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1 Introduction

Let {X,,,n € INg} be a Markov process on a Polish space S, with transition kernel p(x, dy).
The empirical measure (or normalized occupation measure) for this process is defined by

n—1
L(A) = 3 6y, ()
=0

where J, is the probability measure that places mass 1 at z, and A is any Borel subset
of S. One of the cornerstones in the general theory of large deviations, due to Donsker
and Varadhan in [6], was the development of a large deviation principle for the occupation
measures for a wide class of Markov chains taking values in a compact state space. This
work also studied the empirical measure large deviation principle (LDP) for continuous time
Markov processes, where L" is replaced by

1T
LT(4) = /0 Sy (A)dt

and X (+) is a suitable continuous time Markov process. In subsequent work [7], the results
of [6] were extended to Markov processes with an arbitrary Polish state space. These
results significantly extended Sanov’s theorem, which treats the independent and identically
distributed (iid) case and was at that time the state-of-the-art. This work has found many
applications since that time, and the general topic has developed into one of the most fertile
areas of research in large deviations.

Three main assumptions appear in the empirical measure LDP results proved in [6, 7],
and also in most subsequent papers on the same subject. The first is a sort of mixing or
transitivity condition, and is the key to the proof of the large deviation lower bound. The
second condition is a Feller property on the transition kernel, which is used in the proof of
the upper bound. The third condition, and the one of prime interest in the present work,
is a strong assumption on the stability of the underlying Markov process. For example,
suppose that the underlying process is the solution to the IR"-valued stochastic differential
equation

dX(t) =b(X(t))dt + o(X(t))dW (t),

where the dimensions of the Wiener process W and b and o are compatible, and b and o
are Lipschitz continuous. Then satisfaction of the stability assumption would require the
existence of a Lyapunov function V : IR®™ — IR with the property that

(b(x), Vy(x)) + %tr [o(x)0’ (2) Ve (x)] — —00 as [|z]| — oo.

Here V, and V., denote the gradient and Hessian of V', respectively, tr denotes trace, and
the prime denotes transpose.

A condition of this sort implies a strong restoring force towards bounded sets, and in fact
a force that grows without bound as ||z|| — oo. It is required for a simple reason, and that



is to keep the probability that the occupation measure “charges” points at co small from
a large deviation perspective. Under such conditions, the probability that a sample path
wanders out to infinity (i.e., eventually escapes every compact set) on the time interval [0, T']
({0,1,...,n — 1} in discrete time) is super-exponentially small. It is a reasonable condition
in many circumstances. For example, in the setting of the linear system

dX(t) = AX(t)dt + BdW (t),

it simply requires that the matrix A correspond to a stable (deterministic) linear system.
Nonetheless, the condition is not satisfied by some very basic processes. Examples include
Brownian motion, reflecting Brownian motion, and the Markov process that corresponds to
the M /M /1 queue.

In the present paper we consider a class of one dimensional reflected (or constrained)
processes which includes the last two examples, and obtain the large deviation principle
for the empirical measures without any stability assumptions at all. The restriction to IR
allows us to focus on one main issue: how to deal with the possibility that some of the mass of
the occupation measure is placed on the point co (asymptotically and from the perspective
of large deviations). In a more general setting there are many ways the underlying process
can wander out to infinity, and hence the analysis becomes more complex. We defer this
general setup to later work.

We begin our study with a discrete time Markov process on IR;. This Markov chain
is introduced in Section 2. Once the empirical measure LDP for this family of models is
obtained, one can obtain the LDP for the continuous time Markov processes described by
a reflected Brownian motion and an M /M /1 queue via the standard technique of approxi-
mating by suitable super exponentially close processes (cf. [6, Section 3]). This is discussed
in greater detail in Section 6.

The removal of the strong stability assumption fundamentally changes the nature of both
the large deviation result and the proofs. In particular, given that the empirical measure
will put mass on infinity, one must have detailed information on how this happens. We
will adopt the weak convergence method of [9]. This approach is natural for the problem
at hand, and indeed the combination of appropriately constructed test functions and weak
convergence supplies us with exactly the sort of information we need (see, e.g., Lemma 3.9).

As stated earlier in the introduction, the fundamental results on the empirical measure
LDP for Markov processes were obtained in [6, 7]. Subsequently, a large amount of work
has been done by various authors in refining these basic results. We refer the reader to [4, 5]
for a detailed history of the problem. Most of the available work studies Markov processes
that satisfy the strong stability assumptions. One notable exception is the work by Ney and
Nummelin [13, 14], where large deviation probabilities for additive functionals of Markov
chain are considered, essentially assuming only the irreducibility of the underlying Markov
chain. However, the goals there are quite different from ours in that the authors obtain local
large deviation results. Other authors, such as [2, 10, 3], study the large deviation lower
bounds under weaker hypothesis than those in [6, 7]. The proof of the lower bound in these



papers does not require any stability assumption on the underlying Markov chain. However,
in the absence of strong stability, their lower bound is not (in general) the best possible. To
illustrate the basic issue we restrict our attention to the discrete time model introduced in
Section 2. Let P(IR4) be the space of probability measures on IR,. Let F': P(R4) — IR
be a continuous and bounded map defined as

F(v) = (x)v(dx), v e P(R;).

f
Ry

Here f is a real-valued continuous and bounded function on IRy such that f(x) converges,
to say f°°, as x — oo. For such a function the lower bound in the cited papers will imply

I%rriioréf % log IE lexp (n/R f(ﬂz)dL"(x)>]
> — inf {II(V)+ n f(UC)V(dUU)}’

veP(IRy)

(1.1)

where I; is defined in Section 2 (see (2.6)). In contrast, for the class of one dimensional
processes studied in this paper we will show that

nlj_{go%logE [exp (—n/]R f(x)dLTL(a:))]

(1.2)
pli(v) + (1 - p)J + p/]R f(@)v(dz) + (1 - p)foo} :

inf
veP(Ry), pe[0,1]

where J is the part of the rate function that accounts for the possibility that mass might
wander off to infinity. Clearly, the expression on the right side of (1.2) provides a sharper
lower bound than the expression on the right side of (1.1). This paper considers a much more
general form of the function F', and in fact we prove the full Laplace principle (and hence
the large deviation principle) for the empirical measures {L",n € IN} when considered as
elements of P(IR,), where P(IRy) is the space of probability measures on the one point
compactification of R.

It is important to note that even though we consider our underlying Markov chain to
evolve in a compact Polish space (IR ), the usual techniques of proving empirical measure
LDP for Markov chains with compact state spaces do not apply. One reason is that if
one extends the transition probability function of the Markov chain in (2.3) in the natural
fashion by setting p(oo, dy) = d{s0}3(dy), i.e., by making the point at oo an absorbing state,
then the resulting Markov chain does not satisfy the typical transitivity conditions that are
needed for the proof of the lower bound. The proof of the upper bound for compact state
space Markov chains, in essence, only uses the Feller property of the Markov chain. It is
easy to see that the extended transition probability function introduced above is Feller with
respect to the natural topology on IR, and so one can use the methodology of [6] to obtain
an upper bound. This upper bound will be governed by the function

I'(v) = igf{ R(q(x,-) || p(fvw))V(dx)}a v € P(IR.),

R
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where infimum is taken over all transition probability kernels ¢ on IR, x IR, with respect
to which v is invariant and R(- || -) denotes the relative entropy function (see Section 2 for
precise definitions). Suppose that v puts some mass on oo and that I*(v) < co. Let q(x, dy)
achieve the infimum in the definition of *(v). Then the definition of relative entropy implies
q(00, dy) = (o0} (dy), and hence there is no contribution from oo:

I'(v) = { - R(q(x,-) || pl, '))V(dﬂﬁ)}-

The rate function I we obtain satisfies I(v) > I*(v), and I(v) > I*(v) if I(rv) < oo and
v({oo}) > 0. Thus the point at co makes a contribution to the rate function, and in fact a
careful analysis of the manner in which mass tends to infinity is needed to properly account
for this contribution.

We now give a brief outline of the paper. In Section 2, we present the basic discrete
time model and state the empirical measure large deviation result (Theorem 2.9) for this
model. Sections 3, 4 and 5 are devoted to the proof of Theorem 2.9. Section 3 deals with
the Laplace principle upper bound. In Section 4 we present some useful properties of the
rate function. Section 5 proves the Laplace principle lower bound. Finally, in Section 6 we
indicate how to obtain the empirical measure large deviations for the M /M/1 queue and
reflected Brownian motion via super exponentially close approximations by discrete time
Markov chains of the form studied in Sections 3-5. In Section 6, (Remark 6.4) we also state
a conjecture on the form of the rate function for the LDP of the empirical measure of a
one-dimensional Brownian motion. We end the paper with an Appendix which gives details
for some of the proofs that are either standard or similar to others in the paper, and a list
of notation is collected there for the reader’s convenience.

2 The Discrete Time Model

In this section we consider a basic discrete time model and study its empirical measure large
deviations. Once the empirical measure LDP for this model is obtained, one can obtain
the LDP for empirical measures of a reflected Brownian motion and a M/M/1 queue via
the standard technique of super exponentially close approximations. This is discussed in
greater detail in Section 6.

In order to most easily relate the continuous time models of Section 6 with the discrete
time models of this section, it is convenient to work with a very general model here. In
particular, we will build the discrete time process with time step 7' > 0 by projecting (via
the Skorohod map) random processes defined on the time interval [0,7]. The “standard”
sort of projected discrete time model is a special case (Example A below).

Let T € (0, 00) be fixed and let {Z,,n € INy} be a sequence of iid D([0,T] : R4 )-valued
random variables on the space (2, F, IP). We assume that Zy(0) = 0 with probability one.
Let 6 € P(D([0,T] : IR+)) denote the common probability law. Let I" : D4 ([0,T] : IR) —



D([0,T] : IRy) be the Skorohod map, given as

T(2)(t) = 2(t) — ( inf z(s)) A0, t€[0,T], z€ D ([0,T]: Ry). (2.1)

0<s<t
Elementary calculations show that for z,2’ € D ([0,T] : IR)

sup [T(2)(t) —T(2)(#)] <2 sup |2(t) — 2'(t)]. (2.2)
0<t<T 0<i<T

We recursively define the IR -valued constrained random walk {X,,,n € INy} by setting
X1 =T(X, + Z,()(T), n € IN. (2.3)

If Xo has probability law §,, then we denote expectation by IF,. The transition proba-
bility function of the Markov chain X, is denoted by p(z,dy). For f € D([0,T] : IR), let
[|fll7 = supg<i<r | f(t)]. Since T' will be fixed throughout this section, it is suppressed in
the notation, and to further simplify we write D in lieu of D([0,T] : IR). We are interested
in the large deviation properties of the empirical measure associated with {X,,,n € INg}.

