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Abstract. In this short note, we present a new version of the Central Limit Theorem whose proof is
based on Levy’s characterization of Brownian motion. The method in the proof may allow to extend
the result to a more general context, e.g. to averaged sums of properly compensated dependent
random variables.
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1 Introduction

The traditional proof of the Central Limit Theorem (CLT), i.e. the weak limit of a sum of indepen-
dent and identically distributed random variables is normally distributed, relies on the convergence
of its characteristic function to a Gaussian one.

In this paper we present a new version of the CLT whose proof is based on the characterization
of a Brownian Motion via its quadratic variation. This approach may be useful to extend the CLT to
a more general context, e.g. results for non-identically distributed random variables or in presence
of a sum of dependent random variables, properly normalized. See, for example, Hall and Heyde

[1].
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We recall that a standard Brownian motion, {W;};>q, is defined to be a real-valued stochastic
process satisfying the following properties:

1. Wy =0.

2. W;— W; is normally distributed with mean O and variance (¢ — s) independent of {W,,: u < s},
for any t > s > 0.

3. W, has continuous sample paths, for any ¢ > 0.

As always, it only really matters that these properties hold almost surely. Now, to apply the
techniques of stochastic calculus, it is assumed that there is an underlying filtered probability space
(Q, {Ft}1>0, P), which necessitates a further definition.

An stochastic process {W;},»( is a Brownian motion on a filtered probability space (€2, {F;}r>0, P)
if in addition to the properties 1-3 above it is also adapted, that is, W, is F;-measurable, and W; — W
is independent of F; for each > s > 0. The filtration {F,};>¢ is called the natural filtration. It is
assumed to verify the usual conditions, i.e. it is right-continuous and contains all the probability
null measurable sets.

Note that the above condition that W; — W; is independent of {W,: u < s} is not explicitly re-
quired, as it also follows from the independence from F; for each #> s> 0. According to these
definitions, an stochastic process is a Brownian motion if and only if it is a Brownian motion with
respect to its natural filtration.

The property that W;— W, has zero mean independently of F for each > s > 0 means that
Brownian motion is a martingale. Furthermore, its quadratic variation is [W;, W;] = [W],=¢. An
incredibly useful result is that the converse statement holds. That is, Brownian motion is the only
local martingale with this quadratic variation. This is known as Levy characterization, and shows
that Brownian motion is a particularly general stochastic process, justifying its ubiquitous influence
on the study of continuous-time stochastic processes. We state the theorem below, for a proof see
for example Pascucci [2].

Theorem 1.1. (Levy Characterization of Brownian Motion) Let {X};>0 be a local martingale with
Xo = 0. Then, the following are equivalent.

1) {X}i>0 is the standard Brownian motion on the underlying filtered probability space.

2) {X;}>0 is continuous and {X,2 —t}>0 is a local martingale.

3) {X;}>0 has quadratic variation {[X]; = t}s>0.

Let X1, ..., X, be a random sample of size n extracted from a sequence of independent and iden-
tically distributed random variables drawn from distributions of expected value given by v and finite
variance given by 0. Suppose we are interested in the sample average

X+ + X,
n

S, =

of these random variables. By the Law of Large Numbers, the sample average converges in prob-
ability and almost surely to the expected value v as n — oco. The Classical Central Limit Theorem
describes the size and the distributional form of the stochastic fluctuations around the deterministic
number v during this convergence. More precisely, it states that as n gets larger, the distribution of
the difference between the sample average S, and its limit v, when multiplied by the factor /n (that
is Vn(S, —v)), approximates the normal distribution with mean 0 and variance o2 in the sense of
distribution or weak convergence. For large enough n, the distribution of S, is close to the normal
distribution with mean v and variance ‘;—2 The usefulness of the theorem is that the distribution of
\n (S, —v) approaches normality regardless of the shape of the distribution of the individual X;s.
Formally our theorem can be stated as follows:
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Theorem 1.2. (New version of the Central Limit Theorem) Let {X;};>0 a continuum sequence of
independent and identically distributed real valued random variables defined on the same filtered
probability space (Q,P,{F;};>0), where {F;};>0 is an increasing family of o-algebras such that the
process {X;}>0 is Fy-adapted. Moreover, suppose that for any t > 0 we have that B[ X,] = v, Var[X,] =
0% < 00 and B[X}] < 0.

