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Abstract. We consider a centered random walk with finite variance and investigate the asymptotic behaviour of the probability
that the area under this walk remains positive up to a large time n. Assuming that the moment of order 2 4+ § is finite, we show that
the exact asymptotics for this probability is n~1/4 To show this asymptotics we develop a discrete potential theory for integrated
random walks.

Résumé. Nous considérons une marche aléatoire centrée de variance finie et étudions le comportement asymptotique de la pro-
babilité que I’aire sous la marche reste positive jusqu’a un grand temps #. Si le moment d’ordre 2 + § est fini, nous montrons que
cette probabilité décroit comme n~1/4. Pour prouver ce comportement asymptotique, nous développons une théorie du potentiel
discrete pour des marches aléatoires intégrées.
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1. Introduction, main results and discussion
1.1. Background and motivation

Let X, X1, X», ... be independent identically distributed random variables with E[X] = 0. For every starting point
(x, y) define

Sp=y+X1+Xo+--+Xy, n=0
and
SP=x+S1+S+ -+ Sy=x+ny+nX;+n—DXo+--+ X,.
Sinai [13] initiated the study of asymptotics of the probability of the event
p =[S > 0forall k <n|Sy= S5 =0}.
Assuming that S, is a simple symmetric random walk he showed that

Cin V4 <P(A,) < Con™ V4, ()
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The same bounds were obtained for some other special cases in [14].
Aurzada and Dereich [2] have shown that if Eef!X! < 0o for some positive B then

C.n V*log™n <P(A,) < C*n"Y*log*n )

with some positive constants C, and C*. The bounds in (2) are just a special case of the results in [2] for g-times
integrated random walks and Levy processes. Dembo, Ding and Gao [5] have recently shown that (1) is valid for all
random walks with finite second moment.

Exact asymptotics for P(A,) are known only in some special cases. Vysotsky [15] has shown that if, in addition to
the second moment assumption, S, is either right-continuous or right-exponential then

P(A,) ~ Cn~ V4, (3)
an
bn

It is natural to expect that (3) holds for all driftless random walks with finite variance.

If the second moment condition is replaced by the assumption that X belongs to the domain of normal attraction
of the spectrally positive «-stable law with some « € (1, 2], then (1) and (3) remain valid with n—@=D/2« jnstead of
n~1/4 see [5] and [15].

The methods used in the above mentioned papers are quite different. It is not clear what the most natural tool is for
this problem. Here we propose another approach to this problem. More precisely, we develop a potential theory for
integrated random walks, which allows one to determine the exact asymptotic behaviour of P(A,). It can be seen as a
continuation of our studies of exit times of multi-dimensional random walks, see [6,7].

It is clear that the sequence {S,(,Z) }n>1 1s non-Markovian. This fact complicates the analysis of the integrated random
walk. However, it is possible to obtain the Markovian property by increasing the dimension of the process. More
precisely, we consider the process

(Here and throughout a, ~ b, means that 7> — 1 as n — 00.)

Zy = (S, 8)).
Then, the first time when S,(,z) is not positive coincides with the following exit time of Z,
T:=min{k > 1: Z; ¢ Ry x R}.

In our recent paper [7] we suggested a method of studying random walks conditioned to stay in a cone. Similarly in
the case of the integrated random walks we have a (quite simple) cone R x R, but the process Z, is “really” Markov,
i.e. the increments are not independent. We show that the method from [7] can be adapted to the case of Markov chain
Z,, and this adaptation allows one to find asymptotics of P,(t > n) for every starting point z = (x, y).

1.2. Main result

We start with results and notation for the integrated Brownian motion. This process is also known as the Kolmogorov
diffusion.
Let B; be a standard Brownian motion and consider a two-dimensional process ( fé Bg ds, B;). Since this process

is Gaussian, one can obtain, by computing correlations, that the transition density of ( fot Bg ds, By) is given by

\/§ 6(u —x — ty)2 6(u—x— ty)(v _ y) 2w — y)2
Pt(X,y;u,v)zmexp — pe + 2 _ , .

Let
'
bm ::min{t > 0: x+yt+/ B, ds 50}.
0

The behaviour of ( fot Bg ds, By) killed upon Ry x R was studied by many authors. Here we will follow a paper
by Groeneboom, Jongbloed and Wellner [9], where one can also find a history of the subject and corresponding
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references. In particular they found the positive harmonic function for this process, which is given by the following
relations:

(He 2yl 4 E) >0
9) " FrY s 3 o) y=u

h( »y)_ 3 3
X ) ) 2
(%)1/6%;(1‘/662) Py (%’ %’ 9yx ), y<0,

“

where U is the confluent hypergeometric function:

. 'l —>b) roe—-10 ., B _
U(a,b,w)—7F(a_b+1)M(a,b,w)+7F(a) w "M@—b+1,2—b,w)

with

0 wnn—l a+j
M(a’b’w)zzﬁn(b—}—j)'
n=0 j=0

Function A(x, y) is harmonic in the sense that Dh = 0 on Ry x R, where D = y% + %% is the generator of

( fot By ds, B;). Using the explicit density of P(q, 1) (™ > 1) found in [12], they derived asymptotics

h(x,y)
PV

bm>t)~%

Py ('C t— 00, 5)

_ 3ramM
where > = 5552575

The function 4 defined in (4) is harmonic for the killed integrated Brownian motion, that is,

t
Eq.y) [h(/o By ds, B;); om > r] =h(x,y), xeRi,yeR,t>0.

In other words, /( fot B, ds, B;)1{t"™ > t} is a non-negative martingale.
Our approach relies on the construction of a harmonic function for the killed integrated random walk. More pre-
cisely, we are looking for a positive function V such that the sequence V (Z,)1{t > n} is a martingale or, equivalently,

V(@) =E[V(Z);t>1], zeRy xR (6)
Our main result is the following theorem.
Theorem 1. Assume that EX =0, E[Xz] =1 and E|X|2+5 < 00 for some § > 0. Then the function
V(z) ::nlin;OEz[h(Zn); T>n|
is well-defined, strictly positive on
Ky = {z eR: xR: P (Z, e Ry xRy, 7 >n)>0forsomen 20}

and satisfies (6), i.e. it is harmonic for the killed integrated random walk. Moreover,

\%4
Pz(r>n)~%% asn — oo @)
n

and

2

Sn Sn
P —5 ‘ — kly, 8
Z<<n3/2 n1/2>€ r>n> w  weakly ®)
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where w has density

_ 29/4ﬁ

1 poo
hix,y)= // w3251 exp{—2w? /s q1_s(x, —y; 0, —w) ds dw
CD=Zmm b b p{—2w?/s}qis(x. =y )

and
gr(x, y;u,v) = p(x, y;u,v) — pr(x, y;u, —v).
Remark 2. One should notice that h(x, y) = »1ha, x, —y), where ht, x, y) is defined in (2.24) of [9].
From (7) and the total probability formula we obtain

Corollary 3. For every random walk satisfying the conditions of Theorem 1

C
P(An) ~ Y
with
C=xE[V((X, X)), X >0].