There are two important special cases. The first corresponds to the standard sort of

projected discrete time model, while the second will be used to obtain large deviation results
for continuous time models.

Example A. Let 6 be the probability law of Z(-), where Z(-) is defined as
Zt)y=t,, 0<t<T
and ¢ is a IR-valued random variable with probability law (.

Example B. Let 6 be the probability law of Z(-), where Z(-) is defined as
Z(t) =bt+oW(t), 0<t<T,

where W (+) is a standard Brownian motion, and o,b € IR.
The following conditions on # will be used in various places.
Assumption 2.1 For all a € IR

|, explallylocdy) < .
D

Let p®)(z, dy) denote the k-step transition probability function of the Markov chain X,.



Assumption 2.2 There exist lg,ng € IN such that for all x1,x2 € IRy

o0

1 .. > 1 .
P rdy) < 7 ooV (o, dy). (2.4)

i=lg Jj=no

Remark 2.3 Because p(z, dy) is the transition kernel for a constrained random walk driven
by iid noise, one can easily pose conditions on 6 which guarantee Assumption 2.2. For
Example A one can assume that ¢ is absolutely continuous with respect to A, where A
denotes Lebesgue measure on IR, and there exists § > 0 such that %(y) > g for y € (—46,9).
For both Example A and Example B, the measures on the left and right side of (2.4) will be
of the form a;d;0y(dy) + Bimi(dy), i = 1,2 respectively, where a;, 3; > 0 and m; is mutually
absolutely continuous with respect to the Lebesgue measure on (0,00). Thus Assumption
2.2 is clearly satisfied. If 6 is supported on D([0,7] : Z), where Z is the set of integers, as
would be the case in a discrete time approximation to a queueing model, then one cannot
expect a condition such as Assumption 2.2 to hold for all z1 and z5. For example consider
the case where 6 is the probability law of the difference of two independent Poisson processes.
In this case if one takes xo = 0 and 1 = %, it is easy to see that (2.4) is not satisfied for any
lp and ng. However, Assumption 2.2 will hold when x1 and x2 are restricted to the integers,
and this suffices if one wishes to study the large deviations of the empirical measures when
only integer-valued initial conditions are considered. This is discussed further in Section 6.

Definition 2.4 (Relative Entropy) For a complete separable metric space S and for
each v € P(S), the relative entropy R(- || v) is a map from P(S) to IRy defined as fol-
lows. If v € P(IR) is absolutely continuous with respect to v and if log Z—Z 1s integrable with

respect to vy, then
R(y|lv)= / (lo —) dry
S 8 dv '

In all other cases, R(v || v) is defined to be cc.

For n € IN, the empirical measure L™ corresponding to the Markov chain {X;,i =
1,...,n} is the P(IRy)-valued random variable defined by

n—1
L(A) = % "6y, (A), A€ B(R,).
=0

The empirical measure is also called the (normalized) occupation measure. Let R, =
IR, U {oo}, the one point compactification of IR,. Then IRy and P(IRy) (with the weak
convergence topology) are compact Polish spaces. With an abuse of notation, a probability
measure v € P(IR,) will be denoted by v even when considered as an element of P(IR,).
In this paper we are interested in the large deviation properties for the family {L",n € IN}
of random variables with values in the compact Polish space P(IRy). To introduce the
rate function that will govern the large deviation probabilities for this family, we need the
following notation and definition.



Definition 2.5 (Stochastic Kernel) Let (V,.A) be a measurable space and S a Polish
space. Let T(dy|x) be a family of probability measures on (S, B(S)) parameterized by x € V.
We call 7(dy|x) a stochastic kernel on S given V if for every Borel subset E of S the map
x € V +— 7(E|x) is measurable. The class of all such stochastic kernels is denoted by

S(S)V).

If p* € S(IR+|IR+), then p* is a probability transition function and we will write p*(dy|x)
as p*(z,dy). We say that a probability measure v € P(IRy) is invariant with respect to a
stochastic kernel p* € S(IR+|IR+), if v(A) = [, p*(z, A)v(dz) for all A € B(R;). We will
also refer to v as a p*-invariant probability measure.

The rate function associated with the family {L",n € IN} can now be defined. Given
q* € S(D|IR+), we associate the stochastic kernel p* € S(IR4|IR4) which is consistent with
¢" under the constraint mechanism by setting

p*(z, A) = /D Uiy (,2)ea}q (dz]x), A€ B(Ry), =€ Ry, (2.5)

where
p(x,z) =T(x+ 2z(-))(T), x€ Ry, z€D.

As before, T will be suppressed in the notation.

Note that if a D-valued random variable Z* has the probability law ¢*(dz|z) then
p*(z, dy) defined above is the probability law of IT(xz, Z*). Thus if one considers the sequence
(X}, Z7) of Ry x D-valued random variables defined recursively as

P(Z; € dz | (X}, Zi,), 1 < k < j) = q'(d21 X))
o =X+ Z())(D),

then { X7} is a Markov chain with transition probability kernel p*(z, dy).

For v € P(IR;), let

Li(v) =

= o R 00, 26)

where A; (v) is the collection of all ¢* for which v is p*-invariant.

Remark 2.6 Let v be a probability measure on a complete, separable metric space S. It is
well known that there is a one-to-one correspondence between probability transition kernels
q for which v is an invariant distribution, and probability measures 7 on S x .S such that the
first and second marginals of 7 equal v. Indeed, v(dx)q(x,dy) is such a measure on S x S,
and given any such 7, the “conditional” decomposition 7(dz dy) = v(dz)r(x,dy) for some
probability transition kernel r and [qv(dz)r(z,dy) = v(dy) imply that v is r-invariant. We
will need an analogous correspondence in the present setting. More precisely, we claim that



for any v € P(IR), there is a one-to-one correspondence between ¢* € S(IR4|D) for which
v is p*-invariant, where p* is defined via (2.5), and 7 € P(IR4+ x D) such that

(fyv)={(f, (1)) = /R+><Df(H(I7 2))71(dx dz), for all f e Cy(Ry), (2.7)

where (7)1 € P(IR4) is defined as (7)1(dx) = 7(dx x D). Define by A(v) the class of all
7 € P(IR+ x D) such that (2.7) holds and let A;(v) be as defined below (2.6). The one
to one correspondence between A(v) and A;(v) can be described by the relations that if
7 € A(v) and 7 is decomposed as 7(dx dz) = (7)1(dx)q(dz|x), then (7)1 = v and q € A;(v).
Conversely, if ¢ € A;(v) and 7 € P(IR4 x D) is defined as 7(dx dz) = v(dx)q(dz|z), then
7 € A(v). The above equivalence will be used in the proofs of Theorem 4.1 and Lemma 5.4.

Define by P,,(D) the class of all o € P(D) for which [}, ||z||o(dz) < oo and [}, 2(T)o(dz) >
0. Here the subscript tr stands for “transient.” Strictly speaking, this class includes mea-
sures that produce a null recurrent process, but transient is more suggestive of what is
intended. Let

J= inf R(o|0). 2.8
ot Blo]6) (2.8)

The following mild assumption will be used in the proof of Theorems 4.1 and 5.1. It
essentially asserts that there is some positive probability of moving both to the left and the
right under 6.

Assumption 2.7 There exist 6y,60, € P(D) such that

/ A(T)8o(dz) < 0, / AT)01(dz) > 0
D D

and for i = 0,1, the following hold: (a) [, ||2||6i(dz) < oo, (b) 6 and 0; are mutually
absolutely continuous and (c) R(0; || ) < oo.

Note that under Assumption 2.7, J < o0.

Remark 2.8 For Example A in Remark 2.3, Assumption 2.2 implies that (0, 00) > 0 and
((—00,0) > 0. Using this and Assumption 2.1, one can easily show that Assumption 2.7
holds for Example A. Furthermore, Assumption 2.7 clearly holds for Example B.

Forv € P(IRy), let o € P(IR.) be defined as follows. If v(IR, ) # 0, then for A € B(IR.)

“ ;V(AQR+)
A=y

Otherwise, I can be taken to be an arbitrary element of P(IR;). We define the rate function
as follows. For v € P(IRy)

I(v)=v(Ry)1 (D) + (1 —v(Ry))J. (2.10)

(2.9)

Our main result is the following.



Theorem 2.9 Suppose that Assumptions 2.1, 2.2 and 2.7 hold. Then for all F € Cy(P(IR4.))
and all x € IR

Jim log B, lexp(~nF(L)] = = _inf {1(n)+ F(1)}

Furthermore, I(-) is a rate function on P(IRy).

Proof: The fact that the left hand side in the last display is at most the expression in
the right hand side (Laplace principle upper bound) is proved in Theorem 3.1. The reverse
inequality (Laplace principle lower bound) is proved in Theorem 5.1. The proof that I(-) is
a rate function on P(IRy) is given in Theorem 4.1(c). m

Remark 2.10 Theorem 2.9 can be summarized by the statement that the family {L",n €
IN'} satisfies the Laplace principle on P(IR) with the rate function I(-). From Theorem
1.2.3 of [9] it follows that the family {L"™,n € IV} satisfies the large deviation principle on
P(IR) with the rate function I(-).

Remark 2.11 The convergence in Theorem 2.9 is in fact uniform for x in compact subsets
of IR,. See [9, Section 8.4]

We now present an important corollary of Theorem 2.9. Denote by Sy the subclass
of Cp(IR+) consisting of functions f for which f(x) converges as x — oo, with the limit
denoted by f°°. Such an f can be extended to a function f on IRy by defining f(co) = f°.

It is easy to see that there is a one to one correspondence between Sy and Cy(IR), given

by f € S f 2 Cp(IRy) and g € Cy(R+) — g|r, > So-

Corollary 2.12 Let F : P(IR+) — IR be given by

F(lu) = G(<f171u>77<fkvﬂ>)7
where G € Cy(IR*) and f; € So, i =1,...,k. Then for all x € IR,

lim ~ log IE, [exp(—nF(L"))] = — {pLi () + (1= p)J + F(p,0)},

inf
n—00 M veP(RR4), p€[0,1]

where F € Cy([0,1] x P(IRy)) is defined by

F(p,v) = G(p(f1,v) + (1 —=p)fi° s p{frsv) + (L= p) f5°)-

The corollary is an immediate consequence of Theorem 2.9. If we set p = ¥(IR), then for
feSyand veP(R,)

Thus the unique continuous extension of F' to P(IR.) equals

F(p,7),

and the corollary follows.
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3 Laplace Principle Upper Bound
The main result of this section is the following.