Then, for any infinite sequence {X,,}*  in {X}1>0, there exists a subsequence {an};';o such that

(S n; —v) converges in quadratic mean to a normal N (0,0%) random variable, i.e.

\/n—j(snj—v) = N, 0?) in I2(Q).

2 Proof of the new version of the Central Limit Theorem

Proof. Our proof is based on Levy’s characterization of Brownian motion (Theorem 1.1). Let
{X:}72, a continuum sequence of i.i.d, independent and identically distributed real valued random
variables defined on the same filtered probability space (Q,P, {F;};>0), where {F;};>¢ is an increasing
family of o-algebras such that the process {X;}7 is Fi-adapted. That is, for each 7 > 0, Xi(w) is
F;-measurable.

Without loss of generality we can assume they have mean equal to zero and variance equal

to one, the general result will follow by applying this result to the normalized random variables
Xy—V 0
{Tv}n:O'
We define the stochastic process Y; in terms of {X;}> as follows

!
Y,::fXS(ds)l/z,
0

Remark. We will build first ¥; for 0 <7 <1 and extend it to any # > 1 as in the standard
construction of the Brownian motion process.

The above integral is to be understood in the following sense. Let t = 1 we define for any
n=1,2,..., the dyadic partition P, as 0 =19 <11 <1 <... <fm_y <1 =1, where for any j =
0,1,2,...,2"—1,2", the corresponding node in the dyadic partition is given by #; = 2’—,,

Define the sums Z?l(_)] Xi; (tjs1— tj)l/ 2. Tt follows that

281 2"-12"-1
E[(Z Xy (e =12 = E[[Z Z Xy, (tje1 — )2 Xy, (e —10)21],
J=0 j=0 k=0

for any j # k and since the corresponding X;; and X, are independent with mean equal to 0, the
corresponding term in the above sum is equal to 0. Thus,

2"—-1 2"—1

Bl Xyt = 1)) =B )" X] (11 = 1))] =
j=0 Jj=0

2"—1 2"-1
= Y BNt —t) = ) (=) =1,
J=0 j=0

hence, by the Banch-Alaouglu theorem (see [3]), there exists a subsequence {n;};” , such that {ng};? |
is strictly increasing, and
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2" —1

1
lim Z X[j(l‘j_;_] —[j)l/z =Y I:f Xs(dS)l/2
—0 0

k—o0 &

converges weakly in L? to Y;. Observe that requiring that the norm of the partition ||P,, || — O is
equivalent to say that k — co. It then follows that ¥; € L? and ||Yy]|» = 1.

We trivially have that lim_, || Z?n:ko_l X (tjv1—1t 12|l =1=1Y1]|, this implies that the sequence
Z?zko_l X (tjr1—t j)l/ 2 converges strongly in L? to Y; as k approaches infinity. Let us prove this; we
clearly have

2% —1 2% —1
1/2 2 1/2)2
DI AR AR DY AGREHES
j=0 j=0

2% —1
=2.< 3 Xyt = 1)V, 01 > V1B
=0
2% —1
=2-2< ) Xt =12 ¥y >,
J=0

since Z?iko_lth (tj+1 —1))!/? converges weakly to Y; it follows that limy e < Z?iko‘l Xy, (tj1 -

tj)l/Z, Y| >= ||Y1||% = 1, thus the sequence Z;lko_l X (tje1 — tj)l/2 converges to Y; strongly in L.
Since the subsequence{{z%k}?Z‘O}]‘z":1 is dense on the interval [0, 1], it is clear that for any z,i;k, for
j=0,1,2,...,2" and k = 1,2,... the corresponding Y ; is well defined using the same argument as

