
Gaussian process, independent of B, which has the covariances as in [17], equa-
tion (2.6). Furthermore, by [17], Proposition 2.4, for any b > 0, the Gaussian pro-
cess B(0,e’) > y Zto_h(ye_’) — ¢_p(ye™), converges in law to B(0,e”) >
y > Z(ye™?) — ¢ (ye~”) when t goes to infinity.

Finally, with our new notation, we have to study for any m € R,,

Xm
E_;m) (l{supse[O,t},J By <0,5upge(s /2,11 BsSaz-‘rL}FA,L,b(be —a—L, ®z,b))'

Recalling Proposition 3.2, our goal is to prove that this quantity is equivalent to a
constant times 7 ~3/2 x (m), when t goes to infinity. To do this, we need a renewal
theorem proved in [17].

DEFINITION 5.3. A continuous function F : R x C(B(0, ¢?), R) - R* is “p
regular” if there exists two functions 2 : R — R4 and F* : C(B(0, e?)) > Rt
satisfying:

(1)
(5.22) suph(x) < +oo and h(x) = 0(e").
xeR =0
(i1) There exists ¢ > 0 such that for any § € (0, 1), g € C(B(0, e?), R) with
wi (6) <4,
(5.23) F*(g) <5710,

(iii) Forany z € R, g € C(B(0, "), R), F(z, g) < h(z) F*(g).
(iv) There exists ¢ > 0 such that for any z € R, g1, g2 € C(B(0, e?), R) with
g1 — &2lloo < 3

(5.24) |F(z,81) — F(z, g2)| < cllg1 — &2l 14 h(2) F* (g1).

DEFINITION 5.4. For any M > 0 and F a function b regular, we define
(5.25) FM(x, ) :=(F(x,g) A M)Liz=—py.
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For any y e R, let T, := inf{s > 0, By = y} and let (Rs)s>0 be a three-
dimensional Bessel process starting from 0.

THEOREM 5.5 ([17] Theorem 5.6). Letb > 0 and F : R x C(B(0, ¢?), R) —
R* be a function b regular. For any & > 0, there exist M, o,t', T > 0 large enough
such that forany t > T, x(-) € Cr(t',kgInt’, Int), z € [1, (In1)37],

3/2 ,—+/2dx (x)
%l\{ t 4 E*X(X) (:n'{supselo,tb] BSEO’SuPSEU/Z’ZbJ By=—2}
t

(5.26)
x F(By, + z, 6?‘2)) dx — CM,U(F)I(X)’ <eI(y),
with
2 M u B B
Crt o (F) :=\E L E(F“”)(—u,yHZ(ye "~ t(ve?)
(5.27) /T_W(l k(e *ye™))dB
. ) e "ye s
- fT i e —k(e_sye_b))dRs_ry)) dy du.

The proof of the following lemma is postponed until Section 5.1.

LEMMA 5.6 (Control of F4 1 p). For any A,L,b > 0, the function Fa 1 p
defined in (5.19) is b regular.

Now we are in position to complete the proof Proposition 3.2. Indeed by com-
bining Proposition 4.1, inequalities (5.9), (5.16), Lemma 5.6 and Theorem 5.5 we
deduce that: Ve > 0 there exist A,L,b, M,o > 0 such that for t', T > 0 large
enough we have: foranyt > T, x(-) € Cr(t', kqInt’,Int),

E|:1 — exp<_/ eV[Yt(X)—ﬂt—X(x)]+dt dx)i|
[0,R]¢

(5.28) — Cuo(Farp) / X (eI gy
[0,R]d

58/ X(x)e_m’((x) dx.
[0,R]d

In addition, by Proposition 4.2, there exist ¢; > 0 and ¢/, T > 0 large enough
such that for any > T and p(-) € Cr(¢', kgInt’, Int),

E[l — exp(—/ eV Y1 () —ar—yx (x)]+-dr dx)]
[0,R]¢

(5.29)
< 02/ X(x)e—«/ﬁx(x) dx.
[0,R]d
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For any n > 0, let (A, Ly, by, M,,, 0,) such that (5.28) is true with ¢ = % Clearly
Cn:=Cum,,(Fa, L,b,) €l0,2c2] for any n € N. Let ¢ : N — N strictly increas-
ing such that Cy(,) — C(y) € [0, 2c2] as n — o0.

