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Abstract

In this work, we study general Dirichlet coalescents, which are a family of =-coalecents
constructed from i.i.d mass partitions, and are an extension of the symmetric coa-
lescent. This class of models is motivated by population models with recurrent
demographic bottlenecks. We study the short time behavior of the multidimensional
block counting process whose ith component counts the number of blocks of size <.
Compared to standard coalescent models (such as the class of A-coalescents com-
ing down from infinity), our process has no deterministic speed of coming down
from infinity. In particular, we prove that, under appropriate re-scaling, it converges
to a stochastic process which is the unique solution of a martingale problem. We
show that the multivariate Lamperti transform of this limiting process is a Markov
Additive Process (MAP). This allows us to provide some asymptotics for the n-Site
Frequency Spectrum, which is a statistic widely used in population genetics. In
particular, the rescaled number of mutations converges to the exponential functional
of a subordinator.
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General Dirichlet =-coalescents

1 Introduction

1.1 General Dirichlet =-coalescents

Coalescents with simultaneous and multiple collisions (=-coalescents, [41, 38, 8])
are exchangeable coagulating continuous-time Markov chains with values in the set of
partitions of IN. They can be built via a paintbox construction (see [6], Section 4.2.3).
Consider a finite measure Z on A = {p' = (p1,p2,...) : >.p; < 1}, the simplex on
(0,1), and a Poisson point process (Ppp) on R4 x A, of intensity dt ® Z(dp)/ > p?, giving
the coagulation times and rules. At every jump time, (1) consider a family of disjoint
subintervals (11, I2,...) of (0,1), where I; has length p;, (2) throw every block present at
this time uniformly at random and independently in (0, 1), and (3) blocks falling into the
same subinterval among (I, I», ... ) merge into one.

In this work, we consider a particular subclass of =-coalescents where the interval
partition of the paintbox has a generalized version of a Dirichlet distribution with a
random number of components. More precisely, consider a sequence of non-negative

numbers (R(k); k € IN) and m a probability measure on (0,00). Then, generate at rate
(k) (k)

R(k) a partition (py’,...,p, ') where
vje k], pi =2 (1.1)
Sk
where (wy,...,w;) are i.i.d. random variables with law m on (0,00), s := Zle w;
and [k] := {1,...,k}. As in the previous paintbox construction, blocks are assigned

a uniform random variable, and we merge all the blocks falling in the same interval.
This corresponds to a Z-coalescent where the characteristic finite measure = on the
infinite simplex A is described as follows. For every k € IN, let us define vy, a probability
measure on the infinite simplex A, s.t.

v = E((wl/sk,wg,sk,...,wk/sk,0,0,...)),

where £(X) denotes the law of the random variable X. Then, for every measurable

B C A,
Z(B) :Z/ R(k) <Zw?>yk(d(x1,a:2,...)).
k=1"B i=1

The case where the w;’s are Gamma distributed corresponds to the standard Dirichlet
mass-partition. In particular, if the w;’s are exponentially distributed, it corresponds
to a symmetric Dirichlet distribution. We refer to this model as the general Dirichlet
coalescent. The name Dirichlet coalescent was coined in [23]. Therein the authors
consider paintbox construction according to a Dirichlet distribution with a fixed number
of components.

Another example of such a process is the symmetric coalescent defined in [24], which
corresponds to the case where w; = 1 a.s. In that case, in order to correspond to the
paintbox construction described above, the sequence R must satisfy that > R(k)/k < oo,
see [24]. Here, we assume a finite second moment for m and that the rate of k-events
has a heavy tail, in the following sense.

Assumption 1.1. 1. There exist a € (0,1) and p > 0 such that R(k)k* — p as k — oc.
2. fR+ ?m(dz) < oco.

In fact, a =-coalescent is well defined if the rate at which two blocks merge into
one is finite [41]. It is easy to see from the paintbox construction that, since the vector
(pgk), ce p,(ck)), is exchangeable, this rate is given by

k)N 2
> RKE((p")°),

k>1
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which is finite under Assumptions 1.1 (see Proposition A.1 in Appendix A).

Suppose that the general Dirichlet coalescent starts with n singletons. Denote by
gy = (a(1),..., a7 (n)) the vector such that i} (¢) is the number of blocks containing ¢
elements at time ¢, and denote by |}| the total number of blocks. Define the rescaled

vector )
u? ﬂfna 1. (1.2)

In this paper, we aim at studying the limiting behavior of the Markov process (u}';t > 0)
as n — o0o. We prove (in Theorem 2.2) that it converges towards a stochastic process
(3t > 0), defined as the unique solution to a martingale problem associated to a
continuous coagulation operator (see Theorem 2.1).

Intuitively, the result can be understood as follows. In the paintbox construction,
when there are n hneages a k- mer%mg event corresponds to throwing n balls into &
boxes (with probabilities (p1 ey pk )), and merging the balls that land in the same box.
For k > n, the chance that non- tr1v1a1 merging occurs is negligible, whereas for k < n,
all lineages will be merged into a few lineages (which disappear when rescaling the
number of blocks by n). The total rate of k-events with en < k < Mn for some small € > 0
and large M < oo can by approximated by ff” py~%dy = Cn'~“ with some constant C,
which explains why time is slowed down by this factor. The heuristics behind the form of
the coagulation operator that is the central part of the generator of the limit process are
explained in Section 2.2.

We also show that this limit process is self-similar with negative index 5 := o — 1 (see
Theorem 2.3). In particular, the limit of the rescaled block counting process (|u:|;t > 0)
is the exponential of a time-changed subordinator. As a direct corollary, if we define

A= inf{s >0: / |M1|5dr > t} and & := —log(|ua,l), (1.3)

then (&;¢ > 0) is a subordinator. The law of the subordinator can be identified as a
direct consequence of Theorem 7.2 (see Section 7). This shows that the short time
behavior of the block counting process remains stochastic. This is in sharp contrast with
previous studies where it is shown that classical models (such as A-coalescents) exhibit
a deterministic speed of coming down from infinity, see Section 1.2 for a more detailed
discussion. Our result can be interpreted as a stochastic speed of coming down from
infinity.

1.2 Speed of coming down from infinity

We say that a =-coalescent comes down from infinity if there are finitely many blocks
at any time ¢ > 0 almost surely, even if the coalescent is started with infinitely many
blocks. In his original work, Schweinsberg already established a criterion for coming
down from infinity [41]. In the case that the characteristic measure of the coalescent
is supported on the set of finite mass partitions A* = {p' = (p1,...,pk) : Z?Zl pj =
1, for some k} (which is our case of interest), the process comes down from infinity if

and only if
/am:
A Zj p?

Otherwise, the number of blocks stays infinite for a finite amount of time. As another
example, coalescents whose characteristic measures are supported only on infinite mass
partitions, i.e. for which Z(A*) = 0, either come down from infinity or always stay
infinite. We consider coalescents supported on A* and that come down from infinity.
Limic [34] studied the small time behavior of =-coalescents under what she called a
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regularity assumption

/A(sz?;) =(dp) < oo.

In this setting, and starting with infinitely many lineages, there exists a speed of coming

down from infinity, i.e., a deterministic function v=(t), which is finite for all ¢ > 0 such

that, if |i;| is the number of blocks at time ¢ in a coalescent starting with infinitely many
lineages,

|t

t—0+ v=(t)

= 1, almost surely.

This mirrors the behavior of the class of A-coalescents coming down from infinity [5, 4].
To summarize, most of the previous studies have shown that the block counting process
of a large class of exchangeable coalescents exhibits a deterministic behavior at small
time scale.

In the present work, we consider =-coalescents belonging to the first family (for which
= is supported on A*), and which come down from infinity (see [41], Section 5.5). We
take a different approach, since we study the rescaled number of blocks, starting from
n lineages, as n — oc. In our case, when time is re-scaled by n®~!, the block counting
process converges to a stochastic self-similar process, so there is no deterministic speed
of coming down from infinity.

Our results have similar flavor to those of Haas and Miermont [25] for A coalescents
with dust, and of Mohle and co-authors [23, 37] for a class of Z-coalescents with dust.
In the first work, a self similar behavior of the rescaled number of blocks is obtained in
the limit. In the second work, they prove that the frequency of singletons, as well as the
number of blocks rescaled by n, converges to the exponential of a subordinator (without
any time-rescaling). A natural prospect of research would be to identify conditions that
would partition =Z-coalescents (coming down from infinity) into two main classes: a first
class with a deterministic limiting behavior, and a second one with a stochastic descent
from infinity.

1.3 Perspectives on coming down from infinity

Our results deal with processes valued on the partitions of n when n goes to infinity.
Although this is heuristically related to the case n = oo, which corresponds to working
with partitions of IN, we expect that there are important technical challenges when
studying the process starting with infinitely many blocks. To be precise, the latter
would require an entrance law at infinity for the limit of the multidimensional block
counting process. In our approach, we avoid this problem by rescaling the block counting
process by n so that |uj| = 1 and there is no need for entrance laws for the limit process
(a3t > 0).

The study of entrance laws of self-similar Markov processes has recently been an
active area of research. In the one dimensional case there is an extensive literature
(see for example [7, 10, 19] and the references therein). Recent results in the finite
dimensional case can be found in [31]. This is also a classic problem for Markov additive
processes [16]. We believe that our results can motivate the study of entrance laws for
infinite dimensional self-similar processes.

1.4 Biological motivation

The symmetric coalescent [24] can be obtained as the limiting genealogy of a Wright-
Fisher population that undergoes rare recurrent bottlenecks reducing the population
size to a random number k of individuals for only one generation. In this case, the second
point of Assumptions 1.1 always holds and the first point is fulfilled if the measure
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characterizing the size of the bottlenecks has power tails of order . General Dirichlet
coalescents naturally arise in an extension of this model, that can be seen as multinomial
non-exchangeable reproductive events [44].