2"k
for Y, with the same subsequence {n;};_ | restricted to the interval [0

{{y i }iiko}]‘?’:l with our desired properties, namely
zn

J

, 3. Hence we have defined

;P =l - =,

i Nk 2
foranyi=0,1,...,2%, j=0,1,...,2" and any k,m = 1,2,.... This clearly implies that the sequence

Y., }?iko};"_ | is a Cauchy sequence in L?. More precisely, we have that for any 0 < ¢ < 1, there exists
2o ST T

E[(Y, -Y
Z’lk

a dyadic sequence 2% such that limg_, z%k = t, and the corresponding sequence {Y_; } is Cauchy in
2"k

L2, thus converges to a Y, in L2. This completely defines the stochastic process {¥;}o<<; With our
desired properties.

Our argument shows that the X;s need only to be i.i.d. and defined only for the dyadic numbers
on the interval [0, 1] since for any other 0 < ¢ < 1, the corresponding Y;s are defined as L? limits,
see above. The extension from the interval 0 < ¢ <1 to any ¢ > 0 can be accomplished reindexing
the dyadic family {{X 5 }320}20: , and building as above countably many {{Y,(n)}Ost 1}~ from each

reindexing. It clearly follows from our previous construction that for each {{Y’ t(n)}()§t§1 1o, the same
subsequence {ng};’ | can be used. Then, define an inductive assembling of them by setting
_ (1)
Yt - Yn—l + Yl—(n—])’
for any n—1 <t < n. It follows from our construction that the stochastic process {Y;};>0 has the
desired properties needed in the rest of our proof.
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Before we continue, let’s make the following observation: It is clear form our previous con-
struction of the process {Y;};>0, that we only need the process X; to be defined for 0 <¢ < 1.

We need to prove that {Y;},>0 is a standard Brownian motion. According to Levy’s characteri-
zation of Brownian motion (Theorem 1.1), we need to show that {¥;};>¢ is a martingale and that its
quadratic variation [Y;, Y;] = ¢ since it is already clear by definition that Y, = 0.

We will show next that {¥;},>0 is a martingale. Let s < ¢, we have that:

E[Y,/F,] = E[ f X, (du)'*/F,] = B[ f sxu(du)”% f X, (du)'?/F]
0 0

N

S t
:E[f Xu(du)l/z/FS]+E[f X, (du)'?|F],
0

N

clearly fos X, (du)'/? is F;-measurable and fs ' X, (du)'/? is independent of the o-algebra F, thus by
the properties of the conditional expectation we have that:

Xy !
E[Y,/F,) = f X, (du)'’? +E[ f X, (dw)'?] = 14,
0 K

since by our definition the fs ' X, (du)'/? is the limit of certain Riemann-Stieltjes sums over some
dyadic partitions, it clearly follows from the fact that the expectation of the sum is the sum of the
expectations that

! A
E[ f X, (du)!?) = f E[X,])(du)'> =0

since each X; is i.i.d. with the same mean equal to zero and variance equal to one. This leads to

E[Y,/F ] = f qu (du)'* = vy,
0

which finishes the proof that {Y;},>0 is a martingale process.

It remains to show that the quadratic variation of {¥;};>¢ is equal to [Y;, Y;] = ¢, then by Levy’s
characterization of Brownian motion we’ll have that {Y;};>¢ is a Brownian motion which will com-
plete the proof of this new version of the Central Limit Theorem.

We need to show that, for a partition P of the interval [0, ] into m subintervals, 0 =75 < #; <
sty <ty =t

m—1

t=[Y,Y,]= li Yi =Y,
[Y:, Yi] IIP}IIBOJZ(:)( tiel t,)

ISITES 2 (7 12 ’
= li X, (d - X, (d
||PT|I30;;(IO (40 fo () )

m—l [j+
= lim Z f
-0 4\ Ji,

notice that this limit is understood in the sense of convergence in probability.