It should be noted that the function V constructed in Theorem 1 is very hard to compute. We did not find any
example, where one can give an explicit expression for V. For numerical calculations, e.g. Monte-Carlo simulations,
the definition in Theorem 1 is not very helpful, since it contains a limit. For that reason we derive an alternative
representation for the harmonic function.

As the function £ is defined only for z € R4 x R, we extend it to R? by putting # = 0 outside R x R and introduce
a corrector function

f@) =Eh(Z(1)) —h(z), zeR~. ©)
This function is well defined since we have extended % to the whole plane.

Proposition 4. Under the assumptions of Theorem 1,

7—1
V@) =h@)+E: Y f(Z)., zeRy xR (10)
k=0

1.3. Local asymptotics for integrated random walks

Caravenna and Deuschel [4] have proven a local limit theorem for Z, under the assumption that the distribution of X
is absolutely continuous. Using similar arguments one can show that if X is Z-valued and aperiodic then

2 . X
P.(Z,=2) - 0,0; =, == 0. 11
Supn Z( n Z) Pl( l’l3/2 n1/2>‘ g ( )

Combining this unconditioned local limit theorem with (8) one can derive a conditional local limit theorem:

Z

AP (z, =% — %V (2)h R oo-ii 0. 12
Supn Z( n Z’T>n) x (Z) n3/2’n1/2 pl El ’]/[3/27]/[1/2 — ( )

Furthermore, for every fixed z € K,

lim n**V2P(Z, =2, 1>n)=V(@)V'(2) (13)

n—oo
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with some positive function V'.

The proof of (12) and (13) repeats virtually word by word the proof of local asymptotics in [7], see Section 1.4 and
Section 6 there. For this reason we do not give a proof of these statements.

Having (13) one can easily show that

C
Po(A,|Z =0)~—
0( n| n+2 ) /2

with some positive constant C. A slightly weaker form of this relation was conjectured by Caravenna and Deuschel
[4], Eq. (1.22).

Aurzada, Dereich and Lifshits [3] have recently obtained lower and upper bounds for the integrated simple random
walk,

en 12 <Py(sP >0,...,82 > 0[S, =0, S =0) < Cn” V2.
1.4. Organisation of the paper

In [7] we have suggested a method of investigating exit times from cones for random walks. In the present paper
we have a Markov chain instead of a random walk with independent increments. But it turns out that this fact is not
important, and the method from [7] works also for Markov processes.

The first step consists in construction of a harmonic function V (z). As in [7] we start from the harmonic function
for the corresponding limiting process. Obviously,

(2)
S S !
[nt] Olnt]
) = B;ds, B; ).

We then define for every z e R; x R

V(z) :nlgroloEz[h(zn), T>n). (14)

The justification of this formal definition is the most technical part of our approach. It is worth mentioning that we
cannot just repeat the proof from [7]. There we used a certain a-priori information on the behaviour of first exit times.
(It was some moment inequalities, which were already known in the literature.) For integrated random walks we do
not have such information and, therefore, should find an alternative way of justification of (14). Here we perform the
following steps:

(1) We show that if Z, stays in R4 x R for a long time, then its first coordinate becomes large quite quickly, see
Lemma 12.

(2) Furthermore, for starting points z with big first coordinate we derive recursive upper and lower estimates for
E.[h(Z,), T > n], see Lemma 11. This step requires estimates for 4 (x, y) and its derivatives, and for the corrector
function f(x, y). These bounds are obtained in Section 2.1.

(3) Finally, using recursion we show the existence of lim,_, o, E;[A(Z,), T > n], see Proposition 14.

Having constructed V (x) we follow our approach in [6,7]. More precisely, we apply the KMT-coupling to obtain
the asymptotics for 7. (This explains our moment condition in Theorem 1.) It is worth mentioning that we apply
this strong approximation at a stopping time, where the first coordinate of Z, becomes sufficiently large. Note that,
according to Lemma 12, this stopping time is relatively small. The harmonic function is required to come from this
stopping time back to the origin. This final step is performed in Lemmas 20 and 21.

For integrated random walks a strong approximation was used in Aurzada and Dereich [2]. They apply KMT-
coupling at a deterministic moment to obtain (2). This formula shows that a direct, without use of potential theory,
application of coupling produces superfluous logarithmic terms even under the exponential moment assumption.



172 D. Denisov and V. Wachtel
1.5. Conclusion

In our previous works [6,7] we showed that Brownian asymptotics for exit times can be transferred to exit times for
multidimensional random walks. In the present work we consider an integrated random walk which can be viewed as
a two-dimensional Markov chain. We study exit times from a half-space and transfer the corresponding results for the
Kolmogorov diffusion. These examples make plausible the following hypothesis.

Let X,, be a Markov chain, D be an unbounded domain and tp := min{n > 1: X,, ¢ D}. Assume that this Markov
chain, properly scaled, converges as a process to a diffusion Y;,# > 0. Assume also that the exit time of this diffusion
Tp :=min{r > 0: Y, ¢ D} has the following asymptotics

h(y)

Py(Tp > 1)~ ==, 100,

where A (y) is the corresponding harmonic function of the killed diffusion Y; A7, . Then, there exists a positive harmonic
function V (x) for the killed Markov chain X, ,, such that

V(x)

np

P.(tp >n) ~ , n— 00

Naturally, this general theorem will require some moment assumptions and some assumptions on the smoothness

of the unbounded domain D. Since we have convergence of processes the domain D should have certain scaling
properties. Hence it seems natural for the domain D to be a cone, at least asymptotically.

2. Construction of harmonic function
2.1. Preliminary estimates for h(x,y) and f(x,y)

The main result of this subsection is an upper bound for f which is stated in Lemma 7. In the proof we use the Taylor
formula, and for that reason we need information on £ and its derivatives which are proven in following two lemmas.