Theorem 3.1 Suppose that Assumption 2.1 holds, and define I by (2.10). Then for all
F € Cy(P(IRy)) and all x € Ry

lim sup E log IE, [exp(—nF(L"))] < — inf  {I(p) + F(pn)} (3.1)
n—oo T pEP(Ry)

Throughout this paper there will be many constructions and results that are analogous
to those used in [9, Chapter 8] to study empirical measures under the classical strong
stability assumption. While there are some differences in these constructions, in an effort
to streamline the presentation we will emphasize those parts of the analysis that are new.

Our first step in the proof will be to give a variational representation for the prelimit ex-
pression on the left side of (3.1). This representation will take the form of the value function
for a controlled Markov chain with an appropriate cost function. The representation will
also be used in the proof of the lower bound in Section 5. We begin with the construction
of a controlled Markov chain. It follows a similar construction in Chapter 4 of [9] and thus
some details are omitted. In particular, the proof of Lemma 3.2 is not provided. We recall
that a table of notation is provided at the end of the paper.

Forn € IN and j =0,...,n, let v} (dy|z, ) be a stochastic kernel in S(D|IR+ x M(IR+)).
For n € IN and x € IR, define a controlled sequence of IR x M(IR) x D-valued random
variables {(XJ”, L}, Z%),5 =0,...,n} on some probability space (2, F, IP;) as follows. Set
Xy =z and Lj =0, and then for £ =0,...,n — 1 recursively define

PuZp € dyl(X2,E7),5 = 0,...., ) = v (dyl P, I7)
X = (X, Z)) (3.2)
Ligyr = Ly + ;5)’(,?-
Denote L™ by L"™. We now give the variational representation for
1
W"(x) = ——log IE, [exp(—nF(L"))] (3.3)
n

in terms of the controlled sequences introduced above.

Lemma 3.2 Fiz F € Cy(P(IR.)) and let W™(x) be defined via (3.3). Then for allm € IN
and x € IR,

n—1
W) = inf B |- 50 R (157 19) 100) + P | (3.4)
i j=0

11



where the infimum is taken over all possible sequences of stochastic kernels {V]’-‘,j =0,...,n}

in S(D|Ry x M(IR..)).

The proof of this lemma is similar to the proof of Theorem 4.2.2 of [9]. The main
difference between the two results is that the latter gives a representation which involves
the transition probability function, p(z, dy), of the Markov chain rather than the probability
law, @, of the noise sequence. In the representation, the original empirical measures L™ are
replaced by L", which are the empirical measures for the process generated by the stochastic
kernels v}'. We pay a cost of relative entropy for “twisting” the distribution from 6 to v},
plus a cost of JE,F(L™) that depends on where the controlled empirical measure ends up.
The representation exhibits W"(z) as the minimum expected total cost.

Let € > 0 be arbitrary. In view of the preceding lemma, for each n € IN we can find a

sequence of “e-optimal” stochastic kernels {D]’-L, j=0,...,n}, such that
1t o _
Wh(@) ez By |~ Z R (-1 X3, L) || 6(-)) + F(L") (3.5)
Since F is bounded, both |F(L")| and [W"(z)| are bounded above by || F||s. Thus
1t o
A=sup By |+ REPXTLLY) [00)] < o0 (3.
j:
Define " € P(IR; x D?) as follows. For A € B(IR,) and B,C € B(D),
7"(A x B x O) Z Oxn(A B|X}, L824 (0). (3.7)
J

Lemma 3.3 Suppose Assumption 2.1 holds. Then {v",n € IN}, defined on the probability
space (Q, F, IP,), is a tight family of P(IR, x D?)-valued random variables.

The result is a consequence of (3.6) and follows along the lines of the proof of Proposition
8.2.5 of [9]. We remark that unlike in the cited Proposition, we do not need to make any
stability assumption on the underlying Markov chain. This is one of the key advantages
of working with the representation in Lemma 3.2 given in terms of the probability law of
the noise sequence (6) rather than the transition probability function of the Markov chain
(p(z,dy)). For sake of completeness the proof is included in the Appendix.

Take a convergent subsequence of " and denote the limit point by v. To simplify the
notation, we retain n to denote this convergent subsequence, so that

’"=1U as n— 0. (3.8)

For the rest of this section, we will assume that Assumption 2.1 is satisfied, and that (3.8)
holds.
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For v € P(IR+ x D?) and 1 < i < j < 3, denote by (7); and (7);; the i-th marginal
and the (i, j)-th marginal of v, respectively. For example, (7)2,3 is the element of P(D x D)
defined as

(7)23(Ax B) =v(IR+ x Ax B), A,Be€ B(D).

Lemma 3.4 Let v be as in (3.8). Then

(5)172 = (17)173, a.s.
Proof: It suffices to show that for all g € Cy(IR,) and h € Cy(D),

(3.9)

| | s@h)e et dy) = [ g@h() " aldz dy)
Ry xD Ry xD

converges to 0, as n — oo, in probability. Observe that

| s@h)ealde dy) = = 3" o(%5) [ b7 % L)
Ry xD
and -

[, R ) = i]ZOg(Xﬁh(Zﬁ

Thus the expression in (3.9) can be rewritten as

1< _

— h(y)vi(d X® L") .

. ; RICCARY RIS ]>)|

From (3.2) we have that the conditional distribution of Z* given {Z X]+1a ij=0,1,....k—

1} is v (dy| X}, L}). Therefore, for 0 < j < k <n —1 and an arbltrary real bounded and
measurable function 1,

B |0 1.2 X0, 1) (W(Z0) = [ m)ip @l 1)) | = o

This implies that [F,[A% is O(1/n) and thus the expression in (3.9) converges to 0 in
probability, as n — oo. This proves the lemma. =

Lemma 3.5 Let {¢"} and v be as in (3.8). Then

hmsupsuplE' l|lz|] (#™)s(dz) =0, (3.10)

C—o0 [|z][>

]_Ex/DHzH(D)g(dz) < o0, (3.11)



Proof: The proof follows along the lines of Lemma 5.3.2 and Theorem 5.3.5 of [9], however
for the sake of completeness we provide the details. We begin by showing that (3.11) follows
easily, once (3.10) is proven. So now suppose that (3.10) holds. In order to show (3.11), it
is enough to show that

lim sup IF, ||1z]|(7)3(dz) = 0. (3.12)

C—o0 [|z]|>C

Recall that (7™)3 converges in distribution to (7)3. By the Skorohod representation theorem,
we can assume that (7™)3 converges almost surely to (7)3. Then by the lower semi-continuity
of the map P(D) 37— [ ,s¢ ||2[lv(dz) € IR, we have that

E, 12l|(7)3(dz) < s [liminf y|z|y(y")3(dz)1
lell>C n=oo Ji>c
< liminf E, [ / y|z|y(y")3(dz)]
n—oo lzll>C
<

sup I, [ /|| e |rz||<a">3<dz>] ,

where the second inequality above follows from Fatou’s lemma. This proves (3.12) and
hence (3.11).

Thus in order to complete the proof of the lemma we need to prove (3.10). We begin
by observing that

- B 1n—1 B
E, lz[|(#")3(dz) = IE, EZ||Z§L||1|IZ;’I>C]
" i=0

|I=l[>C

1n1

= E, ZJE 112} 1127501 X7 n}]

- B, _Z/ ol dz|X;l,Ly)]. (3.13)

From (3.6) we have that for each j € {0,.. — 1}, R} (- ]XJ”,L?) [ 6() < o0, as. [Py
Let fI' be a measurable map from QxD — R+ such that

av? (| X7, L") (@ _
fil@,2) = — : |d;() 2l )(z), a.s. [Py @ 0].

Henceforth we will suppress @ in the notation when writing f7" (0, z). Thus

B[ s | X
lI=I1>C

_ B [ Azwnzuff(z)de]

allz 1= n " .
< /|Z||>Ce 1zllg(dz) + aEx [/D (fj (2)1og(f7(2)) — f7(2) + 1) H(dz)] ’
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where the inequality above follows from the well known inequality
1
ab < e+ —(blogb—b+1); a,be0,00) ac (0,00).
«

Next observing that

/fo(Z) log(f'(2))0(dz) = R(7;' (- | X7, L}) || 6(-))

and

/f” 0(dz) = (D | X7, L") =1

we have that

n—1

1 — —
lim sup sup - ZE [/ |27} (d= | X]T'L’L?)‘|
llzl[>C

C—o00

IN

C—oo N

im sup su eellzl 2) X" [P .

< limsup/ ellZllo(dz) +
C—oo Jllz[|>C
A
S —
o

)

where the next to last inequality follows from (3.6) and the last inequality follows from
Assumption 2.1. Finally, (3.10) follows on taking limit as & — oo in the above inequality. m

One of the key steps in the proof of the upper bound is to show that [, , p 2(T")1{c0} (2)(¥)1,3(dz d2) >
0. Heuristically, this says that the drift of the controlled chain is non-negative when the
point at oo is charged and the chain is far from the origin. To prove this, the following test
function will be useful.

For ¢ € (0,00), define a real continuously differentiable function Fi. on IR by

% if x € [0, ¢
2z
Fe@) =94 o5-—+1 ifze(ecd+d (3.14)
c? 1 . 9
x—;—c—ki if x € (¢ + ¢, 00).

The function F has the property that F; € Sy and |F¢(z)| < 1. Retaining F; to denote the
continuous extension of Fy, to IR, we have that F.(x) — d{} () for all z € IRy as ¢ — oo.

We now present an elementary lemma concerning the function F.

Lemma 3.6 For all x,y € IR,
Fely) — Fe(w) = (y — 2)Fo() + Re(a,y),

15



where F. denotes the deriative of F. and the remainder R.(x,y) satisfies the inequality

ly —
C

Rc(x,y) < + |y_x|1|yfz|2t:' (315)

Proof: We will only prove the result for the case when x < y. The result for y < x follows
in a similar fashion. Note that the derivative F is given as

0 if x € [0, ¢
Fiix)=}% % -1 ifze(c?+
1 if z € (c? + ¢,00).

Since F/(z) is a continuous function, we have
y
Fy) - Flo) = [ Fluds
y
- [ (Flw) - Fi@)du+ (s - 2) Fl(a).

Now define ’
Re(e,y) = [7(Flw) = Fl(a))du.

