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THE SIZE OF SINGULAR COMPONENT
AND SHIFT INEQUALITIES'

By S. G. BoBkov
Syktyvkar University

We study the question on how large the size of singular component of
translates of product probability measures can be in terms of Fisher
information. We then prove some shift inequalities.

1. Introduction. The well-known Kakutani theorem [4] asserts that any
two product measures on R with equivalent marginal distributions are
either equivalent or singular. In particular, this holds for a product measure
w* and its translate u;, defined by

un(A) = (A +h), Ais Borelin R*, h € R”.

In this important special situation, Feldman [3] and Shepp [8] found, respec-
tively, simple sufficient and necessary conditions for equivalence of u” and
W, provided h € [? is arbitrary. Namely, the marginal distribution u should
have an absolutely continuous, a.e. positive density p with finite Fisher
information

aw = [ g,

2
—= p(x)
where p’ is a Radon—Nikodim derivative of p. The condition J(u) < + does
not imply itself that p is a.e. positive, and, moreover, u may have a compact
support. Therefore, in this case u” and w; cannot be equivalent, at least for
large values of ||l = (X7_,h%)'/2, and it is reasonable to ask about the size
of a singular component of u; with respect to u”, which we denote by
Sing( pj,, 1°):

Sing( wj, n*) = sup{ u;(A): p*(A) = 0}.

An answer may easily be given if one uses elementary estimates

(1L1)  Sing( 45, w7) <l — @y < lldy wllry < I( )k,

where |- [l7v denotes the total variation norm, and d, u” denotes the deriva-
tive of u” along the direction & (in the sense of Fomin—Skorokhod; cf. [1]).
Consequently, for sufficiently small ||kll5, the measures p* and w; are still
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not purely singular, and this observation may be applied, for example, to give
a simple proof of Feldman’s theorem (provided we may use Kakutani’s
theorem). Indeed, assume the density p of u is a.e. positive and thus u” and
w5 have equivalent marginals. If ||All < 1/J(w), then Sing( u7, x*) < 1, so
w, and w° must be equivalent, by Kakutani’s theorem. In the same way,
since J(u,) =J(w), u3, and wj, are equivalent, so are uj3, and u”. Re-
peating this process, the requirement ||kl < 1/J(u) can be weakened to
2lls < +oo.

While the two last inequalities in (1.1) cannot be essentially improved, the
first one is rather rough, as the following statement shows.

THEOREM 1.1. Assume u has an absolutely continuous density with o? =
J(u) < + (o = 0). Then, for all h € 1% such that ol|lhll, < ,

0'||h||2)

(1.2) Sing( uj, u°) < sinz(

Inequality (1.2) remains to hold for product measures u on R” with
different marginals whose Fisher information is at most o 2. As we will see, it
is actually valid for many nonproduct measures on R”, satisfying certain
correlation conditions on density. Note also that the condition J(u) < +©
cannot be dropped in (1.2). If, for example, w is uniform distribution on (0, 1)
and 2 € (0,1)”, then

Sing( uj,, u”) =1 — ljll(l - h;).

Hence, it is possible to get Sing(u;, u*) = 1 for every fixed value of ||All,.
Thus, the size of singular component in this case cannot be controlled in
terms of ||A|l5.

When the product measures u” and u; are equivalent, one could wonder
how to measure or how to quantify their equivalence. One of the reasonable
ways in this direction is to establish shift inequalities of the form

(1.3) Si(w*(A)) = wi(A) <R, (1°(A)),

for suitable functions R, and S,. For example, the optimal functions R, and
S, in (1.3) for the canonical Gaussian measure u = y; are given (cf. [6]) by

Ry(p) = (@7 !(p) +1hlz),  Siy(p) = (@' (p) —li2ll),

where @ is the distribution function of y, and ® ! is the inverse of ®. In this
case, (1.3) becomes an equality for half-spaces which are orthogonal to vector
h. In general, it is, however, rather difficult to compute the optimal function
R,. Nevertheless, such a shift inequality of Gaussian type holds true for a
large family of probability measures wu.
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THEOREM 1.2. Let u be a probability measure on R. There exists ¢ > 0
such that, for all Borel sets A C R* of measure uw(A) = p and every h € 12,
an inequality

(14)  ®(@7(p) = cllhllz) < wi(A) < ®(S1(p) + clllly)

holds true, if and only if n has an absolutely continuous density p with

1 N2
+oo x
(1.5) f exp a% du(x) <2 forsome &> 0.
- p(x)

We will also observe that the optimal constants ¢ and & in (1.4) and (1.5)
are connected with the relation

1 4
\/@ <c< \/; .