Lemma 5. Function h has the following partial derivatives,

. . 3
0h(y) [ GV AmUG+i 330, ¥20.y20, (15)
oxi e )1/61 1/y6+, 2y3/9xU(%_i’%’_%), x>0,y<0
fori>0and
0, y) | e G UG+ 13, x20,y20, (16)
WAy | QUL e UG —i - 14 -3, 20y <0,

Here, Co=1and Ci;1 =—-C;(i+1/6)(i —1/6) fori > 0.
Proof. We will prove (15) by induction. The base of induction i = 0 corresponds to the definition of /. Now suppose

that (15) is true for i and prove it for i + 1.
Consider first y > 0. By the induction hypothesis,

a7 ey 2\ (1 42y
axitl 7 '\ 9 ax | x1/6+i " \6 3 9x

B 2\ oy 1 1 .4 23
=—%\g) e (6T )\ i3 or



2y (1 4 2y3
—U — '7_’_
HECTR VR R
_C'21/6y _1,1Ul,142y3
=%\g) s\t )T e T e )
positive y.
Consider second the case y < 0. By the induction hypothesis,
dxitl 9) 60dx x/6+i7\6 3 ox ]
1/6
S % /l$82y3/9x _ l—{—i U z_,- i _E
9 6 x1/6+i+l 6 6 '3 9%
1/6 3
- _ % l#_ez,‘ﬁ/%(] z_i_l’i,_zi ,
9 6 x1/6+i+1 6 37 Ox
where we applied (13.4.26) of [1] in the final step. This proves (15) for negative values of y.
To prove (16) we differentiate expressions for o e just obtained. First we consider the case y > 0. Using (15),
_of? 176 _3 Lol * 2y3
~%\g) e\ 737 6 T o
2y (1 4 2y3
— 2 U =+i -,
ox <6+l 37 0x
this time we used (13.4.24) of [1]. Finally, for y <0,
"t h(x, y) A\Yerar oy w1 4w
—=—|= —— - - —i, =, ——
dxt dy 9 6 9y | x1/6ti 6 37 9x
293 (T 4 2y
L2 (T 4y
9x 6 3 9
1/6 3
— % 1 1 _62}'3/9XU z_i_l,l’_zi ,
9 2 x /6t 6 37 Ox
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where we applied (13.4.23) of [1] in the last step. Recalling the definition of C;41 we see that (15) holds for i 4+ 1 and
i+1 1/6 3
0" h(x,y) :_<%) 11[62y3/9x y U(z—i,i 2y >
2y3 (17 4 293 2y3 7 4 2y3
—LU ——i,—,—L —i—LU’ ——i,—,—i
9x 6 3 9x 9x 6 3 9x
3'h
af+1h(x,y)_c_ N\Yar y o4 2y3
axiay  \9) ay|x/er \6T"3 ox
2\ /6 -3 1 1 2y3
= C . —U = .7 PR K
’<9> (i —1/6)x1/6+ <6+l 3 9x>
1/6
= ()L B (L2 (T 4 2
9 6 x1/6+ 3 9% 6 3 9%
where we used (13.4.27) of [1] in the last line. O

Let

a(x,y) =max(|x|'3, |y]). (17)



174 D. Denisov and V. Wachtel

Lemma 6. There exist positive constants ¢ and C such that

eva(z) <h(z) <CYa(z), zeRi. (18)

Furthermore, the upper bound is valid for all 7. Function h is at least C* continuous except the half-line {z: x =
0,y > 0}. Furthermore, for all i + j <3 and all (x,y) e R*\ {z: x =0,y >0},
ity

1/2-3i—j
dxi dy/ '

x, | =Calx,y)

Here and throughout the text we denote as C, ¢ some generic constants.

Proof of Lemma 6. The estimates will follow from Lemma 5 and the following properties of the confluent hyperge-
ometric function, see (13.1.8), (13.5.8) and (13.5.10) of [1],

Ua,b,s)~s"%, §— o0, (19)
U(a,b,s)fvms‘*b, s—>0,be(l,2), (20)
I'(a)
I(l—b)
U(a,b,s) m, s—)O,be(O, 1) (21)

Asymptotics (19), (20) and the definition of # immediately imply (18).

Function % is obviously infinitely differentiable when x < 0 or x > 0. The only problematic zone is x =0, y <O0.
(Recall that we extend /4 through this half-line.) Since A (x, y) =0 for x < 0, y < 0 all derivatives are equal to 0. Using
the expressions for derivatives found in Lemma 5 one can immediately see that derivatives of 4 (x, y) gotoOasx — 0
for y < 0 thanks to the exponent o2y’ /9x

We continue with partial derivatives with respect to x, that is, j =0, i = 1, 2, 3. First, using (15) and (19) for
sufficiently large A > 0 and y>/x > A,

' h(x,y) y 23\ 12-3
x| = CxeE \ oy =G izl

For y < 0, sufficiently large A and —y3/9x > A, the same inequality hold since 2y’ /9% i decreasing much faster

than any power function as y3 /x — —oo. Next, using (15) and (20) for sufficiently small ¢ > 0 and y: |y|?/x <&,

9'h(x, y) Y 2y? -3 1/6—i
axl Ecxl/6+i Ox =Cx :

Finally, when y?/x € (e, A),

3 h(x,y)

dx! =C

We can summarise this in one formula

h(x,y)

1/2-3i
ax? ’

<Cual(x,y)

where o(x, y) is defined in (17). This proves the statement.
The proof for j =1,i =0, 1, 2 goes the same line and we omit it.
For j =2 and j =3 we shall use the fact that &y, + 2yh, = 0 (recall that  solves Dh = 0). Hence,

|hyy (e, )| < Clyl|he (e, )| < Calx, y)a(x, )™ < Calx, y) ™'
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Next,
|yyx(x, 9)| < Clylhex (x, )] < Calx, Yalx, )72 < Calx, y) =+
Finally,
|lyyy (2, )| < Clhi (e, Y| 4 Clyl |y (x, )
< Ca(x,y) > + Calx, y)a(x,y) > < Ca(x,y) >,
The proof is complete. O

Next we derive an upper bound for f(x, y).

Lemma 7. Assume that EX =0, EX? =1 and E|X|**% < 00. Then
|, ] < Cmin(1,e(x, y) 270, (x,y) eRy xR.

Proof. Let A > 2 be fixed. Then for (x, y) such that a(x, y) < A using the fact that function % is bounded on any
compact we have | f (x, y)| < C. In the rest of the proof we consider the case «(x, y) > A.

According to Lemma 6 function # is at least C3 smooth except the line (x =0, y > 0). Then, for7: |¢| < %a(x, y),
by the Taylor formula,

‘h(x—i—y—i—t,y—i—t)—h(x,y)

1 1
- ((y +hy(x,y)+thy(x,y) + Ehxx(x’ WO +10)%+ hyy(x, y)(y + 1)t + Ehyy(x, y)t2>'

At h(x+y+6,y+06)

dxi 9y O+0t | i=rx,y, 0.

<
Z (9 \9\<(1/2)a(x y)

To ensure that the Taylor formula is applicable we need to check that the set {(x +y +¢,y +1): [f| < %a(x, y)} does
not intersect with the half-line {x = 0, y > 0}, where the derivatives of the function 4 (x, y) are discontinuous. First, if
y <Oand a(x,y) = |y|, then y 4+t < — 1|y for any ¢ with |¢| < §|y|. Therefore |y +¢| > $ A in this case. Second, if
y>0anda(x,y) =y, thenx+y+t>x+y/2> LA Third, ifa(x, y) = x/3, then [x + y +1| > |x| - 3|x|'/> > 1A
for all A > 2. This shows that the Taylor formula is valid.