The analysis of the asymptotics of the multidimensional block counting process allows
us to characterize the limiting behavior of the Site Frequency Spectrum (SFS) of our
family of =-coalescents as some functional of the limit process (p:;t > 0). The SFS is
one of the most widespread statistics in population genetics. It consists in a vector of
size n — 1 whose ith component counts the number of mutations that are shared by ¢
individuals in a sample of size n. We suppose that mutations occur at a constant rate
over the coalescent tree started with n individuals, so that the SFS is closely related
to its branch lengths. In general, this is a complex combinatorial problem and most
of the previous works have relied on some approximations of the short time behavior
of the block counting process to derive asymptotics for the lower part of the SFS (i.e.,
number of singletons, pairs etc.). Some examples are [18] for the case of the Kingman
coalescent, and [5, 13] for coalescents with multiple collisions, such as Beta-coalescents,
or[2, 28, 20, 29] for the special case of the Bolthausen-Sznitman coalescent. For fixed n,
some studies on the law of the SFS can be found in [22, 26, 29].

There are few results available regarding the SFS of =-coalescents. Works like
[14, 42] present computational algorithms based on recursions to derive the expected
SFS for finite n. Asymptotic properties of =-coalescents started with n lineages were
studied previously, in particular regarding the number of blocks [35]. Theorem 2.4
describes the asymptotics of the SFS for general Dirichlet coalescents.

2 Main results

2.1 Notation

Let us start this section with some notations. We denote by IN the positive integers
and by IN, the non-negative integers. Let /!(IR, ) be the set of all sequences with positive
coordinates and with finite sum. For every z = (2(1), 2(2),...) € ¢}(R,), we denote the
sum of all its elements by |z| = >_:° | z(i). We also denote by ¢! (INy) the set of sequences
with coefficients valued in INy and finite sum. Define

Z .= {z e "(R") izz(z) = 1}, Z,:={z€Z:nzel'(Ny)}.

The space Z will be equipped with the ¢! (R, ) norm. The latter definitions are motivated
by partitions of n € IN. Recall that a partition of n € IN denotes an unordered sequence
of integers {m(1),...,m(k)} such that Zle m(i) = n. For every i € IN, define z(i) =
L4k : m(k) = i}, the “frequency” of i in the partition of n. Then z = (z(1), 2(2),...)
is an element of Z,,. Starting with n singletons, we study the multidimensional block
counting process of the general Dirichlet coalescent as a Markov process valued in Z,
(as already outlined in the introduction). Its first component denotes the frequency of
singletons, its second component is the frequency of pairs, etc.

For every ¢ = (c(1),¢(2),...) € £*(Ny), we define ¢(c) = 2| ic(i) so that for every

LeN,
o) = {c € (*(INy) : ch(z) = f},

i=1
Observe that ¢ ~!(¢) is a way of encoding partitions of ¢. For any partition ¢ € p~1(¢), we
also define ¢! = Hle c(i)l.

For any random variable X valued in /!(RR ), we denote by E(X) the deterministic
vector obtained by taking the expected value coordinatewise. For 7' > 0, we denote by

EJP 29 (2024), paper 12. https://www.imstat.org/ejp
Page 5/35


https://doi.org/10.1214/23-EJP1064
https://imstat.org/journals-and-publications/electronic-journal-of-probability/

General Dirichlet =-coalescents

D([0,T], Z) the space of cadlag functions on (Z,¢*(R,)) equipped with the Skorokhod
M, topology [43, 45].
For any ) € [0,1], we define

Vz € Z, ha(z) =D _ z(i)\,

=1

oo

and for every X € [0,1]X, K € IN, we define

Vz € Z, Y5(z) = (1/}A1(z), ceyUnge (z))
We define the following set of test functions

T={f:Z—>R: IX=(A1,..., k) € [0,1]%, F is Lipshitz continuous on [0, 1],
s.t. f(z) = F(¢x,(2), ..., (2) = Foys(z)}.

2.2 Convergence of the rescaled partition process

We are now ready to enunciate and comment on our main results. We start by
describing the random coagulation corresponding to the jump events of the general
Dirichlet =-coalescent. Set z,, € Z,, where nz,, (i) is the number of balls of size i (the size
of a ball refers to the number of samples/lineages it represents). Then throw nz, (i) balls
of size 4, ¢ > 1, at random into k£ boxes in such a way that the probability of falling into
box j € [k] is p\"), as defined in (1.1). Now, define A*"(z,) € Z, as

Ve e N, AF"(z,)(0) = l#{j < k : sum of the sizes of the balls falling in box j is £}.
" 2.1)
Note that, for £ > n, A¥"(z,)(¢) = 0. By a slight abuse of notation, we define the (random)
operator A®™ acting on Z, such that, for every function g defined on Z,,,

Akmg(zn) = g(Akﬁn(Zn)) .

Thanks to these notations we can define the infinitesimal generator of the Z,-valued
process (u};t > 0) defined in (1.2) as

Anfo) = s 7RIV E(A f(2)) — F(20) @.2)

k>1

for every measurable and bounded f : Z, — R and z, € Z,.

Before diving into technicalities, let us first motivate the coming results. Assume that
k,m — oo with k/n ~ z € (0,00), i.e., a large number of balls (n) and boxes (k), of the
same order. Under this restriction, if an event involving k£ boxes occurs, the number of
balls of size ¢ falling in box 1 is well approximated by a Poisson random variable with

parameter
k . r .
pg )nzn(z) ~ EZ"(Z)’

where W,

~ E(w)’
Further, since the number of balls/boxes is large, the total number of boxes with r balls
of size 7 should be well approximated by

r Tz (@)
k —zp(i) | ————.
X (xz (z)> o
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By a similar heuristic, if k,n — oo with k/n ~ z € (0,0), we expect

(20 (i)T 2)c®
Ak,n(zn)(g) ~ E(x exp —|Zn|F/£ Z H >’

c€pT1(£) i=1

where the expectation is taken with respect to the random variable I'. This justifies the
limit operator introduced later on in (2.3).

2.3 A martingale problem

We now define the martingale problem, associated to a continuous coagulation
operator, described as follows. Let x > 0 and define C* : Z — Z, such that its /th
coordinate is given by

xc(z
C*(z)(0) = E(zexpz|F/x Z H F/ ) (2.3)

cep—1(L)i=1

From the heuristics of the previous section, C*(z, )(¢) is a natural candidate to approxi-
mate A®"(z,)(¢). As for A¥", we define the operator C* on functions on on Z such that,
for every function g bounded and measurable on Z,

Cg(z) = g(C*(2)).

We will show in due time that C*(z) € Z, see Proposition 5.1.

Theorem 2.1 (Uniqueness of the martingale problem). For everyz € Z and f € T, the
function

— (Cf(2) — f(z))pz™*

is integrable on (0, c0). Define

Af(z) = /000 (C*f(z) — f(z))px“da. (2.4)

There exists a unique cadlag process (u;t > 0) valued in Z with py = z such that

t
<f(ut) — / Af(us)ds; t > O> is a martingale for every f € T. (2.5)
0

Theorem 2.1 characterizes the limiting process in the following result.

Theorem 2.2. Suppose that Assumptions 1.1 hold. If uff = z,, — z € Z, then for every
T >0,
(nist > 0) = (st > 0) in D([0,T), Z),

where the process (u;t > 0) is the unique solution to the martingale problem (2.5) with
initial condition z.

2.4 Self-similarity

The second part of this paper is devoted to the study of the limiting process (u;t > 0)
characterized in Theorem 2.1. We prove that it is an infinite dimensional self-similar
process, with negative index 8 := o — 1 € (—1,0) (Proposition 7.1). We can characterize
its infinite dimensional Lamperti-Kiu transform.

The fact that (u¢;t > 0) is self-similar is inherited from the regular tail behavior
of R(k) (which is reflected by the 2~ in the generator (equation (2.4)) together with
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the fact that for any positive constant v and for every ¢ € IN, vC*(z)(¢) = C"*(vyz) (see
equation (2.3)).

To characterize this transformation, first consider the limiting block counting process
(lpee];t > 0). According to Proposition 7.1, (|u];¢ > 0) is a non-increasing self-similar
positive Markov process with parameter 5. The standard Lamperti transform tells us
that such a process is identical in law to the exponential of a time-changed subordinator.
Recall (At > 0) and (&;t > 0) defined in (1.3). Then (&;t > 0) is a subordinator and
(|pet];t > 0) can be recovered by the relation |u:| = exp(—&;,), where 7 := inf{u > 0 :
S exp(BE)ds > t}.

Let us turn to the infinite dimensional self-similar process (u;t > 0). Let S := {z €
/1(Ry) : |z] = 1} be the unit sphere in ¢!(R;). The idea of the infinite dimensional
Lamperti-Kiu transform is to decompose the process into its “radial part” (|u|;t > 0)
(the block counting process) and its “spherical part”

(o)

which encodes the evolution of the asymptotic frequencies of singletons, pairs, etc. In the
spirit of the one-dimensional case, the process can be related to a time-changed Markov
additive process (MAP, see [15]). Theorem 2.3 is a natural extension of Theorem 2.3. in
[1], established in finite dimension.

Theorem 2.3 (Lamperti-Kiu transform). For every ¢t > 0, define the stopping time (A;t >
0) asin (1.3) and ((&,0:);t > 0) as the process valued in R} x S such that

1
§ o= —log(|pa,l), 01 := ——pa,.
lpa,|

Then, ((&,0:);t > 0) is a MAP with respect to the filtration (G;;t > 0) := (Fa,;t > 0), i.e.
(&;t > 0) is a subordinator and

Ego.ﬂo (f(ftJrs - 557‘9t+s) ‘ gs) = EO,GS (f(ft»et))

Further, (u,;t > 0) can be recovered from its Lamperti-Kiu transform through the formula

e = Or, exp(—£-,) (2.6)

where 7, := inf{u > 0: [ exp(B&;)ds > t}.