The conditions of Theorem 1.2 are satisfied, for example, by the two-sided
exponential measure » with density p(x) = ;e '*I, x € R. In this case, the
functions ¢&,(x) = (p'(x;)/p(x;)) = —sign(x;), x € R”, form an i.i.d. Bernoulli
sequence on probability space (R, v*), and the problem of finding the optimal
function R, in (1.3) reduces in essence to the (still open) “average” isodiame-
tral problem on the discrete cube ({—1, 1}, P,). The latter consists of finding
the minimum of [, [4llx — yII% dP,(x) dP,(y) among all subsets A of {—1,1}"
of a fixed measure P,(A).

Anyway, up to the constant c, for the exponential measure as well as for
those satisfying the conditions (1.5) and having a finite second moment, the
left- and the right-hand sides of (1.4) cannot be improved in terms of ||Alls.
Indeed, if we apply (1.3) to half-spaces A = {x: x, + ==+ +x, — an < xbVn}
with @ the mean and b the variance of u, and to the “n-dimensional” vectors
h=Q/Vn)t,...,t;0,...) with ¢ = ||hll; > 0, we will obtain, by the central
limit theorem, that ®(x + [|2llz/b) < R,(®(x)). Thus, sup,, -, Ry(p) =
®d(® 1(p) + t/b). A similar argument applies to S,,.

The organization of the paper is the following. Theorem 1.1 is proved in
Section 3, on the basis of a certain functional form for shift inequalities (1.3),
which is discussed separately in Section 2. Theorem 1.2 is proved in Section 4.
Here we consider also a question on how to bound || x; — p”llrv in terms of
l2llz. In Section 5, we prove an analogue of Theorem 1.2 on the appropriate
form for (1.3) under a weaker assumption on the density p.

(1.6)

2. A functional form of shift inequalities. Assume we are given a
family of concave continuous functions (R,), . , from [0, 1] onto itself with the
following semigroup property: for all £, s > 0 and p € [0, 1],

(2.1) Ry, (p) = R(R,(p))-

Assume also that R, is the identity function, and the “generator” of the
family

(2.2) lim APV P

I , 0<p<l1,
t—>0" t (p) p
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is well defined and represents a positive function on (0,1). Clearly, the
function I must be concave and thus continuous on (0,1) as the limit of
concave functions.

LEMMA 2.1. Let u be an absolutely continuous probability measure on R".
The following properties are equivalent:

(a) For all h € R" and every Borel set A in R",

(2.3) my(A) < R\Ihl\z( u(A)).
(b) For all h € R" and every Borel measurable function f: R" — [0, 1],
(2.4) [ f(x = k) du(x) <Ry (E,f).

(¢c) For every smooth function f: R" — [0, 1] with compact support and such
that 0 <E f<1,

(2.5) IEVfll, <I(E,f).

Here and elsewhere, E, denotes the expectation (the integral) over u, w, is
the translate of w on vector i, that is, u,(A) = w(A + h), for A c R" and
Vi(x) = (9f(x)/dx;) ;- , is the gradient of f.

ProoOF. On indicator functions f = 1,, (2.4) turns into (2.3). Conversely,
starting from (2.3), we get

E,f(x - h) =f01,u{x:f(x—h) > ¢) dt=f()luh{x:f(x) >t} dt
< folRHth( u{x: f(x) >t})dt

= R|h|2(f01“{x: f(x) >t} dt) = Ry (E,f),

where we have also used Jensen’s inequality. Thus, (2.3) and (2.4) are
equivalent, and we need to show the equivalence of (2.4) and (2.5).

To derive (2.5) from (2.4), let A~ — 0 in (2.4). According to the Taylor
expansion and in view of (2.2), we get

(2.6) — (BYf, h) < I(E, f)llklls + o(llklls),

where ( -, - ) is the scalar product in R". Applying this inequality to 2 = ¢E Vf
and letting £ — 0, we arrive at (2.5).