T

Since F is an increasing function bounded above by 1,

y
Rc(l'ay) < </ (Fé(u) - Fé(x))du) 1\y—a:|§c + |y - m|1|y—x\20' (316)
Now let z,y be such that |y — x| < ¢. Then

[ )~ F@)iu < (- 0)(Fly) — Fila)
(y —x)?

ly — x|

< ;
C

where the first inequality follows on noting that F.(u) — Fl(x) < F.(y) — F.(z) for all
u < y, the second inequality is a consequence of the fact that for all 0 < z < y < oo,
F!(y) — F!(z) < (y — )/c? and the final inequality is obtained on using that |y — z| < c.
Using the last inequality in (3.16), we have (3.15). This proves the lemma. m

Lemma 3.7 For ¢ € (0,00), let F,. be given via (3.14). For n € IN, let v" be defined via

(3.7). Then
| yDE@E e dy) = =5 [ Iyl 7)(d)
RyxD D )
=2 [l ystay) — T,
cJp n

(3.17)
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Proof: For j € {0,...,n — 1}, define £} = X

v
|
SI*—‘

v
3

o()(7")1,3(dz dy)

X . We begin by observing that

1 n—1

D) FAX) 2050 + - > ZHT)FXY 20 <c
1=0

1
1Z2 1L 20 2e + — Z ZM

n—1

v

T)FL(XT) L) z0)|<c

n—1
—-= > z7 H1||Z"||>c+ Zﬁz (X)L 201 <c
1=0

1 n n
-3 |27 Lyzegze + - Zf FL(X])

1=0

(3.18)

The first inequality follows on recalling that F is non-negative and bounded above by 1.
The second equality is a consequence of the fact that F(z) equals 0 for 2 < ¢ and that on
the set {XI* > c} N {||Z"|| < ¢}, X is far enough from the origin that £ equals Z(T).
The third inequality is a consequence of the fact that in all cases |¢!'| < 2||Z7||, and that

F!(x) € [0,1]. Next observe that, from Lemma 3.6

0 < —F(

Also, note that

Combining the last two observations we have

Finally, substituting (3.20) in (3.18) gives

o™

Fi(z)(7"),3(dz dy)

Re(X

Y

1 n—1
- Z &' 1 Ljen > —
—= Z 1Z ) zr > — == Z 1Z"] —

)+ )
! Z R(X], X)) + FC(fg). (3.19)
— t |§z |1|§"|>c
n—1
1 FPICIE FuX5)
21! ( b

(3.20)



R 21 ( )
> —%ZHZ?IHHZ;’Hzg—‘—Z”Zn”
_ F.(X§)
= =5 [ llies @) - 2 [ Il —es0

This proves the lemma. u

Lemma 3.8 Let v be as in (3.8). For c € (0,00), let F, be defined via (3.14). Let {ci}ren
be a sequence in (0,00) such that ¢ — oo as k — oo, and for all k € IN

E. |0 {01121 = 5 }] =0

lim inf 2(T)F,, (x)(P)13(dx dz) >0, a.s. (3.21)
k=00 JiRyxD

Then

Proof: Note that from Lemma 3.7

/_ 2(T)F., (2) (7)1 5(de dz)
IRy xD

X,
> 5 [l )50 - 2 [ [Rllsta) - 08,

2

(3.22)

for all K € IN, a.s. We would like to show that the analogous inequality holds with 7"
replaced by . By using the Skorohod representation theorem, we can assume without
loss of generality that 7™ converges to 7 almost surely. The term F.(X7)/n disappears in
the limit n — oo, since X takes a fixed deterministic value for all n. We will now show
that if 2" — » almost surely then all other terms in the above inequality converge to the
corresponding terms with 7™ replaced by v.

We begin by considering [, . p 2(T)F, (z)(7")1,3(dzdz). Note that for all g € Cy(IR),

Ck

/_ gz TNF, () (7" 1 3(dwdz) — | g(2(D))Fy, (x)(9)1,3(dzdz)
R xD R xD

a.s. We can approximate the identity by a bounded continuous function g(u) which equals
u when |u| < C for a large constant C'. The uniform integrability expressed in Lemma 3.5
then justifies the replacement of g(z(T')) in the last display by z(T"), giving

/_ z(T)Fé,c () (7" )1,3(dxdz) — [ z(T)FC'k ()(7)1,3(dxdz) (3.23)
IRy xD IRy xD

a.s. See, e.g., the proof of Lemma 5.3.6 in [9]. In exactly the same way, we have that

Il sz = [ 1211 (324
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a.s. as n — oo. Finally we consider [ < [[2][(7")s(dz). The condition assumed of the
Z72
sequence ¢, implies that the function z — ||z||1HZH>c_k is continuous w.p.1 under 7, a.s.
)
When combined with the uniform integrability stated in Lemma 3.5, it follows that

[N = [ a@)s(de), (3.25)
211> 2 [1zl]> =
a.s. Thus taking the limit as n — oo in (3.22), we have from (3.23), (3.24) and (3.25) that

/MXDz(T)Fc’k(:c)(ﬂ)l,z(dmdz > -5 / 1201215 26 (P)s(d2)

2
=2 [ allo)s(az)
k JD
Finally the proof is completed by letting £ — oo in the last display and using Lemma 3.5. n
Let 7 be as in (3.4) and let g be a stochastic kernel in S(D|IR, ) such that
(P)12(de dy) = (7)1 (dz) © q(dyle), (3.26)
i.e. for A€ B(IR,), B € B(D),

(Pra(dx B) = [ a(Bl)@)i(da).

As an immediate consequence of Lemma 3.8, we have the following result.

Lemma 3.9 For IP, - a.e. & in the set {(¥)1(IRy) < 1},

| yllatdgloo) < o (3.27)
D

and

/ y(T)q(dy|oo) > (3.28)

Proof: The inequality in (3.27) follows from the fact that

(1= @nR) [ lladyloe) < [ iyl @hra(de dy)

R+XD

= [ Il@)ade d2)
R+XD

= [ 1ell@saaz)
D

< o0

a.s., where the last step follows from Lemma 3.5. In order to see (3.28), note that if the
sequence {cy} is chosen as in Lemma 3.8, then (3.21) holds. Furthermore, note that for all
(r,2) € Ry x D, |2(T)F;, ()| < ||z]| and 2(T)F;, (v) — 2(T)1{se}(), as k — oo. Thus
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observing that [ . p[|2[|(#)1,3(dz dz) < oo, we have via an application of the dominated
convergence theorem that

lim 2(T)F,, (x)(7)1,3(dx dz)

koo SRy xD /ﬂmpz<T>1{oo}<w>(v>1,s<da: dz)

= /_ y(T)l{oo}(w)(ﬂ)l,Z(dx dy)
IR xD

= 1o} [ wT)atdyloo). (329)

where the second equality follows from Lemma 3.4. Combining (3.21) and (3.29), we have
the result. m

Let 7 and g be related as in (3.26). Define a stochastic kernel p € S(IRy|IRy) via

Bla, A) = /D 10 ye ) 3(d]2).

Recall that (7); can be decomposed as

—

(@)1(:) = @Ry (@)1() + (1 = (2)1(R+))dso(-),
where (/ﬂ)\l is given via (2.9) with v there replaced by (7);.

—

The following lemma characterizes (7); as a p-invariant probability measure.

—

Lemma 3.10 Let 7, ¢ and p be as above. For IP, - a.e. @ in the set {(7)1(IRy) > 0}, (V)
18 p-1nvariant, i.e.

Ph(A) = /]R Bz, A)(D)1(dz), for all A € B(IR,).

Proof: It suffices to show that for all g € C.(IR,)

[, 9@ @) = Enimry) [ ( /. g(y)ﬁ(x,dw) (7)1 (d).

a.s. We begin by observing that

Enms) [ ( /. +g(y)13(907dy)> (P(d)

—

nrs) [ ) ([ sttt patayio)) o))

=

— (R [ g0 D)ra(de dy)

R+><D

- /_ Hy(z,y)(7)1,2(dz dy)
IR xD

N

_ / H,(z, 2)(7)13(d d2) (3.30)
R xD
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a.s., where (17)1 2 € P(IR+ x D) is defined as

()1, (A x B)
(M)12(Ry x D)’

and H, € Cp(IR+ x D) is defined as

(.’IZ Z) - g(H(l’,Z)), if ($,Z) S RJr x D
0, otherwise.

(7)12(A x B) = AeB(R,), BeB(D),

Hy

The next to last equality in (3.30) follows from the compact support property of g and the
last equality is a consequence of Lemma 3.4. Thus in order to complete the proof of the
lemma, it suffices to show that

() () (da) — / H,y (2, 2)(7")13(dx dz) — 0 (3.31)
Ry R xD

in probability as n — oo. Note that the expression in (3.31) equals

= —[9(Xp) —g(Xff)]-

From the boundedness of g, it follows that the above expression is O(1/n). This proves
(3.31) and hence the lemma. m

Finally, we ready to prove Theorem 3.1.

Proof of Theorem 3.1: Recall from (3.5) that

n—1
W) te > B | Y REPCIXD L) | 60) + F(LY)
" =0
[ n—1
= B | Y Rxy 7 CIX] L) [ 65 0 00)) + F(IY)
" =0
[ n—1
> [, |R ( Zaxn@@ (|X7, L) |%Z§X?®9(-))+F(E")
i =0
B R | 578 0) + @) (3:2)

where the second line in the above display exploits a property of relative entropy with
respect to the decomposition of measures according to their marginals ([9, C.3.3]), the
second inequality follows from Jensen’s inequality, and the last equality uses the definition
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of 7. Next, recalling (3.8), we can assume without loss of generality that 7™ = U a.s. as
n — o0o. Thus from (3.32) we have that

liminf W"(z) + ¢ > B, liminf (R((7")12 || (7)1 @ 0) + F((7")))]
Ey [R((7)12 || (7)1 @0) + F(()1)], (3.33)

v

where the first inequality follows from Fatou’s lemma and the last inequality is a consequence
of lower semi-continuity of R(- || -) and the continuity of F.

Next note that the definitions of I; and J and Lemmas 3.9 and 3.10 imply
R(@)iz | (W @0) = /R R(q(-|z) [ 0(-))(7)1(dx)
+

= nRy) [ R | 00) @)

+ (1 = (7)1(R4))R(q(-|o0) || 6(-))
> (W (R)L((00) + (1 — (2)1(R4))J
()1)-

~
—

When combined with (3.33) we have
liminf W"(z) + €

n—oo

Vv
5
—~
~
N
\N|
= =
+
+
<
=
S~—
——

> inf  {I(p)

Since € > 0 is arbitrary, the result follows. m

4 Properties of the Rate Function

In this section we will prove some important properties of the rate function I(-) defined in
(2.10). The proof of part (a) of Theorem 4.1 below is similar to the proof of Proposition
8.5.2 of [9] and therefore is omitted. Part (b) of Theorem 4.1 is crucially used in the proof
of the lower bound in Section 5 and even though the ideas in the proof are quite standard,
we present the proof for the sake of completeness. Finally part (c) of the Theorem follows
on using arguments similar to those in Section 3 and its proof is given in the Appendix.

Theorem 4.1 Let the function I : P(IR;) +— [0, 00] be given via (2.10). Then the following
conclusions hold.

(a) I is a convex function.