2.5 Site Frequency Spectrum

The third part of this work is devoted to the asymptotics of the SFS of the family
of general Dirichlet =-coalescents, in the limit of large n. Consider the infinite sites
model, where it is assumed that mutations occur according to a Poisson Point Process of
intensity » > 0 over the coalescent tree and that each new mutation falls in a new site
so that all the mutations can be observed in the generic data. Define the rescaled SFS
F, = (F.(1),F,(2),...) where

1
Vi<n—1, F,(i) = —#{mutations carried by ¢ individuals}.
n

Under the infinite sites model, there is a very close relation between the SFS and
the block counting process of the coalescent tree. More precisely, conditional on the
coalescent, the number of segregating mutations affecting 7 individuals of the sample is

given by a Poisson random variable with parameter r fOT” [ (i)ds, where T,, denotes the
time to the most recent common ancestor (height) of the coalescent tree.
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Theorem 2.4. Let (§;,0;) be defined as in Theorem 2.3. We have

lim F, :r/ Lsds
n— o0 0
= r/ 0., exp((a — 2)§u)du,
0

where the convergence is meant in the weak sense with respect to the (*(R. ) topology.
In particular, the (rescaled) total number of mutations |F,,| is asymptotically described
by the exponential functional of a subordinator [11], i.e.,

lim |F,| = r/o exp((a — 2)&,)du.

n—oo

Observe that a similar rescaling, in n®, o« < 1 appears for the lower part of the
spectrum (small values of i) of Beta-coalescents coming down from infinity [5], although
«a was used in a different parametrization there. Also note that, in most coalescent
models, the rescaling order is not the same all along the vector. As an example, four
different renormalizations are listed in the study the SFS of the Bolthausen-Sznitman
coalescent, [29].

2.6 Outline of the paper

The rest of the paper is organized as follows. In Section 3 we use Stein’s method
to derive bounds for the total variation distance between vectors obtained by throwing
balls into urns and their Poisson approximations. These results are used in Section 4
to prove the convergence of the generator of the multidimensional block counting
process (uf;t > 0) (defined in equation (2.2)) to the generator of the limiting process
(defined in (2.4)). Section 5 is devoted to the study of the martingale problem (2.5).
Before proving the uniqueness of its solution (Theorem 2.1), we analyze the coagulation
operator C* (some additional technical results can be found in Appendix B). In Section 6,
we prove the convergence of (u';¢ > 0) to the unique solution of the martingale problem
(Theorem 2.2). In Section 7, we prove that the limiting process is self-similar and we
characterize its Lamperti-Kiu transform (Theorem 2.3). We also provide an additional
representation of the process using stochastic flows. Finally, in Section 8, we study some
asymptotics on the branch lengths which allow us to prove Theorem 2.4. Appendix A
contains some moment estimates on the mass partition components p§-k) (defined in (1.1))
that are used in several proofs.

3 Urn estimates

Let F be a discrete space equipped with the usual o-field F generated from the
singletons. Recall that the total variation distance between two measures v, v, on E is
given by

1
drv(vi,v2) = sup [11(A) = va(4)] = 5 > (@) — (). (3.1)
AeF
z€EE
For a random variable X, we denote by £(X) its law.

In this section we recall and establish some bounds for the total variation distance
between binomial variables and vectors obtained by throwing balls into urns and their
Poisson approximations. Those results are mainly obtained using Stein’s method [40].

3.1 Undistinguishable balls

We start by considering n indistinguishable balls that are allocated at random to k
urns. For i € [k], let p; be the probability of being allocated to the ith urn. Let X; be the
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number of balls allocated to urn 7 so that X; has a binomial distribution with parameters
nand p; and Y5, X; = n.

Lemma 3.1. Lety > 0. Let Y be a Poisson distributed random variable with parameter
yn/k. Then,

drv (£(X1), £(Y)) < min{pr,pin} + Iy — kpi.

Proof. Let W be a Poisson random variable with parameter p;n. Using triangular
inequality,

dry (£(X1), £(Y)) < dpy (£(X1), £W)) + drv (E(W), £(Y)).

For the first term in the RHS we use the celebrated Chen-Stein inequality for the
approximation of the total variation between Poisson and binomial random variables (see
for example Theorem 4.6 in [40]). For the second term we use an inequality for the total
variation distance between Poisson random variables with different means, that can be
found in equation (5) of [39]. O

Now we consider balls that are allocated to two different urns.

Lemma 3.2. Let (W, W5) be a pair of independent Poisson distributed random variables
with respective parameters p;n and pan. Then,

dryv (£(X1, X2), £(W1,W2)) < (p1 + p2)°n.
Proof. Our argument relies on the following observation

1. Z := X; + X, follows a binomial distribution of parameters (n, p; + p2).

2. Conditioned on Z =z, (X1, X3) has a multinomial law of parameters (z, pfj:m , pffm ).

Analogously, we can consider a pair of random variables constructed as follows. Let W
be a Poisson random variable of parameter (p; + p2)n. Conditionally on W = z, (W7, W)

. . P1 P2
has the same multinomial law of parameters (z, DD’ Pripe ). For z € Ny, denote by B,

a binomial random variable with parameters (z, pl’j:m ). Then

D P((X1, Xa) = (i.5)) = P((Wh, Wa) = (i, 5))|

i,7>0
= Y |P(Z =i+ j)P(Biy; = i) — P(W =i+ j)P(Biy; = i)|
i,j>0
= Y |P(Z=2)-P(W=2)PB.=i)=) |[P(Z=2)—PW=2z).
2=0 =0 z=0

So, using again Chen-Stein’s inequality (Theorem 4.6 in [40]), we conclude that
dry (£(X1, X2), £(Wi,Wa)) = dry (£(2), £W)) < min{(p1 + p2), (p1 + p2)°n}. O

3.2 Balls with distinct sizes

In this section we consider an urn problem where balls are distinguishable by their
sizes. We start with a general result.

Lemma 3.3. Let / € IN and let (A" ..., AtD) and (BM, ..., BU+1) be two vectors of
independent random variables defined on the same discrete subset E. Then,

l+1
dry (E(AW, .., ACTD) g(BW . BUIY) <N " dpy (£(AD), £(BW)).
=1
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Proof. Let us denote by v 4 the distribution of A and by v« the distribution of B (@),
for i € [¢ + 1]. Since the product function f(z1,...,2¢11) = @1 - ... - g4 is 1-Lipshitz
on [0, 1]**! for the L! norm on R/*!, the second definition of the total variation in (3.1)
implies that

dry (£(AD, . A g(BW B

= % Z |I/A(1)($1)...I/A(zz+1)($g+1) 7I/B(l)($1)...I/B(z+1)(xg+1)|
(z1,eyTop1 ) EEETT
1 {+1 £+1 ) .
< B Z Z|VA(1;) (z;) — Vo) (l‘t)| = ZdT\/ (Q(A(Z)),E(B(l))). O
(@1, e 1) EEEHL i=1 i=1

Fix £ € IN. We consider balls with £+ 1 distinct sizes. For ¢ € [{+ 1], suppose that there
are N; balls of size i. We allocate at random these balls into k£ urns, with probabilities
(p1,--.,pr)- Let (X;l), e ,XJ(.H'U) be the number of balls of each size that are allocated
to urn j. The variables (X ](-1), X J(Z+1)) are independent binomial random variables
with respective parameters (N;,p;). The following result is a direct consequence of

Lemmas 3.1 and 3.3.

Corollary 3.4. Let (X, ..., X(+1) be independent binomial random variables with
respective parameters (Ny,p1),...,(Nyy1,p1). Lety, > 0 and let (Y ... YD) pe
independent Poisson random variables with respective parameters y1 N1 /k, ..., y1 Not1/k.

Let N = sup,; N;. We have

dry (XD, XED) g(y® |y D))

. - N
<(+1) (mln{pl,p%N} + ?|y1 - kp1>.

For each i € [( + 1], let X() .= (Xfi),XQ(i)) denote the number of balls of size i
that are allocated to urn 1 and 2 respectively. The variable Xl(i) (resp. X;)) follows a
binomial distribution of parameters (NV;,p1) (resp., (V;, p2)). The following result is a
direct consequence of Lemma 3.3 combined first with Lemma 3.2 and second with the
Chen-Stein inequality.

Corollary 3.5. Let (WX, ... WD) be independent random vectors such that W) =
(Wl(i), WQ(i)) is a couple of independent Poisson random variables with respective param-
eters p1 N;, poN;. Then,

dry (£(XW,.., XED) g(WO L WED)) < (04 1) (pr + p2)?N,
and, for j € {1,2},

dry (2(XM, XY (Wi, W) < (04 1)p2N,

where N = sup,{N;}.

3.3 Coagulation operators defined from urn problems

Again, we fix £ € IN and consider balls with ¢+ 1 distinct sizes. Let N = (N1,...,Not1)
where N; denotes the number of balls of size i. We allocate at random these balls into &
urns, such that the probabilities of falling in different urns are given by = (p1,...,pk)-
We define a random coagulation of N by considering that balls that are assigned to the
same urn are merged into one ball whose size is the sum of all of them, i.e., such that

Vm € N, CP(N)(m) = #{j < k : sum of the sizes of the balls falling in box j is m}.
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Lemma 3.6. Fix a probability vector 5 = (p1,...,px) € [0,1]* and consider the random
coagulation associated to . For every N € IN‘t1,

¥m €N, |N,, — C7(N)(m)| < 2(|N| - |C7(N)]), (3:2)
almost surely, and

k
E(IN| - |CP(N)]) <IN _p}. (3.3)
j=1

Proof. Let us first prove (3.2). The difference N,, — CP(N)(m) is the net gain or loss
of balls of size m in the coagulation operation. This can be computed by taking the
difference of the following two quantities

(a) The number of balls of size m falling in an urn where another ball is assigned
(regardless of its size).

(b) The number of urns with more than two balls and whose sizes add up to m.

Suppose first that N,, > C?(N)(m). Thus, N,, — CP(N)(m) is smaller than (a) alone.
Finally, (a) is smaller than the twice the total number of balls that are lost. As an
illustrative example, consider the case when the N,, balls are assigned in pairs to N,,/2
different urns, coagulating into NV,,/2 balls of size 2m. Then the number of balls of size
m that are lost is N,,, and the total number of balls that are lost is V,, /2.

Now suppose that N,, < C#(N)(m). In this case C#(N)(m) — N,, is less than (b). In
turn, this is less than the number of urns containing at least two balls, which is less than
the total number of balls that are lost. This completes the proof of (3.2).

Now, let us turn to the proof of (3.3). Since for « € (0,1), we have log(l —z) < —x
and e * < 1 — x + 22, then

1—(1—p)"=1—ero80=P) > 1 _ 7" > g — (np)2.

Recall that |CP(V)] is the number of non-empty boxes when assigning | V| balls to & urns
with probabilities (p;, ..., px). Using the previous inequality,

(1— (1 —p)™)

hE

E(|N| — [CP(N)]) = |N| ~

j=1
k
< IN| = Y (INlp; — [N Pp)).
j=1
Observing that Z§:1 p; = 1 yields the desired result. O

4 Sequence of urns. Convergence of the generator

Recall from Section 2 the continuous generator .4 defined in (2.4) and the discrete
generator A,, defined in (2.2). We use the urn estimates obtained in Section 3 to prove
the following result.