Then,

[Eh(x+y+ X,y +X) = h(x,y)|

1
< E[h(x+y+X,y+X) —h(x,y); |X] > Ea(x,y)”

1
+ ‘E[h(x ty+ X y+X) —hx, ) [X] = Salx, y)} ‘
We can estimate the second term in the right-hand side using the Taylor formula above,

1
‘E[h(x +y+ X, y+X)—hx, y);|X] < Ea(x’ y)“

= E[(y + X)hye(x, y) + Xhy(x,y) + %hxx(x, NG +X)

1
ey (06, )0+ X)X + Sy (v, y)XZH
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1
+ ’E[(erX)hx(x,y)+th(x,y)+ Ehxx(x,y)(erX)2
1 5 1
+hey(x, )+ X)X + Ehyy(xa X7 X] > Ea(x,y)

+E[r(x, ¥, X0 1X] < %a(x, y)}
=Ei(x,y)+ Ex(x,y)+ E3(x, y).

First, we can simplify the first term E1(x, y) using the assumption EX =0, EX? = 1. Then,
1 1 5
Ei(x,y) = |yhy(x,y) + Ehyy(x9 y)+ Ehxx(x, )’)(y + 1) + hxy(xv |
Recalling that yhy + 3/, =0, we obtain

1
Ei(x,y) = ‘Ehxx(x, Y)(yz + 1) + hyy(x, y)|.

Applying Lemma 6, we finally get
Ei(x,y) <Cua(x, y)_5'5oz(x, y)2 + Cal(x, y)_3'5 <Cual(x, y)_3'5. (22)

Second, noting that | X| > |y|/2 on the event | X| > %a(x, y) and applying the Chebyshev inequality, we obtain

1
Ex(x,y) < CE[IXI(hx(x, V) A+ hy(x, ) + X2 (e (6, 9) + oy (x, ¥) + hyy (x,9)); 1 X] > e y)]

A (x, )+ [y (x, y)I Clhxx(x,y)l-l-lhxy(x,y)l+|hyy(x,y)|
a a(x, y)+o a(x,y)? .

Applying Lemma 6, we obtain
Ex(x,y) < Ca(x,y) 77, (23)

Third, applying Lemma 6 once again,

1
E3z(x,y)<C h 0,y +0)|E X1} 1X| < za(x,
3(x,y) < 9:‘9‘5{{1/@3;;&(%”\ wxx(XFY+0,y+0)| [|y+ 7 IX] = Sal y)}

i 1
C Hxy 0,y +6)|E XPIX];|1X]| < —alx,
- Qzlelfg/aga(x’y)! oy +y+60,y+0)] _|y+ FIX11X] < Satx y)]

i 1
max h +y+6,y+60)|E + X X2;X<— ,
9:|0|§(1/2)a(x,y)| ay(@+y+6,y+0)] _Iy X1 1X] < Satr y)]

[ 1
|hyyy(x +y+6,y+6)|E X1 1X] < 506()6, y)}

C max
0:101=<(1/2)ax(x,y)
< Cal(x, y)_g'sa(x, y)EX2 + Cal(x, y)_6'5a(x, y)EX2
+ Cal(x, y)_4'5(x(x, y)EX2 + Ca(x, y)_2'5a(x, y)l_‘sE|X|2+‘S

< Cal(x, y)_l's_‘s.
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We are left to estimate

1
‘E[h(x+y+X,y+X)—h(x,y); [X]| > Ea(x,y)”
0.5 1
SCE[W(Ix+y+XI,|y+XI) ;IXI>§a(x,y)]
1
+h(x,y)P<|X| > Ea(x,y))

0.5 1 0.5 1
<CE||X™ ;|X|>§a(x,y) 4+ Ca(x,y) P |X|>§a(x,y)

< CO{(_X', y)71.578E|X|2+5,

where we applied the Chebyshev inequality in the last step and Lemma 6 in the first step. This proves the statement
of the lemma. ]

2.2. Concentration bounds for Z,,

In this paragraph we are going to derive a concentration bound for the two-dimensional process Z, which will play a
crucial role in the proof of our main results.

We start with a simple arithmetical estimate which is required to apply a concentration result by Friedland and
Sodin [8].

Lemma 8. There exist absolute positive constants a, b such that

n
X, = min EZkX_;(mk +ny — mk)2 > (an — b)*

for all n = (n1, n2) satisfying |n;| < 1/10 and maxy<y [n1k +n2| > 1/2.
Proof. In view of the symmetry we may assume that 1 > 0. Then the condition max<, [n1k + n2| > 1/2 simplifies

to nin+n2 > 1/2.
For every j > 0 we define

kj:=min{k: mk+n2>j+1/2}.

First we note that k; > n means that nin + ny < 5/2. Therefore, n; < (5/2+ 1/10)/n = 26/10n. If k is such that
nik +n €[1/4,1/2], then ming,, cz(n1k +n — mp)? = (nik +n2)% > 1/16. Summing over these special values of k
only, we obtain the following lower bound:

1 /T1/2— —
5o L([V2=m] _[WA=m]\ L( L N, L5
16 n n 16 \ 41, 16\ 52

Assume now that ko <n. If k is such that ik +n> € [j +1/2, j + 3/4], then we have min,, cz(n1k +n— my)* =
(mk +n — j — 1)? > 1/16. The sum over these indices is the greater than ¢ (1/4n; — 1) = 64‘7(1 —4n) > ;Tm
Consequently,

3 .
X, > 2Tmmax{12 kj <n}.

Noting that max{;j: k; <n}=[nin +n — 1/2] > 2 implies that max{;j: k; <n} > nin, we obtain
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Thus, the proof is completed. (]
Lemma 9. There exists a constant C such that

supP(|SP —x| < 1,1, —y[ < 1) < € oa=i

X,y n2 ’
and

n>1.

SgpP(|S§2> —x[=l)=—5. nz

Proof. In order to prove the first statement we apply Theorem 1.2 from Friedland and Sodin [8] with a; = (k, 1):
" —-1)2
supP([SP —x| < 1,18, —y| <1) < C(exp{—caz} + (det[zak ®sz:|> >,
x,y k=1
where o is such that > 7 _; (n1k + n2 — my)? > o2 for all my € Z, n = (1, n2) with ;| < 1/10 and maxg<, |[n1k +

ml>1/2.
According to Lemma 8, we may take a2 = (an — b)*. Furthermore, one can easily check that

n 4
det[];ﬁk ®5k:| ~ ’11—2 as n — 0o.

Thus, the first bound is proved.
The second inequality follows from Theorem 1.1 of [8]. |

2.3. Construction of harmonic function

Let
Yo =h(z2),

Yort =h(Zuy)) = Y f(Zi), n=0. (24)
k=0

Lemma 10. The sequence Y, defined in (24) is a martingale.