Now we fix ¢ > 0. Let No > 0 such that for any n > Ny, [Cyn) — C(y)| <
e. Then we choose N > Ny such that n > Ni implies ﬁ < &. Finally, there

exist [according to (5.28)] t'(=t'(N})) and T (= T (N1)) > 0 such that for any
t=> Ts X() € CR(t/’ Kdlnt/v lnt)y

‘E[l - exp(—/ oV Y1 () —ar—x (x)]+dt dx)]
[0,R)

—C) [ eV ax
[0,R]¢

< 8/ X(x)e_‘/z—dX(x) dx.
[0,R]¢
To complete the proof of Proposition 3.2, it remains to prove that C(y) > 0. It is

a consequence of Proposition 4.2. Indeed let 7’ > 0 large and x € Cr(¢, kg Int’,
+00) such that for any ¢t > T,

E[l — exp(—/ eV Y1) —ar—yx (x)]+dt dx)]
[0, R]

—C(y) / X (e V2 gy
[0, R]d

< CEI X(x)e—\/%X(X) dx’

with ¢ the constant defined in Proposition 4.2. From Proposition 4.2, we have

liminfE| 1 — exp( — / i —a—x (g
—00 [O,R]d
e[ xwe B ax,
[0,R]¢

then it is plain to deduce C(y) > % > 0, which completes the proof of Proposi-
tion 3.2.

5.1. Proof of Lemma 5.6. Recall the convention: for any z € R,
(¥5(x))5>0.xerd under P, has the law (z + Y;(x)) >0 yere under P.

PROOFS OF LEMMA 5.6. Fix A, L,b > 1, recall (5.19) for the definition of
Fa.1 .. We shall prove that Fyq 1, p is b regular with

(530)  h=hpp(z) = VP 4 (¥,(0) > 0)'/,
L{3yeB(0.1).Y,(y) 2 —g(yeh)) 174
(531) F*=F;(g) ::supEZ[ = 8} .
zeR B0, 1) N {y, Yp(y) > —g(ye®) — 1/2}]
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Check (i) is an elementary computation whereas (iii) stems from the Cauchy—
Schwarz inequality. Let us start by showing that F;’ satisfies (5.23). Let g €

C(B(0, ¢), R) such that wgzjig)(é) < }L. We define

A=|BO, DN {y. Y0 = —g(ye’) - 1}].
On the set {3y € B(0, 1), Y (y) = —g(ye®)}, we introduce
r = sup{s; Ixs with B(xs,s) C B(0, 1), 3z5 € B(xs, s) with Y} (zs) > g(ZSeb)’
Vy € B(xs,9), Yo(y) = —g(ve’) — 5}.

With S the volume of the unit ball, observe that

]]'EI' B(0,1),Y; — b
Fr(g)*= supEx[ (3y€B0O.D. b8<y>z gye )}}
xeR A

o
<5788+ Y s+ 1B
k=eb /s

X SUp Ex[Liaye 501,102 —g(reh LS/t D=A=S k) )
xXe

Clearly, A < § (%)d implies r < % and {r < % < 8} implies

[ sw 100 - 1m0 5 —olih o).

x,yeB(0,1) 2 gle
x—yl<1/k

0.1)

g(.eb)(a) < }t, one has

Thus by recalling that w

1 1 0.1)
P(r <1 5) < P( sup  |Yp(x) — ()| = = — w® <6>)
k x,yeB(o,1)| | 2 sl
lx—y|<1/k

1

< P( sup  |Yp(x) — Yp(»)| = —).
x,yeB(0,1) 4
lx—y|<1/k

From [17], equation (3.10) (with & = %, m=2k,p=2,t'=band x = ce_bk), we
have

1
supP.(sup B0 =10 = ) =Po( swp (Y00 = B = 1/4)

zeR x,y€B(0,1) x,ye€B(0,1)
lx—yl<1/k l[x—yl<1/k

—b
< c/efl/c”e k.

Finally, F(g)* < $78¢%/6% + 520 s S8k + 1)Pee™ /"% < c(b)s~3,
which suffices to prove (5.23).
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Now it remains to prove (5.24). Let g1, g2 two continuous functions from
B(0, ¢?) — R such that ||g; — g2]lec =8 < é. Let us define (uniquely for this
proof) Vg € C(B(O0, ¢’),R) and y € R:

M(@g) = sup (Y0 +g(ye?)).
yeB(0,1)

Ag(r):=[BO, DN {y, Y () = —g(ve") + 7}].
With the triangular inequality then twice the Cauchy—Schwarz inequality we ob-
tain
|Fa,L.b(z 81) — Fa,1.b(2, 82)|

Tz Lmegn=1
Ag (0) Ag, (0)

(5.32) < e VHEHDE [ﬂ{Yb<0>zO}

]

+hi b (D) F(g)E 11 [(Ag1, a0)°],
with

_ [¥Yp ()+g1 (ve?)—11
T TP Ly (s iogy ey 4

A(g1,8) :=e
(5.33)