1 2
Xu<du>”2) ,
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Let us pass now to study each of the terms ( ft t_j“ X, (du)"/ 2)2 in the above sum. Without loss
J

of generality we can assume that both ¢; and 7, are nodes on the dyadic subsequence found at the
beginning of our proof to define the {Y;},>0 process. Hence,

2" -1

1+l
[ @ = im X G- 50,
! i=0

; 1[I0

where the partitions P, above are the dyadic partitions of the interval [7;,7;,1] into 2" subintervals
in the definition of the {Y;};>0 process that we constructed at the beginning of the proof, where
tj=180<S1<...,50_1 < S =tjy1. Squaring both sides of the above equality, we have that

2" -1

1j+1
( f Xu(dw)' ) = im ( 37 Xy, (siv1 =5 %)2,
tj —00 pary

it is clear now that on the square of the sum on the right hand side of the above equality, after taking
expectations and since the X;s are independent, the only terms that do not vanish are when the
indices are equal and then we obtain

2" —1

Tjv1 2
E[( f X <du>”2] 1= Jim > EIXo)1(si1 =),
t —00 j=0

j
and since we have that ]E[(Xsl.)z] =1, for all s;, then we have that

til 2 21
E[( f X, <du>”2) J=lim > (si1—s) = —1).  Q2.1)
i k—o0 =
Next, we will show the convergence in quadratic mean, therefore in probability, of the quadratic
variation [Y;, Y;] toward the limit . We need to show, under the above notation, that

m—1 tj+1 2
lim E X, (d 1/2) —1)
lim, [(,-:ZO( [ waw -o7)
ST 1/2 ’ 2
= lim E Xy —(tjiy1—t;
A It ) ( ft (du) ) (ti1 = 1)))]
J=0 A
m—1m-1 fis1 2
— i X, di)"?| =t —1;
”PhIEOE / Z[(I (du) ) (tjs1—1))]X
720 k=0 \V1j

Tk+l 2
X[(f Xu (du)l/z) —(tks1 —tk)]] =0.

For k # j the term in the double sum above is

E[[( [x (du)lfz]

J

tj+1 2 Tk+1 2
=E[[[ f Xu(du)”z) —(rj+1—r,-)]]E[[( f XL,<du)”2) ~ (tes1 =101},

J

2

Tk+1 2
= (tjr1=1))] [( f X <du>”2) ~ (1 —1)]] =
Tk

according to the independent increments and thus equal to 0 by (2.1) above. Hence,
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m—1m—1 fiv1 2
E[Z ( f Xu(duf”) — (11— 1)]X
J=

0 k=0

Tkt 2
x[( f X, (du)”z) ~ (tes1 —10)]] =
m—1

Tjv1 2
=E[Z[( f Xu<du>”2) (-1l =
=0 Ij

_ 2
-l (f,f’“ X, <du)”2)
J
E|l

= (tj+1—1))

— 1P|t = 1))
Next, we will show that

( ftjm X, ( du)uz)z
E[[ (tjs1— 1))

where C is a finite positive constant independent of the partitions. Clearly

(ft;j+1 X, (du)1/2)2 ) 1]2] ) E[ (th—jﬂ X, (du)1/2)4 . (f,_,t-ﬂl Xu (du)1/2)2 + 1]‘

[[ (tjiv1—1)) (tjs1—1))? (tjv1—1))
The expectations of the second and third terms above are obviously bounded by a constant

(ff”x (du)1/2)
independent of the partitions. Let us examine then E[W
Jt J

—1P|<C<o,

] We have that

2" —1

Tjv1
f X' = Tim > X (sie = 50",
t: [P ”_’0

j k i=0

where the partitions PP, above are the dyadic partltlons of the interval [7,7;;1] into 2" subintervals
in the definition of the {Y;};>0 process that we constructed at the beginning of the proof, where
Ii=5850<81<....8m-1 <Sm =1j1, and s; = l‘]+l 1 1)) ,fori=0,1,2,...,2™%,

2"k
(ﬁ X, (du)W)
Hence, E[—(tjﬁ—zj)Z

the X;s are 1.i.d.

n, 4
o X, (si1—50)'7%)
(tjs1—1))?