Proof. Clearly,

E. (Y1 — Yol Tl = E[(W(Zns1) — h(Zy) — f(Z0))I1Fn]
=—f(Z0) + E;[(h(Zn41) — h(Z))|Z,]
= _f(Zn) + f(Zn) = 0’

where we used the definition of the function f in (9). O

Let
Kne={(x,y): y>0,x> n3/2_38}.

The next lemma gives us a possibility to control E.[h(Zy); T > k] for z sufficiently far from the boundary.
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Lemma 11. For any sufficiently small ¢ > 0 there exists y > 0 such that for k < n the following inequalities hold

E.[h(Zp);T>k] < (1+£>h(z), z€Kye, (25)
nv

E.[h(Zy)iT > k] = (1 - £)h(z), z€Kne. (26)
nY

Proof. First, using (24) we obtain,

k—1
E.[h(Z):1 > k] =E(YisT >kl + Y E[f(Z): 7>k
=0
k—1
=E.[V]—E:[Vi: T <kl+ Y E[f(Z):7>k]. 27)
=0

Since Y is a martingale and T A k is a bounded stopping time,

E [Yi] =E [Yi sl =E:[Yo] = h(2). (28)
From the first equality in this chain and E,[Y; Ar] = E;[Y7; T < k] + E.[Yi; T > k] we infer that

E [Yi; T <kl=E.[Yz; 7 <kl (29)
Applying (28) and (29) to the corresponding terms in (27) and using the definition of Y once again, we arrive at

E.[1(Z); T > k] = h(z) — E.[h(Z,), T <k]

-1 k-1
+E; [Z [zt = k} + Y E[f(Z):T > k]

[=0 =0
7—1 k—1
=h(z) + E; [Z f(Znit sk] +Y E[f(Z)it > k], (30)
[=0 =0
since h(Z;) =0.
For k < n we have
7—1 k—1 n—1
E, [Z f(Zit < k} +Y E[f(Z)iT = k] <Y E[|£(2)]]. 31)
=0 = =0

We split the sum in (31) into three parts,

n—1

n—1
S E[|f@)]] = f+E: Y [| (2
=0

=1

; max(|Sl(2)

Sy < 1]

n—1

+E D [1£@)]: [SP]'7 > 1511, max(|S ], 151]) > 1]
=1
n—1 1

+E Y (7@ |SP)" < 1811 max (|5, 111) > 1]

=1
= f(@Q+ 21+ 2+ X5.
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First, using the fact that | f (x, y)| < C for |x|, |y| <1 and Lemma 9, we obtain

o o
si=CY P(sPlsi<1)<c) it <c.
=1 =1

Second, by Lemma 7,

n—1
2 <CY E |57
=1

n—1 oo

<CY S E[IsP) T <|sP <+ 1]
I=1 j=1

n—1 13/2
<[P ) 3 <15 <))

=1 j=1

Now we use the second concentration inequality from Lemma 9 to get an estimate
P(j<|s?|<i+1)=ci
Then,

n—1 132 n—1
> < Cz<l3/4s/2 41732 Zj1/28/3> < CZF3/475/2 < Ccnl/4=8/2.
=1 j=1 =1

Similarly,
n—1 3
_ _ 2
23 < CYE[IS17270s1 = L isi = |57
=1
n—1 oo

I=1 j=1

n—1 12
< CZ(FW“—‘”ZPZOSA =124y TR IS < i+ 1 ST < G+ 1)3)).

=1 j=1

Using Lemma 9 once again, we get an estimate

G+D?
P =G+ =C D P(i=ISI=ji+ 1

i=1

P(j=ISI<j+1 S ei+1)

<Cl72j3.
Then,
n—1 1172
o< C2(1—3/4—5/2 I Zj—3/2—al—2j3)
=1 j=1

n—1
< CZ(I—215/4—8/2 + l—3/4—8/2) < Cn1/4_8/2.
=1
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Therefore,

n—1

Y E[|FZD]] < f) +Cn' A

=0

and, consequently,
|E[(Zy); T > n] —h(2)| < f()+Cn'*92 zeRy xR (32)
Now we use the assumption that z € K, .. Combining Lemma 6 and Lemma 7, we get

—3/2-8 h(z)
| f(2)] < Cmax(1,a(z)) < CW.

Applying now the lower bound from Lemma 6, we see that

h(z) = C(Oé(z))l/2 >cn'E0 e Ky

From these estimates we infer that

- h(z) n1/4-5/2
1/4-58/2 G nt "
f@+Cn =Cimmars t ChQ@) =
< Ch(x)n™7, (33)
where y is positive for sufficiently small €. Combining (32) and (33), we complete the proof. (]

We now prove a result which shows that Z,, confined to R x R cannot stay near the boundary. As we mentioned
in the Introduction this is one of the crucial steps in our construction.

Lemma 12. There exist a positive constant r such that for

1—e¢

sup Pz(v,, >n "¢ 1> nl_g) < exp{—rng},

zeRy xR
where
vy :=minf{k >0: Z; € K, ¢}.
Proof. Fix some integer A > 0 and put b, := A[n'72¢]. Define also R, := [nl_g/bn]. It is clear that

Pz(vn >nl7¢ > nl_g) < PZ(Sﬁ)n € [0,n3/2_38] forall j < R,,).

It follows from the definition of S,(,z) that

@

_ @ ) o)
GOy = Sjp, T bnSjn, +S,,

where S’,(f) is an independent copy of 5,22) with starting point (0, 0). From this representation and the Markov property
we conclude that

P (5% € [0.n¥27*] forall j < Ry)
= PZ(SJ% o, n3/2—38] forall j <R, —1)Qp, (n3/2—3£) -...

< (an (n3/2—3£))Rn’
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where

Ok (A) :=sup P, (S,Ez) € [x,x +1]).
xeR

Using the second inequality in Lemma 9, we get

3/2-3
O (n3/2—38) < Cn ¢ _ c _
n A3/2(n1—2£)3/2 A3/2

Choosing A so large that # < %, we obtain

1 Rn
Pz(vn >n'"f > nl_g) < <§> .

Thus, the proof is finished. |

Lemma 13. There exist a constant C such that for k > n'~¢,

E[1(Zy), va =k, T > n' ] < Cn'4 (1 + a(2)"? exp{—rn /2}.
Proof. Using the Cauchy—Schwarz inequality, we obtain
EZ[h(Zn)a T> nl—S’ Ul’l Z k]
2 1—e\1/2 1—e\\1/2
< (E[r*(Zw),t>n""°]) " (P.(vp =k, T >1n'"7))
< (Ez[hz(Zn), T> nl_s])l/z(PZ(v,, >pl=¢ 7> nl_s))l/z.