To derive (2.4) from (2.5), we may restrict ourselves to smooth functions f
with a compact support and such that 0 <E,f <1 (since u is absolutely
continuous). First note that if inequality (2.3) holds for vectors &; = ¢;e and
hy = tye with ¢,,¢, > 0, then it holds for 2 = (¢; + t,)e. Indeed, applying
(2.1) and (2.3), we get

(2.7) E,f(x —h) <R, (E,f(x — hy)) < R, (R, (E,f)) = Ry(E,[).
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This argument shows that (2.4) holds for all 4, if it holds for sufficiently small
h. Below we precise this argument. Fix a vector e € R” of Euclidean length
le| = 1, take a number ¢ € (0, 1), and consider the set

A={t>0:E,f(x —cte) <R,(E,f)}.

We will show that A = [0, +«) for any ¢ € (0, 1). Then, letting ¢ > 17, we
will get (2.4) for all A of the form & = te, and since e is arbitrary, we will be

done. Clearly, it suffices to check that the following two properties are
fulfilled:

(a) t € A, for all £ > 0 small enough.
(b) if ¢,,¢, € A, then ; + ¢, € A.

The property (b) has already been shown in (2.7). To prove (a), again by
Taylor’s expansion, by (2.6), and since I(E,f) > 0, we get, for ¢ > 0 small
enough,

E, f(x —cte) =E,f — c(E,Vf,e)t + o(t)
<E,f+ clEVflat + o(t)
<E,f+c(E,f)t+o(t) <R,E,f),
since R(E,f) =E,f + I(E,f)t + o(¢), as ¢t > 0. Lemma 3.1 is proved. O

REMARK 2.2. The same functional form can be established for converse
shift inequalities. More precisely, let (S,),. , form a family of convex continu-
ous functions from [0, 1] onto itself with the semigroup property (1.1) and the
generating function I(p) = lim, _, ,+(p — S,(p))/¢. Then, the inequality

uyp(A) = Suhnz( n(A))

is equivalent to the functional inequality

JF(x = h)du(x) = Sy (B f),  0<f<1,
which in turn is equivalent to the property (c) in Lemma 2.1.

3. The size of singular component. Let w be an absolutely continuous
probability measure on R"” with a density p from the Sobolev space W;'(R").
This may equivalently be expressed as the property that the function p
(possibly modified on a set of zero Lebesgue measure) is absolutely contin-
uous on almost all straight lines that are parallel to coordinate axes, and
their Radon-Nikodym partial derivatives d, p(x) = (dp(x)/dx;) are inte-
grable on R" (cf. [7], Section 1.1). Assume moreover that the functions
&(x) = (9, p(x))/p(x) (which are well defined p-a.e.) satisfy the following
two conditions:

LE (> <o? foralli=1,...,n(c 2 0)
2.E, §&=0,foralll <i<j<n.
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For any ¢ € R, introduce the function R, on [0, 1] as follows. Given
p €10,1], if larcsin@p — 1) + ¢| < 7/2, set
1 + sin(arcsin(2p — 1) +¢)
2

t
= sinz(E) +pcost + y/p(l —p) sint.

Otherwise, we set R,(p) =1 when arcsin@p — 1) +¢ > w/2, and set
R,(p) = 0 when arcsin@p — 1) + ¢ < —7/2.

R,(p) =

THEOREM 3.1. For all h € R" and for every Borel set A in R",
(3.1) R_, i (A)) < m(A) <R, (1(A)).

In particular,

allhll
Sing( u;, p) < sinz( 2 )

Proor. The functions R, can also be defined as follows. Let F be the
distribution function of the probability measure on R with density % cos x,
|x| < m/2, so that F(x)= (1 + sin x)/2 in the support interval. Let F~!:
[0,1] = [—7/2, w/2] denote its inverse. Then, for all ¢ € R and p € [0, 1],

R,(p) =F(F '(p) +1t).

In particular, R,(0) = sin?(¢/2), for 0 < ¢ < 7. One can also observe that, for
O<p=<l,

R,(p) = NB(p)'),

where A is the normalized Lebesgue measure on the 2-sphere S? c R? of unit
radius, B(p) is a ball (a cap) on the sphere of measure p and where B(p)’ for
t > 0 denotes the ¢t-neighborhood of B(p) with respect to the geodesic metric
on S? (respectively, |tl-interior for ¢ < 0). Correspondingly, for p = 0 and
t €10, 7], R,0) expresses the area of balls on S? of radius ¢ (in the sense
of A).