Proposition 4.1. Let f € T. Consider a sequence (z,;n € IN) with z, € Z, such that
z, — z in (*(Ry). Then

Anf(zn) — Af(z).
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4.1 First moment estimate

Recall the notations C* from (2.3) and A*" from (2.1). The main objective of this
section is a careful justification of the approximation of A*"(z,)(¢) by C*/"(z,)(¢), as
suggested in the heuristics provided in Section 2.2, together with a “rate of convergence”
that will be needed to prove Proposition 4.1.

Lemma 4.2. For every / € N and z,, € Z,, we have

[E(A%"(2,)(0)) — C*/™(2,,)(6)] < 2(£ +1) ‘“E(pgk> + 2l - kpgk>y)

n

and
kn k/n k (k) , M (k)
[B(AR" (5)]) ~ 105" )| < 22 B+ 70— k),
where we recall thatpgk) =wy/ Zle w; and T' = wy /E(w,) so that the random variables

are coupled through the same w;.

Proof. We start by proving the first inequality. Fix ¢ € IN. For ¢ € [¢], define N; = nz,(i),
and set Nyy1 = n(|zy,| — Zle 2, (7). In terms of the urn problem of Section 3, N; is
the number of balls of size i, for i € [¢], and N,; is the number of balls of size strictly
larger than /. Let us now consider a partition ¢ € p~1(¢), i.e., a vector c € /}(R, ) such
that > ic(i) = £. An urn containing c(7) balls of size i for each i € [¢] corresponds to the
formation of a new block of size ¢. Let B(c) denote the number of urns containing balls
given by the partition c (to ease the notation we do not indicate the dependence on z,
and k). We have )
AR (2,)(0) = - > Blo).
cep=t(€)

Mirroring the notation of Section 3.2, consider a vector of r.v.’s (X, ..., X(*+1)) such

that, conditional on p{*), the entries are independent and X ) is distributed as a binomial

r.v. with parameters (IV;, pgk)). By exchangeability of the boxes, we have

R )]

cep1(0)

where b; (c) is the indicator that X () = ¢(i) for every i € [{] and that X (¢*1) = 0.
Similarly, let (YY), ..., Y#+1) such that, conditional on I, the entries are independent

and Y is distributed as a Poisson r.v. with parameter I'N; /k. Let d;(c) be the indicator

that () = ¢(4) for every i € [{] and that Y(**1) = 0. A direct computation shows that

k
Cr/™ (2,)(0) = n]E( > dl(c)>.
c€p~1(8)
It follows that

B (A (2,)(0)) — C¥/" (2 (0)] =

> (E() - E(0)

cep=1()

k
< 2-dry (S(XV, .. LX) g(y® Ly D)),

The result follows by a direct application of Corollary 3.4 after conditioning on pgk) and I".
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We now prove the second inequality. Mirroring the notation of Section 3.1, we
consider the random variable X; such that conditional on p§k>, X is distributed as a
binomial r.v. with parameters (n|z,|, p(lk)). Let by be the indicator that box 1 contains at
least one ball. Similarly, let Y; be the random variable such that, conditional on I, Y7 is
distributed as a Poisson r.v. with parameter I'n|z,|/k. Let d; be the indicator that Y; > 1.
We have

E(|A*"(z,)]) = %E(bl) and [C*/"(z,)| = %]E(dl)

and the result then follows from Lemma 3.1. O

4.2 Second moment estimate
The aim of this section is to bound the variance of the operator A*"(z) (/).

Lemma 4.3. For every { € N, there exists a constant C' > 0 such that for every z,, € Z,,
we have

Var (A" (z,)(¢)) < C’(Tll—l—max{l,fl}h(k))

where h is a function of k, with no dependence in n, z, which goes to 0 as k — oo.
Further, the same property holds for Var(|A*"(z,)|).

Proof. We start by proving the inequality for Var(|A*"(z,)|). Fix £ € IN. In the following,
we write N; = nz,(i). We consider the vector (X1 ... X(*1)) where the entries
XO = (x” x{") are, conditional on (p*),p{¥)), independent random vectors such

that Xl(i) + XQ(i) is binomial with parameters (Nz,pgk) + p(k)) and, conditional on {Xfi) +
,. Lo NG (k)
Xé‘) = 2z}, X is multinomial with parameters (z, “‘)+ OF (,f;i @ ). Analogously to

Lemma 4.2, we define b;(c) (with j = 1,2) as the indicator that X(Z) = ¢(i) for i € [{]

and that X J@H) = 0. Adapting the notations in the proof of Lemma 4.2 and using again
exchangeability between urns,

k(k—1)

Var (A""(z,)(0)) = —a Z Cov(by(c1), ba(c2))
c1,c2€p~1(0)
k
+ ﬁ Z COV(bl(Cl),bl(Cl)). (41)
c1€p~ (L)
Step 1. We start by considering the first term in (4.1). Define (W(l), ceey Vf/(”l)) such

that the entries W) = (Wl(i), W2(7)) are, conditional on (p; (k ),p2 ), independent random
vectors such that Wl(l) and WQ(Z) are independent Poisson variables with parameters
Nm1 and NZ . We define d;(c) (with j = 1,2) as the indicator that W(Z) = ¢(i) for

€ [f] and that W(Hl) = 0. We have
€| ;

‘Cov(bl(cl),bg(@))‘ < ‘E(b](Cl)bQ(CQ)) (dl(cl )da (02))|
+ |E(di(e1)da(c2)) — E(di(c1))E(d2(co )|
+ B (s (c0) E(dafex)) — B (e0)) Ea(c2)|
< ‘E(bl(cl),bg(@)) —E(dl(cl da(c2) )|

+ |COV(d1(Cl), dQ(CQ))| + Z‘E(bj (Cj)) - E(d](cj)) |, (42)
Jj=1
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where, for the last term of the second inequality, we used the fact that the product
function f(x1,22) = 2179 is 1-Lipshitz on [0, 1]? in the L! norm of R%. We now consider
each of the terms in the RHS of (4.2) separately.

We start with the third term. The result follows from the second item of Corol-
lary 3.5 and point (i¢) of Proposition A.1 (in Appendix A). More precisely, as in the proof
Lemma 4.2,

k(k—1 2
( 2 ) Yo DUIE(Dbi(e) — E(di(e))]
c1,c0€p~1 (L) j=1
< 4k(kn; l)dTV (e(x™M, o xEy e (w L wi))
4 (k))2
< (0 DE((kp;”)7)
<ol (4.3)
n

where (' is a positive constant.
For the first term, we observe that

Z ’]E(bl(Cl)bQ(CQ)) —E(d1(61)d2(62))‘

c1,c2€p1(0)

< 2dpy (L(XW, .., XED) g(wh, L wED)Y).

We can then apply the first item of Corollary 3.5 to obtain the following bound

MECD S~ B (bu(cnba(en)) — E(di(e)da(ca)|

n2
c1,c2€p (L)

(c+DERE (" + "))

IA
Slo3

< 20+ 1DAE((kp)?) < 0%, (4.4)

where C' is a positive constant and we used the fact that E((kpgk))Q) is finite by point (i)
of Proposition A.1 (in Appendix A).
Finally, we deal with the second term of (4.2),

|Cov(di(e1), da(es))| = |E(Cov(di(er), da(ca)) | o7, pS))
+ Cov(E(di(cr) | o, p8"), B(da(ca) | pf",p8"))]
= |Cov(B(di(er) | p"” . p5"), E(da(e2) | 117, 557) )]
= |CoV(gu.er (kL") gu.ca (kDS?) ) |

n? n
where g, . and & are defined as in Lemma A.3 (in Appendix A) with v = 2 (2,(1), ..., 2,(£),
), where v({ + 1) = ¥|z,| < 7. The inequality follows from that lemma.
Combining the three inequalities (4.3), (4.4) and (4.5), there exists a constant C such
that the first term in the RHS of (4.1) can be bounded by

k(k—1

(72) Z COV(bl(Cl), bQ (Cg))

c1€p~1(L1),ca€p~ 1 (4a)

1 k
<C-— +h(k)max{l,},
n n

|2

n
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where h(k) — 0 as k — oo.
Step 2. Now we consider the second term in (4.1),

COV(bl(Cl), bl(Cl)) = Var(bl(cl)) = P(bl(cl) = 1) (1 — IP(bl(Cl) = 1))
<P(bi(c1) =1) < E(ng)%
where we used the fact that P(b;(¢;) = 1) is bounded from above by the probability of

the event of having at least one ball in the first box. So the second term in (4.1) can be
bounded by

k 1
. 3" Cov(bier) bi(er)) < ﬁm(kpg’”)wl(e)y
c1€p~1(0)

This completes the proof of the first inequality of Lemma 4.3.
We now prove the inequality for Var(|]A*"(z,)|). We write

1
|A"™(z,)] = ~(k — By),
n
where By is the number of empty boxes. The proof follows the same steps as the proof
of the first inequality. If ; ¢ is the indicator that box 7 is empty

k(k—1)

. k
Var(|A""(z,,)]) = Cov(b1,0,b2,0) + 3 Var(b1,0,b1,0)-

In the first step, analogously to (4.2), we can write

‘COV(bLo, b270)’

2
< |B(b1,0,b2,0) — E(d1,0,d2,0)| + |Cov(dyo, dao)] Z‘E(bj,o) —IE(d;0)

j=1

)

where d; 0,7 = {1,2} is the indicator that a Poisson r.v. with parameter n|zn|p§k) is equal
to 0. Conditioning on (p(lk), pék)), d1,0 and ds ¢ are independent. For the first term we
use Lemma 3.2. For the second term, we use a similar bound to equation (4.5), where
Jv.c;, © = 1,2 is replaced by g, ., defined by g, ¢, (x) := exp(—v(£ + 1)z) that has Lipshitz
constant v(¢+ 1) = n/k and the inequality follows from Lemma A.2 instead of Lemma A.3.
For the third term we use the Chen-Stein inequality. For the second step, the proof is

analogous to the proof of the first inequality. O

4.3 Convergence of the generators

The previous sections provide the main ingredients to prove Proposition 4.1. Before
writing this proof, we still need one preliminary result.