_ yLYp ()8 (ve?)—1]
o IO TR Ly ()+az1-gy(eb))

dy

Let us treat the first term of (5.32). From [20], Theorem 3.1, as Var(Y,(y)) =b > 1,
Vy € B(0, 1), we can affirm that there exists ¢ > 0 such that for any § € (0, 1),
g €C(B(0,¢"),R),

(5.34) supP(M(g) € [z — 8,z +8]) <c8.
zeR

Thus, the first term in (5.32) is smaller than

ﬂ{wa)zo,M(gl)e[l—a,1+a]}}

< Ez+L+1|: A..0)
81

+E 1[]1 0)=0, == ]
+L+1| L{¥,(0)>0,M (g2)>1} Ag (0)Ag, (0)
:=(A) + (B).

By applying twice the Cauchy—Schwarz inequality to (A), we get that

1 1-57"
(A) <Py 1 (V50> 0)* X E. 4 [M{t}]
Ag (0)

x Poyr1(M(g) e[l — 8,148
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Now by applying (5.34) to the last term we obtain

1 M 0 1/4
(4) = Peara(150) 2 0)'7 x By st |51
(5.35) » &l 1
<clgi— L hep@F(g1)  (ass—1<—3).

Similarly, observing that min(Ag, (0), Ag,(0)) > Ag, (}‘), we deduce that

Ly, 0)=0.M(g2)=1)
B —f E 1[ b=" —1 byel— :|dx
(B) BO.1) + L+ Ag1(O)Ag2(0) {Yp(x)+g1(xe?)e[—6,5]}

LM (g))>1-5) ] 174
[Ag, (1/4)]3
1/4

<P.i1:1((0) > 0)"*E. 14y [

X /1;(0’1) Pz+L+1+g1(xeb)(Yb(x) e[-$, 5]) dx

(5.36) 12
<Py 41(Y(0) > 0)

1 b 1/4
{3yeB(0,1),Y,(y)=—g1(ve )+1}] s1/4
[Ag, (1/4+8)18

<cllgr — &l h b2 Fi (g1).

X Ez+L+l+8|:

So we are done with the study of the first term of (5.32). Now we treat the second
term. By the triangular inequality, |A(g1, g2)| is smaller than (1) 4 (2) with

. Y, b -1
(1) := exp<_ /;9(0 N eV[ p(¥)+g1(ye”) ]]l{y,,(y)+Azl—g1(yeb)} dy)
(5.37) ’
Y by—1
a exp(— /B(O 1) erHrate ]ﬂ{Yb(yHAzl—gl(ye”)} dy) "
. Y h _l
2) := exp(— /B(O N eV Yo () +g2(ye”) ]I]-{Yb(y)+A2181(yeh)}dy)
(5.38) ’

Y, by-1
_exp<_ /B o &reod ]]l{Yb(y)+A>1—g2(yeb)}dy)"

Recalling that [|g1 — g2[lcc = SUP,cp(0.¢b) [81(x) — g2(x)| := 3, in (5.37) by forcing
the factorization by

. Y, by—1
P = eXp(_f e OOy Az - e dy)’
B(0,1)
we have

(5.39) (1) <e Ut (@’ =70 _ 1) < ¥ o773,
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Similarly, by some elementary computations we get

@) < [1 _ exp<_ / () Hga(yeh)—1]
- B(0,1)

X Limin(—g; (ye), —ga(veb))> Yy (y)+A—1 <max(—gj (yveb), —ga (yeb))} dy)}

= /B(O 1l Limin(—g1 (yeb), —ga(ye?)) <¥p(y)+A—1 <max(-g; (yeb),—ga(ye?))) 4Y

= fB on Limin(—g) (yeb), —ga(ye?))<¥p () +A—1 <min(—g; (yeb), —ga(yeb))+8} 4V

(fors <1).

By the Jensen inequality and recalling that sup,cp, 1y SUp,cr P(¥s(y) € [z, 2 +
8] < %, we deduce that the expectation of [(1) + (2)]8 is smaller than ¢8. Com-
bining this inequality with (5.39) yields

(5.40) supEz.11[|AGg1, 2)[*] < cligi — g2lo-
Finally, by combining (5.35), 5.36) and (5.40), we deduce (5.24). [
6. Proofs for two-dimensional free fields.
6.1. Proof of Theorem 2.7. Before proceeding with the proof, let us make a

few observations. First, we stress that the kernel k,, satisfies:

B.1 k,, is nonnegative, of class C' and k(0) = 1.
B.2 k, is Lipschitz at 0, that is, |k, (0) — k,, (x)| < C|x| for all x € R?

foo ki (ue)

B.3 ki, satisfies the integrability condition sup|,—; [, =, du < +00.