Recalling that 1 (z) < C(a(z))"/ Zforall z € R4+ x R, one can easy obtain the inequality

_ 1/3
E [1h%(Z,). 1 > n'™*] < CE [e(Zy)] = C(a(z) + Eomax{((M, + y)n)' . M, })
<C(1+a()n'?
where M,, = maxp<;<, S;. Combining this with Lemma 12, we complete the proof. O

We are now in position to state the main result of the present section. Its proof uses a recursion procedure and
estimates from Lemmas 11 and 12.

Proposition 14. For any starting point z there exists a limit
V(z) = lim E, [h(Zn); T> n] (34)
n—od
Moreover, this limit is harmonic and strictly positive on K | .
Proof. Fix a large integer no > 0 and put, form > 1,
1—g)—™
=[]

where [r] denotes the integer part of r. Let n be any integer. There exists unique m such that n € (n,,, n,,+1]. We first
split the expectation into 2 parts,

E [(Zy); T >n] = E1(2) + E2(2)
= Ez[h(Zn); T>n,v, < nm] —l—Ez[h(Zn); T>n,v, > nm]
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By Lemma 13, since n,,, > n!=¢. the second term on the right hand side is bounded by
. 172 1/4 e
E2(2) <E[h(Zn); T > i, vy > 1) < C(1+(2)) "y exp{—rny, /2}.

For the first term we have

Nm

Ei(z) = Z/ {vw=i,t>i,8? eda,S; € db)Ep[h(Zy-i); T >n—i]
Then, by (25),

nm
EI(Z)§< )Zf P (v, =i, v >i, S eda,S; € db}h(a,b).

Now noting that K, . C K.+, we apply (26) to obtain

1+C/nY
El(z)_( + /n)Z/ v,,_zr>zS.(2)eda,S,'edb}
(1—C/nh)
X E(a,b) [h(an—i); T>Nm — i]
(1+C/n))
= UT/HZ)EZ[}Z(ZM); T > Ny, Uy < .-
As a result we have
1+C/n),
E [h(Z,);T>n] < %Ez[h(znm); T>ny]+C(1 +ot(z)) 2L/ exp{—rn,/2}. (35)
—C/nl

Iterating this procedure m times, we obtain

m y(1—e)/
(1+C/n )
Ez[h(zn)§f> H%
j=0 (1= C/nj =)
1/2 “ 1/4
X (Ez[h(ZnO); t>ng]+C(1+a(2) / an/ Jexp{ rnf j/z}). (36)
j=0
First of all we immediately obtain that
supE[1(Z,); T >n] < C(2) < 0. 37)
n

An identical procedure gives a lower bound

m _ y(l—a)j
E[h(Zn)i 7> n]> B = [[ =L )

—E [”(Zn ); T > N0, Vg < ”O]
) 1—¢)J 4 0 0
j=0 (1 C/”m( ) )

moo y(1—8)
1_[ %(Ez[fi(zno); T > ng, v, <no| —E[h(Zuy); T > no, va, > no)
_o (1+C/np ™)
—C/np ! s)]) 1/2 1/4
C i 5)/)(Ez[h(zno); r>no] = C(1+ () ny/  exp{—rn§/2}). (38
1+ nm

[\
=]
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For every positive § we can choose ng = ng(8) such that

m(1
Il

j=0 (L+C/nf=)

c/nra-
/M) | <5 and Z 4 exp{—rnt,_;/2) <.

m J —

Then, for this value of ng and all z € Ry x R,

sup E,[1(Z,); T > n] < (1 4+ 8) (B [h(Zny); T > no] + C(1 +a(2))/?5)

n>ng

and

inf E.[h(Z,); 7> n] = (1 = 8)(E.[h(Zyy); T > no] — C(1 +(2))"?5).

n>ngo

Consequently,

sup E; [h(Z) r>n]— 1nfE [h(Z) 1:>n]

n>ng
<SE[h(Zyy); T > no] +2C (1 + a(2))'/%s.

Taking into account (37) and that § can be made arbitrarily small we arrive at the conclusion that the limit in (34)

eXI”SFt; -prove harmonicity of Vj note that by the Markov property

E[h(Zy11); T >n+1] :/R RP(Z + Z €dZ)E; [h(Zn); T > n].
+ X

Letting n to infinity we obtain
V(@) =E[V(Z);T>1].

The existence of the limit in the right hand side is justified by the dominated convergence theorem and the above
estimates for SUPy,~ g, E.[h(Z,); T > n].

Function V has the following monotonicity property: if x’ > x and y’ > y then V (x’, y') > V (x, y). Indeed, first
the function £ satisfies this property since iy > 0,1, > 0, see Lemma 5. Second it clear that the exit time />,
where 7’ is the exit of time the integrated random walk started from (x’, y') and 7 is the exit of time the integrated
random walk started from (x, y). Third,

Si=Y+Xi+Xo+ -+ X2y + X1+ X2+ + Xy =S,
SO =x+8+8%+-+8, =52,

Therefore, for any n,
Eq v [h(Z,z); T > n] >E(,y) [h(Z,,); T > n]

Letting n go to infinity, we obtain V(x’, y') > V(x, y).
It remains to show that V is strictly positive on K. As we have already shown, for every § > 0 there exists ng
such that

inf E.[1(Zy); T >n] = (1=8)(h(z) — C(1+a(2)) /%)
n=ng

for all z. Furthermore, for every fixed n we have E(y y)[7(Z,); T > n] ~ h(x, y) as x, y — oo. Thus there exist xq, Yo
such that E(y, y)[2(Zs,); T > nol > (1 — 8)h(xo, yo). Taking into account (18), we conclude that V (z) is positive for
all z with x > x,,, ¥ > yn,. From every starting point z € R our process Vvisits the set x > x,,, ¥ > yp, before ©
with positive probability. Recalling that V (z) = E, [V (Z1), T > k] for all k > 1, we conclude that V (z) > 0. The same
argument shows that V is strictly positive on K . (|
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3. Proof of Theorem 1
3.1. On integrated Brownian motion

We first mention some properties of the integrated Brownian motion which we shall use in the proof of our main
theorem.

Lemma 15. There exists a finite constant C such that

h )
Py (1" > 1) < c%, X, y>0. (39)
Moreover,
h )
Py (tbm > t) ~ %—(t)]c/4y) ast— oo, (40)

uniformly in x, y > 0 satisfying max(x'/°, y1/2) < 6,11/ with some 6, — 0.

Proof. To prove this lemma we are going to use the scaling property of the Brownian motion, which immediately
gives

Py (7" > 1) =Pgs, 5, (2 > 12%), 1 >0. (41)
We start with (40). Consider first the case x!/3 > y. Putting A = x~1/3 in (41) we obtain

Pl (27" > 1) = Py yeo1s) (27 > 1x72F).