(b) Suppose that for all o € (0, 00),

/ e?llFlg(dz) < oo
D
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Let 1 € P(IRy). Then there exists o9 € P(D) and q§ € S(IR.|D) such that the
following are true.

1. [pllzlloo(dz) < oo and [pz(T)oo(dz) > 0.

2. If  is defined via (2.9) with v there replaced by w, then 7t is p-invariant, where
p € S(IR+|Ry) is defined as

P A) = [ Nupoenadsle), A€BIRL), 2€ Ree  (41)

3. The infimum in (2.6) (with v replaced by ) and (2.8) are attained at ¢ and oy,
respectively. Ie.

I(7m) = 7?(1R+)/ X R(q(-[x) || 6(-))7(dx) + (1 — x(IRy.)) R(oo | ).

(c) Suppose that Assumption 2.1 is satisfied. Then for all M € [0,00), the level set
{r e P(Ry) : I(r) < M} is a compact set in P(IR.).

Proof: The proof of (a) is omitted. We now consider (b).

We can assume without loss of generality that I(m) < oo. It suffices to show that the
infimum in (2.8) is attained for some o € P(D), and that for v € P(IR) with I (v) < oo,
the infimum in (2.6) is attained for some ¢ € A;(v), where A;(v) is defined in Remark 2.6.
We consider the last issue first. Fix v € P(IR, ) for which I;(v) < co. Observe that

L) = inf (R (7))

= G R (Th @ o)) (4.2)

where
A" (v)={re€Alv): R(t || (1)1 ®0) < I(v)+1}.

We now show that A*(v) is compact. This will prove that the infimum in (4.2) is attained.
From the one to one correspondence between A(v) and A;(v) (see Remark 2.6) we will
then have that the infimum in (2.6) is attained for some ¢ € A;(v). From the lower semi-
continuity of the map

PRy x D) x P(IR;, x D) > (t',72) — R(r' || %) € [0, 0]

and the fact that A(v) is closed, it follows that A*(v) is closed. Hence we need only
show that A*(v) is relatively compact in P(IRy x D). Since (7); = v for all 7 € A*(v),
{(t)1 : 7 € A*(v)} is relatively compact in P(IR4). Thus it suffices to show the relative
compactness of {(7)2 : 7 € A*(v)} in P(D). From Theorem 13.2 of [1] and an application of
Chebychev’s inequality it follows that, to prove the above relative compactness, it suffices
to show

sup / ||z||7(dz dz) < 0o (4.3)
TEA*(v) /D
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and

sup / w'(z,8)7(dx dz) — 0, as § — 0, (4.4)
TeA*(v)JD

where w'(z, d) is the usual modulus of continuity in the Skorohod space (cf. [1] page 122).

The proof of (4.3) is similar to that of (4.4) so we only consider the latter. For k,« €
(0,00) and z € D, let ¢x(z) = min{aw'(z,0), k}. Then for 7 € A*(v),

/D ck(2)(1)2(dz) = /R+><D cx(2)7(dz dz)
= (/ cx(2)7(dx dz) — log et ) (1)1 ® 0) (da dz))

R+XD R+><D

+log [ e*#)o(dz)
D

IN
\]

R(T || (1)1 ®86) —i—log/ 0(dz)
< Il(y)—i—l—i—log/ e (290(dz),
D

where the first inequality uses the Donsker-Varadhan variational formula for relative entropy
[9, Lemma 1.4.3(a)]. Letting k — oo, we have

sup / w'(2,8)(1)a(dz) < — (Il( )+1—|—log/ o' Z5)9(dz))

TEA* (V)

Observe that for all z € D, w'(z,0) — 0 as § — 0 and that w'(z,0) < 2||z||. Thus (4.3)
follows from the above display in view of Assumption 2.1 upon taking first § — 0 and
then o — oo. Thus A*(v) is relatively compact, and since it is closed, we have the desired
compactness. Thus the infimum in (2.6) is attained for some ¢ € A;(v).

Now we consider the infimum in (2.8). Observe that

J = inf { (o] 0): /Hz|yadz<oo / 0}
ceP(D

— f ) 45
oegtirw) R(a]0), (4.5)

where
P(D) = {UEP /||z||adz < o0, / o(dz) >0, R(a\|9)<J+1}

Again using the variational formula for relative entropy, one can show in a manner similar
to the proof of (4.3) and (4.4) that

sup /||z||0 (dz) (4.6)

o€P (D
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and
sup / w'(z,0)0(dz) — 0, as § — 0. (4.7)
o€P(D) /D
This proves the relative compactness of P (D) in P(D). Finally observing that P/ (D) is
closed, we have that P} (D) is compact. Thus the infimum in (4.5) is attained. This proves

(b).

As is often the case when applying weak convergence arguments to prove large deviation
results, the compactness of the level sets of I (item (c) in the theorem) is proved using a
deterministic analogue of the argument used to prove the upper bound in Section 3. Details
of the argument are given in the Appendix.

5 Laplace Principle Lower Bound

The main result of this section is the following.

Theorem 5.1 Suppose that Assumptions 2.1, 2.2 and 2.7 hold. Then for all F € Cy(P(IR..))
and x € IRy,

1
liminf — log IE, [exp(—nF(L"))] > — inf  {I(p) + F(un)}.
ity weP(Ry)

Note that by Theorem 3.1

inf {I(n)+ F < ||F|loo < 0.
_int {10)+ F()} < |17

Let € € (0,00) be arbitrary and let 7 € P(IR) satisfy

I(m) + F(n) < ue;r(llf?ﬁ){[(u) + F(p)} +e. (5.1)

In view of Lemma 3.2, to prove the theorem it suffices to show the following. There exists a
sequence of stochastic kernels {v}',j =0,...} in S(D|R4+ x M(IR;)), and a corresponding
controlled sequence of IRy x M(IR) x D-valued random variables { X7, LY, Z7'}_, on some
probability space (2, F, IP;) defined as in (3.2), such that

n—1
lim sup E, % STR(vCIX LY [1600)) + F(LY)| < I(m) + F(r). (5.2)
§j=0

n—oo

For the rest of section we will assume, without loss of generality, that 0 < w(IR4) < 1.
The cases where m(/R+) is 0 or 1 are proved using simple modifications of the argument
used in this (harder) case.
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To prove an inequality like (5.2) we must find controls v which steer the controlled
occupation measures L" to m and for which the expected mean relative entropy converges
to the rate function. An appropriate definition of the control is suggested by ¢ and o
in part (b) of Theorem 4.1. In fact, if 7 were the unique invariant measure for p and
if [2(T)oo(dz) > 0 then we could use the following scheme. Consider the time interval
1,...,n. For a fraction m(/R4) of this time (i.e., from 0 till approximately nw(IRy)) we
use y;‘(dz|X;.L,]j§-‘) = q(dz|X 7). The ergodic theorem would then guarantee the desired
convergence of the controlled occupation measures and the expected mean relative entropy.
For the remaining time (from n7 (IR ) to n) we make the process transient by using v = oy,
with the associated relative entropy cost. With this partitioning of time, the occupation
measures and normalized relative entropies will converge to their proper limits. The main
difficulty is that without additional conditions p need not be ergodic. To deal with this,
a perturbation argument is used to approximate p by an ergodic probability transition
function. In fact, we will perturb p is the direction of an ergodic transition function pg,
introduced below, and this will suffice. In addition, the measure o is not transient, and it
must also be perturbed slightly. Some of the arguments parallel those under more standard
assumptions, and therefore in places where the arguments are more or less identical we refer
the reader to [9].

Let 6y be as in Assumption 2.7. The Markov chain defined via (2.3) with {Z,,} having
the common law 6y instead of § will be denoted by {X?, n € INg}, and the transition
probability function of this Markov chain will be denoted by po(z, dy). Note that from part
(c) of Assumption 2.7, it follows that Assumption 2.2 is satisfied with p replaced by pg. Le.,
with lp,ng as in Assumption 2.2 we have that for all z1, x5 € IR}

Z 211?0 (z1,dy) < Y ?péj)(xz,dy)-
i=lg Jj=no

We begin with an elementary stability result regarding the random walk.

Lemma 5.2 Suppose that Assumptions 2.1 and 2.2 hold. For x € IRy and n € INy, let
ur € P(IR4) be defined by

171
Ez Py(X) € A), AecB(IRy).

Then for all C' € (0,00), the family {u? : n € INy, |x| < C} is relatively compact in P(IR4.).

Proof: Using the Lyapunov function V(x) = z, the lemma follows from a standard result
in stochastic stability (cf. Theorems 11.3.4 and 12.4.4 of [12]). =

Lemma 5.3 Suppose that Assumptions 2.1 and 2.2 hold. Then the following conclusions
hold.
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(a) The IRy-valued Markov chain X0 has a unique invariant measure p*. The Markov
chain having p* as its initial distribution and po(zx,dy) as the transition probability function
1s ergodic.

(b) Let A € B(IRy) be such that pl)(xg, A) > 0 for some xg € IRy, where ly is as in
Assumption 2.2. Then p*(A) > 0.

(c) If v € P(IR4) is such that I1(v) < oo, then v < pu*.

Proof: Tightness proved in Lemma 5.2 and the Feller property of the Markov chain { X2}
implies that there is at least one pg(x, dy)-invariant probability measure. The proof of the
uniqueness of the invariant measure and part (b) is same as that of Lemma 8.6.2 of [9] on

noting that p(lo)(:co,dy) and p(()lo)(xo,dy) are mutually absolutely continuous. Finally we

consider (c¢). From Theorem 4.1 (b)(3), we have that there exists ¢ € S(D|IR4) such that
— [ Rtla) | 6¢)w(do).
R

Since I (v) < oo, we have that I' = {x € IR : ¢(-|x) < 6(-)} satisfies v(I") = 1. Since 6 and
0o are mutually absolutely continuous, we can replace 6 by 6y in the definition of I'. Let
p € S(IR+|IR+) be defined via (4.1). Then the above observations imply that, for all x € T',

p(z, dy) < po(z,dy).

Now let A € B(IR;) be such that v(A) > 0. It follows as in the proof of Lemma 8.6.2 of [9],
that polo)(;ro, A) > 0 for some zy € IRy. Combining this with (b) we have that p*(A) > 0.
This proves (c). m

Lemma 5.4 Let 7 € P(IR}) be as in (5.1) and F € Cb(P(JRJr)) be given. Let e € (0, 00)
be arbitrary. Then there exists 7 € P(Ry), ¢* € Ai(7*) and o* € P, (D) such that the
following hold.