We stick to the notation of Section 2 so that we set for # > 0 and x € RY

©.1) Gy (%) = fl k&) 4.

u

In [10], Theorem 5, it is proved that we have the following.

THEOREM 6.1. We set M) (dx) = eV X1 =(/DEX (%] gy The Sfamily

(\/ZM,*/ﬁ)t weakly converges in probability as t — oo toward a nontrivial limit,
which turns out to be the same, up to a multiplicative constant, as the limit of the
derivative martingale. More precisely, we have

/24 [2
VM, 2(dx) — [ =M'(dx) in probability as t — oo.
b/
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Now we begin the proof and we first treat the case when the cut-off family of
the MFF is (X;);. We will see thereafter that the general case [i.e., any other cut-
off uniformly close to (G, ;)] is a straightforward consequence. The problem to
face is that the covariance kernel of the family (X;); does not possess a compact
support so that Theorem 2.2 does not apply as it is. We split the proof into two
levels: a main level along which we explain the main steps of the proof relying on
a few lemmas and a second level in which we prove these auxiliary lemmas.

Main level: Let us consider any nonnegative smooth function p : R> — R

such that: [po p%(y)dy =1, p is isotropic and has compact support. We set

p(x) = A;{zp(y +x)p(y)dy.

Under the above assumptions on p, it is plain to see that ¢ is nonnegative, smooth,
positive definite, with compact support, ¢ (0) = 1 and isotropic. For each ¢ > 0, let
us define the function

Vx € R?, Ye(x) = @(ex).

It is straightforward to check that the family (¢.). uniformly converges toward 1
over the compact subsets of R? as ¢ — 0. For ¢ > 0, we further define

¢ ko (ux)
L@ =k g0, Ki = [ =
Observe that k. satisfies Assumption (A) in Section 2.1 (it is positive definite be-
cause it is the Fourier transform of the convolution of the spectrum of &, and that
of ¢.). For each ¢ > 0, we follow Section 2 to introduce all the objects related to
the kernel k, and add an extra superscript ¢ in the notation to indicate the relation
to ke [i.e., we introduce (X¢(x));.x, My ¢, M]"*, M"].
Now we claim the following.

LEMMA 6.2. For each § > 0, there exists €9 > 0 such that for all 0 < ¢ < g9
and all x e R? and all t > 0:

(6.2) K7 (x) < Gm(x) < Kf(x) +6.

This lemma will help us to see the family (X¢), as a rather good approximation
of the family (X;); as ¢ — 0. Because k. satisfies Assumption (A), Theorem 2.2
holds for the family (X7); for any y > 2. The conclusion of this theorem involves
some constant C,(y), which may depend on ¢. Fortunately, we claim the follow-
ing.

LEMMA 6.3. For each fixed v > 2, the family (C¢(y)). converges as € — 0
toward some constant denoted by C(y).
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Then we use Lemmas 6.2 and 6.3 to prove the following.

LEMMA 6.4. For any y > 2 and for any continuous nonnegative function f
with compact support, we have

i _BN/4 1 (v IN2=VD)? gy
,I_IPQOE[GXP( t e M/ ()]

= lim E[exp(—C(y)/ f(x)z/VM”g(dx))]
e—>0 R2
It thus remains to compute the limit in the above right-hand side.

LEMMA 6.5. For any y > 2 and for any continuous negative function f with
compact support, we have

;igg)E[exp(—C(y) [, f(x)z/VM“f(dx))]
:14:[@(1)(—0(;/)/;&2 f(x)Z/VM’(dx))]

We are now done with the proof of Theorem 2.7. It just remains to prove the
four above lemmas.

PROOFS OF AUXILIARY LEMMAS. Most of the forthcoming proofs will heav-
ily rely on Kahane’s convexity inequalities (KCI for short) so that the reader is
referred to Kahane’s original paper [14] (or [21, 22] for an English statement).

PROOF OF LEMMA 6.2. Let us fix § > 0. In what follows and when con-
sidering an isotropic function f, we will identify, with a slight abuse of nota-
tion, the function f : R> — R with the function f : R, — R through the relation
f(») = f(y]) for y € R%. Observe that

KE 0 = G| = | [ P2 LD g

u

S/OO Ikm(MIXI)—ks(MIXI)Idu
1 u

© |k (v) — ke (V)]
5/0 — dv.