2
] is approximated by E[(Z ] It is now clear that since

[(22 o X, (siv1 = 502! |- Yo ' BIXS1(siv1 —si)
(tj1 = 1)) (tj1 = 1))
. Yo Do BIXZTBIXE ] (sie1 = i) (ste1 = 81)
(tjis1 —1))?
since any other term in the above sum carries a factor of the form E[Xj,] which is equal to zero and
another one of the form E[X?[] which is finite since E[Xi_] is. Thus all those terms vanish.

’

The first sum above is of the order of a big O(ﬁ) since by assumption the common fourth

(f ", Xu (du)]/z)

moment E[X4] is finite, and the second double sum is of the order of O(1). Thus E[ TS <
Jt J

C a constant independent of the partition, therefore
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( fém X, (du)! /2)2

E —1P*|<C <o,
[[ (tjr1—1j) | ]
as stated. This leads to
m—1m—1 fisl 2
lim E X, V21 (i —t;
thlllo [._ Z[(\[ (du) ) (tjr1 —1))]x
=0 k=0 \V1j
Tkt 1 12 2
X X, (d —(tge1 — ¢ <C lim tiy1—t
[(f;; (du) ) (s 1 k) Hm OZ(]H DE

<C(lim |[P|)t=0,
(”P”_)OII )

as we wanted to show. Thus,
m-1 1jv1 2
[V, Y] = lim »( f X, (dw)'?) > 1,
B0 4%y,

in L2, and thus in probability. Thus, by Levy’s characterization theorem of Brownian motion, we

have that
!
Yt:sz(ds)”z
0

is normally distributed with mean O and variance ¢, N(0,7). That is, ¥, = W, is Brownian motion,
and thus

1 1f’ "
—Y,=— | X,Wds)"
Vi Vi do

is normally distributed with mean 0 and variance 1, N(0, 1).

. 1 . . .

Letting = 1, we have that fo X, (ds)"/? is a standard normal random variable with mean 0 and

variance 1. By our construction of the continuous time stochastic process {Y;};>0 above, the integral
above is approximated in quadratic mean by

2"%~1 2"—1
Xo+Xi +...+ Xon
1/2 _XotXy 21
5 ZX Nor ZXJ = :

for an equally spaced dyadlc partition P,, of the interval [0, 1] into 2" equally spaced subintervals

— 1 . _ _ ) . Xo+X1+.AXony _
of length 6 = 5, where for each j=0,1,2,...,2", X; = X;, = Xﬁ' This means that TZI

converges in quadratic mean to a N(0, 1) random variable.

Finally, for any infinite sequence {X"}Zo:o in {X;}o<i<1, we place it in the dyadic nodes of the
interval [0, 1] as follows. Place Xpatt=0and X; atr=1, X, at ¢ = % Xzatt= }L, Xy att= %, X5
atr = %, Xp att = %, X,att= %, Xgatt= %; the next eight X;s at the new eight nodes of the dyadic
partition with 2* nodes, so on and so forth.

Generally, place Xp at t = 0 and X at # = 1. Henceforth, for each n = 1,2,3,... place

X2n—l+] 5 in—1+2, X2n—l+3, ey X2n_1, X2n
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at the dyadic nodes t = 2’;—;1 for each k = 1,2,3,...,2"1 = 1,271, Thus, by this construction, it is
clear that the

X1+ X0+ + Xom . X1+ Xo+. o+ Xy,
lim = lim
k—o0 /271 Jj—oo A /nj
in quadratic mean (and thus in distribution) is equal to a N(0, 1) random variable. O

It follows from our Theorem 1.2 that the extra assumption that the common fourth moment of
the i.i.d {X;};>0 process is finite allows us to improve the convergence in our new version of the
Central Limit Theorem in the sense that we can prove that the convergence is in quadratic mean
rather than in just distribution. The payoff is that this convergence is for a subsequence {an};io of
the original sequence {X,}" .
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