Lemma 4.4. Fix f € T. Forany A > 0 and n € IN, define
o~ R(k) n
Rp,a = sup { Z ﬁm(/\k’ f(Zn)) - f(zn)‘}a
Zn€%n | k=An+1

we have limg_,o limy, o0 Ry, a = 0.

Proof. Since f € T, there exists a Lipshitz function F and X € [0, 1] such that f = Foys.
As a consequence, there exists C' > 0 (that only depends on the choice of F'), such that

K
Ve, € Zn, [N f(2n) = fz0)| < O [B(A" Y5, (20)) — ¥, (20)].

i=1
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In addition, if A < 1
Vz, € Z,, |E(A*"x(20)) — ¥a(2n) ZV|E AR (z,)(0) — 2, (0)) |
(=1
< E(|zn]| — |AF" (2 ZV

where in the last line we used the first part of Lemma 3.6. If A =1,
Vz, € Z,, |E(A" A (20)) — ¥a(24)]| = E(|zn] — [A*7"(20)]).

Observe that n(|z,| — |A¥"(z,)|) > 0 is the number of blocks that are lost in the co-
alescence event. Thus, we can apply (3.3) (with N = nz,), and set the constant
C'=2)\C/(1—X)if A <1and Cif A =1 so that

S oo k
> A Bk ) - s <0 Y <n2¢zn|2E<Z(p;k>>2>>

k=An+1 k=An+1 j=1
¢~ Rk ()
< — ——T((k .
<= > L EY))
k=An+1
Notice that in the last line we used the exchangeability of the vector ( (k), ey p,(f )) and

that the bound does not depend on z,. By Assumptions 1.1, £ >~ ,m k) = [ pEs,

and by point (i¢) of Proposition A.1 (in Appendix A), E((kp(k)) ) = E(w?)/E(w)?, which
yields the desired result. O

As a consequence, we get a result that will be useful later on to obtain dominated
convergence.

Corollary 4.5. Forevery f € T, Sup,,eN 4, cz, Anf(2z) < 0.

Proof. First,

)] < D0 PO 1y (A0 1)) — )] + R

k=1

The second term on the RHS is bounded by Lemma 4.4. Finally,

> B0 B fan)) — fon)] < 2 3 .

k=1 k=1
Since R(k) ~ pk~%, the RHS is converging to pfo 9% < 0o. This completes the proof. [

Proof of Proposition 4.1. Let f € T. We divide A, f(z,) in two parts.

An 0o
Anfl) =30 T B0 f )~ @)+ S P (A ) - fe).
k=1 k=An+1

We proceed by taking successive limits, first when n — oo and then when A — co. By
Lemma 4.4, the second term in the RHS vanishes and it remains to show that

An

+oo
Jim i S5 S B ) - ) = [ (€ 5@ - f@)pn e
k=1
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Next,
% 20 0 0) - i) = 35 EE 04 00 - )
- SS B0 1 (B(a ) 04 )
+:Zn ﬁ(_ki (E(A"" f(2,)) — f(B(A""2,))), (4.6)

where the expectation is taken coordinatewise. The rest of the proof will be decomposed
into three steps. In the first one, we will show that the first term converges to Af(z).
In the second and third ones, we will show that the second and third terms on the RHS
vanish. To do so, we will use the first and second moment estimates derived in this
section.

Step 1. We have

An

IS (e )~ flan)) = 250 B (@40 () — ()
k=1 e
An
* % ifﬂ? (CH™ F(2n) = f(20) = CK/" f(2) + f(2)).
k=1

For the first term, we first note that C*(f)(z) is continuous in . (This can be shown by a
standard domination argument). This implies that

72 s C’“/"f —>/ C" f(z) - f(2))pz~“d.

We now prove that the second term converges to 0. Since f € T, there exists a Lipshitz
function F and X € [0, 1] such that f = F o ¢;, so there exists C > 0 such that

[CH" f(mn) = CM" f(2)] < C|(¥5(C™" (2n)) — 5 (C*/" (2))]-
It will be shown in Proposition 5.1 that for A € [0,1/4),

02(€"@) = 1B oxp ~ (1] - @) ) — exw Il ) )

where |z| — 15 (z) > 0. Since the exponential function is Lipschitz on (—o0, 0), there exists
a constant B such that

[0 (CH/™(2n)) = A (CY"(2))| < BE(T)(|[2] = [2nl] + [¢2(2) = ¥a(20)])-
This bound is independent of k and goes to 0 as n — oo, which completes the proof.

Step 2. We prove that the absolute value of the second term in (4.6) converges to 0.
Since f € T, the problem boils down to proving that for every A € [0, 1],

An
HOCZ ZV|}E AR (2,)(0)) — CH™(2,)(€)] = 0

and M
n
: R(k) , k
Jim 37 B(AS (za)]) — (€57 ()] = 0.
k=1
EJP 29 (2024), paper 12. https://www.imstat.org/ejp
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Using Lemma 4.2,

for A < 1, Z

k

Z XE(AR(2,)(0)) = C (2)(0)] < 2(In,a + Jn,a) f} X(e+1)
=1

(=1
and
An
R(k ®
> nl(_i [E(AR (2)]) = €7 (20)|| < 2(Tn,a + Jn,a)
k=1
h
where An R(k‘) * An R(kj "
Ina:= Z s E(kp ) and J, 4 := Z nlia]E(|1" — kpy D
k=1 k=1

By Assumptions 1.1, and since ]E(kp(k)) =1, we have I,, 4 ~ % fOA pr~%dx — 0 asn — oo.
By point (ii) of Proposition A.1 in the Appendix, the sequence (kpgk);k € IN) is

uniformly integrable so that E(|T" — k;pgk) |) — 0 and by a similar integral-sum comparison,
Jn,a — 0asn— oco.

Step 3. Finally, we prove that the term on the third line of (4.6) converges to 0. As
in the previous step, it is enough to prove that for every A\ < 1,

An o
> % S OXNE(| AR (2n)(0) — B(A"(2,)(0))]) = 0
k=1 =1

and
An

>

k=1

E(|[A%"(2,)] = E(IA*" (2,)])]) — 0.

We start by proving the first limit. Recall that E(|A%"(z,)(¢) — E(A*"(z,)(())]) <
2E(Akn( 2)(0)) < 2 since AP (z,) € Z,, 3200 B(A""(z,)(¢)) < 1. Since zf” Fk)

1 nl-
p fo <&, it is enough to prove that for every /g

i

An

> % Z NE(|AR(2,)(6) — E(A""(2,)(0)]) — 0.
k=1 =1

By applying succesively Cauchy-Schwarz and Jensen’s inequality,

Zv (|45 () (€) = B(A" (2,)(0) )

Lo Lo
< UDA ST NE(| AR () (0) — BE(AR(2,)(0)])
=1 /=1
Lo Lo
<AL AVar (AR (z,)(0)).
=1 =1

Therefore, it is enough to prove that for every /g

Lo

> f) > X Var (AR (z,)(0)) = 0. (4.7)

k=1 {=1
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Using the first item of Lemma 4.3, for every ¢, there exists a constant C' and a function
h(k) — 0 such that

Lo 1
Vk < An, Y X Var(AF"(z,)(0)) < c(n + h(k))

=1
with h(k) — 0 as k — oo. Since Zfﬁl ig@f —p OA w‘ffw, it is easy to show (4.7) from
there.
The second limit can be shown along the same lines. O

5 Martingale problem. Proof of Theorem 2.1

5.1 The coagulation operator

In this section, we study some properties of the coagulation operator C* defined
in (2.3).

Our results will be both based on the following interpretation of the operator C*.
Conditional on a realization of the random variable I' = w;/IE(w;) and consider the
sequence of random variables ]\7;57z := (Ng(i);7 € IN) such that conditional on I, the
N, ,(i)’s are independent and Poisson distributed with respective parameters I'z(i) /.
Define C!(N, ,) as the random vector such that C'(N,,)({) = L¢s2in, ,(i)=ey- Using
the notations of Lemma 3.6, Cl(ﬁm z) can be seen as the trivial coagulation operator
associated to a single urn, applied to N, _'x z. The following relation will be useful for the
next results

e (a)(0) = B(C! (W) (1), (5.1)
Proposition 5.1. Let z > 0 and z € Z. The vector C*(z) is in Z and for every A € [0, 1],
Chx(z) = E(x exp(—|z|T'/z) (exp(va(2)I/z) — 1)). (5.2)

Proof. We first prove that C*(z) is in Z. From (5.1), we have

>tz = (P <Z iNg (i) = e)
=1 (=1 L=
= xE(Zszz( ) = x

i=1

- L)
Define

p(N) := E(z exp(—|z|l'/z) (exp(vx(2)I/z) — 1)).
According to Lemma B.1 (in Appendix B), for ¢ € IN,

1 df i)' /z))
A :E(:cexp —|z|T/x) Z H /x ),
A=0

EW[)( )
cep~t(£)i=1

whose expression coincides with the /2 coordinate of C*(z) in (2.3). In order to prove
(5.2), it remains to show that the Mac-Laurin expansion of p converges to p pointwise
on in a neighborhood of 0. The result for A € [0,1] is obtained by standard analytic
continuation. To do so, we use Taylor’s theorem and prove that the remainder Ry()\)
converges to 0. Let § > 0. Using Lemma B.2, for every A < § we have

A (+1) 2(2 — Y - B 041
RZ(A)=/O M(A—t)deW/o (C+ 1) —0)'dt < (W) 7

2! (1 — §)20+1 —2-0\(1-9)2
which converges to 0 as £ — oo for § small enough. O
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The next result is useful to study the integrability of the generator A.

Lemma 5.2. For every z € Z we have

[9r(2) — Cu(a)| < -2

;) if\ €10,1),

and

|11(z) — C¥1p1(z)] <

8|~

Proof. Let £ > 0 and condition on a realization of I'. From the definition of our trivial

coagulation operator, Cl(ﬁx,z)| =15, . s0p
E(|N,.| — [CY(Re)l) = BN, lTyyg, ony
<E(|N,2]) = w (5.3)
which is the desired result for A = 1, since E(I") = 1.
By Lemma 3.6, for ¢/ € IN,
E(|Nou(t) = C'(Nez)(0)]) < 2E(|Ne sl — [C(Ne0)]),
which, combined with (5.3), yields the result for A < 1 by summing over /. O

5.2 Martingale problem

Proof of Theorem 2.1. Lemma 5.2, ensures that the integral with respect to x in the
operator A is integrable at co. This, together with the fact that + — 2~ is integrable at
0 shows that the operator A is well defined. We now proceed in three steps.