We prove now that we can get the above quantities arbitrarily close to 0. We fix
R > 1 such that [ @l gy < 5/4. Since ¢, (y) < ¢:(0) = 1 (by positive defi-

v
niteness), we also have

[ B0 gy [ )y

R v R v
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On [1, R], we use the fact that the family (¢, ). uniformly converges toward 1 over
compact sets to deduce that for some &g and all ¢ < gg, we have

/R |km (v) — ke (V)]
1

v

dv < §8/4.

It remains to treat the interval [0, 1]. Since ¢ is smooth, it is locally Lipschitz at
0, meaning that we can find a constant C such that |1 — ¢(x)| < C|x| for all x
belonging to some ball centered at 0, say B(0, 1). Furthermore, |k, (v)| < k;,, (0) =
1. We deduce

/1 |km(v)_k€(v)|dv=fl |km(v)||1_¢(gv)|dv
0 0

v v

<Ce.

For ¢ small enough, this quantity can be made less than §/4. [

PROOF OF LEMMA 6.5. Let us fix § > 0. Because of the convexity of the
function x — ¢™* and the covariance inequality of Lemma 6.2 for ¢ small enough,
we can apply KCI to get for all & > 0 and some standard Gaussian random variable
N independent of everything

Blexp(—0v7 [ ra M an) |
< E[exp(—@x/lj/]Rz f(x)z/yMtz(dx)ﬂ,
E[exp<_eﬁ /R 2 f(x)Q/VMﬂdx))}

< E[exp<—e~/3N5/29\/Z/é2 f(x)z/VMtz’s(dx))].
By taking the limit as t — oo and by using Theorem 6.1, we obtain for all 6 > 0
E[exp(—6M"*(f*/7))] < E[exp(-6M'(f*/7))]
< Efexp(~6e¥ V70204 (1217))]
It is then straightforward to deduce that

lim Efexp(—0M"* (£*7))] = E[exp(-0M'(£>/7))]. 0

PROOF OF LEMMAS 6.3 AND 6.4. First, recall that the family (+©7)/* x
e v/ ﬁ_ﬁ)ley (f)); is tight and every possible converging limit (in law) is non-
trivial [11], Section 4.3, provided that f is nontrivial.
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Then, for any ¢ > 0, we have from Theorem 2.2

Jim Elexp(—1C)/4e 02D 10 ()]

=E[exp(~Co) [, f00? M) |

Furthermore, for each § > 0 and ¢ small enough, we have at our disposal the in-
equality K/ (x) < G, 1(x) < K/ (x) + & and a convex function x > e~ *. So, de-
noting by A a standard Gaussian random variable, we can apply KCI to get for all
6 > 0, e large enough and all 6 > 0

E[exp(_9t3y/4ez(y/ﬁfﬁ)zM,’”’s(f))]

(6.3) < Efexp(—01 O 0Ny o))
E[exp(—0r%/4! IV2=VD Y (1))

(6.4) B E[exp(_eeﬁN_a/ztsy/4et(V/ﬁ—ﬁ)thy’g(f))]-

Consider a possible limit Z of some subsequence of the family (r37/4 x

e/ ﬁ*ﬁ)thy (f)):- By taking the limit as + — oo along the proper subse-
quence in (6.3) 4 (6.4), we get for all 8 > 0

65 Elep(-0C.0) [ F607 M) )| <Elexp(-02)
and for n > 0

Elexp(~02)] < E|exp( ~0¢VN 02, 0) [ | £ M (an))|

(6.6) <E|exp(—01 =€) [ 7 M n ) |

FP(eVINI2 <y,
By taking the limsup,_,, then liminf,_,¢ and finally lims_, ¢, we deduce that for
alld >0and n >0

6.7) limsupE[exp(—QCS(y) /R X f(x)z/VM”g(dx))} < E[exp(—62)],

e—>0

1iminfE[exp<—0Cg(y) / f(x)z/VM/’g(dx)>]
0 R2

68 ,
> Elexp(=0(1 =)~ Z)].

Now we can take the limit as n — 0 and get

(6.9)  lim E[exp(—QCg(y) A; . f(x)z/VM/’g(dx))] = E[exp(—02)].
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Therefore, the family (C¢(y) /g2 f (x)2/Y M"#(dx)), converges in law toward Z.
As a by-product, this shows that the law of Z does not depend on the chosen sub-

sequence along which the family (£37/4¢!(v/ ﬁ_ﬁ)zM,y (f)): converges in law.
Thus, the whole family converges in law toward a nontrivial random variable Z.
Furthermore, Lemma 6.5 shows that the family (/g2 f (x)%/Y M"#(dx)), converges
inlaw as ¢ — 0 toward [p> f (x)?/Y M'(dx) which is almost surely strictly positive
because f is not trivial. This comes from the fact that M’ has full support [11]. It is
then straightforward to deduce that the family (C.(y)). converges as e — 0. [J