These definitions ensure that (R,), . , (respectively, (S,) = (R_,), . o) forms
a family of concave (respectively, convex) functions from [0, 1] onto itself with
the semigroup property (2.1). According to (2.2), the “generator” of this family
is given by I(p) = y/p(1 — p) . Therefore, by Lemma 2.1 and Remark 2.2,
both inequalities in (3.1) are equivalent to

(3.2) IE,Y/l: < oI(E,f) = oy/E,f(1 - E,f),

where f: R” — [0, 1] is an arbitrary smooth function with a compact support.

Now, let us note that E §; = 0, for all i = 1,..., n. Indeed, let for definite-
ness i =n.Theset C ={y = (x,...,x, ;) € R" ' [p(y, x,) dx, < +=} has
a full Lebesgue measure. The integral | I&xn p(x) dx = E,J ¢,| is finite; hence,
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for almost all points y € C, the function x, — p(y, x,) has bounded total
variation on R. In particular, there exist finite nonnegative limits of p(y, x,),
as x, > —» and x, — +o. These limits must be zero, since otherwise
[p(y, x,)dx, = += that contradicts the property y € C. Therefore, for al-
most all y € C,

—+ oo
L g, p(y,x,)dx, = lim lim [ p(y,0) — p(y,a)] =0.

a—> —%© h—> +x

The next integration over y € C yields E §, = 0.
It remains to do the last step to prove Theorem 3.1. Integrating by parts,
we observe that

(3.3) E, o, f= —/Rnf(x)&xip(x) dx = —E,f&.

(note that all the integrals are well defined). By assumption (1), the functions
& belong to the space L*( ), and their norms satisfy o; = || ll12(,) < 0. By
assumption (2), these functions are orthogonal: (¢;, & )12, =0, for i <j,
where the scalar product is now taken in L?( ). As noted above, E =0
Set ; = ¢;/0;. Then, from (3.3) and by Parseval’s inequality,

n

YIS = ¥ 02(f = E,f, )i
i=1
=< 02 Z <f_ Eﬂf; ¢i>%2(,u,) < UZ“f_ E;,,f”%lz(p,)’
i=1
that is,
(3.4) EYf13 < 0 Var,(f) = o2[E,f* - (E,f)’].

Inequalities like (3.4) were earlier studied by many authors in the context of
getting lower estimates for variance. For example, the fact that (3.4) with
o = 1 holds for u = vy, was proved by Cacoullos ([2], Proposition 3.7). Now, if
0 <f<1, we have EMf2 <E,f, so (3.4) implies (3.2). Theorem 3.1 is thus
proved. O

Now assume that u is a product measure on R", u = u, ® - ® u,, with
density p(x) = p,(x;)---p,(x,), where p, are absolutely continuous on R.
Then, the functions

g, p(x)  pi(x;)

p(x)  plx)
represent independent random variables on probability space (R”, u). Condi-
tion (1) becomes

&i(x) =

J(w)=E, <o,

which implies in particular that E, & = 0. By independency, condition (2) of
Theorem 3.1 is therefore fulfilled, so the inequality (3.1) holds with o2 =
max; J(w,).
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In particular, this applies to product probability measures u" on R" with
equal marginals: inequality (3.1) holds with o2 = J( u). Since this inequality
is dimension free, it extends to (R”, u*). Note that the transition to the
infinite-dimensional inequality can more easily be performed on the basis of
the functional inequality (2.4). Thus, we arrive at the statement of Theo-
rem 1.1.

Another broad class of measures when the conditions of Theorem 3.1 are
satisfied is the class of measures with densities p-symmetric in the following
sense: for all (xq,...,x,) € R" and for any sequence ¢,,...,¢, € {—1,1},
plexq,...,€,x,) = p(xq,..., x,). For example, one can consider densities of
the form p(x) = p(|x)), that is, the measures which are invariant under
rotations. Of course, this class contains all product measures u with symmet-
ric (around 0) marginal distributions u,. It should be pointed out that, for
nonproduct measures p with marginals u;, in general E |(d, p)/ pl? # J( ;)
(this is easily seen for Gaussian nonproduct measures).