Step 1. Let (u;;t > 0) be a solution to the martingale problem. Fix K € IN and
X € {1} x [0,1)X . Define the projected process (yg;t > 0) := (¢¥5(i¢);t > 0). In Step 1,
we are going to prove the uniqueness in law of the projected process. Notice that, since
A = 1, the first coordinate of y;' corresponds to |u;|. Let B be the operator acting on
C?([0,1]%) such that for every i = (y1,...,yx) € [0,1]%

BF(g) := /0 " (F(B(zexp(~ T /2) (exp(§T/2) ~ 1)) ~ (&) pr~“d.

where exp(i) is the vector with coordinates {exp(u;)}X,, exp(@) — 1 is the vector with
coordinates (exp(u;) —1)X | and the expected value is taken w.r.t. I'. It is straightforward

to see that Proposition 5.1 implies that (th ;t > 0) satisfies this martingale problem
R t -
(F(yf) — / B F(y2)ds;t > 0) is a martingale for every F € C2([0,1]%).
0

To conclude, we now show that the solution to this problem is unique.
According to Theorem 5.1 in [3], we need to check that for every A € {1} x [0,1]5~1
and every measurable set B C R\ {0}, the function

¥5(2) — C5(2)
B [¥5(z) — C*y5(z)]? + 1

is a continuous and bounded function. By standard continuity theorem under the integral,
this boils down to proving that for every = € R \ {0}, z — ¢(z, z) is continuous and that
there exists a function h satisfying [, h(z)dz < oo and such that for every z € Z,
lg(z,x)| < h(z). First, observe that z — C”,(z) is continuous. Since C*(z) is defined as

px~dx

z — Gp(z) = /Bg(z,;v)dx =
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an expectation with respect to I' (see (2.3)), we use again a standard continuity under
the integral theorem, by noticing that the quantity inside the expectation is bounded
uniformly by x. This implies the continuity of z — |¢5(z) — C*5(2)|? on (0,00). The
continuity of z — ¢(z, ) follows from there. The existence of the upper bound 4 follows
from two observations. First,

vz € (0,11 N B, g(z,z) < px~*.
Second,

K
xr 2 —
Vo € [1,00)N B, g(z,2) <> |1, (2) — C*x, (2)| p
=1
which, combined with Lemma 5.2, implies the existence of a constant C such that for
z€Z
02

Vo € [l,00]N B, g(z,z) SKx2+a'

Step 2. Let us study the uniqueness of the solution to our martingale problem. Fix
t; < --- < t, and consider the multidimensional process Z : A — (¢¥x(ftt,), - -, ¥a(pe,)) on
[0, 1] (the “time” parameter is now \). The previous step shows that the finite dimensional
distributions of Z are uniquely determined. Since || < 1, the radius of convergence
of >, ut(i)\" is at least 1 and the process Z is continuous a.s. This implies that the
distribution of (¢ (g, ), .., ¥a(e, ); A € [0,1)) is uniquely determined.

Finally, we can differentiate ¢, (u¢) under the sum at 0 infinitely many times to recover
w from its moment generating function, i.e.,

1 d*

NV

: A=0

This shows that the finite dimensional distributions of y; are uniquely determined.

Step 3. The existence of a solution follows from our convergence result (Theo-
rem 2.2). O

6 Convergence to the limiting process. Proof of Theorem 2.2

In this section, we prove convergence in D([0,T], Z) equipped with the Skorokhod M,
topology. The proof is based on a useful characterization of tightness in M; (see Theorem
12.12.3 and Remark 12.3.2 in [45]). We work with M, instead of the more commonly
used J; because, as far as we know, it is cumbersome to apply similar arguments for the
Jp topology.

Proposition 6.1. For any T > 0, the sequence (u";n € IN) is tight in D([0,T], Z)
equipped with the Skorokhod M; topology.

Proof. Let us define the function s : /1(R,) — ¢°°(R,) such that

i=1

We know that this is a continuous function. We consider the process "™ := s(u"). It is
sufficient to prove tightness of . Observe that every entry of 4" is decreasing.
We use Theorem 12.12.3 in [45]. Let us define the supremum norm on Z

Ve e Z, ||z|| ;== sup |z(t)|| = sup max |z (7).
0<t<T 0<t<T i

We need to check that:
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(1) For each € > 0, there exists ¢ such that
Vn>1, P(|p"] >c) <e
(#4) For each € > 0 and n > 0, there exists § such that
Vn>1, IP(w(ﬂ",(S) > 77) <€,

where
w(z,d) ;== sup ]{ sup {thQ — [mt17xt3]||}},

t€[0,T] OV (t—8)<t1 <ta<t3<(t+8)AT)

where the segment [a, ] is defined as [a,b] :== {oa + (1 —a)b: 0 < o < 1} and the
difference between z;, and [z, , x+,] is the smallest difference between z;, and any
point in the segment [z, , z;,], where we use the standard definition of segments in
Banach spaces.

The first condition is trivial (since Zfil z(i) < 1 for any z € Z). To check the second
condition, we first notice that

(] = ']
Since every coordinate of (i};t > 0) is decreasing, for any ¢ € [0,7] and any (t — J) <
11 <ty <tz < (t—|—5),

i, — [ar, me ]l < el = 1ag
< gy | = gy

Using Markov’s inequality,

1
P((Jpf | —lut]) >n) < ;E(\u?ll —[ui])
1 oo R(k‘) (/tg A >
) E n|_ AR ).
n Pt nl—a t (|//4u| |/j‘u|) U

Using Corollary 4.5 and the fact that ¢t3 — t; < §, this quantity tends to 0 as 6 — 0 which
completes the proof. O

In the following, we denote by p any subsequential limit of (u™;n € IN) in D([0,T], Z).
It remains to prove that u is the (unique) solution to the martingale problem. We start
by showing that the limiting process p has no fixed point of discontinuity.

Lemma 6.2. Foranyt € [0,T], and t, | t ort, 1 t, pu;, = pu.

Proof. Since the function (v; := E(|u¢|);t > 0) is non-increasing and valued in [0, 1], it
has at most a countable set D of discontinuity points. We aim at showing that the set D
is empty. Let ¢t € [0,7] and ¢, | ¢. Since D is countable, we can always take a sequence
t, >t, s.t, t, ¢ D and {, — t. By monotonicity,

0<wvi—w, < —ug,.

We have

n n & R(k) n kn|,n
Bl = lug, 1) = | Y 5=a Bl = A" pi])du.
tog=1
We now let n — oo (at fixed p). Since ¢, ¢ D, we have limy o0 B(|pf| — |17 ) = vt — 15,
On the other hand, Corollary 4.5 implies the existence of a constant C such that
Jim B(|pp| = |ug,|) < C(tp — ).
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As a consequence, v; — v, — 0 as p — oc.

Let us now consider the functions (vf := ]E(Zfil ut(7));t > 0), which are also
non-increasing and valued in [0, 1]. By (3.2) in Lemma 3.6,we have

K

K
E(Z OB (i)) < 2K (|| - |, 1),
=1

i=1

and we can apply the same reasoning as above to prove that for every K € IN, v/ —V{Z —0
as p — oo.

This implies that u;, converges to y; in distribution coordinatewise. By Sheffe’s
lemma, p;, converges to y; in distribution in ¢*(R..).

The proof for ¢, 1 t follows along the same lines. O

Proof of Theorem 2.2. We need to show that the process (u;;¢ > 0) is the (unique)
solution to the martingale problem. Let f € 7. Let p € IN. Let hq, ..., h, be continuous
and bounded functions from ¢! (R;) to R;. Let¢; < --- < t, <t and s > 0. Recall that
A, refers to the generator of the rescaled process ", so that it remains to prove that
for such choice of times and test functions, we have

lim E((f (ufvs) = f(ui) — /f ” Anf (uZ‘)dU>

p
n—oo

2

i=1

t+s

t

= E<<f(ut+s) — ) = Af(uu)dU) I1 hi(uti)>. (6.1)

i=1

Let us now consider a coupling such that ™ converges to p a.s. in D([0,7], Z£). In
virtue of Lemma 6.2, the times ¢,¢ + s and ¢;’s are a.s. continuity points for the limiting
process so that p* — u,, foru € {s,s +t,t1,...,t} a.s. Further, by monotonicity of each
coordinate, the set of discontinuities for the functions (|u:|;t > 0) and (Zle ue(7));t > 0)
is a (random) countable set a.s. This implies that the set of discontinuity points for
the limiting process (u¢;t > 0) has a.s. null Lebesgue measure i.e., for every fixed ¢,
P(u is continuous at ¢) = 1.

Now, in virtue of Corollary 4.5, we can use the bounded convergence theorem (to
pass the limit inside [E and the time integral). (6.1) follows from Proposition 4.1 and
the fact that a.s. the set of discontinuities for the limiting process has null Lebesgue
measure. O

7 Self-similarity

In this section, we show that the limiting process (y;t > 0) is a self-similar Markov
process. The self-similarity property provides a natural Lamperti representation of the
process, given in (2.6). This representation allows to construct the process p as the flow
induced by a SDE driven by a Lévy noise, see Theorem 7.2.

Let us first generalize the concept of self-similarity in ]Ri [30, 1] to /*(R,). Let
(v;t > 0) be a process valued in ¢* (R, ). Let P, be the law of v starting from the initial
condition z. We say that v is self-similar with parameter g if for every v > 0

(st > 0),P,) = ((YWiy-s3t > 0),P-1,).

Proposition 7.1. The process (u;t > 0) is a self-similar process with parameter § =
a—1.
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Proof. Fix~ > 0 and consider the rescaled process (") := (Yt¢y-23t > 0). By uniqueness
of the solution of the martingale problem introduced in Theorem 2.1, it is sufficient to
check that p(?) is also a solution. Fix an integer K, a function F' € C?([0,1]¥) and a
vector X € [0,1)X. Let F)(z) = F(yx). Since (u,;s > 0) is a solution of the martingale
problem, then

M= PO (usl) = [ [ (O (5(€7())) = PO (xt0)))padads

tom) / /R 5(C7(1s))) = F(¥5(ms)) ) pr ™~ dads
+
is a martingale. Next, we observe that for every z € ¢! (R)

VC (1h5(2)) = C* (5(v2)).