In view of our assumption tx23 > 9t_1/ 4 oo. We use the continuity of i(1,u) in u € [0, 1] and immediately
obtain that the asymptotics

h(1, yx~1/3)

bm —2/3\
P(l,yx’l/3)(‘r > tx ) %7(”_2/3)1/4

hold uniformly in yx~!/3 € [0, 1]. Then,

Ay b y)
(tx_2/3)1/4 - t1/4

Py (27" > 1) ~

1

If x!/3 < y then, choosing A = y~! in (41), we obtain

P(x,y) (tbm > t) = P(Xy’3,l)(fbm = ty,z).

The rest of the proof goes exactly the same way.

To prove (39) first notice that the above proof showed that for sufficiently small & > 0 and t!/2 > ¢~ max(x'/3, y)
the bound (39) holds. Hence, it is sufficient to consider /2 < ¢~ max(x1/3, y). Using the lower bound in (18), we
see that

1/3

h(x,y) - cmax(x1/6, yl/z)

2
=ce“>0
174 = (e Tmax(x1/3, y))1/2 ¢

1/3

for t1/2 < g1 max(x'/?, y). Therefore,

1 h(x,y)
b
P(x,y)(f n >t) < 1 < Cg_z—tl/4 .

This proves (39). U
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Lemma 16. Let p,(x, y; u,v) denote the transition density of (f(; Bsds, By) killed at leaving Ry x R. Then, for
x,y—0,

Pi(x,y;u,v)

oY) — xh(u, v).

The proof of this lemma for x = 0 is given in [9], see the proof of Theorem 4.1. For a general starting point (x, y)
one can obtain the statement from the equalities

Pi(x, yiu,v) =pi(x, y;u,v) — /0’ /Ooopt_S(O, —w; u, V)P y) (t7™ € ds, Byom € —dw),
Pi(x,yiu,v) =p,(u, —v, y; x, =),
see relations (3) and (4) in Lachal [10].
3.2. Coupling
In this paragraph we derive some asymptotical results for integrated random walks from the corresponding statements
for the integrated Brownian motion. For that we use the following classical result (see, for example, [11]) on the

quality of the normal approximation.

Lemma 17. IfE|X|**® < oo for some § € (0, 1), then for every n > 1 one can define a Brownian motion B; on the
same probability space such that, for any y satisfying 0 <y < ﬁ,

P(sup ISt — Bul = nl/z_y) = o(n2Hy5-d/2), (42)

u<n
As a first consequence of this coupling we derive asymptotics for P, (t > n) with sufficiently large z.

Lemma 18. For all sufficiently small ¢ > 0,

P.(t >n)=sxh(Hn "*(14+0(1)) asn— oo (43)
uniformly in z € K, ¢ such that max{xl/ 3, v} < 6,4/n for some 6, — 0. Moreover, there exists a constant C such that
h
Pz(r>n)ic%, (44)
n

uniformly inz € K, ¢,n > 1.
Proof. For every z = (x, y) € K,  denote
= (x + 32y, y).
Define

Ay = {SUP|S[u] — B, Snl/Z—y]’

u<n
where B is the Brownian motion constructed in Lemma 17. Then, using (42), we obtain
P.(t>n)=P.(t>nA,)+o(n")
<P (rbm >n,Ay)+o(n™")
=P+ (rb’” >n)+o(n”"), (45)
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where r =r(8,y) =8/2 — 2y — y4. In the same way one can get
P, - (rbm > n) <P, (t>n)+ o(n_’). (46)

Note that if we take y > 3¢, then z*+ € K, ¢ for any ¢’ > ¢ and all sufficiently large n. Therefore, we may apply
Lemma 15:

P (rbm >n)~ %h(zi)n_1/4.
It follows from the Taylor formula and Lemma 6 that

|h(zi) — h(z)| <cn?l? (a(x +n3/77, y))75/2 < Ccnl/A+3e/6-y 47
Furthermore, in view of (18),

h(z) >cn'/42 7€ K,.. (48)
From this bound and (47) we infer that

W) =h@ (1 +o(), z€ Ky (49)
Therefore, we have

P+ (rbm > n) = %h(z)n_l/4(1 + 0(1)).
From this relation and bounds (45) and (46) we obtain

P.(t > n) = sh(Dn *(1 + o(1)) +o(n™").

Using (48), we see thatn™" = o(h(z)n~ %) forall ¢ satisfying r = §/2 — 2y — 2y > ¢/6. This proves (43). To prove
(44) it is sufficient to substitute (39) into (45). ([l

Lemma 19. For all sufficiently small ¢ > 0 and all rectangles D = [a, b] X [c, d] with positive a,

sP s ] _
n n . —1/4
PZ((W%) eD,t >n> = »xh(2)n /Dh(u,v)dudv(1+0(l)) asn — oo (50)

uniformly in z € K, ¢ such that max{x'/3, y} < 6,/n for some 6, — 0.
Proof. Define two sets,

DT = [a —-nY,b +n_y] x [c,d],

D™ = [a +n7Y,b— n_y] x [c, d].

Clearly D~ C D C D™. Then, arguing as in the proof of the previous lemma, we get

s? s, 528, -
P, Wﬁ eD,t>n)| <P, Wﬁ eD,t>n,A, +0(n )

Jo Bsds B, b _
SPZ+((W,W GD,Tm>I’l,An +0(n r)

" Byds B
< PZ+<<f0n3;2 s’ 7%) eD, "> n) +o(n™"). (51
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Similarly,

(2) n
Sn Sn ./0 Bsds B, bm —r
PZ<<m,%>€D,T>n>ZPZ<<W,% eD,t >n +0(”l )

Using the scaling property of the Brownian motion and applying Lemma 16, we obtain

Jo Bsds B, bm xE oy -
PZi((W7ﬁ eD, """ >n |~ xh 320 12 /Dih(u,v)dudv.

It is sufficient to note now that

+
X y X y — _
h<—n3/2’—n1/2) h<—n3/2’_n1/2> and /Dih(u,v)dudve/;)h(u,v)dudv

as n — 00. Thus, from bounds (51), (52) and relations (48), (49) we obtain the desired conclusion.

3.3. Asymptotic behaviour of t: Proof of (7)
Applying Lemma 12, we obtain
P.(t>n)=P(t>n,v, < nlfs) +P.(t>n,v, > nlfg)
= PZ(‘L' >n,v, < nlf‘?) —1—0(67"’6).

Using the strong Markov property, we get for the first term the following estimates
/ PZ(Zvn €dz, T > vy, vy <n1_8)Pg(r > n)
K’l.S

< PZ(‘L' >n,v, < nl_g)

5/ Pz(Zu,, edz,t > v, v, <n1_€)P§(t>n—n1_8).
K”,S

Applying now Lemma 18, we obtain
P.(t>n;v, < nl_s)
»+o(1)

= WEZ[h(ZUn); T3> vy, My, <0,/n, v, < nl_s]

1
+O(1—Ez[h(ZU )T > vy, My > 0,4/1, vy < n1_£]>
n /4 n n

»+o(l) _
= WEZ[h(ZUH); T>v,, v, <n' ‘]

1
—i—O(mEz[h(Zvn); Ty > Uy, My, > 0p3/n, vy < nls]),

where My :=max ;< [S;].