4. Shift inequalities of Gaussian type. In this section, we prove Theo-
rem 1.2. Let us introduce the standard notations: for x € [ —«, +«], set

1 x
o(x) = o= exp(~x7/2), ®(x) = [ (1) dt.

Let ®':[0,1] — [ —9, +%] denote the inverse of ®.

Given a probability measure u on R, the inequality (1.4) requires that all
translates of w on R are equivalent to w. This already implies that w is
equivalent to Lebesgue measure, that is, it has an a.e. positive density p
(cf. [8], Lemma 5). Moreover, according to Shepp’s necessary condition
([8], Theorem 1), p can be chosen to be absolutely continuous with finite
Fisher information J(w). This will be further assumed. Note that this
property is weaker than (1.5).

Since inequality (1.4) is dimension free, it can equivalently be written in
terms of product measures u"” on R" as

(4.1) D(@1(p) —clhlz) < ui(A) < D(P~(p) + cllnlly),

where ¢ > 0, A c R" is a Borel set of measure u"(A) = p and where 2 € R".
The family of functions R,(p) = ®(® '(p) + ¢), t € R, forms a group with
generator

I(p) =¢(®'(p)), O=<p=<l,

which is a concave function on [0, 1] with I(0) = I(1) = 0. Therefore, accord-
ing to Lemma 2.1, shift inequalities in (4.1) have a functional form

(4.2) [EVFlly < cI(Ef),

where f: R" — [0, 1] is an arbitrary smooth function with a compact support,
and the expectations are with respect to measure P = u". Integration by
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parts as in (3.3) shows that, in terms of functions &,(x) = p'(x;)/p(x,),
x € R", (4.2) is exactly the property

1/2
(4.3) (.21|Ef§i|2) <c(Ef), 0<f<l.

Here, the smoothness condition can easily be weakened to just measurability.
To further simplify (4.3), let us note that its left-hand side is a convex
functional in f while the right-hand side is concave, by concavity of I.
Therefore, (4.3) holds for all f with 0 < f < 1 if and only if it holds for
indicator functions f = 1, of Borel sets A C R™

" o\ 1/2
(4.4) (g ) < cI(P(A)).

| &adP
A
One may also rewrite this inequality as

(4.5) sup sup [ Y @& dP<cl(p), 0<p<1,
a P(A)=p Ai=1

where the first supremum is taken over all collections a = (ay,..., «,) of real
numbers such that ¥;_;«? = 1, and the second one is over all Borel sets A in
R" with P(A) = p.

Recall that &;, 1 <i < n, are independent random variables with E¢;, = 0
and E¢? = J(u) < +. If these r.v.’s have continuous distribution, then the
second infimum in (4.5) is clearly attained at the set A(p) ={x € R":
&=1X!_ ;& > c} where the constant ¢ = m (&) is quantile of p of random
variable ¢. For example, in the case of the canonical Gaussian measure

P = y,, we see that ¢(x) = —x; have distribution y,, so does ¢, and
“+ oo
[ &dP= [  xdy(x)=1I(p).
A(p) @~ (p)

Thus, inequality (4.5) holds with ¢ = 1, and we recover the Gaussian shift
inequality

(@7 (p) —lIAll) < % (A +h) <@(@(p) +4l:),  %(A) =p.

In the general, non-Gaussian case, it is probably rather difficult to find an
exact value of the left-hand sides in (4.5). However, one can easily prove that
the condition (1.5),

(4.6) Eexp(s£l) <2, &>0,

makes that supremum behave like I(p). To complete the proof of Theorem
1.2, we need an elementary lemma.
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LEMMA 4.1. Let &,,...,&, be i.i.d. random variables on a probability
space (O, 7, P) with E¢; = 0 and such that, for some ¢ > 0,
(4.7) ‘/ £ dP| <c(P(A)), Acg.
A

Then (4.6) holds with ¢ = 1/(4c?). Conversely, (4.6) implies (4.7) and more-
over (4.4) with ¢ = 2/ Ve.

First we prove a calculus lemma.

LEMMA 4.2.