This implies

My,-5 = F(¢ / /}R+ $(C7"(vus))) = F(¥5(vhs))) pa™*dads.

Changing the variables 5y~ ° = s and # = ~z in the latter integral yields

My = (7)) - -B+a?{/"Jg P (C7 (u7))) — F (i (1)) ) .
This shows that

PG - [ (Fs (@ ) - F () r o

defines a martingale for every F' € C?([0,1]%) so that u(?) is also a solution of the
martingale problem introduced in Theorem 2.1. O

Proof of Theorem 2.3. By Proposition 7.1 the process is self-similar in ¢*(R,). Theo-
rem 2.3 in [1] is analogous to Theorem 2.3 for self-similar processes valued in R®. The
proof goes verbatim for our state space. O

Now, let us provide an alternative representation of the MAP. Consider the generat-
ing function of 6; (the component encoding the asymptotic frequencies introduced in
Theorem 2.3), i.e.,

VE >0, @)= Pa(0) =D N6:(i). (7.1)

1>1

For every A € [0,1), X € [0,1)X, define the processes 2 := (z);¢ > 0) and (z};¢ > 0) =

(13(6¢);t > 0). By construction, we have z; = A\. We consider the flow of stochastic

processes indexed by A, (z*; A € [0,1)). In Theorem 7.2 we prove that ((&,27);t > 0) has

the same law as the flow of stochastic processes ((&;,7});t > 0) defined in (7.2) below.
Let N be a Ppp in R, x R with intensity measure dt ® pa~“da. We define

E(exp(—I'/a)(exp(I'z/a) — 1)) a) = — logE[a(l _ eXp(—F/a))},

Hz.0) = =50 —exp(—T/ay 9@

where the expected value is taken w.r.t. I'. For every A € [0,1), we consider the unique

weak solution to the following stochastic flow
)= A+ Jr: [JH (@), a) — 2)_]N(ds x da) )
_ ' .
& = fRi Jo 9(a)N(ds x da).
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For every X € [0,1)%, define the projected process (f§;t >0) == (2, ..., 2)%);t > 0).
Note that since E(I') = 1, (&;t > 0) is a spectrally positive subordinator. The existence
and uniqueness of such a weak solution is proved along the exact same lines as in [9]
Theorem 2, where they considered qualitatively similar stochastic flows driven by a Levy
noise.

Theorem 7.2. Let K > 2. For every X € [0,1)K-1, Iet ((ft,xﬂ);t > 0) be defined as
in Theorem 2.3 and (7.1) and let ((Et,jt’v);t > 0) be the unique weak solution to the
stochastic flow defined in (7.2). Then

((&,2));t > 0) = ((&,7));t > 0) inlaw.

This result allows us to identify the jump measure of the subordinator &; as follows.
Consider the measure on R, defined by pz~“dz. The jump measure of the subordinator
is the pushforward of this measure by the function g (as defined above). This is a direct
consequence of Theorem 7.2.

Proof. Let X = (1,X) € {1} x [0,1)X~1. Let (yu:;t > 0) be a solution of the martingale
problem defined in (2.5). Recall the definition of
v = Ux(e) = (el ¥ (e)

(as in the proof of Theorem 2.1). For every i € [0, 1]%, recall the definition of
BE(@)i= [ (FE@esp(-Al/a)(exp(iT/a) - 1)) ~ F(@)pod.
0

where the expected value is taken w.r.t. I". As in the proof of Theorem 2.1, yX is the
unique solution of the martingale problem

. t .
<F(yt’\) - /0 B F(y))ds;t > O> is a martingale for every F € C?([0, 1]¥).

Define the process (w};t > 0) := (exp(—f_t),exp(—@)igv;t > 0). Let (7;t > 0) be

the Lamperti change of time in (2.6) defined w.r.t. {. Since T is the inverse time
change defined in Theorem 2.3, we need to prove that (w2 ;¢ > 0) = (y2;¢ > 0) in law.

The strategy consists in showing that the time changed process w;\t solves the same
martingale problem.
For every W = (wy,...,wk) € [0,1]¥, define

DF (W) := /OOC (F(wy exp(—g(a))H(@,a)) — F(d))pa~*da,

where H (W, a) := (1, H(ws /w1, a), ..., H(wg /wi,a)). From the definition of the stochas-
tic flow (7.2), at every jump time (¢, a), we have the following transitions

&+ =& +gla), ji;_ = H(E?_,a).
By applying Ito’s formula in the discontinuous case (see [36])
- t -
(F(w;\) - / D F(w))ds;t > 0) is a martingale for every F € C2([0,1]?).
0
Since 7; is a stopping time, the time changed process

<F(1D§t) = / "D F(w))ds,t > 0) (7.3)
0
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is also a martingale with respect to the time-changed filtration Gn, where G, is the
filtration of the original weak solution. We now make the change of variable s = 7, =
inf{t > 0: f(f exp(B&,)dv > u} in the latter integral. Since u = [ exp((a — 1),)dv, we
have

exp(—(a — 1)5;u)du =ds. (7.4)

Thus, we get that
/0 " pE(Y)ds - /0 t /O T exp(—(a— )&, ) (Fe=S 9@ H (@ a)) - F(X ))pa~"dadu.
Making the change of variables a = a/ e~ 6 , s = u, we get that
/ ) DF (w])ds
/ / (F(e &9 F (0 act)) — F(a? ))pa—®dadu
[ (P(8(oern (-5 (o ZE) 1)) - i) Y-
/ B F (@) )du,

where the second equality is obtained by using the definitions of H and g. This completes
the proof of the proposition since (7.3) is a martingale. O

8 Site frequency spectrum: proof of Theorem 2.4

In this section, we use the Poissonian construction of a general Dirichlet coalescent.
Namely, we consider a Ppp on R, x IN with intensity measure dt ® ), R(k)dy. For
k > 1, an atom (¢, k) of the point process corresponds to an event with &k urns in the
paintbox construction. It will be referred to as a k-event. We recall the definition of the
non-rescaled process (ii7';t > 0), where [} (i) counts the number of blocks of size i at
time ¢ and py = iﬂfna 1 in (1.2). As a consequence of Theorem 2.2, for any 7" > 0,

(ni'st > 0) = (st > 0) in D([0, T, Z).

(In particular, (|u?|;t > 0) converges to the total mass of the limiting process (|u:|;t > 0).)
By the Skorokhod representation theorem (Theorem 6.7 in [12]), we assume without loss
of generality that the convergence holds almost surely. Under this coupling, we aim at
proving the following result.

Proposition 8.1. Let T, = inf{t > 0 : [4}| = 1} be the time to the MRCA of the
population and let T,, = n'~ O‘T,L be its renormalized version. As n — oo,

T, 0
/ u?dsz/ psds in 0 (RY).
0 0

The latter mostly relies on the following technical lemma.

Lemma 8.2. We have that
TTI,
limsupE(/ ,u?|ds) < oo
n 0

Proof. Set 7y’ = 0 and define inductively

n
Vi>1, 1= inf{t > 7, 1 ak-event occurs with k£ < 2]}
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To simplify the notation, we drop the dependence in n and write 7;* = 7;. By the strong
Markov property, 7; —7;_1 is an exponential random variable with parameter », . . R(k).
— 27

Recall that limy_, o, k*R(k) = p. The limiting behavior of R implies that

Ypde  p
elggoﬁlazR xiail—a
k<t

Let o = inf{k > 0: R(k) > 0}. Since }, ., R(k) > 0 for every ¢ > (o, there exists C >0
such that for every ¢ > ¢,

> R(k) = Ce
k<t

Define ji = jo = [log,(-)]. For every j < jo, we have n/27 > {; so that

11—« j —a
3" R(k) >0 <;> and thus E(r; — 7j_1) < 0(2 > .

n
n
kng

By construction, || < 3% for every ¢t > 7;. As a consequence, for every j < jo, we have

([ ) <vi -

< 2Cn“. (8.1)

Next, we use the following change of variables

1 Tn 1 nliari‘n T,
[ = [ e s = [ s (8.2)

Using the fact that there are at most {; lineages remaining at time 7;,, we have

T, 1 Tn
B( [ i) = ([ i)
0 n 0
1 Tio 1 Tn
< B[ aria) + ([ jarlar)
n 0 n Tio
1 Teg
<2C+E</ AP°|dt>
ne 0

(o3

<20 + %E(T%),

where in the last line we used (8.1). It remains to show that the expectation on the
RHS is finite. In order to see that, we note that successive {y-events are separated
by independent exponential r.v.’s with the same parameter R({y) > 0. Further, at any
of those events, there is a strictly positive probability p to go from n lineages to a
single lineage. By a simple coupling argument, one can bound from above the r.v. T[O
by ZZXZ 1 ¢; where the ¢;’s are i.d.d. exponential r.v.’s with parameter R({;) and X is
an independen:c geometric r.v. with parameter p. Since the upper bound has mean
m < o0, E(Ty,) < oo. O
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Proof of Proposition 8.1. We need to show that for every A > 0,

Ty
lim sup lim supE(/ ,ust) =0, (8.3)

A—oo  n—o0 A

where, implicitly, f;‘r |p|ds = 0 on the event {T,, < A} (which is highly unlikely in the
limit); for every d € NN,

A A
[ ezt @)ds = [ (a0 @) s, ®.4)
0 0

IE)(/ |,us|ds) < 00. (8.5)
0

We start with (8.4). Let K € IN. By monotonicity, we have

and

|AK |+1

A 1
TNds < — U
| zas< S

=0

Since the limiting process (p;t > 0) has no fixed point of discontinuity (see Lemma 6.2),
the RHS is converging to K1 4K+ luisx| for every K € IN. As a consequence,
lim j;)A ||ds is bounded from above by fOA |is|ds. A similar argument shows the reverse
bound. This proves that lim, fOA || ds = fOA |us|ds. Next, for every J,n € IN, the process
(Z;’Zl u?(i); s > 0) is also monotone in s, the exact same argument shows convergence
of 2;1:1 fOA u(i)ds to Z;]:l fOA us(i)ds. Finally, the proof of (8.4) is complete by noting
that all the previous convergence statements hold jointly for every J € IN.