General case: Now, we consider a general cut-off family (X,), of the MFF
uniformly close to (G, ;);. By assumption, this family satisfies Lemma 6.2 with
K, instead of K; and G, ;, instead of G,, ;. We can then control the kernel K,
in terms of G, ;,. Furthermore, we now that the freezing theorem holds for the
family (G,;,)» With some fixed constant C(y): this was the difficult part that we
have handled above. Now we can use the same strategy of using KCI to transfer
the freezing theorem to the family (X,,),. Details are quite the same as those we
have just developed and are thus left to the reader. [

6.2. Proof of Theorem 2.8. In what follows, (X;); is the family defined
by (2.11) and

M) (dx) = eV Xi=(r?/21 dx,
M'(dx) = lim (2E[X,(x)?] - X, (x))e2X1 ()= 2EIXr (0] 1
For ty > 0, we will also consider
Mj, oo(dx) = lim (2E[(X; — X10)(0)?] = X1 (x) + X,y (%))
5 2 Xi=Xi) () —2E[(X, = Xi) (0?1 4,

For each 1y > 0, we consider the MFF like fields [constructed in the same way
as in Section 2.3 and assumed to be independent of the family (X;);, e.g., by
considering a white noise W independent of that involved in the construction of

(X)i]
Xt (¥) =/

with covariance kernel

S
—x,y |W(dy,d
sz[e_m,e_%[p<2 X y) (dy,ds)

6—210

Giy,i(x,y) =f72t p(s,x,y)ds.

e

We further introduce the corresponding measures for y > 2

2 2
MIMT () = oV Xigt =2 /DRG]
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and the derivative multiplicative chaos

MFF _ MFF 2
Migioct (dx) = Jim (2 — 210 = XpiF (o)™ o 7 G0 O gy
The strategy that we followed to prove Theorem 2.7 for the MFF works for these
MEFF like fields as well
lim E[exp(_py/zte(r—m)(y/ﬁ—fz)2 M%’?“FF( ]

t—00

(6.10)
=E[exp(~Cy ) [, 7002 M (@) |

for some constant Cy,(y), which depends on fy. Indeed, observe that the covari-
ance kernel of X }XH,:F is the same as X }VIFF up to a multiplicative change of spatial
coordinates so that this variation in the covariance structure should affect C;,(y).

Actually we can even explicitly calculate this dependence.

LEMMA 6.6. Let us set C(y) := Cy—o(y). The constant Cy,(y) satisfies
(6.11) Ciy(y)e 20FOM0 = C(y) Vi =0.

PROOF. It suffices to apply (6.10) at two different scales 7o and #y + s.
Then in the relation corresponding to 7o + s, we replace the function f by
es(V/ﬁ_ﬁ)zeyX}\g,Frgﬂ(X)—(yz/Z)E[X%EgH(X)Z]f(x), which remains a compactly
supported continuous function. It is random but independent of the measure

M};ﬁlil:(dx). By identification of both limits, we get the relation Cyy44(y) X

e—2s+(4/y)s — Cto (J/) 0

Equipped with this relation, we will now try to apply the freezing theorem to
a process that we call switch process. Basically the switch process is a Gaussian
interpolation between the MFF and the GFF. We will plug this switch process
in (6.10) in order to transfer by interpolation the property (6.10) to the GFF. For
to < t, the switch process is defined by

MFF
St(),t(x) = Xl‘o(x) + Xto,l (X)
(keep in mind that this is a sum of two independent processes) and we also consider
the associated measure

M%’?Wiwh(dx) = VS =Dt g

To evaluate to which extent the switch process is a good interpolation between
the MFF and the GFF, we need to evaluate how the covariance kernel of the switch
process evolves with #y. To this purpose, we set

VX,YGD» GD,I‘(),l‘(xvy):GD,t(x7y)_GD,f0(x7y)'
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Consider a domain D’ C D such that dist(D’, D) > 0. We have
(6.12) lim sup |G p st (x,¥) — Gy i (x, y)| =0.

t,10—>00(fo<t) yeD'

This comes from the following lemma, the proof of which is postponed to the end
of this subsection.

LEMMA 6.7. For all subset D’ of D such that dist(D’, D) > 0, the following
convergence holds uniformly on D' x D’:

hm|pD(t7 ] ) _p(tv ) )| :09
t—0

where p(t,x,y) stands for the transition densities of the whole planar Brownian
motion (i.e., not killed on the boundary of D).