1 1 1
4.8 p1 =log— <I(p) <py/2log—,
(4.8) [ 3loe <1(p) <py2log-

where the left inequality holds for all p € [0, 31, and the right inequality holds
for all p €[0,1].

Proor. The right inequality is simple [note that I(p) behaves like
py2log(1/p), as p — 0]. To prove the left one, consider a function u(p) =
I(p) — dpylog(1/p) with some d > 0. We have u(0) = 0, and, by definition
of I, u(3) >0 if and only if d? <2/(wlog2). In particular, d = 1/vV2

satisfies this condition. Next, using the property I” = —1/I and applying the
right inequality of the lemma, we have for p € (0, 1),
1 1 1
u'(p)=d + -
2pylog(1/p)  4plog(1/p)ylog(l/p) | I(p)
J 1 1 1
< + -
2pylog(1/p)  4plog(1/p)ylog(1/p) py/2log(1/p)
1

<0,

1 1 1
T p log(1/p) d(§ " 410g(1/p)) 2

for d=1/V2 and 0 <p < 1 in the last inequality. Thus, u is concave on
[0, 1]; hence, it is nonnegative on that interval for this value of d.

Proor oF LEMMA 4.1. If we apply (4.7) to the sets A ={¢; > x} with
x > 0 and make use of the right estimate in (4.8), we get

xP{¢& > x) <cI(P(A)) <cP{é > x}\/Zlog(l/P{ £ > x}),

so that P{¢, > x} < exp{—x?%/2c?}. With a similar bound for P{¢; < —x}, we
obtain that

x2

P& > x} < Qexp{—ﬁ}, x> 0.
C
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Therefore, for £ < 1/2¢2,

4o
Eexp(s§f)=28/ P{¢ > x}xexp(ex?)dx + 1
0
4o ) x? 1+ 2ec?
£1+48/;) X exp Sx—m dx—m
Hence, Eexp(e£2) < 2 as soon as ¢ < 1/6¢2.

Conversely, assume (4.6) holds true. Using also the fact that E£; = 0, it
can easily be shown that, for all ¢ € R,

2t*
(4.9) Eexp(té,) <exp{—.
£
Indeed, the function v(¢) = log E exp(£¢£;) is convex with v(0) = v'(0) = 0 and
v'(t) < E&2 exp(té)). Now, té, < (1/2e)t% + (g/2)&L, so that
t2

E&? exp(té)) < exp(%)Eﬁz exp( &€ /2)

2 t? ) 4 t?
< —exp| o Eexp(eéf — 1) < o ol B
where we have applied the inequality xe* <e?* ! with x = ££2/2. For
lt| < V2&, we thus get v"(t) <4/e, so that v(t) < (2t%/&) according to
Taylor’s expansion. This implies (4.9) for such (small) values of ¢. Once more,
since t&, < (1/4&)t? + &2, we get EER exp(té,) < 2exp(t?/(4¢)). This gives
(4.9) for |t| > V2=.
Now, let ¢=X7 ja;¢ with X7 ;a2 = 1. Since ¢ are independent and
identically distributed, we obtain from (4.9) that, for all # € R,

2¢2
(4.10) Eexp(t{) < exp{— .
£
Introducing the functional Ent(g) = Eg log g — Eg log Eg = sup{Egn:
Ee" < 1} (g = 0), we see that (4.10) is equivalent to saying that, for all g > 0,

2¢2
E(tg— —)g < Ent(g).
&

Optimizing this inequality over all ¢ € R, we come to the equivalent inequal-

ity
8
Eégl < ;Eg Ent(g) .

Applying this to indicator function g = 1, of a set of measure P(A) =p €
[0, 1] and further using the left inequality of Lemma 4.1, we get

8 1 4
<p ;log; Sﬁl(p)

ngdP
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As a result, we arrive at (4.5) and therefore at (4.4) with ¢ =4/ Ve . If p > 1,
then we can apply (4.5) to O\ A. Since E¢, = 0, this inequality remains to
hold for all p. This proves Lemma 4.1 and Theorem 1.2, together with
inequalities in (1.6).

We can now derive from Theorem 1.2 the following corollary.