(a) p* < ™ and T < w*, where p* is the unique invariant measure of the IR, -valued
Markov chain X2, as in Lemma 5.3.

o) 6
7)< [ R CI00)T ) < D) + G

(c)
7 (IRy.) / R(q*(-|2)[|6(-))7* (dz) + (1 = 7*(IRy)) R(0™]|0) + F(r*)
+F( ) + €o-

(d) The IRy -valued Markov chain with transition probability function p*(x,dy) defined as
V@A) = [ Leoend (@), @ Ry, AeB(R,).
s ergodic with T its unique invariant measure.
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(e) [pz(T)o*(dz) > 0.

Proof: Since F € Cy(P(IR.)), there exists 61 € (0,00) such that |[F(r) — F(7)] < @
whenever @ € P(IR,) is such that ||7 — 7|, < 1. Here, || - ||, denotes the total variation

norm. Define
eom(IR+) 2¢ } 0
3R(6y || 0)" 3I(7)

and let 7" € P(IRy) be given by the formula

. do do
* 1_7 Yk
7r—< 2)7T+2u,

(50 = min{l, (517

where p* is as in Lemma 5.3. Then clearly

F(r*) < F(n) + %0 (5.3)
A straightforward calculation shows that
™ = (1 — a)it + ap’, (5.4)
where 5 5
o= < —.

20— () +5) ~ 2

From (5.4) it is clear that p* < 7. Also, since I;(#) < oo, we have from Lemma 5.3
that # < p*. Combining this with (5.4) we have that 7* < p*. This proves (a). We now
consider (b). From Theorem 4.1 (b)(3), we have that there exists g € A;(7) such that

L) = [ Rl | 00)7(d),
Define A* € P(IR4+ x D) as
N(Ax B) = (1—a) /A(j(B\x)fr(d:c) +abo(B)*(A), A€ B(IR,),B e B(D).

We recall the definition of A given right after (2.7). Since g € A1 (7) and p* is pp-invariant,
we have that A\* € A(7*). Let ¢* € S(IR+|D) be such that

—
*

N(Ax B) = /Aq*(B]a:)ﬂ (dz).

—

Then ¢* € A;(7*). This implies that

L) < [ R@C) [ 60) 7 (da)

RO\ || 7 ®0)
< (1-a) /R R(g(-|z) || 0(-)7(dz) + a /R R(0 || )" (der)
(1= a)11(7) + aR(0 | ), (5.5)

28



where the second inequality above follows from the convexity of the relative entropy func-
tion. Next note that our choice of dq is such that o < ©FUE+)

SR < 3R(ayTe) Using this
observation in (5.5) it follows that

I(7¥) < /}R R(g*(|z) || () 7*(d) < In() + %0

This proves (b).

Next, let o9 € P(D) be as in Theorem 4.1. Then J = R(oq || 6), [p ||z]||oo(dz) < oo
and [, z(T)oo(dz) > 0. Let #; be as in Assumption 2.7 and let x € (0, W). Define
0* = (1 —kK)og + kb;. Then

R(o*[|0) < (1—r)R(o0[|0) + xR(61]]60)
< Rlool0) + 5

€0
- g+ 9
* 3
Clearly [ z(T)o*(dz) > 0, and thus part (e) of the lemma holds. Now observe that
W*(R+)/R R(g*(2)6(-))7* (dz) + (1 — 7" (Ry.)) R(0™[|6)
+

< 7T*(ﬂh)/lR R(q*([a)[|6(-))m* (de) + (1 — m(IR+))R(0*||6)

< m(ROLE) + (1 - 7(Ry)T + 7
< W)L + (1= n(R)T +
< 1(77)4-2?, (5.6)

where the first inequality follows on noting that 7*(/R+) > 7(IR4) and the third inequality
is a consequence of the fact that with our choice of §y, 7*(IR+) — 7(R4) < 3htay- Now (c)
follows on combining (5.3) and (5.6). Since we assumed that w(IR;) > 0, it follows that
7 (IR4+) > 0 and so we have from (c) that

I(7) + €0 + 2 Flloo

[, R Gl 1007 () < S80S

Using this fact and the definition of A\* it follows as in the proof of Lemma 8.6.3 of [9] that
¢*(dy|z), 0 and 6y are mutually absolutely continuous, 7*— a.e. 2. By modifying ¢* over
a 7* null set we have the above mutual absolute continuity to hold for all z € IR,. From
this it then follows that Assumption 2.2 is satisfied with p replaced by p*. This combined

with the fact that 7% is p*-invariant, gives (d). m

Now let m*,¢* and ¢* be as in the previous lemma. We would like to show that there
exists a family of controls {v}' € S(D|Ry x M(IR)), j =0,...,n, n € IN} such that

. B I B T— Fn
lim sup IE, - Z R(l/j ('|Xj ,Lj) | 6(-)) + F(L™)
j=0

n—oo
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< 7T*(JR+)/]R R(g*(-|z) || 6(-))7* (dz) + (1 — 7*(IR1))R(0™ || 0) + F(n*),
(5.7)

where {X]’?, E?} are defined as in (3.2). Note that 7*(R+) = (1—00/2)m(IR+)+ dp/2. Since
m(IRy) € (0,1) we have that 7*(IRy) € (0,1). Henceforth, we will denote 7*(IR) by p. We
introduce the following canonical spaces. Let

(€, F1) = ((R4)>, B((R+)>)),

and
(Q2, F2, Q) = (D>, B(D*), (67)%>).

Denote by P, the probability measure on (Q1, F1) under which the canonical sequence
En(w1) =wi(n), w1 € Q1, n € Ny,

is a Markov chain with transition probability function p*(x,dy) and & = z. From the
ergodicity of this Markov chain it follows that there exists a ® € B(IR.) such that 7*(®) = 1
(or equivalently, from Lemma 5.4, p*(®) = 1) and such that for all x € ®

L,=

S|

ngj = 7%, a.s. [[Py].
j=0

On the probability space (2, F2, @) define the canonical sequence 7, as
Mn(w2) = wa(n), wa €, n€ Ny

Now define o .
(QF, IPy) = (0 x Qa, F1 @ Fo, IP, ® Q).

We will continue to denote the canonical sequences {&,}, {n,} on this extended space by

the same symbols. Now define, for n € IN and j € 0,...,n, the random variables
- & j=0,...[np]
J H(Xjnfl’njf[np]) J=npl+1,....n,

where [-] denotes the greatest integer function. Clearly, {)_(J’-I, j=0,...,n} is a controlled
Markov chain, as in (3.2) with

\ [ @ @ela) G=0,.. gl 1
v; (dz|z,v) = { o*(dz) j=[npl,...,n. (5:8)

In what follows, we will show that with this choice of {v'} and {X7'}, (5.7) holds. We begin
with the following lemma.

Lemma 5.5 Let ® be as above. Then for all x € ®

L" = 7%, a.s. [IP).
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Proof: It suffices to show that for all x € ® and continuous and bounded g € Cy(IR. ),
L"(g) — (9,7, a.e. [IP].

Now fix z € ® and let g € Cy(IRy). Let € > 0 be arbitrary, and let QF € F; be such that
P, (97) =1, and for all wy; € QF

—

1 n
— > 9(E(wn) — (g, 7)
n 4
7=0
as n — o0o. Fix such an wy € 1, and let Ny € IN be such that

< e for all n > Nj. (5.9)

= gli(n)) - ol )
§=0

Since g € Cy(IR.), there exists L € (0,00) such that
lg(x) — g(00)| < € for all x > L. (5.10)

Next let €5 € Fo be such that Q(2%) = 1 and for all we € O, as n — oo,

1TL
— j(w2)(T) — | 2(T)o*(dz) >0
2 D) |+ (az) >

Fix such an wy € 25 and let Jy € IN be such that

1nfon] (wo)(T) =k > 0.

n>Jo ’I’L

Without loss of generality we can assume that Jox > L. Now define

J[)—l—l}

N1 = max {N@, 1

Let w = (w1, ws). For n > N

W OGO o)) = |~ e, T) = (1 (o)
=0 j=0
1 el
< | 2 9(XG (W) = plg, ™)
7=0
HEEDS g<Xy<w>>—<1—p>g<oo>‘
j=lnpl+1
S et Y R - o)
j=[rel+Jo
+HgHoo[%+n_[np]_‘]°:1_n(1_p)}
< et s g w) - gl)
[npl+Jo<j<n
+ HgHooJO: ’, (5.11)



where the second inequality follows from (5.9) and the observation that since n > %, we

have that n > [np] 4+ Jy. Since the constraining action on the controlled random walk acts
only in the positive direction, for n > Ny and j > [np] + Jo

J—[np]
X7 (W) = Epy(wr) + D mrlwa)(T).
k=1
This implies
Xj@) o Guen) | S () (T)
j—1Inpl — Jj—Inp j— [np]
o S mwa)(T)
- j = [np]
> K,

and thus
X7 > k(j — [np]) > kJo > L.

In view of (5.10), for such n and j

Substituting this in (5.11) we have

3 () — g% < 2+ 2
=0

S

We send n — oo in the last display. Since € > 0 is arbitrary, w = (wi,w2) € QF x Q3 is
arbitrary, and IP,(Q] x ©3) = 1, the result follows. =

Finally, we prove Theorem 5.1.

Proof of Theorem 5.1. In order to prove the theorem we will show that every subsequence
{n'} has a further subsequence along which the limsup of —1log IE, [exp(—nF(L"))] is
bounded above by inf,cpg, j{I(1) + F(p)}. To minimize notation, we will denote the
subsequence {n'} once more by {n}.

From Corollary 1.2.5 of [9], it follows that we can assume without loss of generality that
F is Lipschitz continuous on P (IR ) with respect to the Levy-Prohorov metric. By Lemma
3.2

1
lim sup —— log IE, [exp(—nF(L"))]

n—oo

= limsup 1nf E, { Z R( X” L") I 9()) + F(L™)

n—oo l/j

< limsup I, [ ZR( Xn Ln) | 9()) + F(L")

n—oo
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where {v]'} are as defined in (5.8).

Now suppose that z € ®, where ® is as in Lemma 5.5. Then from Lemma 5.5,

EL[F(L")] = F(x"). (5.12)
Also,
%Z (v (1%3.2) 11 60)
1 nel~ 1 n—1
gZ (1) 1160)) + Zwam
=0 =[np]
Thus

1l o
lim sup £, [E SR(vpCIX L 1160))

[np]
< limsup - ZIE ¢ (1&) 11 0C)] + (L= p)R(c™ || ). (5.13)

For z € IR, let

%ZR@gjw /zz\ywmﬁm»

Since
I(m*)

p

< 00,

| R Cl) | 06) (dy) <
Ry
we have by the L' ergodic theorem that
D'r*(dz) — 0, as n — co.
Ry
Thus we can find a subsequence, denoted once more by {n}, and ®; € B(IR;) such that

7 (®1) = 1 and for all z € &1, D? — 0 as n — oo. Combining this observation with (5.12)
and (5.13) we have that for all x € @ N &y

llﬁsgp——log]E [exp(—nF(L"))] < P/ R(q*(ly) 9())7?;(0@)
—p)R(o™ || 0) + F(77)
< ( ) F(m) + €
< Meg(l%”{l() F(u)} +e+eo.