Let us now tackle the interpolation procedure. By independence of X, and

X %{EF, we can apply (6.10) to the function

fi6.10)(x) = f(x)efo()’/ﬁ—ﬁ)zeyxzo(X)—(Vz/z)fo
and get after a straightforward calculation involving (6.11)
. _J/2)? ,switch
[1_1)11.10E|:6XP<—1(3)/)/4€’(V/\/§ NG) /Rz f(x)Mt)(/);WItc (dx)>j|
(6.13)
— E|:exp<—C(y) A; i f(x)2/VeZXro@)—Z’OM;O{‘gF(dx))}.
Let ¢ > 0 be fixed. From (6.12), we can choose T such that forall T <1y <t,

(6.14) sup |G p..(x,¥) = Groi(x, y)| <&
x,yeD’

Let us set gy, (x) = oD EX () =X (D) 1=(=10))  From (6.14), we have

eV /2 < 81p.1(x) < e?/2 for all T < g < t. We will use this relation in the
forthcoming lines. By Kahane’s convexity inequalities and (6.14), we have for all
T<ty<t

E[exp<_t3y/4ez(y/ﬁ—ﬁ)2/2 f(x)Mty(dx)):|
R
_ 2 el27_ _switch
§E|:exp<—t3y/4et(y/ﬁ V2) ot T Z—¢/2 _/];Rz f(x)gl‘o,t(x)Ml?(;;WltC (dx)>:|

< E[exp<_t3y/4et(y/ﬁ—ﬁ)2egl/zz—s/ze—(VZ/Z)s/2 f(x)Mt)(;,iwitch(dx))}
. ,

for some standard Gaussian random variable Z independent of everything. We
just explain some subtlety: observe that the definition of M does not involve a
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renormalization by the variance E[ X, (x)?] but 7 instead. To apply KCI, one needs
to compare measure involving a renormalization by the variance. So the function
81o,¢(x) appearing in the first inequality just results from the switching of variance
required to apply KCI.

By taking the limsup as t — oo in the above relation and by using (6.13), we
deduce

limsupE|:exp(—t(37/)/4€t(}’/“/5_‘/5)2/‘2 f(x)M,y(dx))}
R

—00

<lim supE|:exp<—t(37/)/46[(y/ﬁ_ﬁ)zegl/zz_g/ze_yz/zg

t—00

< [ FoM ) |

=El:exp<_C(,y)62£1/2z/y—8/)/—)/8 '/Rz f(X)z/yezxt()(X)_ZIOM;(;%\gF(dX)>].

Now we want to apply once again KCI to the derivative martingale to replace

the M,'(’)%\gF part by M{O’OO. Recall that this is possible because we know that the

Seneta—Heyde norming [10] holds for both of these measures. The control of co-
variance kernels is provided by (6.12) (notice that the uniform control w.r.t. ¢ is
necessary to apply KCI for r = 00). We get

hmsupE[exp(—r<3y)/4ef<y/ﬁ—ﬁ>2 / feom! (dx)ﬂ
R

1—>00

(615) < E|:exp(_C(y)8281/2Z/y_8/y_y8+81/22/—5/2

2/y 22Xy (x)=210 1 47

for some other standard Gaussian random variable Z’ independent of everything.
By using the lognormal *-scale invariance stated in [10], Theorem 4, we have the
relation

ezxto(x)—zE[Xto]Ml/O’oo(dx) = M'(dx),

hence we see that (6.15) can be reformulated as

limsupE|:exp(—z‘(37’)/4e’(7’/‘/§*/5)2/2 f(x)M,y(dx)ﬂ
R

11— 00

(616) S E|:exp<_C(y)628I/ZZ/V"FS]/22/—8(1V+V+1/2)

x A; X f(x)z/yezE[X’OJ_ZZOM’(dx)>:|.
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By using the uniform convergence on D’ of (E[X; (x)2] —1); as r — oo toward the
conformal radius InC (x, D) (see [15], Lemma 6.1), we deduce

hmsupE[exp<—t<3y>/4e’<y/f2—~/5>2 f feom! (dx)ﬂ
R

t—00

< E[CXP(_C (y)e2 P2 Iy e P2 ey 4y +1/2)

x/ f(x)Z/VC(x,D)zM’(dx))].
R2

Since & can be chosen arbitrarily small, the upper bound for the limit in Theo-
rem 2.8 when the cut off family (X;), has covariance G p ; is proved. The lower
bound follows from a similar argument. Then we can use the same arguments as in
the case of the MFF to extend the convergence to cut-off families uniformly close

to (Gp,t)s-

PROOF OF LEMMA 6.7. Recall the standard formula ([19], Section 3.3)