COROLLARY 4.3. Let u be a probability measure on R with an absolutely
continuous density p such that

f+°°exp{g‘:((—x)} du(x) <2,

e x)z

where & > 0. Then, for all h € 12,

411 I — oy < 2 2@(2||h”2)—1
(- ) My Mmool = ‘/; .

Proor. First let us note that, for every ¢ > 0 and every unimodal, sym-
metric around 0, probability distribution F on R, the function u,(p) =
F(FY(p)+t)—p,0 < p < 1,is maximized at the point p = F(—¢/2). Hence,

supu,(p) = F(t/2) — F(—t/2) = 2F(t/2) — 1.

In particular, if F' = ®, sup, u,(p) = 2®(¢/2) — 1. From (1.4), for every set
A c R” of measure u“(A) = p,

| h(A) — w(A)| < R (P) =P =uu(p) <2®(clnlz/2) — 1.

This proves (4.11), since || uj, — u”lltv = 2sup,l w;(A) — (A, and since
¢ < 4/ Ve according to (1.6).

As we mentioned before, if w has a finite variance b, then, by the central
limit theorem,

sup sup p;(A)>P(d'(p) +t/b).
lhlle=t w(A)=p

Substracting p from both sides and maximizing over all p € (0, 1) as above,
we get sup;;, _, supl u;(A) — w(A)] = 20(¢/2b) — 1; that is,

(4.12) sup Il — wllty = 2(2®(t/2b) — 1).

liallz=1
This shows that (4.11) is sharp up to a constant in front of [|4||5, provided we
want to control the total variation norm in terms of the Euclidean length of A.
Actually, for all log-concave probability distributions w, an estimate like
(4.11) can be reversed in the sense that, after a modification of the right-hand
side of (4.12), the supremum in (4.12) can be replaced with the infimum

(4.13) HhiHmf s — ity = 2(1 — exp(—ct)).
9=t
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This is a consequence of a recent result due to Krugova [5], who showed that,
given a Radon log-concave probability measure u on a locally convex space E,
for every vector h € E, along which u is differentiable,

(4.14) Iy, — wplloy > 2(1 — exp(—Illd;, pllrv/2)).

Recall that u is differentiable in direction ~ € E (in the sense of Fomin,;
cf. [1]) if, for every Borel set A in E, the limit

(At sh) — u(A)

e—0 &

dj n(A)

exists and defines a finite signed Radon measure on E. In the case of the
product measure u*° on E = R” with finite Fisher information J(u), the
derivative d, u is well defined for all 4~ € [? and absolutely continuous with
respect to wu” with density X;h;¢, where &(x) = p'(x;)/p(x;). By
Marcinkiewicz—Zygmund’s inequality, for some universal constant K > 0, we
have

0

Y hig

=1

> K\/ Y h2(El&))? = KEIg | Rl
i=1

where the expectations are with respect to u. It then follows from (4.14) that
(4.13) holds for every log-concave measure u with ¢ = KE|£,|/2. For exam-
ple, for the two-sided exponential distribution u = v, we have

2(1 — exp(—cyllhllz)) < v} — vl < 2(2®(c,llAll) — 1),

Iy il = |

W=K[ [ ¥R dp
i=1

where both sides are sharp up to some numerical constants ¢, and c, [the left
inequality is sharp for the vectors 2 = (¢,0,0,...)].

5. Shift inequalities of exponential type. By a similar argument, we
prove in this section the following analogue of Theorem 1.2. Set

1
H(p)=plog— + (1 —p)log , O0<px<l1
(p) (1= p)log T—

and define the distribution function F on the real line via its inverse

F(p) = [

_—, 0<p<l1.
1/2 H(2) P

THEOREM 5.1. Let u be a probability measure on R. There exists ¢ > 0
such that, for all Borel sets A C R* of measure w*(A) = p and every h € 12,
an inequality

(5.1) F(F'(p) —cllnlly) < uj(A) < F(F '(p) +cllhllz)
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holds true, if and only if n has an absolutely continuous density p with

(5.2) erwexp{e p(x)

— p(x)

} du(x) <2 for some &> 0.

As we will see, the optimal constants ¢ and & in (5.1) and (5.2) are
connected with the relation

5.3 — <c<
(5:3) 6¢e ¢

The function H is concave, symmetric around the point p = 1/2, with
H(0) = H(@) =0, so F is a distribution function of a symmetric log-concave
probability measure on R. Since ¢log(1/¢) > (1 — #)log(1/(1 — ¢)), for ¢t €
[0, 1], it follows from the definition of F that

(5.4) 2 eR(*/2 < F(x) <2790, x <0

1 4
; .