(5.14)

The last two inequalities follow from Lemma 5.4 and (5.1), respectively. Now an argument,
as on pages 316-318 of [9], using the Lipschitz property of F' and the transitivity condition
(Assumption 2.2) shows that the above inequality, in fact, holds for all x € IR;. Letting
e — 0 and ¢y — 0 in (5.14) completes the proof. m
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6 Reflected Brownian Motion and the M /M /1 Queue

In this section we use the large deviation results for the discrete time Markov chain con-
sidered in Sections 3, 4 and 5 to obtain the empirical measure LDP for two very basic
continuous time models: reflected Brownian motion and the M/M/1 queue.

We begin with the study of reflected Brownian motion. Let {W(¢),t € [0,00)} be a
standard Brownian motion on some probability space (2, F, IP). Let b € IR and 0 € IR,
be fixed. Define

Y(t)=Y(0)+bt+cW(t), te]0,00).

We will only consider the case when Y (0) = z for some point x € IR, in which case
expectation will be denoted by IE,.

Reflected Brownian motion X (-) is defined by the relation
X(t) =T(Y)(), t€[0,00),

where T is the Skorohod map defined in (2.1). It is well known that X (-) is a Feller Markov
process with values in IR, . For T € (0, 00) define the empirical measure L? corresponding
to this Markov process as the P (IR )-valued random variable given by

T 1T
L (A):T/O 5x.(A)ds, A€ B(IRy). (6.1)

We now introduce the rate function that will govern the large deviation probabilities of
{L",T € (0,00)}.

Let
, . . Au (b-)?
+ - 2 . / — R = —
HT = {u €eC*(Ry): uw(0)= O’xle%:fq u(z) > 0, lim ” (x) 552 } ,
where )
(Au)(z) = T () + bul (2), (6:2)
and for x € R, ()~ = —min{z,0}. For v € P(IR4), let
)= -t [ (52) wwtaa), (6.3)

The rate function I(-) for the empirical measure LDP for the reflected Brownian motion
X(+) is then given as

—\2
10) = vBOLE) + (- () DT v e PRy, (6.4)
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Theorem 6.1 Let () be defined as in (6.4). Then for all F € Cy(P(IRy)) and x € IRy
Tlim %logEx {exp(—TF(LT))] =— inf {I(p)+ F(p)} (6.5)

REP(R4)

Furthermore, I(-) is a rate function on P(IRy).

For h € (0,00), define the approximating occupation measures by the relation

' 1 n—1
Lh(4) = —~ > Ox(ny(A), A€B(IRy), n€IN. (6.6)
j=0
Note that since
X((n+1)h) =IL(X (nh), "), ne Ny, (6.7)

where

fz = (U(W(nh + t) — W(nh)) + bt)ogtgh, n € INy,
the LDP for L} for each fixed h follows from Theorem 2.9 on setting 1" equal to h.

A main estimate in the proof of Theorem 6.1 is the following lemma.

Lemma 6.2 For every 6 > 0.

1
lim sup lim sup —- log IP, {al(L"h7 Ly) > 5} = —00,

h—0 n—oo nh

where d is the Levy-Prohorov metric on P(IR,).

Proof. The proof is an immediate consequence of Lemma 3.4 of [6] on using the Markov
property of X () and observing that for all § > 0

sup ]Px{ sup |X(s) —z| > 5} — 0
z€R 0<s<h

ash —0. n

Sketch of the Proof of Theorem 6.1: It suffices to prove (6.5) for functions F' which are
Lipschitz continuous. Fix such an F' and denote the Lipschitz constant of F' by M. From
Theorem 2.9 we have that

Jimlog I, exp(~nF(L))] = - nE () + P,
where
L) = (R ) Dy (7) + (1 — (IR ) I, (6.8)
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Here
Ina(v) = q*eigf(y) - R(q"(-[z) || On(-))v(dz), (6.9)

2 and

Jp= inf R 0n).
g 'YE/Ptr(Dh) (’Y || h)

05, is a Wiener measure with drift b and variance o

Using the property «/(0) = 0 for v € H™, a minor modification of the proof of Theorem 2.1
of [7] shows that for v € P(IR,)

o) =~ it [ 1o ((%) (x)) v(dz), (6.10)

where
(Thu)(z) = /D (T (2, 2))6n(d2).

The main difference, from Theorem 2.1 of [7], in (6.10) is that we use H* as the class of
test functions rather than

HT = {u € CYHIRy): v/ (0)=0, inf u(z) > 0}.
zeR
However, note that every w in H*t ~(and H™) can be modified outside a compact interval to
yield a test function in H* (resp. H™'). Furthermore, for all test functions u in H* and H T,
SUpepr, |log ((%) (x)) | < co. These observations imply that the above modification in
the class of test functions does not change the value of the infimum. More precisely, the

infimum on the right side of (6.10) is the same as

gy () )

We will next show that

. L : In(v)
VE%?;H{I(VHF(V)}_Illli%ueg(%){ - —|—F(1/)}. (6.11)

Once (6.11) is proved we have the result as follows. Using the boundedness and Lipschitz
continuity of F',

1 1
—log E,[exp(~TF(L"))] = log IE, [exp(—[T/h)h F(LI/HA T
108 Bolexp(<TF(L)] = s log Bulexp( (T /WAF (L)) +0(h/ )
where for z € IR, [x] denotes the integer part of z. Thus,

| T

1%Fi}£f Tlog E, {exp(—TF(L ))}

1
= liminf — log IE, {exp(—nhF(L"h))}

n—oo n,

n—oo

| n
> liminf — log IZ; [Lagzon, zy<s exp(—nhF(L™))]
1
> liminf " log {IE; [exp(—nh(F(L}) — M6))
n—oo n

— oxp (nh(||Flloo + M) Po(d(L™ L}) > 8)] }.
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Taking the limit as h — 0 and using Lemma 6.2 gives
1
liTm inf — log E, [exp(—TF(LT))}

> liminf lim inf —h log IE, [exp(—n(hF (L)) — Mhd))]

h—0 n—o0 N

1
liminf —— inf  {I(p) + hF(u)} — M6
imin hueggm){ n(k) ()}

1
= liminf— inf {—Iy(p)+F }—Md
imipf— o | { o In () + ()

= b 1)+ Fu) M5

v

where the last step follows from (6.11). Since § > 0 is arbitrary, this proves the Laplace
principle lower bound. For the upper bound, one has in a similar way that

1
liminf — 1 IE, ~TF(L™)| < 1l — inf {—I +F }
im inf 7 log [exp( ( ))} < limsup— il 47 n(p) + F(p)

= — inf {I(p)+ F(u)},

HeP( B+

where the last step, once more, follows from (6.11). Thus in order to complete the proof it
suffices to prove (6.11). Now as in the proof of Lemma 3.1 of [6], one can show that for all

Ve P(R+)

1
hm hIh 1(v) =L(v) (6.12)
and )
Elh,l(y) < Il(lj). (613)
A standard argument (see, e.g., the proof of [9, Lemma C.5.1]) shows that
. h(a — b)?
inf R(’y|]9h):—( 2) )
'yG'P(Dh):th z(h)y(dz)=a 2 o
Thus,
. . h(a—0b)?
Ih = ég% 2 o2
_ (&) PR
N 202
Let € > 0 be arbitrary and let v* € P(IRy) be such that
I+ Fw*) < inf {I(u)+F(pu)}+e. (6.14)

HEP(Ry)

Note that

inf {%Ih(/i) + F(u)}

REP(RY)
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< %Qﬂm@mxﬁwwrﬂﬁmnﬂﬁj3)+ﬂf>
< v@onE) + - @)L pen
(s

= inf
pneP(IRy)

)+ F(u)} +e

where the second inequality follows from (6.13). Since € > 0 is arbitrary, we have that

) . In(v)
Ve;)n]%”{l( v)+ F(v)} > 1112;851p ye713I(1ﬂ£%+) { . + F(u)} . (6.15)

Now we prove the reverse inequality. Let ¢ > 0 be arbitrary and let v, € P(IRy) be such

that
Ih(l/h) . {Ih(l/) }
F < f — 4+ F . 6.16
no TP s if +F(v) +e (6.16)
From (6.10) and [6] (see page 34) we have that for all u € HT and p € P(IR;)
1 T
) s [ tox () (@)t
h h
Au
- - (—)@mwm+dm
Ry \ U

where the term o(1) may depend on u but is independent of u. Since P(IR,) is compact,
we can assume without loss of generality that v, converges weakly to some v € P(IR;).

Choose u € Ht such that
- [ (52 wwmtas) = 1) -
Ry \ u

Then
o In(p) [ In(m)
gt (PG} e > g {25+ P
> l1m1nf{—yh(B+)/R <%)( Yo (dx)
—12
(1= Py

- 1i§}Liélf {_/IR+ (T) (x)vp(dx) + F(Vh)}
{_ /ﬂ_%+ (%) (z)v(dz) + F(y)}

I(v) + F(v) —e
inf {I(v) + F(v) — e},

veEP(R4)

VvV 1V
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where in the fourth line of the display we have denoted the continuous extension of function
% to IR, by the same notation. Such a continuous extension is uniquely defined in view
of the constraint on the test functions in H*. The fifth line of the display follows on using
the weak convergence of v, to v and the continuity and boundedness of % and F. The
above inequality along with (6.15) proves (6.11) and hence the result. m

We now consider the empirical measure LDP for the M/M/1 queue. Strictly speaking,
the discrete time approximations to this model do not satisfy the transitivity condition
(Assumption 2.2) for all z € IRy. However, if X (0) is an integer then X (¢) is an integer for
all t € [0,00), and it is easy to check that the corresponding condition is satisfied for all z;
and D) in WO-

Let N1, Na be independent Poisson processes with constant rates A and p respectively.
Define
X(t) =T(Ny — N2)(t), t€[0,00),

where T is, as before, the Skorohod map. Define the occupation measure LT via (6.1). Let
A be the generator of the Markov process X(:). For f : INg — IR, a bounded function,
(Af) : INg — IR is the map given as

_ ) Al +1) = f(2) +p(fle—1) = f(z)) ifzelNV
(Af)(z) = { A f(z + 1)li f(x)) if £ = 0.