A(s,x,y):=p(s,x,y) — pp(s,x,y)
1 —IB}. —yz/(z(s—Tz;))]
X B ———— D
=0 —Tp)°

9

= Ex[l{

where B} is a standard Brownian motion starting from x and 77 = inf{t > 0, B} ¢
D}. If we denote § = dist(D’, D) > 0, we deduce

1

_ 2 _ T
Atsx. ) S B gz se /20|
D

Now observe that the mapping u — ue™" is decreasing for u > 1. Therefore, for
s < 82/2, we have

A(s,x,y) < L e,
— 2ms

which obviously completes the proof of the lemma. [

APPENDIX: TOOLBOX OF TECHNICAL RESULTS

In this appendix, we gather some results in [10, 11, 17] in order to have a paper
self-contained, at least as much as possible.
We first recall a lemma that can be found in [11] (see Lemma 16, page 17).

LEMMA A.1. Forany fixed u # x, the process (Y;(u));>0 can be decomposed
as

Yi(u) =P (u) + Z; (u) — &' (u) vVt >0,

where, for t > 0:
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— £ (u) == /2dt — /2d [ k(e (x —u))ds,

- Pr(u) = fé k(e®(x —u))dY;(x) is measurable with respect to the o-algebra
generated by (Y;(x))s>0,

— (Z§(u))s>0 is a centered Gaussian process independent of (Y;(x));>0 with co-
variance kernel:

N
E(Z} (u)Z}(v)) ::/ [k(e (u —v)) —k(e* (x —u))k(e®(x —v))]ds
(A1) 0
Vx,u,v e RY.

The following lemma can be found in [17] (we refer to the Lemmas 3.1, 3.2
and 3.3).

LEMMA A.2. Forany® € RY ande >0

lim P(ly ' no| MY ([0, 11%) > eo~V2/7)

',R—00,(e! +1)/(R+1)eN*

(A2) /
+P(M) (e " BZpy) =0 V27) <&,
1

lim P(wg,l’(,l)m(—e_t) > ef/3)

t—00 ! t
(A3)

= lim P< sup
x,ye[0e ] lx—yl<1/1

Yi(x/e) = Yi(y/eDl 1)

=0,
x—yI173

(Ad)  lim P(vx € [0, 1]% —10v2dr < ¥,(x) < —kalnt) = 1.
— 00

In this section, we will use the following two lemmas from [17] (see Lemma 4.2
in [17] and (4.26) in [17]).

LEMMA A.3. We can find a constant c3 > 0 such that for anyt' > 2 and R > 1

Z/
such that eRj_'ll e N*

P(sup  sup  ¥i(0)zx(x)
xe[0,R]9 s€[Int’,00)

(A.5)
< C3/ ((lnt/)3/8 + X(x)3/4)e_mX(x) dx
[0,R]d

forany x(-) € Cgr(t’, 10, +00).

LEMMA A.4. We can find two constants c4, cs > 0 such that for any t' > 2,
there exists T (t") > 0 such that forany L > 0, R > 1, x(-) € Cr(¢’, 10, +00),t >’
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and a < %,
P(ax €[0,R1%, sup Y,(x)<x(x),
s€(Int’ 1]
sup  Yy(x)<a;+x(x)+L—1,
s€lt/2,t—al]
(A.6)

sup Ys(x)€ar+ x(x)+ L+ [—1,0])

[t—a,t]

<cs(l+a)e™s" f[ e YI7 X @)V

Here, we reproduce [17], Proposition 4.1.

LEMMA A.5. There exist two constants ci, ¢y > 0 such that for any t' > 2,
there exists T > 0 such that for any R € [1,Int'l andt > T

e [ xe O 4y = PEx e 10, R Y () > 4 + 1)
a7
> C2/ X (x)e_mxm dx
[0, R

for any function x € Cgr(t’,kgInt’,Int).

Here, we reproduce the inequalities (B.3) and (B.6) in [17], Lemma B.2 [strictly
speaking (A.8) and (A.9) are very slight extensions of (B.3) and (B.6)].

LEMMA A.6. (i) Foranya,t',z, j, p > 1 and % >a+t' 41,

?P_( sup By<0, sup Bi—aelj—1,jl
s€(Int’ 1] selt/2,t—al

(A8) sup By —a < j, B —a €[-p—1,—pl)

s€lt—a,t]
< ci2E; (Biny s, 20)(1+ j + p)a~ /2.
(ii) Foranyt',z,L,p>1,t >t + 1,

r”sz( sup By <0, sup Bs—atsL,Bt—a,e[—p—l,—p])
s€(Int’ 1] s€lt/2,t]
(A.9)

< c2E:(Biny g, ,>0)(1 + L+ p).
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