We now show that the first expectation converges to V (z) and that the second expectation is negligibly small.

Lemma 20. Under the assumptions of Theorem 1,

lim Ez[h(Zvn); T> 0V, U, < nl_s] =V (2).

n—o00

(52)

(53)

(54)

(55)
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Proof. Put T =1t An'~¢. Since T is a bounded stopping time and Y} is a martingale,
E[Yr]=E:[Yyar]=E:[Y),,va <T1+E:[Y7,v, = T]
and, consequently,

E [Yy,,vn <T]=E[Y7,v, <T].

Using the definition of Y, we infer from the last equality that

T—1
E.[h(Z,,),va < T]=E:[h(Z7),v, <T] —EZ|:Z F(Ze), v < Tj|.

k=v,

Conditioning on Z,,, and applying (33), we obtain

T-1 T—v,
EZ[Z F(Zi).vn < T] < EZ[I{T > v }Ez,, { > If(zk)ﬂ

k=v, k=0

= mEZ[h(ZVn)’ Vp < ‘L'].

From this inequality and Lemma 13 we conclude
E [h(Z)),vn <T]=(1+0M)E[h(Z7), v, <T]| asn— oo. (56)

Since h(Z;) =0, we have h(Z7) = h(Z,1-:)1{T > n'=¢). Noting that Lemma 13 remains valid with £(Z,i-.) instead
of h(Z,), we get

E.[h(Z7), vy <T]| =E:[h(Z-e), vy <n' 7 7 > n' ]
=E, [h(an—s), 7> nl_g] + O(nl/4e_m£/2).
And in view of Proposition 14,
nl_i)rgoEZ[h(ZT), v <T]=V(@).
Combining this relation with (56), we get the desired result. U

Lemma 21. As n — oo,
Ez[h(Zvn), >, v, <nl"E, M,, > 9,1\/5] — 0.

Proof. On the event v, <n!—¢,

h(Zy,) < Ca(z) + C(max{(n' ¢ (v + M,1-0))' >, M. }) '

and, consequently,

E.[h(Z1,), T > Vo, vp <15, My, > 6,5/n] < Ca()P(My1—c > 0,/n) + CE[M'2, My > 6,4/n].  (57)

nl—s ’
Here we used the fact that if 8, — O sufficiently slow, then
max{(nl_sMnlfs)l/S, My} =M,

on the set {M,1-- > 0,/n}.
Using now the Kolmogorov inequality, one can easily conclude that both summands on the right hand side of (57)
vanish as n — o0. (]
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3.4. Proof of weak convergence (8)
It suffices to show that, for any rectangle D C R} x R,

P.((SP /32,8, /02y e D, > n)
P.(r > n)

—>/ h(u, v)dudv. (58)
D

Take 6, which goes to zero slower than any power function. First note that, in view of Lemma 12,

P S S eD
—, ——= ,T>n
N\ 320 412

2
=P, SL,i eD,t>nv,<n"¢ +O(e_r”8).
232 12 =

Repeating the arguments from the derivation of (55) and applying Lemma 21, we get

(2
S, S, _
PZ<<—n;'/2, n—1’;2> eD,T>n,v, <n' 8)

2)
S, S,
=PZ<( n u ) eD,t>nv, <n'"" M, §9nﬁ) +o(P.(t > n)).

n3/2° 12
Next,
2)
S S _
PZ((#, ﬁ) eD,T>n,v, <n'"¢, M,, < Onnl/z)
nl—s
=> P.(t >k, Z € (dx,dy), v, =k)
k=1 Kn.sﬂ{l)’|§0n"1/2}

(@)
S —k Sn—k
X P(x,y) (T >n —k, (};;T, m) € D)
Using the coupling and arguing as in Lemma 19, one can show that
S Su
_ n—k Pn— ~ -1/4 | 7
Py (t >n—k, <n3/2 -y ) € D) »xh(x, y)n /Dh(u, v)du dv

uniformly in k < nl=¢andze K, . As aresult we obtain

sP s,
PZ(( " u ) eD,r>n,vn§n1_8,Mvn §9nﬁ>

POTRmY)
~ %n1/4(/ h(u, v)du dv)EZ[h(Zvn); T > Uy, My, <Oya/n, vy < nlfs].
D

Using now Lemma 20 and Lemma 21, we get

S(Z) S,
PZ(( u ) eD,t>nv, <n'"¢, M, §9nﬁ>

~ %n_1/4/ hu, v)dudvV ().
D

This completes the proof of (58).
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3.5. Proof of Proposition 4

The proof follows closely the proof of Lemma 11. Recalling (30), we get

-1 n—1
E.[h(Z,);t>n]=h(z) +E, [Z f(Z);t< n] + Y E[f(Z)it>n]

=0 =0

Thus, it is sufficient to prove that

T—1
E, |:Z|f(Z(l))|:| < 00. (59)
=1

Indeed, the dominated convergence theorem then implies that

E, [gf(zm); T, < n —E, [i f(za))]

1=0

and

SEz[f(Z(l)); T > n EEZ[Ti}f(Z(l)) T > n:| -0

=0 =0
since t is finite a.s. Then, as n — o0,

T—1

E[h(Zy):t>n] > h(@) +E. Y f(Z) =V (),
=0

which proves the desired representation.
To prove (59) we use the fact that we have already proved that

P.(t >n)~ V(n V4
We split (59) into three parts,

—1 9]

E D |f(Z)] = f@+ ) E[| (2

=0 =1

;r>l]

= f@+ Y _E[|f@]:|SP]. 181 < 1.7 > 1]

=1

+Y B[] F(2);

=1

+iEz[|f(zz)|;

=1
= f(2)+ X1+ X + 5.

’

Sl(2)|1/3 > |8, T >l]

PP <181t > 1]

Repeating the arguments from the proof of Lemma 11, one obtains easily

X1+ 23 < C(Z).
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Further, by Lemma 7,

o0
2= CZEZ[|SI(2)|_1/2_6/3, T > l]
=1
o0
= Czpz(T >1/2) supEg[|S[(/2% _1/2—5/3]
I=1 :

o0 o0
<C@ Y 1Y supE: (|7 < s <+ 1]
=1 j=1 %

. 2
<C@Y IV P sup (< S| < +1)
I=1 j=1 z

+ 13/2(—1/2—8/3) sup P§(|Sl(/2%| -~ l3/2)
z

Now we use the second concentration inequality from Lemma 9 to get an estimate

sup Ps(j <|S| < j+1)<cI™2
b4

Then,
o] 13/2
2 = C(Z)Zl_l/4 1_3/22j—1/2—5/3 43482
=1 j=1

<C@Y """ =cw@.
=1

This proves that the sum (59) is finite.
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