Let us now proceed with the first property (8.3). The Markov property, together with
the change of variables (8.2) implies that

T n ]‘ = n J Tj )
B [ tas) = el = L) ( [ alas)

j=1

C < j
<7 'Q]P n — L
< (131=2)

where C is a constant and the inequality follows from (8.1). Let ¢ € (0,1). Then

T n . len] .
" ¢ o (1n) _ I o (1) J
E(/A ,usds) <nf¥< Z J P(|MA|:n>+;J IP<|HA|:n>>

j=len]+1
< C(P(|uil € [e,1]) +€%).
For every arbitrary ¢ € (0,1),

Ty
limsuplimsupE(/ |p?|ds> < C’(Alim P(|pal € [,1]) +€a)
A — 00

A—oo0  n—oo
= Ce”,

where we used the fact that |u:] — 0 as ¢ — oo (this can easily be proved from the
Lamperti transform). This ends the proof of (8.3).

We now turn to (8.5). First, recall that T,, > T5 > 0 then Tn — oo. Furthermore, the
fact that |u}'| — |u¢| and Fatou’s lemma yield

o T,
IE(/ |,usds> < lim IE(/ ,u?|d5).
0 n— oo 0

So, (8.5) follows from Lemma 8.2. O
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Proof of Theorem 2.4. By Proposition 8.1,

T, [e'e]
/ Wods :>/ psds in F1(Ry).
0 0
The relation

/OOO pods = /O "6 exp(—¢,,)ds = / " b exp((a — 2)60)du

follows from the change of variable 7, = u and (7.4).
Given a realization of the coalescent, the number of segregating mutations in a

branch sub-tending ¢ leaves is given by a Poisson r.v. with parameter r fOT" % (i)ds. The
total number of mutations is given by a Poisson r.v. with parameter r fOT" |i|ds. Using
the change of variables (8.2),

1—

r T, ntmot, oo
— fads = 7‘/ prds = r/ 1sds,

n Jo 0 0

which implies the desired result. O

A Moment estimates of the partition mass components

In this section we provide some useful asymptotic results for the lengths of the unit
mass partition when they are obtained from i.i.d. random variables with a finite second
moment.

Proposition A.l. Consider a family of i.i.d. random variables (wy,...,wy) on (0,00)
such that E(w?) < oo. Forj € [k], setpgk) = wj/Zle w; and p§k) = w;/kE(w,). Then we
have the following asymptotics:

wy
E(w1)

U}2
(i) limg— oo E((kpgk))z) = EE((w;)L’

(i) limy o0 B((kpt — kp{M)2) = 0.

(i) limy_o0 kpl®) =T =

almost surely.

Proof. By the law of large numbers we obtain (). The result in (i¢) can be found in
Lemma 4.3 of [17].
To prove (iii), we write

Using (i4), it is enough to prove that

E(E(wl)k ;%f_l w) - ]QE(%)?

We follow the proof of Lemma 4.3 of [17]. Let §; > 0, then

E(wf;’“_w) >5(; +E(w1)(f_12@_1 )

K2

Since w; > 0 almost surely, the bounded convergence theorem yields

o kw? E(wf)
hkmmf]E( . _ > > 5 B )2
—00 (wi) Y g wy) 1 1
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The inequality holds for every 4; > 0, which implies that the above limit is larger than
E(w})/E(w:)?.
To prove an upper bound, we use the Cauchy-Schwarz inequality,

E<E(W1;€§f—1wi> ~ E(w) \/7\/ (k™ 121 1 wi)? )

and the result follows from (ii). O

Lemma A.2. Let g1, 92 be two Lipschitz functions with respective Lipshitz constants
G1,Gy > 1. Also suppose that ||g1]|cos ||92]|cc < 1. Define pgk),p(z’) as in Proposition A.1.
Then,

|Cov (g1 (kpgk)) 92(kp2 ))’ < max{G1, Gz, G1G2}h(k),
where h is a function of k, independent on g1, go going to 0 as k — oc.

Proof. Set ﬁgk) = and pg = kmu(’i y- We have

k]E(wl)
|Cov (g1 (kp{™), g2 (kp3™)) |
= |Cov (g1 (k1) + (91 (k) — g1 (k) g2 (B5D) + (g2 (RDS7) — g (RESD)))|

< |Cov (g1 (kpi”) — g1 (kp1"), g2 (k05") — g2 (k05"))]
A

+ |Cov (g1 (kp"), g2 (kpS") — g2 (kpS”)) | + | Cov (g2 (kp5”), g1 (ki) — gn (kBS™)) |-
B C

To bound A, observe that p1 (resp Dy )) has the same law as p, (&) (resp. Py )) So, by the
Cauchy-Schwarz inequality,

A< \/Var g1 prl - g1 k:p1 \/Var g2 — go (k’ﬁgm))

< \/E (g1 ( kp(k)) - g1 kpl \/E gz(kﬁgk))y)
< LGB ((kptF) — kpl))? )=G1Gz (k >,

where in the last line we used point (éi7) of Proposition A.1.
Let us turn to B (the bound of C will be obtained in the same way).

B< \/Var 91 kp \/Var (kﬁgk)))
< \/E (91( kp(k) \/E ((g2 kpz )—9 (kp )) )

< g1l G\ B (k05 — kp)?) = Gah(k),

where in the last line we used point (7i:) of Proposition A.1. O

Lemma A.3. For every partition c of {, define the function g, . on Ry by

~

Go,c(T) = glelg—vE+l)z H U(i)'c(’i) .

palen c(i)!

For every cy,cy € o~ 1({), there exists h such that for every v = (v(1),...,v({),v({ + 1)) €
R with (€ +1) > 37, v(i)

|Cov(gu,c, (kpgk )s Gu,es (kp(k)))| < max{v(¢ + 1),v(¢ + 1)*}h(k)

where h is going to 0 as k — oc.
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Proof. We use Lemma A.2. It is easy to see that ||gy c|lcc < 1. We just need to prove that
the function g, . is Lipshitz with constant v(¢ + 1)K, for some K that only depends on c.
To compute the Lipshitz constant, set « := v(¢ + 1). Then

(i)

i=1 C(

c|—1 e—aT

I~

9be(x) = (|| — ax)a!

and

¢
(@) = (—az + (Je| — az)(|e] — 1 — ax))zld"2e" u(i)
Gh(@) = (~az + (I - az) (I 105

which switches sign when |¢|(|¢] — 1) — 2|c|ax + o?2? = 0, that is when z = ‘Cl%m, €€
{~1,1}. Since lim; . g, .(z) = 0 and g;, .(0) = 0, the maximum of |g;, .| on R, is attained

for e = +1 or e = —1. Thus, using v(i) < «, we have

c(1

le|—1 —(\cH—e le])
max [gf, ()] = max Vfel(el + ev/[e) i H
< a max e (lel+ey/leD Viel(lel + ey/]e)! 9=t x ja
-1, C.
which completes the proof. O

B Derivatives for Proposition 5.1

In this section, the values of x and z will remain fixed and for the sake of clarity, we
will forget the dependence in those two constants in the next results.

Lemma B.1. Fixz >0, 6 € (0,1) and z € ¢*(R..). For every \ € [0, 4], define

p(N) := E(zexp(—|z|T'/z) (exp(vx(z)I/z) — 1)).

Then p is infinitely differentiable on [0, §] and for every ¢ € IN, its (*" derivative is such
that

1 L F/Z‘ C( ) ) k . c(i)
E'p(F)()\) Z(/)E(mexp —|z|T'/x) 1_[1 ) H (kz: (i)z(k),\k—z> (B.1)
cEp~1(L 1= = =1

with the convention 0° = 1.

Proof. Let f,g be infinitely differentiable on their respective spaces. Faa di Bruno’s
formula states that

1 d E1 g0\
i (fo = Y fleh(g Hc (9 ()) . (B.2)

cep~1(0) 1=1

Let f(y) = ¢¥ — 1 and g(\) = ¢\ (z)I'/x for some fixed value of I'. Since z € /*(R, ), the
function g is a power series with a radius of convergence larger or equal to 1. Thus g is
infinitely differentiable on [0, §] and
. r )
g 0) == (R)iz(RA,

k=i
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where (k); = k... (k—i+1). For our choice of f and g, (B.2) translates into the following
formula

1 4t
EWU °g)(\)

= 3 (o - e T T (32 (lf)z(’“”k_i)cw'

c€p~1(L) i=1 k=i
Recall that p(A\) = E(f o g(A)). In order to complete the proof, we need to justify the
derivation inside the expected value. Since the coefficients of z are non-negative then
¥x(z) — |z| < 0 for every A € [0,1). Furthermore, if A € [0,4], then
¥a(z) — |2| < 1s5(z) — |2| =: —b.
As a consequence,

14

‘ z)c® >° 4 <
%div(fog)(A) < Z (xexp —bI'/x) H F/ )H <Z (]:)z(k)ékﬂ) .

cEp—1(0) i=1 k=i

The right hand side of the inequality does not depend on )\, and one can check that it has
a finite expectation. Since p(A\) = E(f o g(\)) (Where the expectation is taken w.r.t. I'), by
standard derivation theorem under the integral, p() is infinitely differentiable and the
derivatives can be calculated by differentiating inside the expectation. O

Lemma B.2. Let p(\) be the function introduced in Lemma B.1. For every { € N and
A €[0,6], with § < 1, we have

(2 _ 6)271
(1—4§)2¢"
Proof. Fix ¢ € IN. We start by recalling that for A € [0, J],

(= <

k=i

1
O]
SO <2

Observe that if c € p=1(¢), S ic(i) = ¢, so

S c(i) c(i
(3 (o) <IIo (gen)

21/

- (1 _ 5)Z+|c\ ’

Finally, replacing in (B.1),

: ‘ ¢ /oo e(?)
%p“)()\) = Z Z E(m exp(—|z|T'/x) H F/x ) H <Z (f)z(k))\kz>
j k=i

J=1lcep=1(0) =1

lel=j

= cep—1(0)i=1
lel=J
S a-oy ZE<6XP i) U= DR (1)
=0 ZZC—D 15)3':%((21—5;)@;. ]
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