Define
HT = {u :INo — IR : inf u(xz) >0, lim ﬂ(:U) = (V= \/ﬁ))Q} .

u€Ny T—00 U

For v € P(IRy) with v(INy) = 1, define I; (v) via (6.3). Now the rate function I(-) governing
the empirical measure LDP for X(+) is given by

) = { V(IR )L(9) + (1= v(R)) (VA= i) ") if #(INo) =1 (6.17)

00 otherwise.

The large deviation result for {L7,T € (0,00)} is now given as follows.
Theorem 6.3 Let I(-) be defined as in (6.17). Then for all F € Cy(P(IR4)) and x € INy
1
lim —log IE, [exp(~TF(LT))| = — inf {I(n)+ F(p)}. (6.18)
T—oo T HEP(R+)

Furthermore, I is a rate function.

The proof is very similar to the proof of Theorem 6.1 and therefore omitted.

Remark 6.4 We expect that the techniques developed in this paper can also be applied
to analogous processes on IR (rather than IR, ), which leads to the following conjecture.
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Let X be a Brownian motion with drift b and diffusion o, and without loss of generality
assume b < 0. Let LT denote the empirical measure for X. We consider the two-point
compactification of IR, and denote a probability measure on this space by v = (7, a1, as),
where 7 is a sub-probability measure on IR, a; is the mass v places on —oo, and ao is the
mass placed on co. Our conjecture is that {L7, T € (0,00)} satisfies a LDP, with the rate
function

L Au X v?
I(v) = —u1€r71{f+ . (7) (x)0(dz) + 253
where
Au b? Au
4+ . 2 L . Al _ . AU _
HT = {u € C*(R) : CClgl%u(az) >0, lim " () 252 Hlm — (x) O},

where A is given by (6.2).

7 Appendix

Proof of Lemma 3.3. In order to prove the lemma, it suffices to prove the tightness of
the family
{L", ne N},

of P(IR. )-valued random variables and the tightness of the following families of P(D)-valued
random variables:

1n71—n vnoTn

1 n—1
5252;, neclNy. (7.2)
=0

The tightness of the first family is immediate on observing that P (IR ) is a compact Polish
space.

The proofs of tightness of (7.1) and (7.2) are essentially the same, and so we give details
for just the harder case of (7.2). In order to show tightness, it suffices to show that the
family

{m"(dz),n € IN}

is tight, where
1

Py(Z} € dz).
0

n

m"(dz) =

S

J
From Theorem 13.2 of [1] and an application of Chebychev’s inequality it follows that, in
order to prove this statement it suffices to show

sup/ |z||mn (dx) < oo (7.3)
nelN JD
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and

sup/ w'(x, §)my(dx) — 0, as n — oo, (7.4)
nelN JD

where w'(z, d) is the usual modulus of continuity in the Skorohod space (cf. [1] page 122).
The proof of (7.3) is similar to that of (7.4), and so we only consider the latter. We now prove
(7.4). For k € (0,00), a,d € (0,00) and y € D, let cx(y, @, 0) = cx(y) = min{aw’(y, ), k}.
Then for j € {0,1,...,n — 1},

o2 1 (55 13)]

B
VD n(dz | X;L,L;%)}

v(dz | X' L) log/ CZ>9dz}

Euer(2Y) = E,
E,

D
+log/ e* ()0 (dz)
D

B, |R@}(- | X7, L3) || ()] + M (e, ),

IA

where the last inequality follows from the variational representation for relative entropy
(e.g., Lemma 1.4.3 (a) of [9]) and M(a,d8) = log [, e *90(dz). Summing over j =
0,1,...,n—1,

n—1 n—1
E, [Z a(Z])| < Eo |Y R X7 L7) [ 60)| + M(a,d)n
=0 =0
< (A+ M(a,0))n
Thus
1 _ n—1 .
/Dck(x)mn(dx) = EET’ [Z a(Z})| <A+ M(a,d)
j=0
Taking k — oo, we have that
sup/ w'(x, §)my,(dz) < A + M(a,é). (7.5)
n JD (67 «

Observing that w'(z,d) — 0 as 6 — 0 and that w'(z, ) < 2a||z|| we have from Assumption
2.1 and an application of dominated convergence theorem that for all a € (0, 00), M («, ) —
0 as § — 0. Now (7.4) follows on taking 6 — 0 and then taking « — oo in (7.5). This
proves the tightness of the family in (7.2). m

Proof of part (c) of Theorem 4.1. As noted previously, the proof that the rate function
has compact level sets is essentially a simplified version of the proof of the Laplace principle
upper bound, and is included here only for completeness.

Since P(IR.) is compact, the set {m € P(IRy) : I(w) < M} is relatively compact for
all M € (0,00). Thus compactness of this set follows if the rate function is lower semi-
continuous. Let 7, € P(IR4) be such that m, — 7 € P(IRy). We need to show that

I(m) < liminf I(my,).

41



We can assume without loss of generality that

hnn_l,%)%f I(my,) < o0.

Choose a subsequence {n}ren such that

sup I (my, ) =L < o0
k

and
klim I(my,) = hﬁri)ig.}f I(my,).

Henceforth, we denote the subsequence {7y, } by {m;}. Let 7} have the decomposition
T = prk + (1 — pr)0oo.

From (b) of Theorem 4.1, there exists qx € A1 (7x) and o € P,.(D) such that

Hm) = g [ RlakCl) | 00)x(da) + (1= po)R(o | 0)
= R(m || m ®0), (7.6)

where 7, € P(IR4 x D) is defined as
(A X B) = p [ au(Bl)e(da) + (1= p)o(B)one(4)

and the last equality in (7.6) follows from Lemma 1.4.3 (f) of [9]. Since IR, is compact
and supy, R(7y, || m ® 0) < oo, we have as in the proof of (b) that {73,k € IN'} is relatively
compact in P(IR4+ x D). Now assume without loss of generality that 7, — 7 € P(IR4+ x D)
as k — oo. Observe that since (7;)1 = 7, we have that (7); = m. Using the lower
semi-continuity of relative entropy, it follows from (7.6) that
L > klim I(rp) > R(7||7®86). (7.7)

— 0
Now let ¢* € S(IR. || D) be such that 7(dx dz) = ¢*(dz|z)m(dz) and let the decomposition
for 7 be given as

m=pt+ (1 —p)ic.

Using Lemma 1.4.3 (f) of [9], once more, we have that
R(r | m©0) = ﬂ/jR R(q"(-|=) || 0C)7(dx) + (1 = p)R(g"(-]oo) [| 6(-))-

An argument similar to the one in the proof of Lemma 3.10 shows that if p > 0 then
¢ € Ai1(7). We claim now that if p < 1 then ¢*(-|oc) € P (D). Observe that once the
claim is proved, the lower semicontinuity follows on noting that

klim I(my)
> R(T|m®80)
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= P/ R(q*(-[z) || 0())7(dz) + (1 — p)R(q"(-|o0) || 6("))
> p it / R(g*(|2) | 0())a(dz) + (1 —p) inf R(o | 6)

q *eAq (7 0€Pir (D)
= ph(#)+ (1 —-p)J
= I(m).

We now prove the claim. Using the observation that sup; R(7x || 7 ® 0) < L < 0o, we have
as in the proof of Lemma 3.9 (cf. (3.29)) that

(1—p) /D A(T)q*(d2]oc) = lim 2(T)F (2)7(dx d2), (7.8)

k—o0 R xD

where {c} is a sequence of positive reals increasing to co and F. is as in (3.14).

Also, an argument parallel to the one in the proof of Lemma 3.7 shows that for ¢ € (0, 00),

[ A OE @A d2) 2 =5 [ (s Ga() - 2 [ lEGaa). (79)

The main difference from the proof of Lemma 3.7 is that instead of using the inequality

LS (mp) - REn) = - P8
=0

as in (3.19), one uses the invariance property of 7 to conclude that
/ (Fo(Tlp(z, ) — Fo(x)) #(da dz) = 0.
B+><D

Because of this invariance property, unlike in (3.17), one does not obtain the third "residual
term” in (7.9). Hence

/ AT)F!(2)7(dz d2) (7.10)
Ry xD

= o) DR )+ (1= ) [ 2D)o(d)

> =5 [ alltegos ()a(d) — 22 [ [Iz01Goa(dz) + (1= o) [ =(T)o(az)

> =5 [ [[allL g (re)eldz) - /D 12]1(7x)2(dz),
(7.11)

where the last step follows on recalling that [, z(T)o(dz) > 0 for o € P, (D). Now it
follows via arguments similar to those in the proof of Lemma 3.8 (See (3.23), (3.24) and
(3.25)) that there exists a sequence of positive reals {c,,} such that ¢,, — co as m — oo,
and for all m € IV,

/_ ATVE. (@)mldz dz) — [ 2(T)F. (2)r(de d2),
IR xD IR xD
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| e asep (ra(d) = [ 112010y (7)a(d2)

and

[ lella(@) = [ zll(maaz)

as k — oo. Now taking the limit as k — oo in (7.11) with ¢ replaced by ¢,,, we have that

2
[ D, @ d2) 2 =5 [ ez (2(d2) — — [ 1zl17)a(d2)
IRy xD D Cm JD
Finally taking limit as m — oo, we have from (7.8) that

(1=p) [ =(T)q"(delo0) = 0.

This proves the claim. m
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NOTATION AND CONVENTIONS. We summarize here for the readers convenience various
notations and conventions that are used throughout the paper.

N the set of positive integers

AN the set of nonnegative integers

R the set of reals

Ry the set of nonnegative reals

Dy right continuous functions with left limits from [0, 7] to
IR, endowed with the usual Skorohod topology

Ce.(R+) the space of real continuous functions on IR with
compact support

C(IRy) the space of real, bounded twice continuously
differentiable functions on IR

BM(S) the class of real-valued bounded measurable
functions on S

Cp(S) the subclass of BM(.S) of continuous functions on S

B(S) the Borel o-field on a complete separable metric space S

P(S) the space of probability measures on (.S, B(S)) with the

weak convergence topology

D([0,T]:S) the Skorohod space of S-valued right continuous functions
with left hand limits

D, ([0,T]: IR) the subspace of D([0,00) : IR) of functions f satisfying

f(0) € Ry
Up =V the sequence v, in P(S) converges weakly to v
M(S) denotes the space of positive measures on (5, B(S)) with

total mass not exceeding 1, with the topology of
weak convergence of measures

(f,v) Jg f(x)dv(x) for f e BM(S), veP(S)

190 sup,es |g(x)| for g € Cy(S)

Oz the probability measure which is concentrated at the
point x € S

14 the indicator function of the set A

A function I mapping S into [0, 00] is called a rate function if for all M € [0,00) the
level set {x € S : I(x) < M} is compact. The infimum over an empty set is taken to be
00. As another convention, 0 x oo is taken to be 0. A family of random variables with val-
ues in a Polish space is said to be tight if the corresponding family of probability laws is tight.
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