Hence, F may be viewed as a symmetrized double exponential distribution.

The family of functions R,(p) = F(F '(p) + t), t € R, forms a group with
generator H( p). Therefore, according to Lemma 2.1 with I = H, and as in the
pass from (4.1) to (4.4), the shift inequalities in (5.1) are equivalent to the
property

o\ 1/2
ngi dP ) < cH(P(A)),

(5.5) ( il

where P = " (n is an arbitrary positive integer), £,(x) = p'(x,;)/p(x;), x €
R" and where A is an arbitrary Borel set in R". To complete the proof of
Theorem 5.1, we need a statement similar to Lemma 4.1.

LEMMA 5.2. Let &,,...,¢, be i.i.d. random variables on a probability
space (Q, 7, P) with E&; = 0. If inequality (5.5) holds with n = 1 for some
c > 0, then

(5.6) Eexp(elél) <2
with & = 1/(6¢). Conversely, (5.6) implies (5.5) for all n with c = 4/¢.

Proor. First assume (5.5) holds with n = 1,

(5.7)

fA ¢ dP

For the sets A(x) = {¢, > x}, x > 0, we have [, & dP > xP(A(x)). Recall-
ing that H(p) < 2plog(1/p) for p < + and assuming P(A(x)) < %, we get
from (5.7) that P(A(x)) < exp{ —x/(2¢)}. With a similar argument concerning

— ¢4, one can conclude that

P{l &1 > x} < min{1,2 exp(—x/(2¢))}, x>0.

<cH(P(4)), Aes
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Therefore, for £ < 1/(2¢),

Eexp(elél) =1+ af0+wexp(ax)P{|§1| > x} dx

+o x
<1+ sfo exp(sx)min{l,2 exp(—%)} dx
22(56
T 1-2sc

It is now easy to see that E exp(¢e|&,]) < 2 for ec < 1/86.
To prove the converse, we need the following lemma.

LEMMA 5.3. Let 1 be a random variable.

(@) If Ee" < 2,En =0 and |t| < 3, then Eexp(tn) < exp(5t2/2).
() If Ee" < 2 and P(A) < 3, then [,ndP < 2P(A)log(1/P(A)).

PrROOF. (a) As in the proof of Lemma 4.2, on the interval |¢| < %, consider
the function v(#) = logE exp(¢n). It is convex with v(0) =v'(0) =0 and
v"(t) < En? exp(tn) < En? exp(In|/2). Applying the inequality 2 exp(|n|/2) <
2exp(|n)), we get v"(¢) < 5. This implies v(¢) < 5¢2/2.

To prove (b), recall that the inequality E exp(n) < 2 is equivalent to the
property E(n — log2)g < Ent(g), for all (bounded) g > 0. For indicator func-
tion g = 1,, this gives [,ndP < P(A)log2 + P(A)log(1/P(A)). Since log2 <
log(1/P(A)), we obtain the result.

Now we can derive (5.5) from (5.6). Since E¢; = 0 and since the function H
is symmetric around the point 1/2, we may assume that P(A) < 1/2. By
Lemma 5.3(a) with = ¢¢;, we have E exp(te¢;) < exp(5t2/2), for all |¢]| < 1.
Therefore, the same inequality holds for r.v’s ¢ =a&; + -+ +a,§,, where
a? + -+ +a? = 1. In particular, for ¢ = 1/2, Eexp(e£/2) < exp(5/8) < 2. By
Lemma 5.3(b) with n = ££/2,

& n
5[ X aiédP < 2P(A)log
2745

P(A)’

Optimizing over the coefficients (¢;) and since p log(1/p) < H(p), we obtain
(5.5) with ¢ = 4/&. Lemma 5.2 and Theorem 5.1 are proved. O

Using (5.2)—(5.4), with the proof very much similar to the one of Corollary
4.3, we get the following.

COROLLARY 5.4. Let u be a probability measure on R with an absolutely
continuous density p satisfying (5.2). Then, for all h € 12,

(58) iy = wlly < 2(1 — 21~ Pl /),
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